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Abstract. Electronic word of mouth (eWOM) significantly affects the con-
sumer decision-making process. A number of studies investigated why con-
sumers provide eWOM communications. Existing literature has contradicting
factors regarding factors affect eWOM providing behaviour. This study aims to
evaluate factors affecting eWOM providing behaviour by performing a sys-
tematic review and weight analysis of existing research outputs. Based on the
result of weight analysis it was found that the best predictors of eWOM pro-
viding behaviour are involvement, self-enhancement, and trust in web eWOM
services. Scholars can use the results of this study when making decisions
regarding the inclusion of factors in their research. Practitioners can pay more
attention to the best predictors.

Keywords: eWOM, weight analysis � Literature review � eWOM providing
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1 Introduction

Electronic word of mouth (eWOM) significantly affects the consumer decision-making
process [1, 2]. eWOM is defined as “the dynamic and on-going information exchange
process between potential, actual, or former consumers regarding a product, service,
brand, or company, which is available to a multitude of people and institutions via the
Internet” [3].

An increasing number of researchers and practitioners have started paying attention
to eWOM communications [4–6]. A number of studies investigated factors affecting
eWOM providing behaviour [7–10]. Existing studies in this area have reported
conflicting results on the effect of factors affecting eWOM providing behaviour. For
instance, Luarn et al. [11] found that altruism does not affect eWOM providing
behaviour, while Cui et al. [12] found that altruism has a significant positive effect on
eWOM providing behaviour. Another study by Shen et al. [13] by using surveys found
that economic incentives do not have any significant impact on eWOM providing
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behaviour, while Son et al. [14] found the opposite results-economic incentives posi-
tively affect individual’s behaviour to provide eWOM. The mixed findings on the
factors affecting eWOM providing behaviour can lead to confusion for scholars and
practitioners.

Thus, it is crucial to conduct a review of existing studies on eWOM providing
behaviour and perform weight analysis. Thus, the aim of this research is to examine
factors affecting eWOM providing behaviour by performing a systematic review and
weight analysis of existing research findings. Conducting weight analysis will help to
investigate the predictive power of the independent variables on the dependent vari-
ables, by taking into account the number of times a relationship has been previously
studied. The model developed through the weight analysis will help eWOM practi-
tioners and scholars to focus on more influential factors of eWOM providing
behaviour.

The remaining part of the paper is organised in the following way. Section 2
focuses on the method which was used for this study. Section 3 will present the
literature review. After, the findings from weight analysis are presented and discussed
in Sect. 4. Section 5 presents a conclusion followed by the limitations of this study and
directions for future research.

2 Literature Search Method

To perform weight analysis peer-reviewed journal articles on eWOM communications
were collected from bibliographic database Scopus, which is one of the world’s largest
abstract and citation databases of peer-reviewed literature. The searched keywords were
selected after consulting the experts and included “Online review”, “Online reviews”,
“Electronic word-of-mouth”, “Electronic word of mouth”, “eWOM”, “Internet word-
of-mouth”, “Internet word of mouth”, “iWOM”, “Online word-of-mouth”, “Online
word of mouth”, “Virtual word-of-mouth”. As a result, more than 500 articles were
identified published from 2000 untill 2018. Articles that did not focus on eWOM
providing behaviour and did not have empirical findings were excluded, leaving 54
research papers relevant for this research.

3 Literature Synthesis

An extensive number of studies investigated factors affecting eWOM providing
behaviour. The studies were conducted in different contexts (e.g. SNS, opinion plat-
forms, online review websites), countries (e.g. USA, China, Spain), using different
products and services as examples (e.g. laptop, restaurants, hotels) [9, 15–18]. Addi-
tionally, studies used various methods for data collection such as surveys or data
mining [19, 20]. Studies applied a number of theories to study factors affecting eWOM
providing behaviour such as social exchange theory, motivational theory and Uses and
Gratification theory to name a few [17]. Based on the literature review 21 factors which
affect eWOM providing behaviour were identified (see Table 1).
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Table 1. Factors affecting eWOM providing behaviour

Construct Definition Number
of
studies

Representative
studies

Influence of
others

Influence by the behaviours and practices
of other users

6 [7, 8]

