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Abstract— The increasingly diversified Quality-of-Service
(QoS) requirements envisioned for future wireless networks call
for more flexible and inclusive multiple access techniques in 6G
for supporting emerging applications and communication sce-
narios. To achieve this, we propose a multi-dimensional multiple
access (MDMA) protocol to meet individual User Equipment’s
(UE’s) unique QoS demands while utilizing multi-dimensional
radio resources cost-effectively. In detail, the proposed scheme
consists of two novel aspects, i.e., selection of a tailored multiple
access mode for each UE while considering the UE-specific
radio resource utilization cost caused by non-orthogonal inter-
ference cancellation; and multi-dimensional radio resource allo-
cation among coexisting UEs under dynamic network conditions.
To reduce the UE-specific resource utilization cost, the base
station (BS) organizes UEs with disparate multi-domain resource
constraints as UE coalition by considering each UE’s specific
resource availability, perceived quality, and utilization capability.
Each UE within a coalition could utilize its preferred radio
resources, which leads to low utilization cost while avoiding
resource-sharing conflicts with remaining UEs. Furthermore,
to meet UE-specific QoS requirements and varying resource
conditions at the UE side, the multi-dimensional radio resource
allocation among coexisting UEs is formulated as an optimiza-
tion problem to maximize the summation of cost-aware utility
functions of all UEs. A solution to solve this NP-hard problem
with low complexity is developed using the successive convex
approximation and the Lagrange dual decomposition methods.
The effectiveness of our proposed scheme is validated by numeri-
cal simulation and performance comparison with state-of-the-art
schemes. In particular, the simulation results demonstrate that
our proposed scheme outperforms these benchmark schemes by
large margins.

Index Terms— 6G, multi-dimensional multiple access, resource
utilization cost, individualized QoS provisioning.
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I. INTRODUCTION

THE continuous momentum of data traffic growth and
dramatic expansion of diverse services and vertical appli-

cations are bringing many challenges to the development of the
envisioned 6-th generation (6G) wireless networks. On the one
hand, with the anticipated seven-fold growth of mobile data
traffic in 2022 compared to 2017 [1], future 6G networks are
expected to support significantly higher data rates. On the other
hand, a wide variety of emerging services and applications are
expected to be supported by 6G, e.g., smart manufacturing,
augmented reality, which require diverse, application-specific
and individualized service provisioning in terms of data rate,
latency, reliability, and power consumption [2], [3].

A. Motivation

Given the heterogeneity and dynamic resource constraints
of future networks and wireless devices, designing highly
efficient and intelligent multiple access techniques becomes
critical for 6G. As a result, individualized quality-of-service
(QoS) provisioning, rather than current scenario-specific solu-
tions adopted in 5G, as well as the cost-effectiveness of
User Equipment (UE) operation, are envisioned as the key
features of 6G to fulfill its role as a multipurpose platform
and foundation of a connected society [4]. Current attempts for
achieving individualized QoS provisioning in 6G are primarily
focused on incorporating recent technological advancements
in operation/management, e.g., network slicing and mobile
edge computing [5], [6], which may not be practical due to
the increased system complexity. Meanwhile, by adopting a
bottom-up alternative, we believe that the design of next gen-
eration of multiple access schemes that can efficiently utilize
multi-dimensional radio resources with situational awareness
capability could play a vital role in the individualized service
provisioning for 6G [7], [8].

In achieving individualized QoS provisioning cost-
effectively, next generation multiple access protocols are
expected to offer finer servicing granularity for diverse QoS
provisioning by exploiting multi-dimensional radio resources,
including frequency, time, space, power and code domains,
while considering the specific resource conditions and
specific QoS requirements of each UE. To this end, several
additional factors, e.g., UE hardware capabilities, and radio
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resource utilization cost, have to be considered to improve the
effectiveness of intelligent multiple access for individualized
QoS provisioning. Recently, several new multiple access
techniques, particularly multiple-input multiple-output
non-orthogonal multiple access (MIMO-NOMA) [9] and
rate-splitting multiple access (RSMA) [10], have been
proposed to explore additional degrees of freedom in spatial
and power domains to improve spectral efficiency and system
multiplexing capability. However, these multiple access
schemes follow the existing scenario-specific practice in 5G
and still face many challenges to fulfill the individualized
demands and specific situation of each UE due to the failure
for addressing the following three crucial issues:

• UE-specific resource constraints and heterogeneous
resource utilization costs in different domains. Each UE
is inherently limited by utilization costs in multiple
radio resource domains. Ideally, all UEs are expected
to be equipped with powerful processing capabilities
and abundant resources. However, in practice, UEs
have heterogeneous hardware capabilities, including sig-
nal processing/computing capability, storage limits, and
power/battery supply, which results in inherent hardware
constraints and heterogeneous radio resource utilization
cost in different domains [11], [12]. For instance, some
low-cost devices have poor successive interference can-
cellation (SIC) capability due to limited computing capa-
bilities and power supply, which restricts their perfor-
mance for employing the power-domain NOMA.

• UE-specific perceived value of radio resources in dif-
ferent domains, which is determined by both perfor-
mance gains of communication service and resource
utilization cost. Each UE experiences distinguishing
resource constraints, i.e., a different level of resource
availability and quality for multi-dimensional radio
resources due to the distinctive channel conditions of
UE. The perceived value of allocated multi-dimensional
radio resources will be UE-specific due to different
UEs’ capabilities and induced cost when utilizing such
resources. This observation offers a new intelligent
multiple access design to achieve individualized and
opportunistic multi-dimensional radio resources alloca-
tion among coexisting users.

• UE-specific, diverse, and individualized QoS require-
ments. Through coarsely classifying all services into
Enhanced Mobile Broadband (eMBB), massive Machine
Type Communication (mMTC), and ultra-Reliable and
Low Latency Communication (uRLLC), the scenario-
specific multiple access schemes in 5G networks face
many challenges for satisfying the dramatically increased
service heterogeneity and diversity due to the wide variety
of applications and devices [13]. Consequently, new 6G
designs are expected to meet the distinctively different
QoS requirements from each UE. The UE-specific QoS
requirements can be translated into resource requirements
in different radio resource domains. This inspires us to
explore intelligent radio resource allocation in different
domains for more effective multiple access and individ-
ualized service provisioning designs.

Motivated by these observations, we aim to create
a multi-dimensional multiple access (MDMA) scheme,
which can flexibly and opportunistically orchestrate multi-
dimensional radio resources by unifying orthogonal multiple
access (OMA), power-domain NOMA, and spatial-domain
NOMA based on the individualized communication needs of
each UE. Specifically, this paper aims to achieve the following
two technical goals: a) jointly exploiting distinctive situations
and disparate constraints in multiple radio resource domains
among coexisting users to improve overall network com-
munication outcome; and b) enabling individualized service
provisioning for each UE by comprehensively considering
both the gains achieved by fulfilling UE-specific QoS demands
and the utilization cost of multi-dimensional radio resources
at the UE side.

B. Related Works

With ongoing wireless evolution, future 6G networks are
expected to integrate more advanced techniques for support-
ing services beyond current mobile use scenarios. To meet
this objective, researchers have focused on different ways of
enhancing multiple access techniques for 6G. These efforts
can be roughly classified into two directions: a) joint utiliza-
tion of all dimensional radio resources in a non-orthogonal
paradigm; and b) design of new multiple access considering
the multi-dimensional radio resource utilization costs. In the
following, a concise literature review for two aspects men-
tioned above is presented with involved details and designing
principles. We then discuss our solution that intelligently
reflects all these considerations and objectives.

Joint utilization of multi-dimensional radio resources in
a non-orthogonal paradigm offers significant potential for
improving network performance. Following this direction,
researchers designed a hybrid multiple access method by
jointly engaging NOMA and OMA for the purpose of
improving resource utilization and access efficiency under
different network conditions [14]. MIMO-NOMA scheme
combining both spatial-division multiple access (SDMA) and
power-domain NOMA are adopted to reduce the inter-user
interference and improve system throughput [9], [15], [16].
The authors in [17] investigated a multi-dimensional resource
allocation strategy in a multi-cell multi-subcarrier downlink
MIMO-NOMA network, including a spatial user-clustering
design and an optimization algorithm for summed utility
maximization. Simulation results demonstrate MIMO-NOMA
outperforms multiple access schemes that only multiplex users
in a single domain. On a parallel pathway, the authors in [10]
proposed a rate-splitting multiple access (RSMA) scheme,
which treats SDMA and NOMA as two special cases by
combining linearly precoded rate splitting at the transmitters
and SIC modules at the receivers. Furthermore, the works [18],
[19] studied the sum-rate maximization issue in a single cell
downlink network that employs RSMA to serve multiple users
simultaneously, in which the numerical results demonstrate
performance improvement compared with traditional NOMA
schemes. Though these works provide a generalized frame-
work for multi-dimensional radio resource utilization, there is
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a lack of analysis for resource characteristics, perceived value
and utilization cost in different resource domains experienced
by individual users.

