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Abstract—In the current time of globalization, collaboration among people in virtual environments is becoming an important

precondition of success. This trend is reflected also in the educational domain where students collaborate in various short-term groups

created repetitively but changing in each round (e.g. in MOOCs). Students in these kind of dynamic groups quite often encounter

various difficulties, which are obvious mainly when students’ characteristics do not complement each other. In spite of various group

formation methods aimed to solve the group compatibility problem, most of the existing approaches do not consider dynamic groups.

We describe (i) a proposal of a novel group formation method based on Group Technology approach, which considers feedback on

students’ collaboration to improve group formations; (ii) an application of the method as a part of a collaborative platform PopCorm,

which provides students in the created groups with a set of real-time collaboration tools; (iii) a long-term experiment in which the groups

created by our method achieved significantly better results in comparison with the reference approaches. Our results indicate that

considering feedback from students’ collaboration can improve the group formation process as the groups created by our method

achieved higher collaboration quality with next iterations.

Index Terms—Collaborative learning, computer science education, computer uses in education, distance learning

Ç

1 INTRODUCTION

IN the recent years, collaboration among people became an
integral and essential part of the web. Users collaborate and

communicate in different kinds of communities and groups
across different domains. This trend is present also in educa-
tional systems where collaboration is commonly employed
not only to share and learn new knowledge but also to
develop students’ soft skills (e.g. communication skills, self-
reflection and self-regulation). Especially, the research area of
Computer-Supported Collaborative Learning (CSCL) studies
how to effectively link together fast advance in computer
sciencewith collaborative learning in small groups [1].

The rising popularity of web-based learning systems
caused that many students with different characteristics,
skills and aims are supposed to collaborate on common
tasks. From one point of view, this diversity has a beneficial
effect on creative and successful collaboration. On the other
hand, personal differences do not have to be compatible
with each other and consequently students’ collaboration is
not very successful in many cases.

Therefore, collaboration support plays an important role to
face this problem. This support is especially substantial dur-
ing a group’s creation process which can significantly influ-
ence following collaboration. Thus for effective students’
collaboration, we have to solve a challenging task how to suc-
cessfully identify study groups and help students to find
appropriate collaborators [2].

There exist severalmethodswhich solve a group formation
problem in the educational domain. The significant part of

thesemethods focuses on long-term groupswhich collaborate
on complex tasks during several days or evenweeks. Another
part of existing methods is aimed to propose short-term
groups but they usually consider only a single assignment of
students into groups ignoring following collaboration.

The main subject of our research are dynamic groups in
which members collaborate on short-term tasks and they
are repetitively assigned to groups whose composition dif-
fers in each round. This kind of dynamic groups appears
especially in online learning systems, in which students
learn self-controlled and are not mutually synchronized,
such as in Massive Open Online Courses (MOOCs), where:

1) Only limited information about students is available.
2) Rules for successful group creation are unknown or

change significantly in time.
3) Groups need to be created ad-hoc and in real time

while considering student’s actual context and
online presence.

All these limitations cause that existing approaches are
not very suitable to create dynamic groups. Therefore, the
main contribution of this paper is a proposal of a novel
method for dynamic (iterative) formation of small short-term
and virtual study groupswhich is supposed to perform better
under the given conditions. The proposed method is funda-
mentally based on its iterative application and on feedback
provided by the evaluation of collaboration achieved in the
created groups. Following analysis of the existing group for-
mation methods and the requirements of educational con-
text (i.e. collaborative solving of short tasks that exercise
primarily new topics), we decided to base the design of our
method on the Group Technology approach.

Any such method cannot exist without its application in
a real collaborative environment. For this reason, we paid
attention to the design and implementation of the collabora-
tive environment too. We introduce a collaborative platform
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named PopCorm that serves two purposes: 1) as an example
how to implement the approach within a learning environ-
ment, and 2) as a tool to be used for the method’s validation.
We are aware of a gap between fast growing collaboration
software and its real application in the field of CSCL [3].
PopCorm represents an innovative learning environment
with a set of real-time collaboration tools. These tools are
based on the latest web technologies and represent an
important source of automatically collected feedback to the
proposed group formation method.

The paper is organized as follows: we describe group
development models with focus on lifecycle phases which
are present in dynamic groups in Section 2. Section 3
presents two models of collaboration support: scripting and
collaboration management model. Our proposed method is
introduced in Section 4. We describe its application in the
learning environment PopCorm in Section 5 together with a
description of performed experiments in Section 6. Finally,
conclusions are proposed in Section 7.

