
Understanding Information Adoption in Online Review Communities: The 
Role of Herd Factors 

Xiao-Liang Shen 
Economics and Management 
School, Wuhan University 

 xlshen@whu.edu.cn

Kem Z.K. Zhang 
School of Management, 

University of Science and 
Technology of China 
 zzkkem@ustc.edu.cn

Sesia J. Zhao 
Management School, Anhui 

University 
 sesia.zhao@gmail.com

Abstract 
Online consumer reviews have shown as an 

important source of information that affects 
individuals’ purchase decision making. To understand 
the influence of massive online reviews in online 
communities, this study extends prior research on 
information adoption by incorporating the perspective 
of herd behavior. We develop and empirically test a 
research model using data collected in an existing 
book review site. Our results illustrate two major 
aspects of findings. First, informational factors, 
including argument quality and source credibility, 
predict the adoption of online reviews. Second, we find 
strong empirical support for the impacts of herd 
factors, that is, discounting own information and 
imitating others posit significant influences on the 
adoption of online reviews. Our findings suggest that 
herd behavior plays an important role in consumers’ 
information adoption in online review communities. 
Discussions on both theoretical and practical 
implications are provided.  
 

1. Introduction  

The fast growth of Internet technologies has 
provided online users with great opportunity to share 
information with others. Online communities, 
including discussion forums, blogs, social networking 
sites, and microblogs, appear to be the most active 
places where users’ information sharing behavior takes 

place. For some online communities, such as 
Tripadvisor.com, Goodreads.com, and Yelp.com, the 
focal information that people is interested in is online 
consumer reviews. These online reviews are also 
known as electronic word-of-mouth (eWOM). They 
contain consumers’ evaluations and opinions of a wide 

range of products or services. Online reviews are 
mostly contributed and shared by consumers with prior 
purchase experience. Hence, more other people in 

online review communities can adopt this type of 
information to reduce product and purchase 
uncertainty. Some industrial survey studies have been 
conducted to address the influence of online reviews. 
For instance, ChannelAdvisor [10] pointed out that 
90% of online shoppers read online reviews, whereas 
83% of them believed that these reviews affect their 
purchase decision.  

The business value of online reviews has been 
attracting growing interest from scholars [e.g., 
14,19,38,53]. An important stream of research sheds 
light on consumers’ information adoption of these 
online reviews [12]. Information adoption considers 
the information internalization process, in which 
individuals accept information from external sources to 
enhance their knowledge or improve their decision 
making [48]. The adoption of online reviews can be 
similarly defined as the extent to which consumers 
accept online reviews after purposely assessing review 
validity and use these reviews for further purchase 
decision [54]. Scholars postulate that information 
adoption may be viewed as a form of informational 
influence [48]. That is, individuals are influenced as 
they receive information from others and accept it as 
credible evidence of reality [21]. In this regard, 
previous studies posit that informational factors, 
including factors related to information itself and 
information sources, may have primary effects on 
individuals’ assessment on the information [51]. For 
instance, Zhang & Watts [54] contended that argument 
quality (factor related to information itself) and source 
credibility (factor related to information sources) are 
two major determinants of consumers’ information 

adoption in online communities.  
Although prior research has shown the importance 

of informational factors in affecting consumers’ 

adoption of online reviews, it does not rule out the 
possibility that there may be other important factors. 
Cheung et al. [13] pointed out that only considering the 
influence of informational factors may not be sufficient 
since online reviews are socially aggregated in online 
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communities. They added normative factors along with 
informational factors in their online review adoption 
model to highlight the influence of group opinions. 

In this study, we expect that factors associated with 
consumers’ herd behavior may also be an important 

concern in understanding consumers’ information 
adoption process in online review communities. Herd 
behavior is defined as the extent to which “people will 

be doing what others are doing rather than using their 
information” [6:797]. Herding depicts a large number 
of social situations in our daily life where our decision 
making is often influenced considerably by others’ 

decision [20]. For example, a bestseller in New York 
Times can keep selling well for some time even it has a 
few mediocre book reviews [9]. Herd behavior also 
often occurs in online review communities, where 
consumers can easily identify popular products based 
their numbers of reviews. Research shows that hit 
products are likely to attract many other consumers to 
purchase and post new reviews [22]. Moreover, the 
number of online reviews for these products tend to 
peak within a short time [19]. This positive feedback 
mechanism indicates that the current volume of online 
reviews affects many other consumers’ purchase 

behavior, which in turn affects them to contribute 
postconsumption reviews [28]. Given the prevalence of 
online review communities, it remains unclear how 
consumers herd to adopt online reviews of popular 
products and then make purchase decision. It will be 
worthwhile to consider both salient informational and 
herd factors for filling this gap and better 
understanding the influence of online reviews in online 
communities. In this study, we thereafter ask the 
following research question: What are the key 
informational and herd factors that affect consumers’ 
information adoption in online review communities?

