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Università di Trento, Italy,
e-mail: battiti@disi.unitn.it

Paolo Campigotto
DISI – Dipartimento di Ingegneria e Scienza dell’Informazione,
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Project-Team TAO, INRIA Saclay – Île-de-France and LRI (UMR CNRS 8623),
Orsay, France and Microsoft Research – INRIA Joint Centre, Orsay, France,
e-mail: marc.schoenauer@inria.fr

Frédéric Lardeux
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