Information
influence

Capacity to accept information from
another knowledgeable person to select a
product or brand

4 [9, 10]

Tie strength The depth of a relationship between
source and information seeker. Variables
included: tie strength, social interaction
tie, perceived social relationships

7 [21, 22]

Homophily The degree to which two or more
individuals who interact are similar in
certain attributes (e.g. beliefs, education,
social status)

3 [9, 15]

Economic
incentive

Getting economic benefits (e.g. money,
web coupons, free delivery). Variables
included: economic incentive,
remuneration, extrinsic reward, open
market reward

12 [13, 14]

Altruism The aim of increasing welfare of one or
more person(s) other than oneself

8 [11, 12]

Self-
enhancement

Presenting themselves positively, sharing
information to look good

12 [12, 23]

Satisfaction in
helping other
customers

Pleasant consumption fulfilment which
happens as a result of helping other
customers

4 [17, 18]

Opinion seeking Behaviour focused on looking for
eWOM communications

3 [24, 25]

Opinion
leadership

A domain-independent, trait-like set of
personality characteristics that are stable
over time and across respondent groups.
Opinion leaders shape public opinion by
selectively conveying mass media
messages to their social networks

3 [25, 26]

Community
identity

Sense of belonging to the virtual (online)
community. Variables included:
community identification, social
identification

3 [20, 27]

Reciprocity Benefit for individuals to engage in
social exchange; a person who offers
help to others is expecting returns in the
future

2 [19, 20]

(continued)
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To determine the strength of the relationships between constructs, weight analysis
was conducted by dividing the number of significant relationships by the total number
of analysed relationships between studied independent and dependent variables. For
example, the relationship between economic incentive and engaging in eWOM com-
munications was examined 13 times and was significant eight times. As a result, the
weight significance of a relationship between these two constructs is calculated by
dividing 8 by 13, which gives 0.615. If weight is equal to 1 it indicates that the
relationship between two constructs is significant across all studies, while a weight
equal to 0 shows this relationship is non-significant throughout all examined studies
(Jeyaraj et al. [39]; Rana et al. [40]). Table 2 presents the weight analysis of all 21
relationships included in this study.

Researchers [38–40] classify predictors as follows: a predictor is ‘well-utilised’ if
examined five or more times, otherwise it is considered as ‘experimental’; a predictor is
a ‘best predictor’ if its weight is greater or equal to 0.8 and it has been examined more
than five times but is a ‘promising predictor’ if it has been examined less than 5 times
and has a weight of 1.

Table 1. (continued)

Construct Definition Number
of
studies

Representative
studies

Information
usefulness

The degree to which the information
assists consumers in making their
purchase decisions

3 [28, 29]

Affective
commitment

Affective (emotional) commitment
derived from emotional attachment to,
identification with, and involvement in
an entity

2 [30, 31]

Normative
commitment

Motivated by the actor’s moral
obligation that s/he must fulfil

2 [30, 31]

Involvement The degree of psychological
identification and emotional ties the
receiver has with the product/service

8 [12, 32]

Customer
satisfaction

A condition that happens as a result of a
pleasant consumption fulfilment

8 [16, 33]

Loyalty Overall attachment with a favourable
attitude manifested by repeated
purchasing

3 [14, 16]

Perceived risk The uncertainty a consumer has in
making a purchase decision

3 [18, 34]

Brand loyalty Favourable attitude toward the brand 2 [35, 36]
Trust in web
eWOM services

The subjective belief that a party will
fulfil their obligations

4 [20, 37]
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The following predictors of intention to provide eWOM communications fall
within the category of best predictor: involvement (examined 8 times, significant 7
times), self-enhancement (examined 13 times, significant 12 times), and trust in web
eWOM services (examined 5 times, significant 5 times). All of these predictors were
explored five or more times and have a weight equal to or greater than 0.80.