2 GROUP DEVELOPMENTS IN ONLINE

ENVIRONMENT

The basic concept of CSCL is collaboration which takes
place in more or less explicitly defined groups. This collabo-
ration is not performed in one consistent phase. Actually,
groups are creating, developing and finally closing. This
process can be described as a lifecycle of small groups.
Groups’ effectiveness and successfulness depends on differ-
ent circumstances during entire groups’ lifecycle [4].

A lot of various models of groups’ lifecycle exist. One of
the most cited and the most analyzed one is Tuckman’s
small group development model. In 1965, Tuckman [5] pro-
posed a model with four stages of group development:
forming, storming, norming and performing. Later, in 1977,
Tuckman and Jensen [6] reviewed the original model and
added a final stage called adjourning.

Tuckman’smodel has been already successfully applied to
localized long-term study groups (e.g. [7]), but it is not very
suitable for groups in online environments which we are
interested in. The main reason is that the purpose of stages
storming and norming is to build up strong relationships and
a common collaboration plan. However, while these attrib-
utes play an important role in long-term groups, distributed
groups (e.g. those created in various MOOCs) involve stu-
dents with more loosely tied relations as well as dynamic
groups usually do not solve tasks that require a complex

planning. Nevertheless, Tuckman’s model becomes the base
for many other specialized groups’ lifecycle models. One of
them is group development model proposed by Daradoumis
et al. [4], [8], which was proposed especially for needs of col-
laborative learning andworking in virtual long-term groups.

The main focus of our research is, however, to support
short-term virtual groups. These groups exist only for a
very short time (usually less than one hour) and thus their
lifecycle is simplified in comparison with long-term groups.
The phase of productive performing follows immediately
after finishing the group formation process. After achieving
the group’s goal, the short phase of group closing can
appear (see Fig. 1).

2.1 Group Formation

The main goal of the first stage of group development is to
solve a problem how to assign students to groups. The tra-
ditional approaches to solve this problem are to select stu-
dents randomly, let students group by themselves or group
them manually by a teacher [9]. These approaches, how-
ever, have quite substantial disadvantages.

Randomly selected groups can be highly unbalanced
what can likely lead to an ineffective composition of groups.
Moreover, the random selection ignores any suggestions
what a successful group should look like.

The second possibility is to shift the responsibility for
group creation to students. Some researches indicate seri-
ous problems when the group formation process was man-
aged by students themselves (e.g. [10]). Students tend to
create homogenous groups on the basis of existing social
relationships or their knowledge level (i.e. good student
with other good ones). This trend prevents spreading of
knowledge and ideas between students in new social com-
munities. Another problem can be caused by minority
students. If they are isolated in groups, this isolation can
contribute to more intensive feeling of loneliness which
can finally cause their inactivity. Daradoumis et al. [4] in
their experiment conclude that 21 out of 138 students in
total were not able to find and join any group. By evalua-
tion of questionnaires at the end of the experiment, authors
identified the source of this problem. The students did not
realize the importance of the group formation process or
they became involved in this process very lately.

Finally, a teacher can manually assigns students into
groups according to information known about students. A
teacher can approach this task intuitively and join together
those students whose combination he or she believes can

Fig. 1. Comparison of small group development models: (a) the referential Tuckman’s model of long-term localized groups [6]; (b) model of long-term
virtual groups proposed by Daradoumis et al. [4], [8] and (c) the adaptation of previous two models to short-term virtual groups.
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lead to active collaboration. This kind of manual group for-
mation can be very difficult and time-consuming [11], espe-
cially for a big amount of students or in a case when a
teacher does not know students well. In addition, the com-
plexity of this approach increases when we create heteroge-
neous or mixed groups where the count of all possible
group assignments can be really high [12].

In order to create better study groups, automatic com-
puter-supported methods are proposed. This leads to sev-
eral important advantages. Especially, it is possible to
consider a large amount of information even from very dif-
ferent sources. Group creation can be performed very fast
and anytime on demand by students or a learning system
itself. Computer support also allows creation of anonymous
groups in which members do not know their identity.

We identified a big amount of various educational group
formation methods. We propose a categorization of differ-
ent approaches according to the most important attributes
of these methods (see Fig. 2).

According to students’ involvement. Some methods involve
students’ participation in the group formation process (e.g.
[13]). Students are asked to specify their personal character-
istics (e.g. interests or self-evaluated level of knowledge) or
preferences (e.g. group or task preferences). Consequently,

group formation methods can take advantage of these
students’ inputs and propose more suitable groups. On the
other hand, this approach has several notable disadvan-
tages, such as students may not wish to spend an additional
time with filling questionnaires (especially in the case of
short-term collaboration). In addition, self-evaluated char-
acteristics can be significantly skewed due to a natural trait
of subjective rating.