However, most of existing multiple access schemes assumes
that users exhibit no hardware constraints and resource uti-
lization costs for the implementation, which is unrealistic
in real environments. To address this issue, a new direction
is to model the utilization cost of user devices due to the
hardware capabilities and channel conditions and consider it
in the design of new multiple access schemes. In [11], a utility
function that takes account of “utilization cost” is proposed to
reflect the complexity of power-domain NOMA imposed on
different users.

Meanwhile, our previous works [20], [21] have
developed Multi-Dimensional Intelligent Multiple Access
(MD-IMA) scheme, which is based on the observation that
non-orthogonality introduced by NOMA will induce different
level of utilization costs in different radio resource domains.
We proposed a novel metric called total non-orthogonality
to estimate the power consumption at all UE devices caused
by adopting NOMA. The total non-orthogonality consists
of non-orthogonal resource allocation effects in all resource
domains of whole network, e.g., the spatial-domain non-
orthogonality and power-domain non-orthogonality. By using
total non-orthogonality as metric, our proposed MD-IMA
can dynamically change the type of MA by unifying OMA,
power-domain or spatial-domain NOMA according to the
network situation.

Recently, instead of optimizing the network-wide perfor-
mance, we designed a user-centric multi-dimensional resource
allocation scheme, which manages to maximize each UE’s
QoS performance and minimizes potential resource sharing
conflict among co-exiting UEs [22]. However, this work has
following limitations: a). it does not consider distinctively
different characteristics of coexisting UEs, including their
channel conditions and hardware capabilities; b). it neglects
the fact that the severity of non-orthogonality and corre-
sponding utilization costs in the different resource domains is
different. Thus, new multiple access schemes should consider
UE-specific resource conditions and multi-dimensional radio
resource utilization costs.

Based on our literature review and analysis, the above
works have two fundamental limitations: a). Most existing
studies focus on simply increasing the overall spectral/energy
efficiency to a higher level without considering UE-specific
resource conditions, hardware constraints, and QoS demands.
b). These works only utilize one or two radio resource domains
without fully exploring all available multi-dimensional
resources in improving the cost-effectiveness of multiple
access.

C. Contributions

In achieving individualized QoS provisioning in 6G, we pro-
pose a flexible MDMA scheme in this paper, which can be
viewed as a converged multiple access technique of OMA,
power-domain NOMA, and spatial-domain NOMA. For a
given UE, our proposed scheme can determine the most
advantageous and suitable multiple access mode for it based

on the evaluation of its distinctive radio resource utiliza-
tion costs, conditions, and constraints in multiple domains.
Specifically, the multi-dimensional resource utilization cost is
defined to reflect the power consumption and complexity at
UE side incurred by non-orthogonal interference cancellation
of spatial- and power-domain NOMA. The main technical
contributions of this paper can be summarized as follows:

• Proposal of MDMA for individualized service provi-
sioning while considering resource utilization cost. The
newly developed MDMA scheme can be used to choose
a multiple access mode (a cost-effective way to explore
additional performance gain in the multiple resource
domains) for each UE that can strike a balance between
its resource utilization cost and the performance gain
of fulfilling its specific QoS demands. In detail, it con-
sists of two stages: i.e., cost-aware selection of multiple
access mode and situation-aware multi-dimensional radio
resource allocation of users. Firstly, the base station (BS)
adaptively organizes UEs with disparate multi-domain
resource constraints as a coalition to reduce potential
utilization costs. Then, multi-dimensional resource allo-
cation is achieved by maximizing the sum of UEs’ utility
functions under individual UE’s resource constraints and
QoS requirements.

• Formation of UE coalitions to reduce UE-specific radio
resource utilization cost while fully utilizing the available
multi-dimensional radio resources. According to UE’s
individual preference of resource and associated utiliza-
tion cost, BS organizes mutually beneficial UEs into
cooperative coalitions, that is, coexisting UEs can be
multiplexed in any combinations of multi-dimensional
resources with suitable multiple access mode to achieve a
low resource utilization cost. The UE coalition formation
algorithm is designed based on the two-sided many-
to-one matching theory. The proposed algorithm can
guarantee the exchange stability and only operates at a
coarse time granularity, keeping UE coalitions unchanged
for a relatively long period and thus reducing complexity.

• Management of multi-dimensional resource to meet
UE-specific QoS requirements. Solving the resource
allocation problem for the proposed MDMA scheme
is non-convex and NP-hard, which is computationally
intractable. This paper applies the successive convex
approximation method to transform the original resource
allocation problem into a concave optimization problem,
for which existing convex optimization-based approaches
can solve. Then, using the Lagrange dual decomposition
method, this problem can be decomposed into indepen-
dent sub-problems with closed-form solutions. Moreover,
an iterative algorithm is proposed to further reduce the
computational complexity.

The rest of the paper is organized as follows: Section II
describes the system model employing MDMA schemes, then
introduces the corresponding problem formulation. Section III
presents several adopted strategies to solve the non-convex
utility sum maximization optimization problem. Finally,
Section IV presents the simulation results and Section V
concludes this paper.
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II. SYSTEM MODEL AND PROBLEM FORMULATION

The purpose of this paper is to design a MDMA
scheme that can flexibly and opportunistically orchestrate
multi-dimensional radio resources to meet each UE’s specific
service demands cost-effectively. In this section, to capture
the influence of UE’s specific resource situations on the
MDMA, we will incorporate three essential factors into the
system model, that is, the disparate resource conditions,
heterogeneous resource utilization cost, and individualized
resource constraints of each UE. In detail, Section II-A
(channel model) is set up to reflect the resource availabil-
ity and constraint in the multi-dimensional radio resource
domains. Then, Section II-B (cost-aware MDMA for indi-
vidualized service provisioning) captures the impact of UE
devices’ radio resource utilization cost and hardware con-
straints on selecting the multi-dimensional multiple access
modes. Based on the established system model, we introduce
the proposed MDMA scheme and corresponding problem
formulation.

Consider the downlink scenario in a cellular network shown
in Figure 1, where a single BS is deployed. Specially, the BS
is located at the origin of a disk with radius R and the BS is
equipped with a uniform linear array, which has Nt antennas.
The total available bandwidth B is divided into M orthogonal
subchannels. Meanwhile, the BS serves a set K of K single-
antenna UEs (K > M ). For simplification, each UE only
needs one subchannel to transmit.

A. Channel Model

As shown in Figure 1, the location of UE k is characterized
by (dk, θk), where dk is the distance between uk and the BS,
and θk ∈ (−π, π) is the angles of departure (AOD) of UE
k, seen from the broadside direction of the transmit antenna
array, i.e., the physical direction of the line-of-sight (LOS)
path. The channel vector with complex coefficients between
the BS and UE k in the c-th beamspace on m-th subchannel
is defined as

hk,m =
�

PL(dk) · gk,m ∈ C
Nt×1,k∈K, (1)

where PL(dk) denotes the large-scale fading from BS to the
UE k. Furthermore, this paper assumes that the LOS path
exists in the intra-cell communication links, then vector gk,m

follows uncorrelated Rician fading [23], that is,

gk,m =
�

κ

κ+ 1
· a (θk) +

�
1

κ+ 1
· zk,m, k ∈ K, (1a)

where vector a (θk) = [1, e−j2πΔ sin(θk), · · · ,
e−j2π(Nt−1)Δ sin(θk)] is accounting for the LOS component; Δ
is the inter-antenna spacing in the unit of carrier wavelength,
and vector zk,m ∼ CN (0Nt , INt) follows i.i.d. complex
Gaussian distribution.

As a starting point, the spatial domain is coarsely divided
into B beamspaces according to the AoD of UEs (i.e., θk) [22].
The set of UEs associated with the b-th beamspace is denoted
as Bb, where

�B
b=1 Bb = K and Bb ∩ Bb� = ∅, ∀b, b� ∈

B. The UEs in different beamspaces have enough spatial

orthogonality. In contrast, the UEs within one beamspace
cannot sufficiently guarantee spatial orthogonality. Dividing
beamspaces can guide the formation of UE coalition through
avoiding certain UEs to multiplex multi-dimensional radio
resources with high utilization cost. In detail, UEs in dif-
ferent beamspaces can only share the same subchannel by
spatial-domain NOMA (beamforming), while two UEs in the
same beamspace can only share the same subchannel by
power-domain NOMA.

