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Subspace Projectors for State-Constrained Multi-Robot Consensus

Fabio Morbidi

Abstract— In this paper, we study the state-constrained
consensus problem and introduce a new family of distributed
algorithms based on subspace projection methods which are
simple to implement and which preserve, under some suitable
conditions, the consensus value of the original discrete-time
agreement protocol. The proposed theory is supported by exten-
sive numerical experiments for the constrained 2D rendezvous
of single-integrator robots.

I. INTRODUCTION

A. Motivation and related work
Over the last decade, the consensus protocol [1]–[3] has

enjoyed growing success in robotics, and it has been widely
employed as a basic building block to design distributed
coordination strategies for multi-agent systems. Applica-
tions include rendezvous [4], [5], flocking [6]–[8], forma-
tion control [9], target encirclement [10], deployment and
area monitoring [11], [12], containment and connectivity
control [13], [14], and decentralized estimation [15], [16],
just to mention the most relevant ones.

However, in many practical situations, cooperative agents
are not allowed to freely agree upon a common value,
and their state variables are constrained within a given
(convex) set. This happens, for example, when multiple
mobile robots evolve in confined obstacle-ridden environ-
ments, when they are subject to motion constraints (e.g. their
velocity is bounded), or they have a limited commu-
nication/sensing range. The resulting constrained consen-
sus problem has been investigated from different angles
in [17]–[22]. In fact, depending on the nature of constraints
(linear vs. nonlinear, equality vs. inequality, including satu-
rations), problems of different complexity arise. A recurring
idea in [17] (discrete-time formulation) and in [19], [20]
(continuous-time formulation), has been to project the state
vector of each agent onto its constraint set. Similar projection
techniques have also been used for distributed optimization
[21], [23], and more recently, to study the synchronization
of a network of Kuramoto oscillators [24].

B. Original contributions, organization and notation
Inspired by the vast literature on Kalman filtering with

state constraints [25], [26], in this paper we show that under
suitable conditions, it is possible to constrain the joint state
of a multi-agent system within a prescribed linear subspace,
without affecting the consensus value of the correspond-
ing unconstrained agreement protocol. In fact, differently
from [17], [19], where the local state of each agent is kept
inside a closed convex set known only to it, we adopt here
an alternative approach based on subspace projectors which
presents several attractive features: it is straightforward to
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implement and it leads to a new class of discrete-time
constrained consensus protocols whose group decision prop-
erties can be easily characterized thanks to a well-established
projection theory [27], [28]. Our theoretical analysis is paired
with numerical experiments for the constrained rendezvous
problem in the 2D space.

The rest of this paper is organized as follows. In Sect. II,
we briefly review the discrete-time consensus protocol and
recall some basic facts about projectors. Sect. III presents the
main theoretical results of the paper. The theory is validated
with the aid of numerical experiments in Sect. IV. Finally,
in Sect. V, we summarize the main contributions of the paper
and outline some possible avenues for future research.

Notation: Throughout this paper, In denotes the n × n
identity matrix, 0n the n × n matrix of zeros, ‖x‖2 the
Euclidean norm of vector x ∈ IRn, xH the conjugate
(or Hermitian) transpose of x, ⊗ the Kronecker product,
and Im(A) and ker(A) the image and null space of ma-
trix A, respectively. SO(n) � {R ∈ IRn×n : RT R =
In, det(R) = 1} indicates the special orthogonal group in
dimension n. The linear span of vectors x1,x2, . . . ,xn is
denoted by span{x1,x2, . . . ,xn}. Two vectors x,y ∈ IRn

are orthogonal, written x ⊥ y, if xTy = 0. The orthogonal
complement of M ⊂ IRn, a linear subspace, is defined as
M⊥ = {x ∈ IRn : x ⊥ y for all y ∈ M}. The subspaces
M, N ⊂ IRn are complementary if M ⊕ N = IRn, where
⊕ denotes the direct sum. V ∈ IRn×m and W ∈ IRn×m is
a biorthogonal pair, if WTV = Im.

II. PRELIMINARIES

In this section, we briefly review the discrete-time con-
sensus protocol and recall various definitions and results on
projectors that will support our subsequent developments.

A. Discrete-time consensus protocol
Let G = (V, E) be an undirected graph, where V =

{1, . . . , n} is the set of nodes (or agents), and E ⊆ V × V
is the set of edges. All G’s are assumed to be finite graphs
with no self-loops or multiple edges [29].