We expect that the present study can contribute to 
the existing literature in several aspects. First, many 
previous studies have shed light on factors that drive 
consumers’ information sharing behavior in online 

communities [e.g., 16,30,36]. However, much remains 
unknown regarding how consumers are influenced by 
receiving information in online communities [11].
From this perspective, the present study adds to 
existing studies by examining the influence of online 
reviews in online communities. Second, we extends 
prior research on information adoption by considering 
the role of herd factors. Merely considering 
informational factors may be insufficient to account for 
the influence of online reviews in online communities 
[13]. Finally, research on herd behavior in the 
information systems (IS) literature is still limited. A 
few recent IS studies show that herd theory can bring 
important insights to users’ software download 

behavior [20] and technology adoption behavior [47].

In this regard, the present research study can also add 
to the existing IS literature by firstly examining herd 
behavior in online review communities. We expect that 
the findings of this research can further provide 
important implications to designers of these 
communities, who can leverage the influence of online 
reviews and affect consumers’ decision making.

The rest of this paper is organized as follows. First, 
we present the theoretical background of this research 
by reviewing prior studies on information adoption 
model and herd behavior. Then, we build our research 
model and develop hypotheses to articulate how herd 
factors play roles in consumers’ online review adoption 

process. Next, we empirically test the model using an 
online survey study, followed by analyzing the 
collected data with structural equation modelling 
approach. Finally, we discuss the findings of this 
research, point out limitation and future research 
opportunities, and summarize with implications for 
both researchers and practitioners.  

2. Theoretical background 

2.1. Information adoption model 

The information adoption model was originally 
proposed by Sussman and Siegal [48]. They applied 
the model to explain what factors are important in 
driving individuals to adopt information in an 
organizational context. The model is built upon 
theories of adoption and theories of informational 
influence. Adoption theories, including theory of 
reasoned action [2] and technology acceptance model 
[18], suggest that beliefs are important determinants of 
individuals’ intention to adopt certain behavior or 

information technologies. These beliefs may include 
perceived usefulness and perceived ease of use. In the 
context of information adoption, perceived usefulness 
of information is likely to be a salient belief that drives 
people to adopt the information.  

The theories of informational influence explicate 
the process through which individuals are influenced 
by the information they received [48]. Elaboration 
likelihood model (ELM) is one of the most prominent 
theories of informational influence [41]. ELM posits 
that information will be processed through two routes 
in terms of individuals’ cognitive elaboration level: the 
central and peripheral route. The central route indicates 
that individuals use high cognitive effort to elaborate 
information. By contrast, the peripheral route suggests 
that individuals adopt heuristic and simple decision 
rules to quickly form judgments. Prior research shows 
that argument quality and source credibility are the two 
major factors that manifest the central and peripheral 
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route respectively [48,54]. When individuals apply the 
central route to process information, they will develop 
perceptions regarding the content of the information. In 
this regards, argument quality refers to the extent to 
which individuals perceive the received information as 
complete, consistent, and accurate [3]. On the other 
hand, when individuals use the peripheral route to 
process information, they will develop perceptions 
toward the heuristic and non-content cues, such as the 
characteristics of information sources. In this case, 
source credibility is defined as individuals’ perceptions 

regarding the credibility of information sources, rather 
than the content of the information [41]. 

Drawing upon the two bodies of theories, the 
information adoption model posits that argument 
quality and source credibility are the two key 
determinants of information usefulness, which further 
leads to information adoption [48]. It suggests that 
individuals will be more likely to identify received 
information as useful if the information has high 
argument quality and is provided by credible sources. 
Further, useful information will increase individuals’ 

likelihood of adopting the information. The 
significance of the information adoption model has 
been validated in a number of previous studies. For 
instance, Cheung, Lee, & Rabjohn [11] applied the 
model to understand consumers’ adoption of online 

reviews in online communities. Jin et al., [33] shed 
light on factors that can affect members’ continuously 
information usage in online communities.  