B. Cost-Aware MDMA for Individualized Service
Provisioning

1) Proposed MDMA Scheme: In this part, we design a
MDMA scheme,in which BS adaptively choose a suitable
multiple access mode for each UE based on their resource
conditions, constraints, QoS demands, as well as utilization
costs.

Firstly, this paper introduces the concept of UE coali-
tion, that is, several UEs with disparate multi-dimensional
resource constraints can coordinate as resource-sharing coali-
tions to utilize the same subchannel in a cost-effective and
less conflicting way. As shown in Fig. 2, there are four
multiple access modes for each UE, i.e., OMA mode, power-
domain NOMA mode, spatial-domain NOMA mode, and
hybrid multiple access mode. For instance, spatial-domain
NOMA mode would be applied in one subchannel if UEs
within the coalition have large separated AOD. Meanwhile,
power-domain NOMA mode could be used to serve the
near-UE and the far-UE with large channel gain difference,
where the number of users in each power-domain NOMA
pair is limited to 2 [24]. Furthermore, in hybrid multiple
access mode, UEs can share the same subcarrier by using
both spatial domain and power domain NOMA at the same
time.

Definition 1 (UE Coalition): BS chooses mutually benefi-
cial UEs into cooperative UE coalition, in which co-existing
UEs will share and utilize the same subchannel by preferred
multiple access mode to reduce potential radio resource utiliza-
tion costs. Specifically, all UEs are partitioned into a set N of
M coalitions according to the UE’s resource utilization costs,
hardware constraints, and perceived value of radio resources.
Specifically, the n-th UE coalition is defined as a UE set
Un, where ∪n∈NUn = K and ∩n∈NUn = ∅. In particular,
to describe the employed multiple access mode of UEs in n-
th coalition, a binary variable αn to denote if spatial-domain
NOMA is defined as,

αn =

�
1, if

�B

b=1
1{|Bb ∩ Un| ≥ 1} > 1,

0, otherwise.

where 1 {·} is the indicator function. Meanwhile, let βn = 1
denote if power-domain NOMA mode is used by UEs belong-
ing to the same beamspace; otherwise, βn = 0.

βn =
�

1, if ∃ b: |Bb ∩ Un| = 2, 1 ≤ b ≤ B,
0, otherwise.
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Fig. 1. Illustration of proposed multi-dimensional multiple access (MDMA) scheme, which can flexibly utilize multi-dimensional radio resources by forming
UE coalitions. For instance, UE4, UE5 and UE6 have disparate multi-domain resource constraints: i) UE5 and UE6 have high channel gain difference in
power domain but high spatial correlation; ii) UE4 has good orthogonality with UE5 and UE6 in spatial domain. Thus, BS organizes these three UEs as a
user coalition to share multi-dimensional resources cost-effectively, in which UE5 and UE6 are served by power-domain NOMA while UE4 is served by
beamforming.

Fig. 2. Candidate multiple access modes for UE coalition: Each UE can utilize the radio resource in OMA mode with very low utilization cost and
high-quality links, when the network traffic is low. With the increasing of network traffic, orthogonal radio resources are insufficient, UEs with less resource
sharing conflicts can be multiplexed by spatial and power domain NOMA.

Hence, there are four candidate multiple access modes for n-th
UE coalition to multiplex the same subchannel,

(αn, βn) =

⎧⎪⎪⎪⎨
⎪⎪⎪⎩

(0, 0) , if OMA is set
(1, 0) , if spatial domain NOMA is set
(0, 1) , if power domain NOMA is set
(1, 1) , if hybrid NOMA mode is set

2) Signal Transmission Model: Let sn,m denote the sub-
channel allocation indicator, where sn,m = 1, when m-th
subchannel is utilized by UE coalition n ∈ N ; otherwise,
sn,m = 0. Furthermore, each UE is assigned with a beam-
forming vector to exploit the gain in the spatial domain. Let
vk ∈ CNt×1 denotes the beamforming vector from BS to
UE k. Herein, zero-forcing beamforming is used to serve
UEs associated with different beamspaces, while UEs in the
same beamsapce will share by the same beamforming vector.
Then, the signal-to-interference-plus-noise rate (SINR) of UE
k ∈ Un on m-th subchannel is expressed as:

γk,m =
pk|hH

k,mvk|2
Ik,m+N0

, if sn,m = 1, (2)

where pk denotes the downlink transmission power of k-th UE,
term N0 is the additive Gaussian noise on each subchannel,
and term Ik,m in the denominator of the SINR represents the
non-orthogonal interference. As illustrated in Figure 2, there
are four kinds of interference situations,

Ik,m =

⎧⎪⎪⎪⎨
⎪⎪⎪⎩

0, if OMA mode,
IPD
k,m, if power domain NOMA mode,
ISD
k,m, if spatial domain NOMA mode,
IPD
k,m + ISD

k,m, if hybrid NOMA mode,

In the case of the OMA mode, there is no additional inter-
ferences, i.e., Ik,m = 0. In the case of power-domain NOMA
mode, the SIC receiver of “near-UE” k can cancel the inter-
ference from “far-UE” with lower channel gain. Then, the
interference in power-domain (PD), IPD

k,m, is

IPD
k,m =

�B

b=1
1{k ∈ Bb} ·

�
i∈Sk

pi

��hH
k,mvi

��2 , (2a)

where 1 {·} is the indicator function and Sk =
{i|i ∈ Un∩Bb, 
hi,m
2 > 
hk,m
2} is the UE who has
better channel gain than UE k. In the case of spatial-domain
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NOMA mode, ISD
k,m is the non-orthogonal interference in the

spatial-domain (SD), caused by the UEs in other beamspaces,

ISD
k,m =

�B

b=1
1{k /∈ Bb} ·

�
i∈Un∩Bb

pi

��hH
k,mvi

��2 , (2b)

Moreover, in the case of the hybrid NOMA mode, it will cause
the non-orthogonal interferences in both spatial and power
domains.

Therefore, the data rate of UE k in n-th UE coalition can
be expressed as,

rk =
�M

m=1
sn,m · B

M
log2 (1 + γk,m), k ∈ Un. (3)

3) Divergent Recourse Constraints Experienced by Each
UE: The proposed MDMA scheme aims to encourage UEs to
explore multi-dimensional radio resources through the selec-
tion of multiple access modes. However, the utilization of
radio resources in different dimensions comes at different
costs of computational complexity, subject to heterogeneous
hardware constraints. Specifically, in NOMA modes, UE will
suffer from the non-orthogonal interference caused by the
partially overlapped signal in the spatial-domain, the power-
domain, or both, which inevitably induces additional power
consumption of UEs for interference mitigation. Therefore,
we have the following definitions of the utilization costs and
resource constraints at the UE side.

i). Radio resource utilization cost of UE. Firstly, the
power-domain NOMA requires the SIC processing at the
“near-UE” (with strong channel gain), which leads to extra
complexity and power consumption at the receiver [20]. The
utilization cost to the power-domain NOMA for the “near-UE”
is inversely proportional to the experienced SINR in the SIC
prodecure [11]. For UE k ∈ Un on m-th subchannel, if UE k
has strong channel gain in the power-domain NOMA pair, its
utilization cost for SIC is defined as

ψPD
k,m =

�B

b=1
1{k ∈ Bb} ·

�
i∈Xk


ρ0 − ρ1 lg

�
γsic

k,m

��
,

if sn,m = 1 and βn = 1. (4)

where term ρ0 denotes the constant cost of SIC processing,
Xk = {i|i ∈ Un∩Bb, 
hk,m
2 > 
hi,m
2} is the UE who
has worse channel gain than UE k, ρ1 is the positive scalar,
and γsic

k,m denotes the SINR experienced by UE k, when UE
k detects the signal of UE i, i.e., “far-UE,” in presence of
interference from its desired signal, that is,

γsic
k,m =

pi|hH
k,mvi|2

pk|hH
k,mvk|2 + ISD

k,m +N0
.

As we can see, ψPD
k,m is an increasing function of the inverse

SINR, i.e., (γsic
k,m)−1. Besides, only the UE with strong chan-

nel gain has the additional cost by the SIC processing. Thus,
the far-UE, which does not perform SIC, has no additional
utilization cost in the power domain.