Another option is that the group formation process can
be performed without any active participation of students.
In this case, the group formation process usually consists of
three steps: initiating a group formation process by a
teacher or a learning environment, identifying peer learners
who fulfill requirements for participating in the group and
negotiating with potential participants [14]. All three steps
can be supported by adaptive educational systems.

According to formation frequency. Nonrecurring methods
for group formation produce a single assignment of stu-
dents into groups and thus, these methods usually do not
consider their following development.

As an opposite to this approach, iterative methods sup-
pose that group formation will repeat in several following
rounds, and therefore, they can take into consideration feed-
back from the previous students’ assignments.

According to types of methods. One of the most used
approaches employed in automatic group formation meth-
ods is a constraint-based approach in which group forma-
tion can be viewed as a constraint satisfactory problem.
Students’ characteristics together with constraints for group
assignments are commonly defined by means of Semantic
Web technologies, especially ontologies (e.g. FOAF ontol-
ogy employed in the approach proposed by [11]). The main
disadvantage of these methods is the assumption that a
teacher can determine which constraints influence collabo-
ration and make it more effective in all possible situations.
However, the current state of the research does not provide
a clear answer to this question.

Another type of methods for group formation is numeri-
cal methods that do not require exact rules for students’
assignments into groups in comparison with constraint-
based methods. Students’ characteristics are usually repre-
sented by an n-dimensional vector where a value in each
dimension corresponds to the strength of the particular
student’s attribute. Two students can be compared by calcu-
lating a difference between values of their vectors. This
approach allows us to employ any existing technique of
clustering for the group formation purpose. Due to data-
driven nature of numerical methods, they are successfully
applied also in learning environments where education is
unstructured and we do not have enough information about
students and the educational domain (e.g. [15]).

According to characteristics. Last but not least, group for-
mation methods employ different students’ characteristics
which are used to propose a group composition. Widely
used are learning styles (e.g. Felder-Silverman learning
styles model), knowledge levels, personality traits (e.g. per-
sonality dimensions according to the well-known NEO-FFI
questionnaire) or preferences (e.g. a familiarity with other
students) [16].

Discussion. Computer-supported group formation meth-
ods are able to outperform traditional methods since they

Fig. 2. Categorization of the existing computer-supported approaches to
group formation.
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are able to consider more extensive amounts of input data.
Existing methods consider various sources of students’
characteristics, such as questionnaires, social networks,
wikis or blogs. However, most of these methods do not con-
sider important feedback from subsequent collaboration
(e.g. quality of achieved collaboration). We suppose that
this feedback has a potential to significantly improve the
group formation process. In addition, most of existing meth-
ods assume that it is possible to decide in advance for all
cases which aspects make collaboration really effective and
successful. However, this information is not well known in
the current state of the research.

2.2 Group Performing

Group performing is the next important stage of dynamic
groups’ lifecycle because creating appropriate groups itself is
not a guarantee of successful and effective collaboration.
Therefore, it is necessary to supply students also with a suit-
able learning environmentwhich supports collaborative activ-
ities by an appropriate computer-based assistance. In order to
facilitate collaborative learning, number of tools and functions
have been designed and applied in various learning environ-
ments so far. They can be classified into five categories [17].

Appropriate means for dialogue and action. Tools for dia-
logue and action represent the most important part of each
learning environment. These tools, also termed as group-
ware, represent the main means for learners in their collabo-
rative activities. They can be divided into two main
categories: communication (e.g. an email, a chat) and inter-
action tools (e.g. a text or a graphical editor). Communica-
tion tools are dedicated to supporting activities (e.g.
negotiating, decision making, or task management). Interac-
tion tools are designated to solve the collaborative task itself
and thus their suitability greatly depends on a particular
task. Interaction as well as communication tools can support
asynchronous or synchronous mode of collaboration.

Functions for supporting students’ self-regulation or guidance.
Besides collaborative communication and interaction tools,
it is important to provide students with tools for their self-
regulation or guidance. If a learning system presents appro-
priate visualizations of students’ collaborative activities,
students’ have a possibility to develop their self-regulation
and communication skills and thus improve their following
collaboration. In addition, a learning system can behave as a
tutor that actively guides students towards the appropriate
learning activity (e.g. [18]).

Functions for workspace awareness. Creating awareness
about activities of other users in the shared workspace is
essential for achieving effective collaboration. Workspace
awareness is defined as “the up-to-the moment understand-
ing of other users’ interaction with the shared workspace”
[19]. The example of a workspace awareness tool is a partici-
pant list with online presence or a position of other partic-
ipants’ text-cursor (e.g. in Google Docs).

