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Preface

This volume contains papers presented at the 19th Annual Conference on Learn-
ing Theory (previously known as the Conference on Computational Learning
Theory) held at the Carnegie Mellon University in Pittsburgh, USA, June 22–25,
2006.

The technical program contained 43 papers selected from 102 submissions, 2
open problems selected from among 4 contributed, and 3 invited lectures. The
invited lectures were given by Luc Devroye on “Random Multivariate Search
Trees,” by György Turán on “Learning and Logic,” and by Vladimir Vovk on
“Predictions as Statements and Decisions.” The abstracts of these papers are
included in this volume.

The Mark Fulk Award is presented annually for the best paper co-authored
by a student. This year the Mark Fulk award was supplemented with three
further awards funded by the Machine Learning Journal. We were therefore able
to select four student papers for prizes. The students selected were Guillaume
Lecué for the single-author paper “Optimal Oracle Inequality for Aggregation
of Classifiers Under Low Noise Condition,” Homin K. Lee and Andrew Wan for
the paper “DNF are Teachable in the Average Case” (co-authored by Rocco
A. Servedio), Alexander A. Sherstov for the paper “Improved Lower Bounds for
Learning the Intersections of Halfspaces” (co-authored by Adam R. Klivans), and
Dávid Pál for the paper “A Sober Look at Clustering Stability” (co-authored by
Ulrike von Luxburg and Shai Ben-David).

The trend of the previous two years of receiving more than 100 submissions
continued. The selected papers cover a wide range of topics (including clustering,
un- and semisupervised learning, statistical learning theory, regularized learning
and kernel methods, query learning and teaching, inductive inference, learning
algorithms and limitations on learning, online aggregation, online prediction and
reinforcement learning). Online Prediction with 11 selected papers is particularly
well represented. The large number of quality submissions placed a heavy burden
on the Program Committee of the conference: Peter Auer (University of Leoben),
Peter Bartlett (UC Berkeley), Léon Bottou (NEC Laboratories America), Nicolò
Cesa-Bianchi (Università degli Studi di Milano), Koby Crammer (University
of Pennsylvania), Yoav Freund (UC, San Diego), Claudio Gentile (Universitá
dell’Insubria, Varese), Lisa Hellerstein (Polytechnic University, Brooklyn, NY),
Ralf Herbrich (Microsoft Research Cambridge), Sham M. Kakade (Toyota Tech-
nology Institute), Ravi Kannan (Yale University), Jyrki Kivinen (University
of Helsinki), Shie Mannor (McGill University), Shahar Mendelson (The Aus-
tralian National University and Technion, I.I.T.), Massimiliano Pontil (Univer-
sity College London), Dan Roth (University of Illinois at Urbana-Champaign),
Alex Smola (National ICT Australia), Ingo Steinwart (Los Alamos National
Laboratory), Christino Tamon (Clarkson University), Santosh Vempala (MIT),
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Ulrike von Luxburg (Fraunhofer IPSI), Vladimir Vovk (Royal Holloway), Thomas
Zeugmann (Hokkaido University), and Tong Zhang (Yahoo). We are extremely
grateful for their careful and thorough reviewing and for the detailed discussions
that ensured the very high quality of the final program. We would like to have
mentioned the sub-reviewers who assisted the Program Committee, but unfor-
tunately space constraints do not permit us to include this long list of names
and we must simply ask them to accept our thanks anonymously.

We are particularly grateful to Avrim Blum, the conference Local Chair, and
his administrative assistant Nicole Stenger. They handled the conference pub-
licity and all the local arrangements to ensure a successful event. We would also
like to thank Microsoft for providing the software used in the Program Com-
mittee deliberations, Niko List for creating the conference website, and Sanjoy
Dasgupta for maintaining the learningtheory.org website. Jyrki Kivinen assisted
the organization of the conference in his role as head of the COLT Steering Com-
mittee. We would also like to thank the ICML organizers for ensuring a smooth
co-location of the two conferences including an “overlap day,” June 25.

Finally, we would like to thank Google, IBM, the Machine Learning Journal,
and National ICT Australia (Statistical Machine Learning Program) for their
sponsorship of the conference.

April 2006 Gábor Lugosi
Hans Ulrich Simon
Program Co-chairs

COLT 2006

Sponsored by:
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