Definition 1 (Adjacency and Laplacian matrix)
• The adjacency matrix A = [aij ] of graph G is an n×n

matrix defined as aij = 1 if {i, j} ∈ E and aij = 0
otherwise.

• The Laplacian matrix of graph G is an n×n symmetric
positive semidefinite matrix defined as L = D − A
where D = diag(A1) is the degree matrix and 1 is a
column vector of n ones. 	

The discrete-time consensus protocol is defined as follows,

x(k + 1) = Px(k), k ∈ {0, 1, 2, . . .}, (1)

where P = In − εL is the Perron matrix of G with
parameter ε, x = [x1, x2, . . . , xn]

T ∈ IRn is the state vector,



and 0 < ε < 1/dmax(G) is the step-size, with dmax(G) =
max(A1) the maximum degree of G [1, Sect. IIC]. Sys-
tem (1) is the one-step Euler discretization of the continuous-
time Laplacian flow ẋ(t) = −Lx(t). The Perron matrix
is a symmetric, nonnegative matrix (i.e. all its entries are
nonnegative). Moreover, it is row stochastic, i.e. it satisfies
P1 = 1, which means that 1 is the eigenvector of P
associated with the eigenvalue 1 [3, Ch. 2]. It is well known
that if the graph G is connected, then,

lim
k→∞

x(k) =
1

n
11Tx0,

where x0 � [x1(0), . . . , xn(0)]
T is the vector of initial con-

ditions, i.e. average consensus is achieved. The convergence
factor to average consensus is the second largest eigenvalue
of P [3, Ch. 10].

B. Orthogonal and oblique projections, reflections

The following definitions and results are drawn from [27,
Ch. 1-2], [28] and [30].

Definition 2 (Def. 2.1, [27]) A matrix Π ∈ IRn×n is a
projection (idempotent matrix), if and only if Π2 = Π. 	
Definition 3 (Def. 2.2, [27]) Let M,N ⊂ IRn be comple-
mentary subspaces. For each z ∈ IRn, there exists a unique
decomposition of the form, z = x + y where x ∈ M,
y ∈ N . The transformation ΠM,N defined by ΠM,N z � x
is called projection onto M along N . The transformation
ΠN ,M defined by ΠN ,M z � y is called projection onto N
along M. The vector x is the projection of z onto M along
N , and y is the projection of z onto N along M. 	
Definition 4 (Def. 2.3, [27]) The projection Π onto M
along M⊥ is called orthogonal. 	
Definition 5 (Def. 2.4, [27]) Let M ⊂ IRn be a sub-
space. Π ∈ IRn×n is the orthogonal projection onto M if
(a) Im(Π) = M, (b) Π2 = Π, (c) ΠT = Π. 	

Projections that are not orthogonal projections, are called
oblique projections.

Theorem 1 (Th. 2.8, [27]) Π is a projection if and only if
In − Π is also a projection. If Π is a projection onto M
along N , then In −Π is a projection onto N along M. 	

It is also straightforward to show that Π is a projection if
and only if ΠT is also a projection.

Theorem 2 (Th. 2.10, [27] and p. 58, [28]) Any projection
Π ∈ IRn×n may have only 0 and 1 eigenvalues. The
multiplicity of the eigenvalue 1 is rank(Π) = trace(Π). 	
Theorem 3 (Th. 2.16, [27]) The linear transformation Π
is an orthogonal projection if and only if Π = Π2 = ΠT .
Moreover, the orthogonal projections are positive semidefi-
nite and satisfy ‖Πx‖2 ≤ ‖x‖2 for all x ∈ IRn. 	
Definition 6 (Def. 3.1.1, [30]) A matrix Ψ ∈ IRn×n is a
reflection if Ψ is symmetric and orthogonal. 	

Any reflection Ψ is an involutory matrix, i.e. Ψ2 = In,
each of whose eigenvalues is 1 or −1. The following propo-
sition provides an interesting link between projections and
reflections.

M

NN⊥

x
y

z

Fig. 1. Example of complementary subspaces M and N in IR3.

Proposition 1 (Fact 3.14.1, [30]) If Π ∈ IRn×n is an
orthogonal projection, then Ψ � 2Π − In is a reflection.
Conversely, if Ψ ∈ IRn×n is a reflection, then Π � 1

2 (Ψ+In)
is an orthogonal projection. 	