Functions related to community level management. Besides
workspace awareness, it is essential to supply learners also
with tools and functions for management of activities and
materials produced amongst whole community [17]. This
requirement leads to creation of various management tools
above learning materials and a community itself (e.g. repos-
itories of learning materials).

Facilities related to teachers’ assistance. Last but not least,
learning environments applied in formal or non-formal
learning settings contain facilities which support teacher’s
or instructor’s assistance. The precondition for providing
assistance to learners is an overview about activities cur-
rently performed in a learning environment. A teacher can
benefit from individual, collaborative and even comparative
information based on analysis of all interactions [17]. Quite
significant part of the research in Technology Enhanced
Learning (TEL) is concerned with learning analytics aiming
to provide teachers as well as students with appropriate
information about their collaboration. Results of learning
analytics are usually presented by different kinds of visual-
izations or dashboards.

Discussion. Collaboration and its effectiveness substan-
tially depends on available tools and functions. However,
despite rapid development of collaborative tools outside the
educational domain, learning systems only very slowly
adapt modern techniques (e.g. real-time collaboration).

2.3 Group Closing

The lifecycle of short-term virtual groups can sometimes
consist of the third phase which is group closing. It is a
very short stage during which members of a particular
group have a possibility to review the achieved solution
and collectively confirm the completion of the task being
solved. During group closing, students usually use for
negotiation the same standard communication tools, which
are employed during the group performing phase.

3 COLLABORATIVE LEARNING SUPPORT

Despite many studies (e.g. [20]), which confirm that collabo-
rative learning correlates with a wide range of positive out-
comes (e.g. improved learning, increased productivity,
higher motivation), collaborative learning does not work
automatically for all learners [21]. This is especially true for
short-term groups in which members have not cooperated
before and their individual goals are predominant [22].
Therefore, it is important to provide students with educa-
tional support during whole groups’ lifecycle which is
referred as to scaffold collaboration.

Particular methods to provide educational support can
be based on various underlying collaboration scaffolding
models. In general, there are two main complementary
approaches [23]: by structuring the collaborative process
(commonly by scripting) or by regulating (as widely used
collaboration management model does).

3.1 Scripting

Methods based on scripting are mostly employed in the
CSCL domain during learning process where unconstrained
collaboration does not lead to expected results. A collabora-
tion script is a predefined set of instructions prescribing par-
ticular phases of collaboration, e.g. how students should
form groups, how they should interact and how they should
solve an assigned problem [23]. Scripting can occur at differ-
ent levels of granularity [24]:

1) Macro-scripts are high-level models, which describe
a sequence of activities performed by users who play
usually different roles.
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2) Micro-scripts are dialogue models which are directly
embedded in collaborative environments.

Scripting was confirmed as a promising approach of
scaffolding collaboration which results in improved
learning [25]. However, at the same time, scripting is crit-
icized for restricting users’ freedom and independence.
This phenomenon is called over-scripting [23]. Adaptive
scripting methods were proposed to deal with this prob-
lem by definition of elements that can be easily adapted
but without reducing the added value of the collaborative
process [25]. These elements are called intrinsic. On the
other side, extrinsic elements are those which cannot be
adapted in any way (e.g. due to technological or peda-
gogical restrictions).

3.2 Collaboration Management Model

The concept of collaboration management model was intro-
duced by [26] and was confirmed as a successful way how
to scaffold collaborative learning [27]. In comparison to
scripting, it is based on decisions made in run-time rather
before collaboration begins. Collaboration management
model refers to a simple process of continuous comparing a
current state of collaboration with a desired state. This pro-
cess consists of four phases (see Fig. 3):

1) The data collection phase involves observing students’
interaction. User activities are recorded as logs which
are stored for later processing.

2) In the second phase, obtained log records are proc-
essed to derive high-level variables called indicators.
Afterwards, the current state of interaction is repre-
sented by a model of interaction, which consists of a
set of indicators. These indicators represent any attri-
bute of the collaboration process, such as an average
time delay between activities.

3) In the next step, the acquired model of the current
interaction is internally compared with a model rep-
resenting the desired state of interaction.

4) And finally, if there are any discrepancies between
the current and the ideal model of interaction, the
system can advise or recommend users how to sup-
press this undesirable difference.

Moreover, authors proposed a categorization of collabo-
rative systems according to the number of phases of collabo-
ration management which are performed:

1) Mirroring tools which only collect raw interaction
data (phase 1);

2) Metacognitive tools which derive a model of interac-
tion (phase 2) and optionally compare it with an
ideal model (phase 3);

3) Guiding systems which advice how to improve col-
laboration (phase 4).