Predictors such as information usefulness (examined 4 times, significant 4 times),
affective commitment (examined 3 times, significant 3 times), normative commitment
(examined 3 times, significant 3 times), loyalty (examined 3 times, significant 3 times),

Table 2. Results of weight analysis

Independent
variable

Number of
significant
relationships

Number of non-
significant
relationships

Total number
of
relationships

Weight

Satisfaction in
helping other
customers

4 0 4 1.000

Opinion seeking 3 0 3 1.000
Opinion leadership 4 0 4 1.000
Information
usefulness

4 0 4 1.000

Affective
commitment

3 0 3 1.000

Normative
commitment

3 0 3 1.000

Loyalty 3 0 3 1.000
Perceived risk 3 0 3 1.000
Trust in web
eWOM services

5 0 5 1.000

Self-enhancement 12 1 13 0.923
Involvement 7 1 8 0.875
Brand loyalty 2 1 3 0.667
Economic
incentive

8 5 13 0.615

Altruism 5 4 9 0.556
Customer
satisfaction

5 4 9 0.556

Influence of others 3 3 6 0.500
Tie strength 4 4 8 0.500
Community
identity

2 2 4 0.500

Homophily 1 2 3 0.333
Reciprocity 1 2 3 0.333
Information
influence

1 4 5 0.200

Note: Dependent variable is eWOM providing behavior
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perceived risk (examined 3 times, significant 3 times), opinion seeking (examined 3
times, significant 3 times), and opinion leadership (examined 4 times, significant 4
times) are considered as promising predictors of intention to engage in eWOM com-
munications. Although these relationships were found to be significant across all
examined studies, Jeyaraj et al. [39] suggest that these types of experimental variables
need more testing to be categorised as best predictors.

Even though none of the studied relationships between predictors and intention to
engage in eWOM was found to have a weight of ‘0’, some of the well-utilised inde-
pendent constructs are considered to be least effective predictors, such as influence of
others (examined 6 times, significant 3 times), tie strength (examined 8 times, signif-
icant 4 times), information influence (examined 5 times, significant once), economic
incentive (examined 13 times, significant 8 times), altruism (examined 9 times, sig-
nificant 5 times), and customer satisfaction (examined 9 times, significant 5 times). It is
proposed by Jeyaraj et al. [39] that justification for continuing to examine such pre-
dictors should be convincing. Nevertheless, it may be premature to exclude such
predictors given that eWOM providing behaviour research is still emerging as far as the
empirical aspects and solid theoretical foundations of this research are concerned. Out
of the total 21 examined relationships only nine were found to be studied five or more
times (influence of others, tie strength, information influence, economic incentive,
altruism, involvement, self-enhancement, customer satisfaction, and trust in web
eWOM services), which proposes that eWOM research is still not that well developed.
Moreover, some researchers propose that weight analysis may not be a sufficient reason
to exclude any variables from further analysis (Rana et al. [40]). None of the predictors
was found to be the worst predictors of intention to engage in eWOM communications.

4 Discussion

Taking into account the increasing number of studies on eWOM providing behaviour,
it is important to discuss and analyse their collective findings. Figure 1 presents the
diagrammatic representation of the factors affecting eWOM providing behaviour with
their corresponding weight based on the results of weight analysis. The findings sug-
gest the best predictors such as involvement, self-enhancement, and trust in web
eWOM services should be included in eWOM research. Promising predictors such as
should be included in future empirical research to evaluate their overall performance.
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5 Conclusion and Limitations

The aim of this research was to examine factors affecting eWOM providing behaviour
by conducting weight analysis of existing research findings. The weight analysis was
performed by identifying a number of significant and non-significant relationships
between studied variables.

Fig. 1. Factors affective eWOM providing behaviour Note: - - -> experimental predictors; !
well-utilised predictors.
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The current study provides some implications for researchers and practitioners.
This research provided a framework for future research identifying factors affecting
eWOM providing behaviour. Scholars can use the results of this study when making
decisions regarding the inclusion of factors in their research. Practitioners can pay more
attention to the best predictors- involvement, self-enhancement, and trust in web
eWOM services.

The current research has a number of limitations. First, this study only conducted
weight analysis without performing meta-analysis which could strengthen those find-
ings of weight analysis and evaluate the significance of the studies relationships [41]. It
is advised that future research performs meta-analysis on factors affecting eWOM
providing behaviour. Second, this study only used the Scopus database for the col-
lection of study. This can affect the number of research outputs available for weight
analysis, the coverage and representativity of the sample considered in the analysis.
Thus, future research should employ other available datasets (e.g. web of science,
Google Scholar, EBSCO).
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