In fact, the affine mapping f(Π) � 2Π − In from
orthogonal projections to reflections, is bijective. We also
observe that if ΠM is the orthogonal projection onto M,
then (2ΠM − In)z is the reflection of z ∈ IRn across M⊥.

We report below some representations of projections that
will be used in Sect. III.

Theorem 4 (Th. 2.26, [27]) Let M,N ⊂ IRn be comple-
mentary subspaces, and let the columns of V ∈ IRn×r and
W ∈ IRn×r form a basis for M and N⊥, respectively. Then,
ΠM,N = V(WTV)−1WT . 	

Note that either V and W(WTV)−T or V(WTV)−1

and W are biorthogonal pairs, and that (WTV)−1 can be
interpreted as a “normalizing factor”. In the 3D example
of Fig. 1, we have:

V =

⎡
⎣ 1 0
0 1
0 0

⎤
⎦ , W =

⎡
⎣ 1 0
0 2
0 −2

⎤
⎦ ,

being N = span{[0, 1, 1]T }. Note that V and W is not a
biorthogonal pair, since WTV = diag(1, 2).

Corollary 1 (Cor. 2.27, [27]) If the columns of V =
[v1,v2, . . . ,vr] form an orthonormal basis for a subspace
M ⊂ IRn, then ΠM = VVT is the unique orthogonal
projection onto M. 	
Lemma 1 (Lemma 2.30, [27]) Let M,N ⊂ IRn be com-
plementary subspaces, and let U = [U1, U2] and V =
[V1, V2] be orthogonal matrices such that U1 and U2 are
bases for M and M⊥, respectively, and V1 and V2 are
bases for N and N⊥, respectively. Then,

ΠM,N = U

[
0 (VT

2 U1)
−1

0 0

]
VT . 	

Matrices U and V can be chosen such that we obtain the
Singular Value Decomposition (SVD) of ΠM,N .

Any projection is diagonalizable by a similarity transfor-
mation. In particular, the following result can be proved using
Schur’s theorem [27, Th. 1.28].
Theorem 5 (Th. 2.31, [27]) If Π ∈ IRn×n is a projection
of rank m, then there is an orthogonal matrix V such that,

Π = V

[
Im B
0 0n−m

]
VT ,

where matrix B ∈ IRm×(n−m) is arbitrary. 	



We finally recall here some connections between projec-
tions and generalized inverses [28, Ch. 2]. Moore’s original
definition of Moore-Penrose inverse is the following:

Definition 7 (Def. 2.52, [27]) If M ∈ IRm×n, then the
generalized inverse of M is defined to be the unique matrix
M+ such that:
(a) MM+ = ΠIm(M),
(b) M+M = ΠIm(M+) = ΠIm(MT ). 	

The next theorem provides useful properties of the Moore-
Penrose inverse (cf. [27, Def. 1.54]).

Theorem 6 (Th. 1.60, [27]) Let M+ ∈ IRn×m be the
Moore-Penrose inverse of M ∈ IRm×n. Then,
(a) Im(M+) = Im(MT ) = Im(M+M) = Im(MTM),
(b) Im(In − M+M) = ker(M+M) = ker(M) =

Im(MT )⊥. 	
III. STATE-CONSTRAINED CONSENSUS PROTOCOLS

In this section, we present the main theoretical results of
this paper. In what follows, we make the standing assumption
that the graph G is connected.

Theorem 7 (Orthogonal projection) Let us suppose that
the following constraint is imposed on the state vector of
consensus protocol (1),

x(k + 1) ∈ M ⊂ IRn, k ∈ {0, 1, 2, . . .}, (2)

where the columns of V = [v1,v2, . . . ,vr] ∈ IRn×r

form an orthonormal basis for the linear subspace M and
1 ∈ span{v1,v2, . . . ,vr}. Consider the projected consensus
protocol,

xor(k + 1) = ΠMPxor(k), xor(0) = x0, (3)

where ΠM = VVT ∈ IRn×n is the orthogonal projection
onto M (cf. Corollary 1), and let us assume that

rank(In −ΠMP) = n− 1. (4)

Then, the solution to (3) satisfies,

lim
k→∞

xor(k) =
1

n
11Tx0. (5)

Proof: To prove (5), we need to study the spectrum of the
dynamics matrix ΠMP of system (3). Note that while ΠM
and P are both symmetric matrices, their product ΠMP, is
neither a symmetric nor a row-stochastic matrix, in general.
Without loss of generality, the orthonormal basis for M
can be written as V = [1/

√
n, V], V = [v2, . . . ,vr] ∈

IRn× (r−1). Therefore,

VTV =

[
1 1√

n
1T V

1√
n
V

T
1 V

T
V

]
= Ir,

which implies that V
T
1 = 0. Then,

ΠMP1 = ΠM1 = VVT1 =
( 1

n
11T +VV

T
)
1 = 1.