3.3 Towards Dynamic Group Formation

As the lifecycle of dynamic groups omits the warm-up
phases (i.e. the storming and norming phase as described
in Tuckman’s model or the consolidation phase introduced
in the model proposed by Daradoumis et al.), the composi-
tion of dynamic groups has a very strong influence on fol-
lowing collaboration. Therefore our main intent is to
scaffold students’ collaboration primarily by means of the
group formation phase. We combine the concepts of both
scaffold models, scripting as well as collaboration manage-
ment model, to provide dynamic groups with a complex
collaborative environment which supports learning by
means of adaptive group formation. The core of this envi-
ronment is a group formation method which we describe
in the following section.

4 DYNAMIC GROUP FORMATIONS

According to the state of the art in computer-supported
group formation techniques, we identified several draw-
backs of the existing methods which cause that these meth-
ods are not very suitable to create dynamic groups that are
created on demand while various domain-specific restric-
tions have to be considered (e.g. to involve only those stu-
dents who are currently online). The existing methods
commonly do not consider results achieved by the created
groups; rely on well-specified rules how to create successful
and effective groups; and are too static to be employed in
online and dynamic environments. Moreover, they mostly
produce only a single partition of all students into groups
which is not suitable to create dynamic groups. Following
this motivation, we introduce a method [28] which is
designed to meet three requirements:

1) Feedback from the previous collaboration activities
needs to be taken into account.

2) The method has to continuously learn how success-
ful groups should be created.

Fig. 3. Collaboration management cycle as proposed in [26].
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3) The method has to create groups in real-time and
students have to be served fast.

The last requirement means that as soon as students fin-
ish solving a task in a group, the achieved results must be
reflected immediately in the following group proposals.

With the reference on the proposed categorization of
computer-supported group formation methods (Section 2.1),
the proposed method does not involve students in the
group formation process, belongs to the group of iterative
and numerical approaches, and is independent on particu-
lar characteristics.

4.1 Problem Formalization

The main goal of our method is to propose study groups by
finding compatible learners on the basis of their individual
characteristic. We consider learners’ characteristics as com-
patible when their combination leads to positive outcomes
(e.g. high and low level of knowledge about a particular
domain topic).

Input data to the proposed method are composed of two
matrices: 1) a matrix of characteristics’ compatibility and 2)
a matrix of assignments of the characteristics to students
(see Fig. 4).

The matrix of characteristics’ compatibility is defined as
follows. Let C be the set of all characteristics C ¼ fcjg;
j ¼ 1; 2; . . . ; n. Every characteristic is represented by an n-

dimensional vector cj ¼ ðc1j ; c2j ; . . . ; cnj Þ, where:

cij ¼
1 if cj should be combined with ci
0 if cj should not be combined with ci:

�

The matrix of assignments of characteristics to students is
defined as follows. Let L be the set of all learners
L ¼ flkg; k ¼ 1; 2; . . . ;m. Every learner is represented by an

n-dimensional vector lk ¼ ðl1k; l2k; . . . ; lnkÞ, where:

lik ¼
1 if characteristic ci is typical for learner lk
0 if characteristic ci is not typica for learner lk:

�

The expected output data from the method are clusters of
compatible students. A particular study group can be cre-
ated with any combination of students from the same clus-
ter. The specific combination and the number of students
depends on domain-specific preferences. It means that
besides characteristics’ compatibility, we can take into

consideration any preferences and suggestions how groups
should be formed—it is possible to utilize: 1) previous
group assignments (e.g. combine only students who have
not collaborated together so far or on the other side preserve
group stability to avoid too many group switches); 2) knowl-
edge which is necessary to solve the assigned task (e.g. cre-
ate a group where all required roles are present); or 3)
technology-specific preferences (e.g. involve only those stu-
dents who are currently online).

After the group finishes solving of the assigned task, col-
laboration and the achieved results are evaluated. Each
combination between characteristics present in the group is
strengthened according to the achieved evaluation. It means
that the better students’ collaboration was the more compat-
ible the characteristics are.

In addition, some students’ collaborative characteristics
(e.g. those that describe collaborative behavior) can be
automatically derived from group interaction, too. There-
fore, it is possible to consider student’s activities to
update the matrix of assignments of characteristics to stu-
dents. The precondition is that there is a technique how
to automatically analyze students’ collaboration and iden-
tify expressions of these characteristics (e.g. by means of
learning analytics or sentence openers as we propose in
Section 5.1).

The input matrices may be filled in various ways, such as
by questionnaires, external sources (e.g. academic informa-
tion systems, social networks) or existing user models.
However, since the method is fundamentally driven by
feedback from group interaction, its true power is that the
input matrices do not have to be known at the beginning of
collaboration at all. The cold start problem can be solved by
the random composition of the first groups. Consequently,
both matrices are continuously learned and improved by
means of returned feedback. Moreover, this approach ena-
bles the required adaptation to changing conditions under
which groups achieve positive results.

