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Guest Editorial
Special Issue on Edge Intelligence for
Sustainable Smart Environments

HIS special issue, organized by Carlo Mastroianni,

Franco Cicirelli, Min Jia, Sabita Maharjan, and Ian Taylor,
offers a selection of excellent articles in the field of Edge
Intelligence and its exploitation for the design and develop-
ment of sustainable and smart environments. Edge Computing
is emerging due to the widespread availability of computational
resources, mobile devices, sensors and actuators that are per-
vasively deployed and today amount to more than 7 billion
interfaces in the network. Edge Computing enables the pushing
of computation to the edge of the network, away from data centers
and close to people and data sources. Edge Intelligence derives
from the convergence of Edge Computing with the exploitation
of artificial intelligence methodologies and cognitive technolo-
gies, involving sensing/actuation, learning and reasoning on
distributed data and Internet of Things (IoT) devices.

A new generation of smart environments, empowered with
Edge Intelligence capabilities, can assist the effective man-
agement of modern society by combining the development
of advanced services able to satisfy user needs and prefer-
ences dynamically, with urgently needed aspects, like better
exploitation of renewable energy sources, energy optimization,
environment sustainability, people’s safety, quality of life
and comfort. Edge Intelligence helps service provisioning,
computation and communications to become efficient, green
and sustainable in different ways, among which: (i) Edge
Intelligence can contribute to optimize data center usage and
reduce the amount of data needing to traverse the network,
leading to a reduction of energy consumption and carbon
emissions; (ii) applications enriched by Edge Intelligence can
satisfy user needs through a more sustainable use of environ-
mental resources; (iii) based on predictions performed by Edge
Intelligence algorithms, data and computation can be brought
closer to the sites where green energy is available.

At the end of the review process, 11 articles have been
accepted for publication in this special issue, out of 25 that
were submitted. In the following, to help the reader identify the
research works that are most interesting for him/her, the articles
are categorized into four classes: (i) articles on mobile edge
computing; (ii) articles on computing and communications with
unmanned aerial vehicles (UAVs) and drones; (iii) articles on
smart grids and (iv) articles covering various aspects of IoT
systems and Wireless Sensor Networks (WSNss).

Digital Object Identifier 10.1109/TGCN.2022.3148565

Mobile edge computing (MEC) is the main area of interest
of the first two articles included in this issue. [A1] starts from
the consideration that mobile edge computing has emerged
as a promising computing platform that can address the
problem of high bandwidth and low latency requirements of IoT
applications. The main role of MEC is to provide computing,
storage, network, and communication resources at the edge of
mobile networks, which help to decrease the energy consump-
tion of data centers and mobile devices as well as the network
load. The authors propose an energy consumption model for
MEC servers, based on intelligent learning approach, specifi-
cally on Elman Neural Network (ENN) and feature selection.
The accuracy of the model was trained on three different types of
tasks, i.e., CPU-intensive, Web transaction, and I/O-intensive,
and evaluated on several test datasets.

In [A2], the authors address the problem of efficiently sup-
porting Deep Neural Networks (DNN) intelligent applications
on mobile devices. Due to the challenges of insufficient com-
puting power and small storage space in mobile devices, the
DNN training is often demanded to the cloud or the edge
layer. When the client device is mobile, we first need to
determine which cloud/edge server(s) the client is connected
to, and then migrate the DNN model from the client to the
chosen server(s). The paper addresses the joint optimization
problem of DNN migration and DNN upload in a local-edge-
cloud collaborative environment. A set of experiments confirm
that the presented approach is suitable for large-scale DNN
parallelism in a multi-user local-edge-cloud environment with
limited computing resources.