Hence, each of the rows of ΠMP has unit sum, and 1
is an eigenvalue of ΠMP with eigenvector 1. The rank
condition (4) guarantees that the geometric multiplicity of
this eigenvalue is 1. Note that since P is full rank, then

rank(ΠMP) = rank(ΠM) = rank(VVT ) = rank(V) = r.
Therefore, ΠMP has n − r zero eigenvalues. Let us now
focus on the nonzero eigenvalues of ΠMP. Taking inspira-
tion from the proof of Lemma 2.47 in [27], we have that the
equality,

ΠM Pu = λu, (6)

where λ is the eigenvalue of ΠM P with corresponding
eigenvector u, implies Π2

M Pu = λΠMu. But since
Π2

M = ΠM, then ΠM Pu = λΠM u. By comparing the
last equation with (6), we deduce that u = ΠMu. As a
consequence, since ΠM = ΠT

M,

uHΠMPu = (ΠH
Mu)HPu = (ΠMu)HPu = uHPu.

(7)
But from (6), we also have,

uH ΠM Pu = λuHu. (8)

By comparing (7) with (8), and by recalling Rayleigh-Ritz’s
theorem [27, Th. 1.81], we find that,

λ =
uHPu

uHu
∈ [λmin(P), λmax(P)] ,

where λmin(P) and λmax(P) denote the minimum and
maximum eigenvalue of P. In summary, we have proved
that ΠM P has n − r zero eigenvalues, that the nonzero
eigenvalues are real and take values in [λmin(P), 1], and
that 1 is the eigenvector associated with the eigenvalue 1,
from which (5) directly follows. �

Note that (3) simply proceeds by projecting each step of
consensus protocol (1) onto the constraint subspace M, thus
ensuring positive invariance [31]. The orthogonal projection
ΠM is instrumental in enforcing constraint (2), but it does
modify the spectrum of P and affects the convergence rate
to average consensus. Nevertheless, the sequences {xor(k)}
and {x(k)} converge to the same consensus value.
Remark 1 (Nonnegative projections) If ΠM is nonnega-
tive, then ΠMP is nonnegative as well. Since the row-sums
of ΠMP are all equal to 1, then ΠMP is row-stochastic
and the statement of Theorem 7 becomes a direct conse-
quence of [3, Th. 5.1]. For further results on nonnegative
projections, the reader is referred to [27, pp. 48-50]. 	

The first of the next two corollaries states that Theorem 7
is still valid when the orthogonal projection ΠM is replaced
with the reflection ΨM = 2ΠM− In (recall Proposition 1),
while the second one specializes it to linear state equality
constraints.
Corollary 2 (Reflection) Let us suppose that the assump-
tions of Theorem 7 hold true. Then, provided that rank(In−
ΨMP) = n − 1, the solution to the reflected consensus
protocol,

xre(k + 1) = ΨMPxre(k), xre(0) = x0, (9)

satisfies limk→∞ xre(k) =
1
n 11Tx0 where ΨM = 2ΠM−

In is the reflection across M⊥.
Proof: Due to space limitations, the proof is omitted.

It is reported in [32], the extended version of this article. �
Note that unlike Theorem 7, in this case the state vector

xre of system (9) “bounces off” the subspace M⊥.



Corollary 3 (Orthogonal projection: linear equality con-
straints) Let us suppose that the following equality con-
straint is imposed on the state vector of protocol (1),

Mx(k + 1) = 0, k ∈ {0, 1, 2, . . .}, (10)

where matrix M ∈ IRq×n has row rank m ≤ q and satisfies
M1 = 0. Consider the projected consensus protocol,

xor(k + 1) = Πker(M)Pxor(k), xor(0) = x0, (11)

where Πker(M) = VVT is the orthogonal projection onto
the null space of M, i.e. the columns of V ∈ IRn×(n−m) form
a basis which satisfies MV = 0 and VTV = In−m. Then,
under condition (4), the state trajectories of protocol (11)
satisfy (5).