4.2 Group Technology Approach

Recently, many methods and techniques developed for vari-
ous domains were applied to group formation in the educa-
tional domain, e.g. genetic algorithms [29], particle swarm
optimization [30] or ontologies [11]. On the basis of the
stated requirements on the proposed method, we decided
to employ Group Technology approach.

Fig. 4. Schema of the proposed method. An input to the method consists of two matrices: a matrix of assignments of characteristics to students and a
matrix of characteristics’ compatibility. An output from the method consist of clusters of compatible students.
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According to Selim et al. [31], Group Technology (GT) is
an approach to manufacturing and engineering manage-
ment that helps manage diversity by capitalizing on under-
lying similarities in products and activities. The main task
in GT approach is so-called Cellular Manufacturing prob-
lem, which is inspired by the design of optimal distribution
of machines which cooperate on production of a set of parts’
families. It is necessary to identify families of similar parts
and machines to solve the problem of optimal distribution
of cooperating machines. This process is called cell forma-
tion. In other words, groups of machines should be located
in the close proximity in order to produce a particular fam-
ily of similar parts and thus minimize the production and
transfer time [32].

Group Technology approach seems to solve a similar
problem as we have. Analogy between domain entities can
be easily found. It is possible to replace a machine with a
student, a part with a characteristic, an assignment of parts
to the machine with an assignment of characteristics to the
student, and a family of similar parts with a set of compati-
ble characteristics. Moreover, we can find this analogy also
in goals; instead of optimizing a machine production we
need to optimize a group composition.

Several works employing Group Technology approach in
the CSCL domain exist. Pollalis et al. [33] proposed a
method for learning objects’ recommendation to study
groups according to students’ knowledge of domain terms.
Two input matrices were used. The first one represented
students’ knowledge; the second one represented similarity
or mutual dependency of domain terms which was derived
from common occurrence in the same learning object. The
output was clusters of students and learning objects which
were suitable for these students to learn.

Similar approach is described in [32] and [34]. The main
goal of this research was to identify sets of students which
use similar strategies to solve mathematical exercises. Simi-
larly to the previous work, two matrices were calculated:
the dynamic matrix representing an assignment of strate-
gies to students and the static matrix representing mutual
similarity of strategies. The output was clusters of students
and assigned groups of strategies. The identified clusters
are used to assign a new task to a particular group of stu-
dents according to strategies familiar to the members of the
group and suitable to solve this task as well.

As opposed to the previous twoworks, Agust�ın-Blas et al.
[35] considered only one matrix. This matrix represented
teachers and subjects they teach. A hybrid grouping genetic
algorithmwas used to identify groups of similar subjects.

The described works document achieving interesting
results in the experiments with the methods based on
GT approach in the educational domain. It supports that
GT can be applied in the educational domain and
support effective education in spite of its technological
background.

4.3 Group Formation Based on Group Technology

Our dynamic group formation process represents a stan-
dard cell formation problem as described in Section 4.2. Sev-
eral approaches to solve the problem of cell formation are
described in [31]. The most appropriate for our goal are pro-
cedures based on cluster analysis, especially array-based

clustering techniques. In the proposed method, the calcula-
tion is performed in several steps:

1) Calculation of vectors’ comparison values.
2) Calculation of similarity and relevance coefficients.
3) Creation Group Compatibility Matrix.
4) Clustering on Group Compatibility Matrix.
Calculation of vectors’ comparison values. First of all, three

values are defined for each learner vector lk 2 L and charac-
teristics vector cj 2 C. These values are calculated by com-
parison of these vectors as follows:

1) Value a is the number of characteristics contained in
both vectors.

2) Value b is the number of characteristics which
learner lk has but are not compatible with the charac-
teristic cj.

3) Value c is the number of characteristics which the
particular learner lk does not have but are compatible
with the characteristic cj.

Calculation of similarity and relevance coefficients. Similarity
(SC) and relevance coefficients (RC) are defined with these
three values. Similarity coefficient is actually well-known
Jaccard coefficient and represents how the user is related to
the characteristic. On the other hand, relevance coefficient
expresses how well the characteristic is compatible with
characteristics which the user already has.