The focus of the successive three articles is on computing
and communication issues in the application domain of UAVs
and drones. In [A3], hovering UAVs are considered, which
are in charge of collecting data coming from mobile sen-
sor nodes scattered in multiple data-collection areas. In this
scenario, various performance metrics are optimized jointly,
including: (i) the collected data’s age of information and the
signal to interference plus noise ratio, (ii) the data collection
areas’ completeness, and (iii) the mobile sensor nodes’ energy
consumption. The joint optimization problem is firstly formu-
lated, then a coalition formation game model is established.
To reach the Nash equilibrium of the game model, two algo-
rithms are proposed, which aim to optimize the mobile sensor
nodes’ coalition formation and their position, respectively.
Extensive simulation experiments are carried out in order
to assess the correctness and effectiveness of the proposed
algorithms.
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Irtija et al., [A4] introduces an energy-efficient edge com-
puting framework, which relies on approximate computing
and on the theory of satisfaction games. The goal is to col-
laboratively utilize Multi-access Edge Computing and Fully
Autonomous Aerial Systems (FAAS) to support the execution
of machine learning tasks on IoT computing nodes residing
in some areas of interest. The satisfaction games are used to
establish whether some of the nodes’ tasks should be offloaded
to an Edge server or to a FAAS hovering above the considered
areas. The decision is taken by considering latency, energy
consumption, and the acceptable inference level of the adopted
deep neural network. A distributed learning algorithm is also
introduced, in which the satisfaction equilibrium of the system
(obtained when all the IoT nodes satisfy their latency and
energy consumption constraints) is determined. The algorithm
determines the generalized satisfaction equilibrium, where part
of the nodes satisfy their constraints, while accepting that some
other nodes are unable due to the limitations on computing
resources.

Alsamhi et al., [AS] focuses on technological solutions
enabling drone edge intelligence in the domain of sustain-
able smart IoT environments. The research effort is devoted
to studying the synergy among drone management, Federate
Learning (FL) and blockchain technology. Drones can be used
as relay mobile stations to gather data from low-power short-
range IoT devices while enhancing their energy efficiency.
They can help to extend the network coverage, by improv-
ing the quality of service and moving computation capabilities
closer to the IoT devices. FL enables edge devices (i.e., drones)
collaboratively train a global model, while preserving data pri-
vacy. The blockchain technology ensures high-level security
and enables decentralization, thus supporting on-drone fed-
erate learning. The contribution of the article is threefold:
(1) it reviews existing work on blockchains and FL for green
and smart environments; (ii) it discusses the exploitation of
blockchains and FL to improve the smartness, connectivity
and energy efficiency of the IoT environment; (iii) it outlines
the challenges, opportunities and future trends regarding the
adoption of blockchains and FL in smart environments assisted
by drone edge intelligence.

Two articles highlight the support of edge computing to
the efficient management of smart grids. Xia et al., [A6]
focuses on fog computing-based smart grids, where a reliable
communication network is deployed in parallel to the power
transmission and distribution grid. In this context, a set of fog
nodes, connected to smart meters, enable the utility company
to dynamically obtain the electricity consumption data, and
adjust the price according to the dynamic needs of electricity
users. This helps to improve the balance of electrical load and
the efficiency of energy usage. This research work presents
an approach that allows the utility company to obtain more
fine-grained electricity data while protecting the privacy of
users. The smart meters and the fog nodes concur to structure,
encrypt and aggregate the electricity consumption data through a
super-incremental sequence matrix and a homomorphic Paillier
cryptosystem, which send the ciphertexts to the control center.
The control center decrypts the aggregated ciphertext to obtain
multi-dimensional and multi-angle electricity data, which is

accurate to the types of household appliances and energy
efficiency indexes.

Gunaratne et al., [A7] illustrates how the increasing
access to green and renewable energy, and the large num-
ber of distributed energy resources (DER) connected to the
grid, allow reducing the usage of fossil fuels and cut-
ting carbon emissions. A more refined management of the
grid is required, including the monitoring of environmental
parameters such as carbon footprint, temperature, weather con-
ditions. The presented approach, based on edge intelligence,
identifies the dynamic changes in the edge layer during the
local decision-making process. A Multivariate Exponentially
Weighted Moving Variance (MEWMYV) technique is used to
identify the subset of significant variables that are responsible
for the out-of-control signals during the monitoring process.