Proof: Since M1 = 0, then 1 ∈ ker(M) and we can
write the orthonormal basis of ker(M) as V = [1/

√
n, V]

where V ∈ IRn× (n−m−1). The rest of the proof is an
immediate transcription of that of Theorem 7. �

As illustrated in Sect. IV, matrix M can be used to
encode a variety of constraints frequently encountered in
distributed robotics (e.g. collision avoidance or connectiv-
ity maintenance constraints). Note that Πker(M) can be
readily found by computing the SVD of M. In fact,
if M is decomposed as M = [Um,Um]Σ [Vm,Vm]T

where [Um,Um], [Vm,Vm] are orthogonal matrices with
Um ∈ IRq×m, Um ∈ IRq×(q−m), Vm ∈ IRn×m, Vm ∈
IRn×(n−m), and Σ ∈ IRq×n is a rectangular diagonal
matrix with nonnegative real numbers in decreasing order
on the diagonal, then VmV

T

m is the orthogonal projection
onto ker(M) [27, Th. 2.36]. Moreover, VmV

T
m, UmUT

m

and UmU
T

m are the orthogonal projections onto ker(M)⊥,
Im(M) and Im(M)⊥, respectively.

The next theorem extends Theorem 7 to the more chal-
lenging case of oblique projections (recall Theorem 4).

Theorem 8 (Oblique projection) Let us suppose that con-
straint (2) is imposed on the state vector of protocol (1).
Let M,N ⊂ IRn be complementary subspaces. Let the
columns of V = [v1,v2, . . . ,vr] ∈ IRn×r and W =
[w1,w2, . . . ,wr] ∈ IRn×r form a basis for M and
N⊥, respectively, and let V and W be a biorthogonal
pair, i.e. WTV = Ir. Let 1 ∈ span{v1,v2, . . . ,vr} ∩
span{w1,w2, . . . ,wr}. Consider the projected consensus
protocol,

xob(k + 1) = ΠM,N Pxob(k), xob(0) = x0, (12)

where ΠM,N = VWT and assume that rank(In −
ΠM,NP) = n− 1. Then, the solution to (12) satisfies,

lim
k→∞

xob(k) =
1

n
11Tx0.

Proof: It is available in [32]. �
If 1 /∈ span{w1,w2, . . . ,wr}, system (12) may still

achieve consensus asymptotically, but not average consensus.
Remark 2 (On the distributed nature of the projected
consensus protocols) Note that matrix ΠM,N P is less
sparse than P, in general, and it can be associated with
a communication graph G′ = (V, E′) with E ⊆ E′, over
which the dynamics of (12) evolve (cf. Fig. 4). This is not

surprising, since to fulfill the state constraint (2) while still
achieving average consensus, the communication between
the robots must be more efficient. If the subspaces M and N
are known a priori, protocol (12) (as well as protocol (3))
admits a distributed implementation over G′. 	

In the next theorem, we leverage Theorems 1 and 6, and
consider a special oblique projection for the case of linear
state equality constraints. The “obliquity” of the projection
hinges on the positive definite weight matrix Ω, which alters
the group decision value of protocol (1).

Theorem 9 (Weighted oblique projection: linear equality
constraints) Let us suppose that constraint (10) is imposed
on the state vector of protocol (1), where M ∈ IRq×n has
full row rank and satisfies M1 = 0. Consider the projected
consensus protocol,

xwob(k + 1) = Πob
ker(M)Pxwob(k), xwob(0) = x0, (13)

where Πob
ker(M) = In−M†

R M is the oblique projection onto
the null space of M and M†

R = Ω−1MT (MΩ−1MT )−1

is the weighted right pseudo-inverse of M [33, Sect. A.7],
where Ω ∈ IRn×n is a positive definite matrix. Provided that
rank(In−Πob

ker(M)P) = n− 1, the state trajectories of (13)
satisfy,

lim
k→∞

xwob(k) = (µTx0)1, (14)

where µ is the left eigenvector of Πob
ker(M)P with eigen-

value 1, normalized to have unit sum, i.e. 1Tµ = 1.
Proof: It is available in [32]. �

Finally, with reference to Theorem 7, in the following
proposition we study the effect of a rotation matrix R on
the basis vectors of the constraint subspace M.