2.2. Herd behavior 

Eric Hoffer stated that (1955), “when people are 

free to do as they please, they usually imitate each 
other.” Prior research has shown that herd behavior 

occurs in a wide range of circumstances, including 
imitating others’ behavior in financial markets 

[17,31,52], downloading popular software products 
[20], and herding to adopt wiki systems [47]. Prechter 
explicitly pointed out that “everyone herds somewhat, 

and most people herd a lot” [42:174]. 
Based on its definition [6], herd behavior can be 

described with two attributes, namely imitating others 
and discounting own information [47]. Imitating others 
denotes that individuals follow others’ decision or 

behavior when herding. Discounting own information 
refers to the extent to which individuals disregard their 
own information or beliefs when making the decision. 
Research shows that herding is likely to occur if people 
have incomplete information or face with uncertain 
circumstances [24,50]. To imitate others’ behavior, an 

individual will need to observe their actions. In this 
case, the number and identify of preceding others may 
be important issues. If many others are making the 

same choice, especially when they are opinion leaders 
or believed to have made the right decision, then the 
individual tend to follow this choice [5,43]. 

To account for the inherent mechanism of herding, 
scholars propose several perspectives, including 
informational cascades, conformity preference, 
positive payoff externalities, and sanctions on deviants 
[8,20]. For instance, information cascade provides an 
information-based perspective to understand herd 
behavior [7]. It indicates that “when it is optimal for an 

individual, having observed the actions of those ahead 
of him, to follow the behavior of the preceding 
individual without regard to his own information” 

[8:994]. The information cascade theory postulates that 
an individual can make decision according to two 
sources of information: one from himself/herself and 
the other from other decision makers [47]. An 
information cascade occurs when the individual find 
the influence of others’ information is stronger than the 

influence of his/her information. In this regard, the 
influence of preceding others’ behavior may be 

remarkably strong, and the individual may completely 
rely on the herd’s information rather than his/her own 

information. Information cascades are likely to be 
prominent in online environments, where 1) 
individuals’ own information is often limited and 

inaccurate, 2) many alternative products can be chosen 
for consumption, and 3) it is easy to identify a vast 
amount of information about others’ purchase decision 
and product evaluations on the Internet [4,20,34].

3. Research model and hypotheses 
development 

Building upon prior research on information 
adoption model and herd behavior, we develop our 
research model as shown in Figure 1. In the context of 
online review communities, we hypothesize that 
argument quality and source credibility affect 
information adoption. Information adoption is also 
determined by two herd factors, namely imitating 
others and discounting own information.  
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Figure 1. Research model 

3.1. Informational factors and information
adoption  

Argument quality and source credibility are the 
informational factors that we consider in this study. 
According to the information adoption model, 
argument quality and source credibility have positive 
effects on information usefulness, which further affects 
information adoption [48]. For the purpose of 
parsimony and highlighting the influences of 
informational factors, we do not include the mediating 
role of information usefulness in this study. In contrast, 
we focus on the direct impacts of informational factors 
on information adoption. This approach is consistent 
with prior studies [e.g., 23,54].

In the context of online review communities, online 
reviews of high argument quality are beneficial to 
consumers as these reviews provide complete and 
accurate evaluations on products [11]. In this regard, 
consumers will employ the reviews to reduce 
uncertainty in their purchase process. In addition,
online reviews from credible sources suggest that the 
review sources are experts, knowledgeable, reliable, 
and trustworthy [41]. Information from credible 
sources is expected to be conducive to information 
transfer [35]. Consumers are more likely to use 
information from credible sources and make informed 
purchase decision. Given that the relationship among 
the two informational factors and information adoption 
have been confirmed in many previous studies [e.g., 
33,45,54], we accordingly propose the following 
hypotheses to articulate how informational factors 
positive impacts on consumers’ adoption of online 
reviews. 

H1: Argument quality is positively associated with 
information usefulness 

H2: Source credibility is positively associated with
information usefulness 

3.2. Influences of herd factors 

Huang & Chen [32] postulated that online reviews 
appear to be an important cue that is conducive to 
consumers’ herd behavior in choosing online products. 