Four articles address various aspects of IoT systems and
WSN networks, where the exploitation of edge intelligence
can help to improve energy efficiency. In [A8], fog comput-
ing emerges as a viable solution for applications that need
fast data processing, since data analytics is embedded into
network nodes that are placed close to the data sources. The
FPGA (field-programmable gate array) technology can be uti-
lized profitably to implement fog nodes, as this technology can
provide the architectural flexibility that is needed for timely
functional updates, since the internal circuitry can be adapted
at run-time. Moreover, an FPGA-based fog node exhibits high
energy efficiency for both network packet and data analytics
processing. As a case study, a fog node was configured by
the authors as a network switch with a Windowed Gaussian
anomaly detection analytics, which was then replaced at run-
time with a k-nearest neighbors Conformal Anomaly Detector
(KNN CAD) algorithm that offers better accuracy for anomaly
detection in time-series data.

The work presented in [A9] promotes the Named Data
Networking (NDN) paradigm as an efficient way to increase
the sustainability of the IoT ecosystem in presence of increasing
data volumes and more demanding application requirements.
NDN supports name-based content delivery, thus enabling in-
network caching by all the Internet routers. This paradigm
opens new caching opportunities for IoT applications, where
limiting the exchanged data traffic with IoT devices and the
amount of data needed to traverse the network can help to reduce
energy consumption and carbon emissions, thus contributing
to green and sustainable networking. The authors present and
analyze the performance of a novel strategy for caching IoT
data streamed by WSNs at Internet-scale, based upon two
distinct policies applied, respectively, at the edge and the core
segments of the network. Both policies are light and reactive,
and jointly account for content popularity and freshness.

The topic addressed in [A10] is the rapid development of
services provided by video cameras, for example, related to
monitoring, tracking, and surveillance. These cameras pro-
duce a massive amount of data and, since capturing and
processing multimedia data needs a large amount of resources,
they are power-hungry and present a significant carbon foot-
print. The main idea of the paper is to extend the concept of
Network-as-a-Service (NaaS) to video cameras. The authors
propose a Green Camera NaaS (G-CNaaS) platform, which
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decouples the physical camera networks from the end-users,
reduces the difficulties related to the procurement and deploy-
ment of camera networks, and limits the network traffic by
filtering the unnecessary data from the camera nodes. The
G-CNaaS platform enables each camera to participate in
multiple Virtual-Camera-Networks (VCNs), by selecting an
optimal set of cameras for each VCN. The camera nodes
are coupled with edge devices, which are equipped with pre-
trained learning models giving them essential intelligence to
analyze the captured multimedia data and the requirements of
the users that need to benefit from video services.

Ghosh et al., [A11] addresses wireless sensor networks
(WSNs), where an edge node, or central entity, is connected
wirelessly to several sensor hubs. In turn, each sensor hub
is equipped with multiple sensors in order to monitor vari-
ous parameters in the environment. Environmental sensors are
highly energy consuming, therefore energy efficiency and sus-
tainability of WSNs is a major concern. An efficient strategy
is to shift part of the computation/processing complexity from
the sensors to the edge nodes. The proposal of the authors is to
predict the values of some parameters from other parameters,
by exploiting both temporal correlation and cross-correlation
of measured quantities. An optimization function, based on
a Gaussian process regression (GPR) prediction model, is
devised to derive, at each measurement cycle, the subset of
active sensors that allows minimizing the prediction error on
parameter values while reducing the amount of consumed
energy. This strategy was assessed with a set of experiments
on air-pollution monitoring parameters.

We would like to thank all the authors for their outstanding
contributions to this special issue, and the reviewers for their
efforts and comments, which helped to improve the quality
of the articles. Finally, we would like to thank the Editor-in-
Chief, Zhisheng Niu, and the Area Editor, Yan Zhang, for their
diligence and support along the entire process.

CARLO MASTROIANNI, Guest Editor

Institute for High Performance Computing
and Networking

ICAR-CNR

87036 Arcavacata, Italy

e-mail: carlo.mastroianni @icar.cnr.it

FrRANCO CICIRELLI, Guest Editor

Institute for High Performance Computing
and Networking

ICAR-CNR

87036 Arcavacata, Italy

e-mail: franco.cicirelli @icar.cnr.it

MIN JIA, Guest Editor

School of Electronics and Information
Engineering

Harbin Institute of Technology

Harbin 150001, China

e-mail: jlamin@hit.edu.cn

[A1]

[A2]

[A3]

[A4]

[A5]

