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Preface

The European Conference on Machine Learning and Principles and Practice of
Knowledge Discovery in Databases (ECML PKDD) is the premier European machine
learning and data mining conference. In 2019, ECML PKDD was held in Würzburg,
Germany, during September 16–20.

During the first and last day of the conference, the workshop program allowed a
number of specialized and/or new topics to take the fore-front.

A record 46 workshop and tutorial topics were submitted to the 2019 conference.
The selection and merging process resulted in 25 workshops taking place over the two
days, of which 3 were combined with a tutorial.

The workshop program included the following workshops:

1. The 12th International Workshop on Machine Learning and Music (MML 2019)
2. Workshop on Multiple-aspect analysis of semantic trajectories (MASTER 2019)
3. The 4th Workshop on MIning DAta for financial applicationS (MIDAS 2019)
4. The Second International Workshop on Knowledge Discovery and User Modelling

for Smart Cities (UMCit 2019)
5. New Frontiers in Mining Complex Patterns (NFMCP 2019)
6. New Trends in Representation Learning with Knowledge Graphs
7. The Second International Workshop on Energy Efficient Scalable Data Mining and

Machine Learning (Green Data Mining)
8. Workshop on Deep Continuous-Discrete Machine Learning (DeCoDeML 2019)
9. Decentralised Machine Learning at the Edge (DMLE 2019)

10. Applications of Topological Data Analysis (ATDA 2019)
11. GEM: Graph Embedding and Mining
12. Interactive Adaptive Learning (AIL 2019)
13. IoT Stream for Data Driven Predictive Maintenance (IoT Steam 2019)
14. Machine Learning for Cybersecurity (MLCS 2019)
15. BioASQ: Large-scale biomedical semantic indexing and question answering
16. The 6th Workshop on Sports Analytics: Machine Learning and Data Mining for

Sports Analytics (MLSA 2019)
17. The 4th Workshop on Advanced Analytics and Learning on Temporal Data

(AALTD 2019)
18. MACLEAN: MAChine Learning for EArth ObservatioN
19. Automating Data Science
20. The 4th Workshop on Data Science for Social Good (DSSG 2019)
21. The Third Workshop on Advances in managing and mining Large Evolving

Graphs (LEG 2019)
22. Data and Machine Learning Advances with Multiple Views (DAMVL 2019)
23. Workshop on Data Integration and Applications (DINA 2019)
24. XKDD Tutorial and XKDD-AIMLAI Workshop
25. The First Workshop SocIaL Media And Harassment (SIMAH 2019)



Of these 25 workshops, 17 workshops decided to select and publish their best papers
with Springer. Two workshops were large enough to publish their own proceedings:
(i) MIDAS – the 4th Workshop on MIning DAta for financial applicationS and
(ii) AALTD – the 4th workshop on Advanced Analytics and Learning on Temporal
Data. The 15 other workshops received a total of 200 submitted papers, out of which 70
long and 46 short papers were selected for publication after the conference. These
papers are spread over two proceedings volumes.

This two-volume set contains the papers from the following workshops:

1. Automating Data Science
2. XKDD Tutorial and XKDD-AIMLAI Workshop
3. Decentralised Machine Learning at the Edge (DMLE 2019)
4. The Third Workshop on Advances in managing and mining Large Evolving

Graphs (LEG 2019)
5. Data and Machine Learning Advances with Multiple Views (DAMVL 2019)
6. New Trends in Representation Learning with Knowledge Graphs
7. The 4th Workshop on Data Science for Social Good (DSSG 2019)
8. The Second International Workshop on Knowledge Discovery and User Modelling

for Smart Cities (UMCit 2019)
9. Workshop on Data Integration and Applications (DINA 2019)

10. Machine Learning for Cybersecurity (MLCS 2019)
11. The 6th Workshop on Sports Analytics: Machine Learning and Data Mining for

Sports Analytics (MLSA 2019)
12. The First Workshop on SocIaL Media And Harassment (SIMAH 2019)
13. IoT Stream for Data Driven Predictive Maintenance (IoT Stream 2019)
14. The 12th International Workshop on Machine Learning and Music (MML 2019)
15. BioASQ: Large-scale biomedical semantic indexing and question answering

We would like to thank all participants and invited speakers, the workshop orga-
nizers and the reviewers, as well as the local organizers for making the workshop
program of ECML PKDD 2019 the success that it was. Sincere thanks also goes to
Springer for their help in publishing the proceedings.

January 2020 Peggy Cellier
Kurt Driessens
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