They further showed the herding effect will become 
stronger for online reviews from consumers than 
experts. Following this line of research, we intend to 
hypothesize that consumers’ adoption of online 

reviews may be predicted by the two herd factors, 
namely imitating others and discounting own 
information. When the level of imitating others’ 

behavior increases in online review communities, a 
consumer is likely to decide to use online reviews from 
others and follow their choice. The relationship 
between imitating others and behavioral adoption is 
also confirmed in the information technology adoption 
context [47]. Similarly, when the consumer discounts 
his/her own information, s/he will need to search for 
external information to improve the confidence of 
making right decision. We therefore expect that the 
consumer will refer to online reviews and decision 
from others in online review communities. In this case, 
the influence from external information may 
overweight that from his/her own information. Thus, 
the consumer will have a high tendency of accepting 
what others recommended in their online reviews. In 
sum, we provided the following two hypotheses. 

H3: Discounting own information is positively 
associated with information adoption 

H4: Imitating others is positively associated with 
information adoption 

4. Research method 

To empirically test the research model, we conduct 
an online survey in the present study. Detailed 
information about the research site, measures, and data 
collection is depicted as follows. 

4.1. Research site 

In this study, we chose Douban.com, a Chinese 
online review community, as the research site.
Douban.com was established in 2005 and has become 
one of the most popular regional online review 
communities, where Chinese users can contribute and 
share online reviews about books. By August 2012, 
Douban.com had over 62 million registered users with 
more than 100 million unique visitors per month [39].
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Millions of online reviews have been contributed on 
the website. Douban.com also offers various ranking 
lists to show highly popular items across different 
categories of books. For instance, popular books like 
The Da Vinci Code has over 102 thousand reviews, 
and Le Petit Prince has more than 146 thousand 
reviews. In summary, we believe that Douban.com 
enables online users to consider their information 
adoption decision of book reviews. The website can 
also stimulate users’ herd behavior through allowing 

them to identify popular books. The website appears to 
be an appropriate research site for this study.  

4.2. Data collection 

Since no email list was available to reach the 
registered users of Douban.com, we randomly 
broadcasted the URL of our online questionnaire 
through the internal message system of the website. To 
maximize possible responses, we also posted invitation 
messages in popular “interest groups” on Douban.com,
where many users can interact with others of similar 
interests. Finally, a total of 376 valid responses were 
collected for this study. To test possible non-response 
bias, we compared the compositions of the first 50 and 
last 50 respondents. The result showed that no 
significant differences were found, indicating that the 
non-response bias might not be a serious concern for 
this study. Table 1 depicts the demographic 
characteristics of the sample. It shows that 47.3% were 
males, whereas 52.7% were females. More than 50% 
of the respondents aged from 21 to 25. 61.6% were 
undergraduate students, and 81.1% had been using 
Douban.com for more than one year.  

Table 1. Demographic characteristics 
Number

Gender Male 178
Female 198

Age Below 15 1
15-20 12
21-25 214
26-30 82
31-35 40
36-40 18
Above 40 9

Education Primary/elementary 
school

1

High school 6
Vocational/technical 
school diploma

32

Undergraduate 232
Master or above 105

Duration Below 6 months 45
6-12 months 26
1-2 years 97

3-4 years 96
Above 4 years 112

4.3. Measure 

In this study, we adapted validated measures from 
prior research. They were slightly modified to fit our 
research context. All measures used multiple items to 
operationalize the constructs in the research model. We 
applied seven-point Likert scales for the items, from 
1=strongly disagree to 7=strongly agree. Table 2 
illustrates the measures of the constructs. 

Table 2. Measures of constructs 
Construct Item Source
Argument 
Quality (AQ)

AQ1: The reviews in 
Douban are complete. 
AQ2: The reviews in 
Douban are accurate.
AQ3: The reviews in 
Douban are objective. 

[40,48]

Source 
Expertise
(SE)

SE1: People who wrote 
comments were 
knowledgeable on this topic.
SE2: People who wrote 
comments were an expert 
on this topic.
SE3: People who wrote 
comments were trustworthy.
SE4: People who wrote 
comments were reliable.

[48]

Discounting 
Own 
Information 
(DOI)

DOI1: I did not rely on my 
own information about the 
book in making the decision 
to buy.
DOI2: I choose to buy the 
book, even though I might 
have preferred a different 
one.
DOI3: If I didn’t know the 
popularity of this book in 
Douban, I might have 
chosen a different book to 
read.