Secondly, for the case of spatial-domain NOMA, the high
spatial correlation between desired signal and interference
signal makes it costly for the UE side to distinguish the
overlapped signals in the spatial domain [21]. The utilization
cost of the spatial domain is determined by the spatial corre-
lation among UEs in different beamspaces sharing the same

subchannel. For UE k ∈ Un on m-th subchannel, the spatial
domain non-orthogonality of this UE is defined as

ψSD
k,m =

�B

b=1
1{k /∈ Bb}

·
�

i∈Un∩Bb

ρ2 ·

���hH
k,mhi,m

���

hk,m
2 · 
hi,m
2 ,

if sn,m = 1 and αn = 1 (5)

where term ρ2 is a positive scalar related to the additional
costs of using spatial domain NOMA at the receiver. Then,
we quantify the utilization costs of radio resource with respect
to the non-orthogonality in both power and spatial domain,

Definition 2 (Multi-Dimensional Radio Resource Utiliza-
tion Cost at UE Side): In UE coalition n ∈ N , the corre-
sponding utilization cost of UE k ∈ Un is defined as

gk =
�M

m=1
sn,m · gk,m

=
�M

m=1
sn,m ·

�
αm · ψPD

k,m + βm · ψSD
k,m

�
, (6)

If coalition n utilizes m-th subchannel by OMA mode, the
utilization cost of UE k ∈ Un is zero.

ii). Hardware Constraints of UE. Ideally, all UEs are
expected to be equipped with compatible processing capabil-
ities and functionalities for different multiple access modes.
However, in practice, different UE has diversified processing
capabilities and limitations, which may restrict UE’s selection
on specific multiple access modes. Particularly, power-domain
NOMA requires “near-UE” (i.e. UE with strong channel gain)
to perform SIC. However, the SIC capability is not universally
exist considering the heterogeneity of device type.

In this paper, assume that the UEs with SIC capability
as set Ksic and the UEs without SIC capability as Kno−sic,
where Ksic ∪ Kno−sic = K,Ksic ∩ Kno−sic = ∅. If UE k
in n-th UE coalition does not possess SIC ability, it cannot
be selected as the “near-UE” in the power-domain NOMA
pair. This hardware constraint can be mathematically in C1,
as shown at the bottom of the next page.

C. Problem Formulation

1) UE’s perceived Value of Radio Resource: In principle,
we aim at optimizing the UE’s perceived value of radio
resources, which are balancing two conflicting metrics for each
UE, that is, a) performance gain of communication service
(i.e., user’s satisfaction of QoS performance) and b) utilization
costs of multi-dimensional radio resources. For UE k ∈ Un,
its cost-aware utility function is defined as

uk = rk/Rmax − wk · gk, k ∈ Un, (7)

where Rmax is the ideal data rate of UE k that experiencing
no inter-user interference with given SNR 30 dB. We use the
fraction of rk and Rmax to reflect the performance gain of
communication service, that is, the level of user satisfaction.
On the other hand, wk is the weighting factor to the radio
resource utilization cost gk. For instance, if UE k is energy-
sensitive (e.g., limited battery), wk will be set to a high value
to restrict the energy consumption at the receiver. In this case,
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UE k will prefer OMA mode than NOMA modes to avoid
high resource utilization costs.

Remark: It should be noted that the same subchannel might
worth different utility values, i.e., formula (7), to different
UE of different coalitions. By exploiting this feature, we can
utilize multi-dimensional radio resources more efficiently and
opportunistically for individualized QoS provisioning.

2) Target Problem: From the service-provisioning perspec-
tive, the proposed MDMA scheme should satisfy the distinc-
tive recourse constraints and QoS requirements from each
UE. In this paper, the overall objective is to maximize the
total sum of UE’s utility function subject to the hardware and
resource constraints of UE. Thus, it can be formulated as a
maximization optimization problem,

P : max
Ω

��
n∈N

�
k∈Un

uk

�
s.t.: C1 :

�
k∈Un

�B

b=1

�
i∈Un∩Bb

1{k ∈ Kno−sic} ·
1
�
hk,m
2 > 
hi,m
2

�
= 0, ∀n ∈ N ,

C2 : 1 ≤ |Un| ≤ Lmax,∪M
n=1Un = K,∩M

n=1Un = ∅,

C3 :
�M

m=1
sn,m = 1, sn,m = {0, 1} , ∀n ∈ N ,

C4 : Rth ≤ rk ≤ Rmax, ∀k ∈ K,
C5 :

�
k∈K pk ≤ Pmax,

where Ω = {(Un, αn, βn), sn,m, pk} is UE coalition forma-
tion, multiple access mode selection, subchannel, and power
allocation. Constraint C1 is the hardware constraints of UE.
C2 restricts the UE coalition, that every coalition can have
at lest one UE and at most Lmax UEs. C3 allows every UE
coalition is allocated to one subchannel. C4 ensures that data
rate of UE k is between the minimum data rate for requirement
satisfaction (i.e., Rth) and the ideal data rate (i.e. Rmax).
C5 ensures the total transmit power will not exceed maximum
power of BS.

III. PROPOSED SOLUTION FOR TARGET PROBLEM

The target problem P is NP-hard due to its mixed-integer
objective function and complicated constraints. To deal with
its NP-hardness, problem P is divided into two sub-problems,
which are solved separately in two stages. Firstly, based on
the aforementioned MDMA scheme, heterogeneous UEs with
diverse QoS requirements and inherent hardware constraints
are coordinated to share and utilize the same subchannel in
a flexible way, which can greatly improve overall resource
utilization efficiency. However, UEs who share the same
subchannel suffer from a certain amount of non-orthogonal
interference due to the existence of resource sharing conflicts.
Therefore, we initiate problem-solving strategy by creating UE
coalitions with consideration of UEs’ location information,
which aims to group multiple UEs with acceptable intensity
of radio resource sharing conflicts as a coalition. Secondly,
in stage II, according to real-time CSI, we jointly allocate

subchannel and power to UEs to maximize the total sum of
UE’s utility function.

A. Stage I–UE Coalition Formation

By building a mutually reciprocal paradigm, UEs in the
same coalition will not only meet individual QoS require-
ments, but more importantly, yield acceptable radio resource
utilization costs with suitable multiple access modes.

However, the resource utilization cost defined in (6) is
determined by three factors, that is, real-time radio resource
allocation scheme, real-time channel conditions and hardware
capabilities of co-existing user devices. The calculation of
resource utilization cost requires real-time radio resource allo-
cation scheme and real-time channel conditions as input. This
characteristics makes UE coalition formation intractable. To
deal with this issue, the UE coalition formation problem is
formulated as P1, where g̃n

k represents the intensity of radio
resource sharing conflict experienced by UE k when it joins
coalition n ∈ N . Specifically, the intensity of radio resource
sharing conflict of UE k ∈ Un is defined as an approximation
of radio resource utilization cost (6) in Definition 2, that is,
which is only based on location information of UE (dk, θk).
Remark: The main motivation of UE coalition stage is to
reduce the potential UE-specific radio resource utilization cost.
In this stage, the radio resource utilization cost defined in (6)
is approximated by a new metric, referred to as “intensity of
radio resource sharing conflicts” defined in formula (8), as
shown at the bottom of the next page, which are purely based
on the long-term channel features, i.e., location information
(dk, θk), and hardware capabilities of UEs. Then, BS organizes
UEs with low intensity of radio resource sharing conflicts as a
coalition. Specifically, the cost to the power-domain NOMA,
i.e., ψPD

k,m in (4), is an increasing function of the inverse SINR
at the SIC receiver, i.e., (γsic

k,m)−1. In formula (8), the SINR
γsic

k,m is approximated by using path-loss information of power-
domain NOMA pair, which is expressed by

γsic
k,m ≈

PL(dk)
PL(di) +N0/Pmax

,

where PL(dk) and PL(di) are “near-UE” k and “far-UE” i.
By using this approximation in (8) as the objective function of
problem P1, BS can choose multiple UEs with low intensity
of conflicts in the power-domain or spatial domain as a UE
coalition, in which the potential utilization cost is strictly
restricted to a satisfied level.

Furthermore, the intensity of radio resource sharing conflicts
defined in (8) are only based on the long-term channel features,
i.e., location information (dk, θk), and hardware capabilities
of UEs. Normally, in cellular networks, the user devices,
e.g., pedestrian mobility, vehicular mobility in urban scenario,
and static sensors in the factory, do not have high mobility
speed [25]. As a result, the location information typically
changes at a slow timescale (e.g., tens of milliseconds), the

�
k∈Un

�B

b=1

�
i∈Un∩Bb

1{k ∈ Kno−sic} · 1
�
hk,m
2 > 
hi,m
2

�
= 0, ∀n ∈ N . (C1)
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coalition formation can be executed in a coarse time granular-
ity instead of each slot [26].