[A6]

[AT]

[A8]

[A9]

[A10]

[Al1]

SABITA MAHARJAN, Guest Editor
University of Oslo

0315 Oslo, Norway

e-mail: sabita@ifi.uio.no

IAN TAYLOR, Guest Editor
University of Notre Dame
Notre Dame, IN, USA
Cardiff University

Cardiff, U.K.

e-mail: ian.j.taylor@nd.edu

APPENDIX: RELATED ARTICLES

Z. Zhou, M. Shojafar, J. Abawajy, H. Yin, and H. Lu, “ECMS: An edge
intelligent energy efficient model in mobile edge computing,” IEEE
Trans. Green Commun. Netw., vol. 6, no. 1, pp. 238-247, Mar. 2022,
doi: 10.1109/TGCN.2021.3121961.

M. Xue, H. Wu, R. Li, M. Xu, and P. Jiao, “EosDNN: An efficient
offloading scheme for DNN inference acceleration in local-edge-cloud
collaborative environment,” IEEE Trans. Green Commun. Netw., vol. 6,
no. 1, pp. 248-264, Mar. 2022, doi: 10.1109/TGCN.2021.3111731.

Y. Yang, X. Wei, R. Xu, and L. Peng, “Joint optimization
of Aol, SINR, completeness, and energy in UAV-aided SDCNs:
Coalition formation game and cooperative order,” IEEE Trans.
Green Commun. Netw., vol. 6, no. 1, pp. 265-280, Mar. 2022,
doi: 10.1109/TGCN.2021.3114544.

N. Irtija, I. Anagnostopoulos, G. Zervakis, E. E. Tsiropoulou,
H. Amrouch, and J. Henkel, “Energy efficient edge computing enabled
by satisfaction games and approximate computing,” [EEE Trans.
Green Commun. Netw., vol. 6, no. 1, pp. 281-294, Mar. 2022,
doi: 10.1109/TGCN.2021.3122911.

S. H. Alsamhi et al., “Drones’ edge intelligence over smart envi-
ronments in B5G: Blockchain and federated learning synergy,” IEEE
Trans. Green Commun. Netw., vol. 6, no. 1, pp. 295-312, Mar. 2022,
doi: 10.1109/TGCN.2021.3132561.

Z. Xia, Y. Zhang, K. Gu, X. Li, and W. J. Jia, “Secure multi-
dimensional and multi-angle electricity data aggregation scheme
for fog computing-based smart metering system,” [EEE Trans.
Green Commun. Netw., vol. 6, no. 1, pp. 313-328, Mar. 2022,
doi: 10.1109/TGCN.2021.3122793.

N. G. T. Gunaratne, M. Abdollahian, S. Huda, M. Ali, and G. Frontino,
“An edge tier task offloading to identify sources of variance shifts in
smart grid using a hybrid of wrapper and filter approaches,” IEEE
Trans. Green Commun. Netw., vol. 6, no. 1, pp. 329-340, Mar. 2022,
doi: 10.1109/TGCN.2021.3137330.

T. H. Tan, C. Y. Ooi, and M. N. Marsono, “RtFog: A real-
time FPGA-based fog node with remote dynamically reconfigurable
application plane for fog analytics redeployment,” IEEE Trans.
Green Commun. Netw., vol. 6, no. 1, pp. 341-351, Mar. 2022,
doi: 10.1109/TGCN.2021.3122545.

M. Amadeo, C. Campolo, G. Ruggeri, and A. Molinaro, “Beyond edge
caching: Freshness and popularity aware IoT data caching via NDN
at Internet-scale,” IEEE Trans. Green Commun. Netw., vol. 6, no. 1,
pp. 352-364, Mar. 2022, doi: 10.1109/TGCN.2021.3124452.

N. A. Singh, A. Roy, and S. Misra, “Edge intelligence for
rendering  green  camera-network-as-a-service,” [EEE  Trans.
Green Commun. Netw., vol. 6, no. 1, pp. 365-375, Mar. 2022,
doi: 10.1109/TGCN.2021.3126276.