[32,46]

Imitating 
Others (IO)

IO1: I purchase the book 
because it appears to be on 
the list of best sellers.
IO2: I choose to buy the 
book because it has already 
been read by a lot of people 
in Douban.
IO3: I follow others in 
Douban in buying the book.

[32,46]

Information 
Adoption 
(IA)

IA1: I will consider the 
shopping experiences of 
other users on the Douban 
when I want to shop.
IA2: I will ask other users on 
the Douban to provide me 

[37,54]
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with their suggestions before 
I go shopping.
IA3: I am willing to buy the 
products recommended by 
other users on the Douban.

5. Data analysis and results 

To analyze the data, we used Partial Least Squares 
(PLS) in this study. PLS is a widely adopted structural 
equation modelling approach in the IS literature [e.g., 
1,26,49]. It requires a relatively small sample size and 
had no restriction on normal distribution of the sample 
[15]. In particular, we employed SmartPLS 2.0.M3 to 
test our research model [44]. The two-step procedure, 
including the measurement model and structural 
model, from Hair et al. [29] was adopted as follows.  

5.1. Measurement model 

In the measurement model, we examined the 
convergent validity and discriminant validity of the 
measures. Convergent validity assesses the extent to 
which items of a same construct are highly correlated 
as the items have the same conceptual domain. 
Composite reliability (CR) and average variance 
extracted (AVE) are two widely adopted indicators to 
evaluate convergent validity. It is deemed to be 
acceptable if CR values are greater than 0.7, and AVE 
values are higher than 0.5 [25]. As shown in Table 3, 
the CR and AVE values of all constructs met these 
requirements. Therefore, the convergent validity of the 
measures was sufficient in this study. 

Table 3. Descriptive statistics of constructs 
Item Loading Mean St.Dev

Argument Quality
(AQ)
CR=0.885; 
AVE=0.722

AQ1 0.891 4.82 1.39
AQ2 0.899 4.84 1.29

AQ3 0.750 5.11 1.27

Source Expertise
(SE)
CR=0.938; 
AVE=0.792

SE1 0.878 4.65 1.43
SE2 0.897 4.71 1.34
SE3 0.924 4.42 1.32
SE4 0.858 4.22 1.39

Discounting Own 
Information (DOI)
CR=0.902;
AVE=0.755

DOI1 0.821 3.81 1.71
DOI2 0.898 3.67 1.66

DOI3 0.886 3.90 1.69

Imitating Others 
(IO)
CR=0.936; 
AVE=0.830

IO1 0.911 3.63 1.64
IO2 0.930 3.86 1.63

IO3 0.892 3.61 1.66

Information 
Adoption (IA)
CR=0.919; 
AVE=0.791

IA1 0.886 4.93 1.53
IA2 0.872 4.28 1.67

IA3 0.910 4.64 1.57

Discriminant validity examines the differences 
between constructs that are theoretically distinct. 
According to Gefen & Straub [27], we performed the 
confirmatory factor analysis with PLS (in Table 4) and 
the AVE test (in Table 5) for this study. As shown in 
Table 4, high loadings were identified on their 
corresponding constructs, indicating that items fell into 
their own constructs rather than other constructs. The 
AVE test examines the differences between the square 
root of AVE for each construct and the correlations 
between the construct and others. If the former is 
greater than the latter, then discriminant validity can be 
confirmed [25]. As shown in Table 5, the discriminant 
validity of the measures was also acceptable in this 
study. 

Table 4. Confirmatory factory analysis with 
PLS 

AQ SE DOI IO IA
AQ1 0.891 0.579 0.271 0.342 0.417
AQ2 0.899 0.583 0.221 0.286 0.426
AQ3 0.750 0.450 0.150 0.150 0.350
SE1 0.538 0.878 0.288 0.232 0.422
SE2 0.563 0.897 0.344 0.321 0.489
SE3 0.615 0.924 0.373 0.387 0.507
SE4 0.545 0.858 0.402 0.428 0.452
DOI1 0.144 0.289 0.821 0.452 0.332
DOI2 0.223 0.371 0.898 0.554 0.476
DOI3 0.276 0.361 0.886 0.603 0.502
IO1 0.319 0.398 0.632 0.911 0.436
IO2 0.281 0.344 0.560 0.930 0.434
IO3 0.253 0.318 0.522 0.892 0.461
IA1 0.453 0.493 0.437 0.416 0.886
IA2 0.346 0.438 0.515 0.456 0.872
IA3 0.454 0.476 0.422 0.429 0.910