1) Matching Problem Formulation for UE Coalitions: In
this part, a set of coalitions that may differ in terms of their
capacity and multiple access mode will be formed by various
UEs. Each UE can be allocated to only one coalition of
which the resultant resource sharing conflict and performance
gains should satisfy individual requirements. Hence, the UE
coalition formation process in problem P1 can be treated
as a multi-dimensional stable roommate (MD-SR) problem,
where individual agents have to be allocated to dynamically
sized rooms and have diversity preferences over their potential
roommates [27]. In this respect, matching theory demonstrates
its effectiveness when coping with heterogeneous UEs, each of
which has its own type, objective, and constraint. To elaborate,
the two disjoint sets of UEs (K) and coalitions (N ) are con-
sidered as agents and rooms. Each UE (agent) chooses to join
coalition (room) according to their diverse tolerance on the
radio resource sharing conflict in each coalition. As formulated
in problem P1, each UE tends to select and form the coalition
which brings about the lowest radio resource sharing conflict.
Before solving problem P1, we first present the definition of
matching as below:

Definition 3 (Coalition Formation): The coalition forma-
tion can be achieved and expressed by a two-sided many-to-
one matching Π. Mathematically, matching Π is a partition
of K into N disjoint un-ordered sets, i.e., the UE coalitions
N = {U1,U2, . . . ,Un}. Let Π(k) denote UE k’s matched
coalition in Π, then we have Π(k) ⊆ N , ∀k ∈ K and
Π(n) ⊆ K, ∀n ∈ N . The cardinality of coalition Un, |Un|,
is endowed with l ∈ N+, satisfying 1 ≤ l ≤ Lmax.

During the coalition formation process, we use prefer-
ence relation to describe the interactions between UEs and
coalitions. As mentioned before, UEs in the same coalition
will have radio resource sharing conflicts that induce radio
resource utilization cost in Definition 2. Each UE k ∈ K
uses preference relation k to rank the matched coalitions in
strict order of resource-sharing conflicts. Therefore, UEs aim
to choose certain peers that will introduce the least inherent
resource sharing conflicts to form the coalition. On the other
hand, constraint C̃1 and C2 in P1 restrict the coalition
formation process. If a group of UEs violate C̃1 or C2, they are
not allowed to form a UE coalition and defined as forbidden
coalition. In detail, a binary variable xn is used to denote the
feasibility and validity of coalition n, xn = 1 indicates n-th
coalition violates constraint C̃1 or C2. Considering the cases
of forbidden coalition, UE k prefers coalition n to another

coalition n�, if g̃n
k < g̃n�

k and xn = 0 are simultaneously
satisfied, that is,

n k n
� ⇔ g̃n

k < g̃n�
k and xn = 0, k ∈ K.

The corresponding MD-SR problem P1 is proved to be
NP-complete [28]. Hence, a heuristic two-phase matching
algorithm has been adopted to obtain a feasible coalition
formation and achieve exchange stability.

2) Matching Algorithm Design for Coalition Formation:
Due to the coexistence of diversity preference and forbidden
coalitions, the objectives of matching algorithm design will
not only focus on the establishment of a feasible solution, but
also on the realization of matching stability and optimality.
Hence, the first phase in the designed algorithm aims to obtain
a feasible and valid coalition formation Π, i.e., there is no
forbidden coalitions and all UEs/coalitions are matched.

a) Phase I : Firstly, according to the preference relation,
UEs will compete to monopolize each coalition which always
leads to OMA mode with zero resource sharing conflict.
However, since the number of all UEs, K , is larger than the
number of coalitions, N , this will make certain UEs remain
unmatched and such coalition formation results cannot be
validated. Denote Nempty ⊆ N as the set of empty coalitions
that have not been populated by any UEs, and NC as the
complementary set of Nempty, where Nempty ∩ NC = N .
Initially, UEs will be assigned to a random coalition available
in Nempty if Nempty �= ∅. Otherwise, UEs will have to search
for the coalitions that occupied by other UEs, and pick the best
one that can bring lowest radio resource sharing conflicts with
no forbidden coalition,

Nn∗ = argmin{n∈NC} {wk · g̃n
k }, xn∗ = 0. (9)

This phase terminates when all UEs and coalitions are
matched. Both the obtained coalition formation Π and multiple
access mode parameters (αn, βn) for each Un will be returned
to the next phase.

b) Phase II : In the UE coalition formation process, tem-
porary matching result is unstable as some UEs may still
prefer other coalitions to their current UE coalition. Thus,
we introduce the concept of “rotation sequence” to better
describe the inter-dependency of each UE’s selection over indi-
vidual coalitions to further optimize and stabilize the coalition
formation result. We then utilize the inter-dependency of each
UE’s selection over individual coalitions to further optimize
and stabilize the coalition formation result. Specifically, a
rotation sequence is adopted here with two major purposes.

P1 : min
{Un,αn,βn}

��
n∈N

�
k∈Un

wk · g̃n
k

�
s.t.: C̃1 :

�
k∈Un

�B

b=1

�
i∈Un∩Bb

1{k ∈ Kno−sic} · 1{PL(dk) > PL(di)} = 0, ∀n ∈ N ,C2,

g̃n
k = ρ0 − ρ1 ·

�B

b=1
1{k ∈ Bb} ·

�
i∈Un∩Bb

1{PL(dk) > PL(di)} · lg
�

PL(dk)
PL(di) +N0/Pmax

�

+ ρ2 ·
�B

b=1
1{k /∈ Bb} ·

�
i∈Un∩Bb

���a (θk)Ha (θi)
���, (8)
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It exchanges some UEs’ matching relations with their current
UE coalitions and generate new UE coalitions.

i) Select a certain number of UEs and exchange their
coalitions in a cyclic-shift pattern:

Definition 4 (Rotation Sequence): Rotation sequence ξs is
defined by a subset of UEs Kr ⊆ K and current coalition
formation Π,

ξs = {[Kr,1,Π(Kr,s+1)] , [Kr,2,Π(Kr,s+2)] ,
· · · , [Kr,S ,Π(Kr,s)]} ,

1 ≤ s ≤ S − 1,

where Kr = {Kr,1,Kr,2, . . . ,Kr,S}, |Kr| = S ≥ 2 indicating
that there are a total of S selected UEs in the subset, and
s is the index in rotation sequence ξs used to define the re-
matching relations. For instance, ξs means that UE of Kr,1 is
rotationally shifted to its s-th contiguous neighbor’s coalition
Π(Kr,s+1).

ii) Create traversal for the rotated coalition formation
results as an endeavor to reduce the total weighted resource
sharing conflicts among all UEs, i.e.,

�
n∈N

�
k∈Un

wk · g̃n
k .

In detail, given a particular UE subset Kr with length of S,
there will be at most S−1 possible valid coalition formations
in contrast to the original one Π. Denote the rotated new
coalition result as ΠKr ,ξs and the case of s = S will not be
considered since ΠKr,ξs will become the same as the original
Π. Hence, we can take advantage of the rotation sequence to
reach optimality in an iterative way: for each selected Kr and
ξs, we compare the weighted resource sharing conflict sum
of each valid coalition formation and keep record of the best
performance, which is given by

ΠK∗
r ,ξs∗ = argmin{1≤s≤S−1}

�
n∈N

�
k∈Un�

{wk · g̃n
k}.

This process will continue until we have traversed all rotation
sequences with no further improvement. The final coalition
formation result in the rotation phase should converge to
a local optimal point such that stability is achieved. This
prodecure is presented in Algorithm 1.

Proposition 1: Algorithm 1 can guarantee the exchange
stability [29] and converge to the local minimum point of
NP-hard problem P1 by the operations defined by rotation
sequences.

Proof: The detailed proof is discussed in the
Appendix A.

3) Computational Complexity: The overall complexity of
the designed matching algorithm has been analyzed with
respect to the total number of rotation operations. In Algo-
rithm 1, the establishment of a feasible solution takes K
iterations to allocate each UE, the complexity is dominated
by the rotation sequence process. Given the maximum number
of iterations Niter, the overall complexity of Algorithm 1 is
bounded by Niter · (S − 1) · CS

K ≈ O(Niter · KS), where
S ≥ 2. Specifically, the computational complexity can be
controlled by selecting an appropriate value of S, which
strikes a balance between the algorithm performance and the
acceptable computational complexity. In the implementation
of Algorithm 1, we recommend setting the value of S as 3.