SCðlk; cjÞ ¼ a

aþ bþ c

RCðlk; cjÞ ¼ a

aþ b
:

Creation Group Compatibility Matrix. By means of similar-
ity and relevance coefficients, Group Compatibility Matrix,
GCM ¼ ðaijÞ; i 2 ½1; n�; j 2 ½1;m�, is calculated as:

aij ¼ 1 if SC � uSCand RC � uRC

0 else:

�

Values uSC; uRC 2 0; 1 represent minimal thresholds for
similarity and relevance coefficient. Algorithm starts with
thresholds set to 1 and continuously decreases them until a
valid GCM matrix is found. The GCM matrix is valid when
each student has at least one assigned characteristic.

Clustering on Group Compatibility Matrix. Finally, it is
necessary to perform clustering on the GCM matrix with
any array-based clustering algorithm. For our purpose,
Modified Rank Order Clustering (MODROC) was used.
Output data from our method is the GCM matrix in
which the clusters of students and the characteristics are
concentrated along the main diagonal (see Table 1). An
assignment of a student to a cluster means that the stu-
dent has these characteristics or these characteristics are
compatible with characteristics which are typical for the
student. Identified clusters of students represent the
required output of the proposed method.

4.4 Extension of Group Formation Method

It is possible to extend the proposed method by consid-
eration of several categories of characteristics, e.g. the
first category can represent demographic information
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about students (e.g. age, gender) and the second one can
represent collaborative characteristics (e.g. argumentation
and reaching consensus).

The separate matrix of characteristics’ compatibility is
used for each category of relevant characteristics and our
method is applied on each matrix individually. As the
result, several GCM matrices are obtained and thus each
student is assigned to as many clusters of students and char-
acteristics as the number of characteristics’ categories is. It
means that we can combine these clusters to create even
more appropriate groups. Similarly as in the basic version
of the method, specific way how to combine clusters
depends on particular categories of characteristics and
domain specific requirements. An example of students’
assignment to several clusters of students and characteris-
tics is displayed in Table 2. If we receive a request to assign
the student l1 to a new group, we can for example:

1) Focus on student’s actual context in the learning
system and use those clusters of students and char-
acteristics which are relevant to his or her actual
context, i.e. if the student l1 is reading a learning
object about design patterns, we can use a combina-
tion of specialization and knowledge of program-
ming languages. We will achieve that students in
the created group will be able to talk about apply-
ing design patterns in the well-known domain (web
applications or DB systems) and in the familiar pro-
gramming language (Ruby).

2) Another possibility is to create a new group without
focus on the particular category of related categories.
We can consider only those students who have com-
mon all categories of characteristics with student l1
(l6) or at least two categories (l3, l6, l7).

5 COLLABORATIVE ENVIRONMENT FOR DYNAMIC

GROUP FORMATION

As we stated before, the proposed method is the core part of
our collaborative environment. The design of collaborative
environment is, however, substantially domain specific. We
decided to apply our method in the formal learning settings
in which students assigned into dynamic groups solve
short-term practical tasks that supplement a one-term class,
which is held at a university. More specifically, we situate
the collaborative environment into context of a class dedi-
cated to the basics of software engineering. We implemented

this kind of collaborative environment as a collaborative
platform named PopCorm (Popular Collaborative Platform).

5.1 Guiding System Based on Micro-scripts

According to the analyses of the most common approaches
to scaffolding collaboration (see Section 3), we designed col-
laborative platform PopCorm as a guiding system which
capitalizes on the positive effects of micro-scripting.

Collect interaction data. Current information technologies
are able to capture students’ overall interaction quite pre-
cisely. However, it is possible to automatically capture
interaction only on a very low-level (e.g. a plain text of a
message sent in a chat). To describe interaction better, there
are several approaches which include natural language
processing (e.g. sentiment analyses) or data mining (e.g. cat-
egorization or sequential pattern mining). However, it is not
a trivial task to apply these approaches in collaborative
learning environments because despite their significant
improvement in the recent years, they are still limited in
understanding and interpreting communication [36].

Therefore, we decided to employ another solution which
is to structure the collaborative interface by micro-scripting
approaches, and more specifically by sentence openers. Sen-
tence openers refer to a communication interface in which
users select a beginning of a sentence (e.g. “I suggest to. . .”)
and complete the sentence with the rest of the message they
would like to communicate with others.

These kind of micro-scripting techniques allow us to
automatically describe interaction also on a high level.
Moreover, groups, in which members communicate via a
structured interface, show more intensive orientation on
finding the solution in comparison with groups in which
members communicate via an unstructured interface
[37]. In addition, students by themselves tend to use a
structured discussion (the experimental study performed
in [37] shows that the structured messages represented
about 58 percent of all sent messages). On the other
hand, strictly structured communication interface can
negatively influence collaboration, especially in cases
when students need to communicate in a way which is
not adequately supported by the provided interface (so
called problem of over-scripting).