Proposition 2 (Orthogonal similarity transformation
of an orthogonal projection) Let the columns of
V = [v1,v2, . . . ,vr] ∈ IRn×r form an orthonormal basis
for the subspace M, and let ΠM the orthogonal projection
onto M. Let MR be the subspace with orthonormal basis
RV, where R ∈ SO(n). Then, ΠR

M = RΠMRT is the
orthogonal projection onto MR, and ΠR

M and ΠM have
the same spectrum.

Proof: We have that,

(ΠR
M)2 = (RΠMRT )(RΠMRT ) = RΠ2

MRT = ΠR
M,

and (ΠR
M)T = (RΠMRT )T = RΠT

MRT = ΠR
M, hence

owing to Definition 5, ΠR
M is the orthogonal projection

onto MR. Finally, since RT = R−1, matrices ΠR
M and

ΠM are similar and they have the same spectrum. �
Note that the result of Proposition 2 can be extended

to oblique projections, i.e. if we consider ΠR
M,N =

RΠM,N RT (cf. [27, Th. 2.35]).

IV. NUMERICAL EXPERIMENTS

In this section, the theory presented in Sect. III is
illustrated via numerical experiments. For its simplicity, the
2D rendezvous problem for single-integrator robots [5], is
chosen here as a testing ground for the proposed projected
consensus protocols. To improve readability, the discrete-
time state trajectories will be displayed as continuous curves.
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Fig. 2. Trajectory of the 10 robots (1st row), and corresponding time-evolution of their x- and y-coordinates (2nd row). In the two rows, the same color
convention is used. (a),(d) Unconstrained consensus protocol with communication graph G = C10 and step-size ε = 0.3; (b),(e) Constrained consensus
protocol, orthogonal projection onto ker(M1); (c),(f) Constrained consensus protocol, weighted oblique projection onto ker(M1).

The n = 10 robots are initially arranged at
equal intervals around a unit circle centered at point
(1, 1) (dashed gray in Figs. 2(a)-(c) and 3(a)-(c)), i.e.
x0 = [cos(0), sin(0), cos(π/5), sin(π/5), . . . , cos(9π/5),
sin(9π/5)]T + [1, 1, . . . , 1]T ∈ IR20, and they have a prior
knowledge of the surrounding environment.

Fig. 2(a) shows the trajectory of the robots obtained with
the unconstrained consensus protocol,

x(k + 1) = (P ⊗ I2)x(k), x(0) = x0, (15)

with a cycle communication graph G = C10 and a step-
size ε = 0.3 < 1/dmax(C10) = 1/2. The corresponding
time-evolution of the x- and y-coordinates of the robots
for the first half of the 100-iteration simulation, is reported
in Fig. 2(d) (the same color convention as in Fig. 2(a) is
adopted here). As expected, the robots meet at point (1, 1).
For comparison, Fig. 2(b) shows the trajectory of the robots
generated by the constrained consensus protocol with orthog-
onal projection (cf. Corollary 3),

xor(k + 1) = (ΠMP ⊗ I2)xor(k), xor(0) = x0, (16)

where M = ker(M1) ⊂ IR10, with

M1 =

⎡
⎣−1 1 0 0 0 0 0 0 0 0

0 0 −10 10 1
3 − 1

3 0 0 0 0

0 0 0 0 0 0 0 0 − 1
2

1
2

⎤
⎦.

Matrix M1 allows here to encode “attraction forces” of
various magnitude between pairs of robots. From Fig. 2(b)
and Fig. 2(e), which reports the corresponding time-evolution

of the x- and y-coordinates of the robots, we observe that the
trajectories of robots 1 and 2, 3 and 4, and 9 and 10, merge
after one iteration (i.e. for k = 1), but that the rendezvous
point (1, 1) is unaffected. Robots 2 and 3 thus avoid the
collision with the circular obstacle with radius r = 0.25 m,
centered at (1.45, 1.5), shown in Fig. 2(b) (shaded).

Fig. 2(c) reports the trajectory of the robots generated by
the constrained consensus protocol with weighted oblique
projection (cf. Theorem 9),

xwob(k+1) = (Πob
ker(M1)P ⊗ I2)xwob(k), xwob(0) = x0,

where the diagonal weight matrix Ω = diag(50, 1, 1, 1, 50,
1, 1, 1, 10, 1), and Fig. 2(f) shows the time-evolution of the
positions of the robots. In this case, the rendezvous point is
(0.79486, 0.64031), cf. equation (14).