Algorithm 1 Coalitional Matching Algorithm
Input : The set of UEs K, and set of coalitions N .
Output: A stable matching Π∗ for UE coalitions,

multiple access mode indicators {α∗
n, β

∗
n} for

each Un, n ∈ N .
1 Initialization: Set Nempty = N and NC = ∅. Set the
2 value for the size of UE subset Kr, denoted by S, and
3 record Gcost

Π as the total MD radio resource costs as
4 defined in P1 for each coalition formation Π
5 for k = 1 : K do
6 if Nempty �= ∅ then
7 Randomly assign k-th UE to monopolize a
8 coalition in Nempty

9 else
10 Find n∗ ∈ NC satisfying Equation (9) and
11 constraints C̃1, C2
12 Assign k-th UE to Un∗

13 Update UE assignment information for each Un and
14 record current coalition formation as Π.
15 Update Nempty and NC

16 while the new Kr
� has not been searched before do

17 for s = 1 : S − 1 do
18 if ΠKr ,ξs contains no forbidden coalition and
19 Gcost

ΠKr,ξs
≤ Gcost

Π then
20 Set Gcost

Π
∗ = Gcost

ΠKr,ξs

21 Record current matching result with respect to
ξs

22 Remove the examined Kr from the candidate list
23 Construct a new UE subset Kr

�

B. Stage II–Real-Time Multi-Dimensional Resource
Allocation

Upon deriving the UE coalition and its corresponding
multiple access mode (U∗

n, α
∗
n, β

∗
n), the original problem P is

reduced to a joint subchannel and power allocation problem,
which is given by

P2 : max
{sn,m,pk}

��
n∈N

�
k∈Un

uk

�
, s.t.: C3,C4,C5.

However, subproblem P2 is non-concave, since that the
achievable data rate, i.e. equation (4), in the objective function
is a difference of concave functions. For this reason, subprob-
lem P2 is difficult to solve efficiently for the global optimal
solution.

1) Subproblem Transformation: Following the idea in our
previous work [20], we restore to an efficient approxima-
tion method, referred to as successive convex approximation
(SCA) [30], and transform subproblem P2 into a concave
optimization problem.

Proposition 2 (Transformation of Problem P2): P2 can
be approximated by the following concave maximization
problem, where the transmit power of each UE pk is replaced
by an equivalent form, pk =

�M
m=1 sn,m · ezk,m , k ∈ Un

and term r̄k is the lower bound of the data rate of UE k in
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equation (4), that is

r̄k =
�M

m=1
sn,m · B

M
· [aklog2 (γk) + bk] ≤ rk, k ∈ Un.

(10)

Herein, the constants {ak, bk} are chosen as specified bellow,

ak =
γth

k

1 + γth
k

, (10a)

bk = log2

�
1 + γth

k

�− γth
k

1 + γth
k

log2

�
γth

k

�
, (10b)

where γth
k = 2MRth/B − 1 is the lower bound of SINR for

UE k.
Proof: Firstly, we consider a relaxation of achievable data

rate in equation (4) to avoid the structure of difference of
concave functions. We make use of SCA to derive inequal-
ity (10). Furthermore, to strictly guarantee constraint C4, the
lower bound of data rate, r̄k , is tight at r̄k = Rmax

k when
constants {ak, bk} are selected above. In the lower bound,
r̄k, let us replace the transmit power of each UE, pk, by a
equivalent form pk =

�M
m=1 sn,m · ezk,m , k ∈ Un. Then, r̄k,

is concave with respect to variables {sn,m, zk,m},

r̄k =
�M

m=1
sn,m · B

M
·�

aklog2

���hH
k,mvk

��2� + zk,m − log2 (Ik,m+N0) + bk

�
,

since r̄k is composed by a sum of linear and concave terms
(log-sum-exp is convex) [31]. In the same way, −wk · gk,m

is also a linear or concave function under all kinds of
multiple access modes. Therefore, apply r̄k to subproblem
P2, we can obtain an standard concave maximization prob-
lem P̃2, as shown at the bottom of the page, in variables
{sn,m, zk,m |∀n ∈ N , k ∈ Un,m ∈ M}.
P̃2 is a concave maximization problem that can be solved

by convex optimization approaches.
2) Lagrange Dual Decomposition Method for Solving Sub-

problem P̃2: Although subproblem P̃2 is concave, P̃2 is
a mixed-integer optimization problem, which is hard to be
solved. Therefore, to utilize the Lagrange dual decomposition
method, we first form the partial Lagrangian of P̃2 without
considering constraint C3, which is defined in (11), as shown
at the bottom of the next page, where η = {ηk, ∀k} is
the Lagrange multiplier vector associated with the data rate
constraints of each UE in inequality C4, and ν is the Lagrange
multiplier related to the maximum transmission power of BS
in constraint C6.

Then, the Lagrange dual function J(η,μ, ν) is derived by
solving the following problem,

J (η,μ, ν) = max
{sn,m,zk,m}

L(η,μ, ν, {sn,m, zk,m}),
subject to C3. (12)

Therefore, now the key point is to derive the value of
Lagrange dual function J(η,μ, ν) by solving problem (12).
The basic track of solving problem (12) is as follows: Firstly,
without considering constraints in problem (12) and setting
sn,m = 1, ∀n,m, then problem (12) can be decomposed into
M2 individual problems, which is defined in (12a), as shown
at the bottom of the next page.

If the m-th subchannel is assigned to the n-th UE coalition,
then the optimal power allocation of UEs in coalition n
can be obtained by solving problem (12a). Then, considering
constraint C3, the optimal solution to problem (12) and dual
function value J(η,μ, ν) can be obtained.

Proposition 3: Given the multiple access mode indi-
cators {α∗

n, β
∗
n} for coalition Un, the optimal solution

{z∗k,m |k ∈ Un } to problem (12a) is represented by,
• if α∗

n = 1 and β∗
n = 0 (i.e., power-domain NOMA mode

is chosen for Un), then we have equation (13a) and (13b),
as shown at the bottom of the next page, where γmax =
2MRmax/B − 1.

• if α∗
n = 0 and β∗

n = 0 or 1 (i.e., OMA or spatial-domain
NOMA mode is chosen for Un), then we have the
following fixed-point equation,

ez∗
k,m =

Dk

ν +
�

i∈Un\{k}
Gi,k,m · γi,m · e−z∗

i,m
, (14)

where constants Dk and Gi,k,m are defined to simplify
the notation,

Dk =
1

ln 2
·
�

1
Rmax

+ ηk − μk

�
· B
M
· ak, (14a)

Gi,k,m

=
1

ln 2
·
�

1
Rmax

+ηi − μi

�
· B
M
· ai ·

��hH
i,mvk

��2��hH
i,mvi

��2 .
(14b)

• if α∗
n = 1 and β∗

n = 1 (i.e., hybrid NOMA mode is
chosen for Un), then we have (15), as shown at the bottom
of the next page, where constants Ek, Fi,k,m, Gi,k,m

and Vi,i�,k,m are defined as (15a)-(15h), as shown at the
bottom of the next page.

Proof: The temporary optimal solution z∗k,m can be
calculated as follows by setting the gradient of the objective

P̃2 : max
{sn,m,zk,m}

��
n∈N

�
k∈Un

�
r̄k/Rmax − wk ·

�M

m=1
sn,m · gk,m

��

s.t.: pk =
�M

m=1
sn,m · ezk,m , ∀k ∈ Un, n ∈ N ,

r̄k =
�M

m=1
sn,m · B

M
· [ak,mlog2 (γk,m) + bk,m], ∀k ∈ Un, n ∈ N ,

C3,C4 : Rth ≤ r̄k ≤ Rmax, ∀k ∈ K,C5,
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function in (12a) to be zero. Hence, we can obtain the
fixed-point equation (14). Then, optimal allocation power
can be updated iteratively with the fixed-point equation (14),
in which convergence is easily guaranteed since the right-hand
side of (14) is a standard interference function [32].

After obtaining the optimal solution to individual prob-
lems (12a) based on Proposition 3, we can derive the value
of Lagrange dual function J(η,μ, ν),

Proposition 4 (Optimal to Problem (12)): Firstly, the
optimal subchannel allocation for UE coalitions with fixed
(η,μ, ν) can be decided based on the following criterion,

s∗n,m = arg max{n�∈N ,1≤m�≤M}
��

n�,m� Jn�,m� (η,μ, ν)
�
,

subject to C3,

which fits a maximum weight matching for bipartite graphs
and can be solved by the Hungarian algorithm. Then, the

corresponding power allocation of UEs in each coalition can
be given by

p∗k =
�M

m=1
s∗n,m · exp

�
z∗k,m

�
.