S. Ghosh, S. De, S. Chatterjee, and M. Portmann, “Edge intelligence
framework for data-driven dynamic priority sensing and transmis-
sion,” IEEE Trans. Green Commun. Netw., vol. 6, no. 1, pp. 376-390,
Mar. 2022, doi: 10.1109/TGCN.2021.3136139.


http://dx.doi.org/10.1109/TGCN.2021.3121961
http://dx.doi.org/10.1109/TGCN.2021.3111731
http://dx.doi.org/10.1109/TGCN.2021.3114544
http://dx.doi.org/10.1109/TGCN.2021.3122911
http://dx.doi.org/10.1109/TGCN.2021.3132561
http://dx.doi.org/10.1109/TGCN.2021.3122793
http://dx.doi.org/10.1109/TGCN.2021.3137330
http://dx.doi.org/10.1109/TGCN.2021.3122545
http://dx.doi.org/10.1109/TGCN.2021.3124452
http://dx.doi.org/10.1109/TGCN.2021.3126276
http://dx.doi.org/10.1109/TGCN.2021.3136139

IEEE TRANSACTIONS ON GREEN COMMUNICATIONS AND NETWORKING, VOL. 6, NO. 1, MARCH 2022 237

Carlo Mastroianni received the Laurea and Ph.D. degrees in computer engineering from the
University of Calabria, Italy, in 1995 and 1999, respectively. He is a Director of Research with
the Institute of High Performance Computing and Networking, National Research Council, Rende.
He has coauthored over 100 papers published in international journals and conference proceedings.
His current research interests include distributed computing, Internet of Things, cloud computing,
bioinspired algorithms, smart grids, and quantum computing.

Franco Cicirelli received the Ph.D. degree in system engineering and computer science from the
University of Calabria, Italy. He has been a Researcher with ICAR-CNR, Italy, since December
2015. His research work mainly focuses on software engineering tools and methodologies for
the modeling, analysis, and implementation of complex time-dependent systems. His research
topics are agent-based systems, distributed simulation, parallel and distributed systems, real-time
systems, workflow management systems, Internet of Things, and cyber—physical systems.

Min Jia received the M.Sc. degree in information and communication engineering from Harbin
Institute of Technology (HIT), Harbin, China, in 2006, and the Ph.D. degree from Sungkyunkwan
University and HIT in 2010. She is currently a Professor and the Ph.D. Supervisor with the
School of Electronic and Information Engineering, HIT. Her research interests focus on advanced
mobile communication technology for LTE and 5G, cognitive radios, digital signal processing,
and advanced broadband satellite communication systems. She is the winner of Science Fund for
Excellent Young Scholars for Heilongjiang Province and she is elected as a member of National
Major Talent Project. She is a member of the Steering Committee of the WiSATSs international
conference.

Sabita Maharjan received the Ph.D. degree in networks and distributed systems from the Simula
Research Laboratory, University of Oslo, Norway, in 2013. She is currently a Senior Research
Scientist with the Simula Metropolitan Center for Digital Engineering, Norway, and an Associate
Professor (adjunct position) with the University of Oslo. She publishes regularly in prestigious
journals in her fields. Her current research interests include vehicular networks and 5G, network
security and resilience, smart grid communications, Internet of Things, machine-to-machine com-
munication, software-defined wireless networking, and advanced vehicle safety. She has served
on the technical program committee of conferences, including top conferences, such as IEEE
Infocom and IEEE ITWQoS.

Ian Taylor received the degree in computing science and the Ph.D. degree in neural networks
applied to musical pitch. He designed/implemented the data acquisition system and Triana work-
flow system for the GEO600 gravitational wave project. He is currently a Professor with the
University of Notre Dame and a Reader with Cardiff University. He currently specializes in
blockchain, open data access, Web dashboards/APIs, and workflows. He has published over 180
articles and three books, and has won the Naval Research Lab Best Paper Award in 2010, 2011,
and 2015, respectively. He acts as the General Chair for the WORKS Workflow Workshop yearly
at Supercomputing.





<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Helvetica
    /Helvetica-Bold
    /HelveticaBolditalic-BoldOblique
    /Helvetica-BoldOblique
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Times-Bold
    /Times-BoldItalic
    /Times-Italic
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryITCbyBT-MediumItal
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Recommended"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