In Figs. 3(a),(d) the case of a general oblique projection,

xob(k+1) = (ΠM,N P⊗ I2)xob(k), xob(0) = x0, (17)

is considered (cf. Theorem 8). Here, the nine columns of

V =

⎡
⎢⎢⎣

I8
−1
0

0 · · · 0 1
0 · · · 0 1

⎤
⎥⎥⎦ , W =

⎡
⎣ I8 0

1 · · · 0 0
0 · · · 0 1

⎤
⎦ ,

form a basis for the subspaces M and N⊥, respectively,
being N = span([1, 0, . . . , 0, −1 , 0]T ). The matrices V
and W satisfy the conditions of Theorem 8, and as shown
in Fig. 3(a), the subspace constraint M primarily affects the
behavior of robots 1 and 9. However, again, the rendezvous
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Fig. 3. Trajectory of the 10 robots (1st row), and corresponding time-evolution of their x- and y-coordinates (2nd row). In the two rows, the same
color convention is used. (a),(d) Constrained consensus protocol, general oblique projection ΠM,N ; (b),(e) Unconstrained consensus protocol with
communication graph G = W10 and step-size ε = 1/20; (c),(f) Constrained consensus protocol, orthogonal projection onto Im(MT

2 ).

point is left unchanged, showing the convergence-preserving
nature of protocol (17).

The trajectory of the robots obtained with protocol (15)
using a wheel graph G = W10 and a step-size ε = 1/20 <
1/dmax(W10) = 1/9 is reported in Fig. 3(b). To draw a
comparison, Fig. 3(c) shows the constrained trajectories of
system (16) for M = Im(MT

2 ) ⊂ IR10, where

M2 =

⎡
⎢⎢⎢⎣

1
3

1
3

1
3 0 0 0 0 0 0 0

0 0 0 0 0 0 2 2 0 0

0 0 0 1 1 1 0 0 0 0

0 0 0 0 0 0 0 0 1
2

1
2

⎤
⎥⎥⎥⎦.

Similarly to M1, matrix M2 is used here for coupling
the motion of two pairs and two triplets of robots.
In Figs. 3(c),(f), we see that to satisfy the imposed subspace
constraint, four robot clusters emerge after one iteration, but
that the rendezvous point remains (1, 1).

Finally, to get a sense of the amount of communication be-
tween the robots required by the six protocols studied in this
section, Fig. 4 reports the sparsity pattern of the correspond-
ing dynamics matrices (grayscale map of matrix entries).

V. CONCLUSION AND FUTURE WORK

In this paper, we leveraged subspace projectors to de-
sign a new class of state-constrained consensus protocols.
The group decision properties of several variants of a prototy-
pal algorithm have been studied, and numerical experiments
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Fig. 4. (1st row) Sparsity pattern of matrices P, ΠMP and Πob
ker(M1)

considered in Figs. 2(a)-(c); (2nd row) Sparsity pattern of matrices
ΠM,N P, P and ΠMP considered in Figs. 3(a)-(c).

for the constrained 2D rendezvous problem have validated
the proposed theory.

In future works, we plan to extend our results to directed
communication networks and characterize the convergence
speed of our protocols We also aim at generalizing the
proposed theory to time-varying and nonlinear constraints
(e.g. by locally projecting the joint state onto the tangent
space of the constraint manifold [20]). Lastly, for given a
graph topology, we would like to check how restrictive is
the rank condition in Theorem 7, for projection design.
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Université de Picardie Jules Verne, Amiens, France, March 2020.
[web]: mis.u-picardie.fr/˜fabio/MorbidiTech-ICRA20.pdf.

[33] B. Siciliano, L. Sciavicco, L. Villani, and G. Oriolo. Robotics:
Modelling, Planning and Control. Advanced Textbooks in Control
and Signal Processing. Springer, 2009.

http://mis.u-picardie.fr/~fabio/MorbidiTech-ICRA20.pdf

	Introduction
	Motivation and related work
	Original contributions, organization and notation

	Preliminaries
	Discrete-time consensus protocol
	Orthogonal and oblique projections, reflections

	State-constrained consensus protocols
	Numerical experiments
	Conclusion and future work
	References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