In this way, the corresponding dual problem to the original
problem P̃2 is

min
η,μ,ν

{J (η,μ, ν)} , subject to η ≥ 0,μ ≥ 0, ν ≥ 0. (16)

By solving problem (16), we can obtain the optimal value
for P̃2 because of the strong duality. Since the dual function
J (η,μ, ν) is the point-wise infimum of a set of affine func-
tions of Lagrange multipliers, it is a typical concave function,
which can be solved by standard sub-gradient method.

Since the corresponding dual problem (16) to the original
problem P̃2 is convex, it can be solved by using sub-gradient
iteration method [31]. For readers’ convenience, the processes

L(η,μ, ν, {sn,m, zk,m}) =
�

n∈N

�
k∈Un

�
r̄k/Rmax − wk ·

�M

m=1
sn,m · gk,m

�
+

�
n∈N

�
k∈Un

[ηk · (r̄k −Rth)− μk · (r̄k −Rmax)]

− ν ·
��

n∈N

�
k∈Un

�M

m=1
sn,m · ezk,m − Pmax

�
, (11)

Jn,m (η,μ, ν) = max
{zk,m|k∈Un }

�
k∈Un

�
(1/Rmax + ηk − μk) · B

M
· aklog2 (γk)− ν · ezk,m − wk · gk,m

�
,

∀n ∈ N , 1 ≤ m ≤M. (12a)

ez∗
k,m =

⎧⎪⎪⎪⎪⎪⎨
⎪⎪⎪⎪⎪⎩

min

�
γmax · (N0)
|hH

k,mvk|2 ,
Dk

ν

�
if k is near UE in the power domain NOMA pair,

min

�
γmax · (IPD

k,m +N0)
|hH

k,mvk|2 ,
Dk

ν

�
, if k is far UE,

(13a)

(13b)

ez∗
k,m =

Dk + Ek

ν +
�

i∈Un\{k}
(Fi,k,m · γsic

k,m +Gi,k,m · γi,m) · e−z∗
i,m +

�
(i,i�)∈Un\{k}

Vi,i�,k,m · γsic
i,m · e−z∗

i�,m
, (15)

Ek =

⎧⎨
⎩
ρ1wk

ln 10
, if k is the far UE in a power domain NOMA pair,

0, otherwise,

(15a)

(15b)

Fi,k,m =

⎧⎪⎪⎨
⎪⎪⎩
ρ1wk

ln 10
· |h

H
k,mvk|2

|hH
k,mvi|2

, if k is near UE and i is far UE in a power domain NOMA pair,

0, otherwise,

(15c)

(15d)

Gi,k,m =

⎧⎪⎪⎨
⎪⎪⎩

0, if k is far UE and i is near UE in a power domain NOMA pair,

1
ln 2
· (1/Rmax + ηi − μi) · B

M
· ai ·

|hH
i,mvk|2

|hH
i,mvi|2

, otherwise,

(15e)

(15f)

Vi,i�,k,m =

⎧⎪⎪⎨
⎪⎪⎩
ρ1wk

ln 10
· |h

H
i,mvk|2

|hH
i,mvi� |2

, if (i, i�) is near and far UE in a power domain NOMA pair,

0, otherwise.

(15g)

(15h)
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Algorithm 2 Joint Subchannel and Power Allocation to
UE Coalitions
Input : UE Coalition, {(U∗

n, α
∗
n, β

∗
n), ∀n} and channel

conditions of each UE, {hk,m, ∀k,m}
Output: subchannel allocation of UE coalition

{s∗n,m, ∀n,m}, and power allocation of each
UE {p∗k, ∀k}.

1 Initialization: Set iteration index t = 0. Choose ν(0)
min and

2 ν
(0)
max and set ν(0) = 0 and tolerable error .

3 Set Lagrange multiplier vectors η = μ = 0.

4 while |ν(t)
max − ν(t)

min| >  do
5 while |J (t) − J (t−1)| >  and t ≥ 1 do
6 By using Proposition 3 and Proposition 4,
7 solve Problem (12) obtain the optimal solution
8 {s∗n,m, p

∗
k} with fixed value of Lagrange

9 multipliers {η,μ, ν(t)}.
10 Set J (t) ← J

�
η,μ, ν(t)

�
11 Update η, μ using the subgradient method,
12 ηk ← ηk −Δ · (r∗k −Rth) , ∀k ∈ Un, n ∈ N ,
13 μk ← μk−Δ ·(Rmax− r∗k) , ∀k ∈ Un, n ∈ N ,
14 where Δ is the stepsize.

15 if
�

k∈K p
∗
k ≤ Pmax and t == 0 then

16 Break

17 Update ν by ν(t+1) ← [ν(t)
max + ν

(t)
min]/2.

18 if
�

k∈K p
∗
k > Pmax then

19 ν
(t+1)
min ← ν(t+1)

20 else
21 ν

(t+1)
max ← ν(t+1)

of solving P̃2 are presented in Algorithm 2. Finally, we solve
problem P̃2 and obtain the optimal UE coalition formation,
multiple access mode selection, subchannel, and power allo-
cation scheme, Ω∗ =

�
(U∗

n, α
∗
n, β

∗
n), s∗n,m, p

∗
k

�
.

3) Computational Complexity: In conclusion, for solving
Problem P2, the computation complexity of each iteration in
Algorithm 2 is divided into three parts: a) using Lemma 3
to solve problem (12a), which involves M2 parallel streams;
b) using Proposition 4 to perform subchannel and power
allocation under given Lagrange multipliers η, μ and ν;
c) the update of Lagrange multipliers η, μ and ν. The main
complexity of Algorithm 2 is induced by part a) and b), which
makes the computation complexity of Algorithm 2 is upper
bounded by O �

M2 · Lmax +M3
�
.

IV. SIMULATION RESULTS AND ANALYSIS

A. Simulation Setup

In this section, a system-level simulation platform is imple-
mented. Simulation results are provided in this section to eval-
uate the proposed multi-dimensional multiple access scheme.
For simulation parameters and deployments, we consider a
single cell and set the maximum transmit power of BS as
33 dBm, the bandwidth of subchannel as 2 MHz, the number
of subchannels as 12, noise variance as -140 dBm/Hz and the

Fig. 3. CDF of UE’s cost-aware utility function defined in (7), which can
reflect the cost-efficiency of service provisioning. The higher value of the
utility function means that the multiple access scheme can achieve the satisfied
QoS performance with less utilization cost of UE. As we can see, the proposed
MDMA scheme significantly outperforms the baseline schemes.

maximum number of UEs of one coalition is 3. Moreover, the
default number of UEs is 25. Detailed simulation parameters
are in Table I.

To further evaluate the performance of proposed MDMA
scheme, This paper compares the performance of our scheme
with the following two baseline schemes:

• MIMO-NOMA: This scheme is realized by work [16],
in which all UEs are grouped into multiple clusters.
Within each cluster, UEs are sharing one common beam-
forming vector and served by power-domain NOMA.

• RSMA: Assuming several UEs sharing one subchannel,
BS splits part of each UE’s message (i.e., the private
message) into a common message, which is broadcast
for these UEs. The remaining private messages and
the constructed common message are transmitted via
SDMA. With the aid of SIC, each UE decodes the
common message, subsequently, the intended private
message is successively decoded and combined with part
of the decoded common message [10], [18]. Specifically,
to make RSMA match our framework, we assign UEs to
each subchannel following the paradigm in [22]. Com-
pared to MIMO-NOMA, RSMA provides more flexibility
in mitigating non-orthogonal interference.

Compared to our proposed scheme, the difference lies
in MIMO-NOMA and RSMA tries to utilize spatial and
power domain simultaneously without considering UE-specific
resource constraints and heterogeneous resource utilization
costs in different resource domain.

B. Experiment Result Analysis

Fig. 3 using the cumulative distribution function (CDF)
provides an overview of performance gain achieved by three
different multiple access schemes under the deployment
of 25 UEs. According to the obtained statistical information,
the averaged utility curves for RSMA and MIMO-NOMA
span from a minimal value of 0.22 to a ceiling of 0.64, and
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TABLE I

DEFAULT PARAMETER SETTINGS

Fig. 4. CDF of UE’s downlink throughput. In this paper, the QoS performance
is measured by the throughput of UE. The proposed MDMA scheme has better
QoS performance than baseline schemes, which means our proposed scheme
can better exploiting resource dimensions in frequency, spatial and power
domain to fulfill UE’s service demands according to the multi-dimensional
radio resource availability.

the latter from 0.23 to 0.54, respectively. As a contrast, the
proposed MDMA scheme significantly outperforms the form-
ers with distinguished numerical gains, which the increased
upper-bound can prove.