Table 5. Correlations of constructs 
AQ SE DOI IO IA

AQ 0.849
SE 0.636 0.890
DOI 0.255 0.396 0.869
IO 0.312 0.387 0.626 0.911
IA 0.470 0.528 0.514 0.488 0.889

Note: The bold diagonal values refer to the square 
roots of AVEs 

5.2. Structural model 

The result of the structural model is illustrated in 
Figure 2. We found that argument quality (β=0.205,
t=3.194) and source credibility (β=0.226, t=3.308) are 
two important determinants of information adoption. 
H1 and H2 were supported. Information adoption was 
additionally predicted by discounting own information 
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(β=0.266, t=4.151) and imitating others (β=0.170,
t=2.763), indicating that H3 and H4 were also 
supported. Finally, 43.5% of variances in information 
adoption were explained.  

Figure 2. Structural model 

6. Discussions and conclusion 

To understand the influence of online reviews in 
online communities, this study extends prior research 
by incorporating the influence of herd behavior. 
Drawing upon prior research on information adoption 
model and herd behavior, we develop the research 
model to explicate consumers’ adoption process of 

online reviews. Our findings show that informational 
factors, including argument quality and source 
credibility, play positive effects on information 
adoption. The results confirm the important role of 
informational factors in affecting consumers’ 

information adoption decision. Consumers are likely to 
adopt online reviews that have high argument quality 
and come from credible sources. In addition, our 
findings provide strong empirical support regarding the 
influence of herd behavior. Both imitating others and 
discounting own information exert significant impacts 
on information adoption. Discounting own information 
places the most important impact among the four 
antecedents. These findings show that if consumers 
disregard their own information and imitate others’ 

decision, such herding propensity will lead to 
consumers’ adoption of online reviews in online 

communities. 

6.1. Limitations and future research 

Before addressing the implications of this research, 
we have to point out several limitations and future 
research opportunities. First, this study only examines 
consumers’ online review adoption on an existing 

online review community of China. The culture 
difference, characteristics of the online review 
community, and type of products discussed in the 
community may have impacts on the results of the 
research model. Therefore, future research may 
replicate this research in other broader settings, where 
interesting and different results may be obtained. 
Second, compared to the number of users who adopt 
online reviews in online communities, the sample size 
of this study is relatively small. Thus, similar research 
may be conduct with increased sample size for 
improving the generalizability of the findings. Finally, 
the variances explained in information adoption were 
43.5%. In this regard, there may be other important 
factors missing in the research model. Future research 
may consider the impacts of factors beyond the 
informational and herd perspectives in understanding 
consumers’ online review adoption in online 
communities.  

6.2. Implications for research and practice 

We expect that the findings this research can 
provide important implications for theory and research. 
As far as we know, this study is one of the earliest ones 
that shed light on consumers’ herding to adopt online 

reviews in online communities. We enrich the 
understanding about the influence of received 
information in online communities. Prior research 
shows that informational factors are important 
concerns to investigate why individuals adopt 
information or online reviews [e.g., 11,54]. Extending 
these studies, the findings of the present research show 
the significant influence of two herd factors, including 
imitating others and discounting own information. The 
importance of these factors also suggests that more 
work may be conducted to explore valid cues that can 
stimulate herding [47].

The findings of this research is also expected to 
provide insightful implications to practitioners. First, 
the important role of informational factors suggests 
that designers of online review communities should 
always keep in mind of providing high quality of 
online reviews. They may remove online reviews with 
inaccurate information, deliberate false comments, or 
explicate advertisements. Further, designers should 
promote credible review contributors to post comments 
on products. It will be beneficial if these review 
contributors can provide many more and high quality 
online reviews in online communities. Finally, 
designers should pay special attention to consumers’ 
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herd behavior in online review communities. For 
instance, establishing ranking lists may be a possible 
cue that stimulates consumers’ herd behavior. These 
lists allow consumers to easily identify the decision or 
behavior from a large number of individuals. It may
therefore increase the likelihood of imitating others. 
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