Fig.4 shows the CDF of downlink throughput (in bps/Hz)
experienced by UE. Firstly, the proposed MDMA scheme
has achieved the best results with a relatively small variance
in communication quality. Since the proposed MDMA can
strictly guarantee the data rate of UE is between the minimum
required data rate (Rth) and the ideal maximum data rate
(Rmax), the curve of MDMA has sudden rises at around
1.15 and 3.3 bps/Hz. Though RSMA and MIMO-NOMA
are both well-established multiple-access schemes that have
demonstrated great advantages in certain resource dimensions,
our proposed MDMA is proved to be capable of reaping mul-
tiple dimensional multiplexing benefits according to varying
network situations. In contrast, RSMA and MIMO-NOMA
use fixed multiple access mode for UEs under all kinds of
situations.

In the UE coalition formation stage of our proposed method,
its goal is to reduce the potential UE-specific radio resource
utilization cost by choosing multiple beneficial UEs to form
UE coalition. Specifically, the radio resource utilization (6)
is approximated by a new metric, referred to as “intensity

Fig. 5. CDF of “utilization cost gk” (i.e. actual value of utilization cost) and
“intensity of radio resource sharing conflicts g̃n

k ” (i.e., estimated utilization
cost).

Fig. 6. The CDF of objective function value of UE coalition formation
problem P1 with different matching algorithms under different number of
served UEs.

of radio resource sharing conflicts” defined in formula (8),
which are only based on the long-term channel features, i.e.,
location information (dk, θk). To validate the effectiveness of
our proposed approximation of the resource utilization cost,
we give new simulation result. As shown in Fig. 5, the intensity
of radio resource sharing conflicts can be seen as the upper
bound of radio resource utilization cost and the estimation
error (i.e., gk − g̃n

k ) is well controlled.
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Fig. 7. The performance of UE’s resource utilization cost defined in (6),
which is summation of the processing cost of using power-domain and spatial-
domain radio resources at the UE side under different multiple access modes,
network conditions, and hardware capabilities. Our proposed scheme has
lower utilization costs than baseline schemes, which use the fixed multiple
access modes and resource allocation strategy to deal with UE-specific
resource constraints and varying network conditions.

To evaluate the performance of Algorithm 1 for the UE
coalition formation, the state-of-art many-to-one matching
algorithm in related work [20] is chosen as the reference algo-
rithm. Furthermore, to evaluate the effectiveness of matching
algorithm, we choose the objective function of UE coalition
formation problem P1, which is the weighted sum of the
intensity of radio resource sharing conflict experienced by
each UE, i.e.,

�
n∈N

�
k∈Un

wk · g̃n
k . As shown in Fig. 6,

it shows the CDF of the objective function of P1 under
different user deployment scenarios (reflected by the number
of UEs). It shows that the CDF curve of proposed Algorithm 1
significantly outperforms the reference matching algorithm
in [20] under different number of UEs. The main reason is
that proposed Algorithm 1 can utilize the inter-dependency
of each UE’s selection over individual coalitions to further
optimize and stabilize the coalition formation result, refereed
to as “rotation sequence” in Section-III-(2). Then, more exper-
iments are carried out to analysis the detailed performance
of matching algorithm, which are summarized in Table I,

Fig. 8. Average UE’s downlink throughput of UE and utilization cost of
radio resources under different multiple access schemes with respect to the
number of served users. The results show our proposed scheme has the lowest
utilization cost and highest throughput (QoS performance), and its “cost-gain”
performance is robust to varying network traffic load.

our proposed algorithm has better performance than reference
algorithm, but at the cost of higher algorithm iteration number.

Fig.7-(a) evaluates the multi-dimensional resource utiliza-
tion costs under different multiple access schemes. Unlike
RSMA and MIMO-NOMA with the medium cost value up to
0.18 and 0.63, the utilization cost under our proposed scheme
remains lower values with an approximate average of 0.13.
As discussed in Section III-A, we designed a UE coalition
strategy to mitigate non-orthogonal interference resulted from
the multi-dimensional resource sharing and UE superposition,
the resource sharing conflicts are largely reduced within each
UE coalition. Hence, the proposed MDMA can adjust benefi-
cial multiple access mode for each UE coalition flexibly.

Meanwhile, Fig. 7-(b) shows a scatter plot of the average
utilization cost of UE in different domains during each simu-
lation drop. Specifically, RSMA and MIMO-NOMA schemes
are less effective in non-orthogonal interference mitigation
process. For MIMO-NOMA method, UEs in each cluster
experience aligned channel directions and a large disparity in
channel strengths, whereas UEs in different clusters experience
orthogonal channels. In consequence, some UEs located at
disadvantageous cell coverage areas may suffer from severe
interference. RSMA has a higher utilization cost than the other
two schemes due to the following three reasons: i). UE needs
to perform SIC to decode its private message, which will
increase the cost in the power-domain especially for UEs with
bad channel conditions; ii). The performance of RSMA is
also relied on the precoder design for broadcasting the com-
mon message. However, the precoder design is an intractable
problem; iii). The UE-subchannel (subcarrier) matching for
multi-carrier RSMA is still an open issue, since different
UE combinations for sharing one subchannel may induce a
tremendous performance difference.

Fig. 8 can be seen as a “cost-gain” comparison of several
multiple access schemes under different user deployment
scenarios, ranging from underloaded network situation to
overloaded (reflected by the number of UEs). Compared with
the SDMA and MIMO-NOMA, our proposed scheme has
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TABLE II

DIFFERENT MATCHING ALGORITHMS FOR UE COALITION FORMATION

the lowest utilization cost and highest throughput, and its
“cost-gain” performance is robust to varying network load
and situation-dependent resource conditions. The reason is that
RSMA and MIMO-NOMA use fixed multiple access mode for
UEs under all scenarios, which will induce insufficient usage
of the available multi-dimensional resource. It also shows that
it is necessary to intelligently adapt multiple access modes
of UE according to each user device’s specific demands and
specific resource situations. Overall, the result conforms to our
expectations of the proposed MDMA scheme.

V. CONCLUSION

This paper has proposed a new multi-dimensional multiple
access (MDMA) scheme to meet the specific QoS demands
and resource situations of each user in 6G wireless networks
cost-effectively. In our proposed scheme, each UE’s QoS
performance and resource constraints are jointly considered
in the UE’s cost-aware utility function. To maximize the
summation of all UEs’ utility functions, coexisting UEs with
diverse QoS heterogeneity and resource diversity can be
served efficiently. The formulated problem is separately in
two stages, that is, cost-aware multiple access mode selection
and multi-dimensional radio resource allocation. Based on
the two-sided many-to-one matching theory, the user-specific
multiple access mode is chosen to fully utilize the available
multi-dimensional resources with acceptable utilization costs
for users. The multi-dimensional radio resource allocation
problem is then solved with moderate complexity based
on convex optimization theory. Simulation results show that
the proposed scheme is more effective than state-of-the-art
schemes and outperforms them in both the users’ QoS perfor-
mance and multi-dimensional radio resource utilization cost.

APPENDIX

A. Proof of Proposition 1
Proof: To prove the convergence of the rotation process in

Algorithm 1, we denote the coalition formation result during
the λ-th iteration as Πλ without loss of generality. Provided
that ξ∗s is a valid and optimal rotation sequence under the same
selected Kr in (λ+ 1)-th iteration, which is equivalently to
Gcost

ΠKr,ξ∗s
≤ Gcost

Πλ
, then during the next round of iteration, the

coalition formation changes from Πλ to Πλ+1 and we have
Πλ+1 = ΠKr,ξ∗

s
. Therefore, the total resource sharing conflicts

is guaranteed to decrease after each rotation operation, and
it will ultimately terminate with a rotation sequence ξ∗s as
a convergence point. In other words, no any other rotation
operation can further reduce the utility value defined in P1.

The concept of exchange stability under rotation sequence
context presumes that the only possibility for deviation in cur-
rent coalition formation is that there still exists some switches

(i.e., UEs exchange their matched coalitions, or coalitions
swap their matched UEs) provided that such operations meet
the coalition criteria and can create a better-off situation for
any affected parties (UEs or coalitions). In our case, such
exchange can happen only if it satisfies constraint C1 as
well as C2, and meantime, provides an improvement for P1.
Otherwise, the coalition formation result is acknowledged
to achieve the exchange stability, which means no further
swap (i.e., S = 2) or even more complicated exchanges
(i.e., rotation sequence operations when S > 2) can be
performed to earn a lower value defined in P1. Given the
proved convergence of Algorithm 1, we can say that the final
coalition formation is deemed to be exchange-stable.
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