In PopCorm, we applied the sentence openers to struc-
ture communication among students by means of 16 types
of messages selected according to McManus and Aiken’s
taxonomy of Collaborative Skill Network [38]. This taxon-
omy defines a set of sentence openers that correspond to

TABLE 1
Example of Clustered GCM Matrix Acquired in the

Qualitative Experiment

Collaborative characteristic l1 l2 l3 l4 l5

Warn of mistake 1 1 0 0 0
Accept warn of mistake 1 1 0 0 0
Write comment 1 0 0 0 0
Write general message 0 0 1 0 0
Ask for explanation 0 0 0 1 1
Give explanation 0 0 0 1 1
Propose action 0 0 0 1 1
Accept action 0 0 0 1 1
Write praise 0 0 0 1 0

TABLE 2
Example of an Assignment of Student l1 to Several Clusters of

Students and Characteristics

Category of related
characteristics

Cluster of
characteristics

Cluster of
students

Specialization Web applications, DB
systems

l1, l4, l6

Knowledge of pro-
gramming languages

High knowledge of
Ruby, medium
knowledge of PHP

l1, l3,l6, l7

Collaborative
behavior

Active, communicative l1, l2,l3, l6, l7
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conversation skills commonly used during collaborative
learning and problem solving, such as propose a better solu-
tion, accept a proposal, ask for an explanation or provide an
explanation. To solve the problem of too strictly structured
interface (over-scripting), we decided to include also two
additional types of messages: a general message and a com-
ment, which can be used when students cannot assign their
message to any of the predefined types.

Construct model of interaction. Consequently, the captured
interaction is used to derive the high-level variables describ-
ing the collaboration process. There are several models how
to evaluate technology-mediated collaborative learning.
Authors in [39] consider a multidimensional model pro-
posed by [40] as the most representative one and refined
this model to include seven indicators of collaboration qual-
ity which we adopted in the design of the collaborative
platform:

1) Sustaining mutual understanding (I1).
2) Information exchanges for problem solving (I2).
3) Argumentation and reaching consensus (I3).
4) Task and time management (I4).
5) Sustaining commitment (I5).
6) Shared task alignment (I6).
7) Fluidity of collaboration (I7).
Each of these indicators is automatically calculated on

the basis of recorded activities in the proposed structured
interface. The indicators I1�5 are calculated as a proportion
of positive activities (i.e. those that positively contribute to
the particular dimension) in all activities (i.e. a sum of activ-
ities with a positive and negative influence). The indicators
I6�7 are calculated as an equality in distribution of activities
among members or in time respectively. In addition, a
teacher can manually add the eighth indicator representing
a quality of the created solution itself (I8). All indicators are
represented by a value in the interval 0; 1.

An overall evaluation of collaboration quality (OE) is cal-
culated as a weighted arithmetical average (with strengthen

teacher’s evaluation of the achieved solution) from all eight
indicators as follows:

OE ¼
P7

i¼1 Ii þ 3 I8
10

:

Compare current state of interaction to desired state. The
desired state of collaboration is represented by the indica-
tors which values are equal to 1s. In other words, the
desired state of evaluation is achieved when the overall
evaluation reach value 1.

Advise/guide interaction. After finishing solving the tasks,
the collaborative platform PopCorm provides students with
visualizations of all eight indicators. In addition, it advises
students how to collaborate better and more effectively if
some of these indicators reach only very low values in com-
parison with the ideal state of collaboration.

5.2 Collaborative Tools and Functions

To provide students with an attractive system, we based
PopCorm’s implementation on several concepts well-
known from content creation tools (e.g. Google Docs), such
as collaboration in real-time or a timeline of content evolu-
tion (for further information about PopCorm see [41]).
Moreover, PopCorm provides all functions and tools which
are essential for effective and successful group performance
(see Section 2.2). According to the requirements of the
selected course, we have recognized the need to design one
communication tool: a semi-structured discussion; and
three interaction collaborative tools: a text editor, a graphi-
cal editor and a categorizer (see Fig. 5).

The semi-structured discussion represents a generic com-
munication tool independent of the particular type of the
task at hand. As the discussion represents a main tool for
communication, it is based on the sentence openers
approach (previously described in Section 5.1) and provides
18 types of messages, which we decided to use to structure
the communication among students.

Fig. 5. Screenshot from the collaborative platform PopCorm; the categorizer tool is displayed on the left side. The sentence openers are available in
the upper right corner. Below the sentence openers, there is the online presence with further information about student’s current activity. In the lower
right corner, the history of communication is placed.
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The text editor as an interaction tool is suitable for collabo-
rative writing of free text. It provides functionality for paral-
lel editing of written text by several users at the same time
together with the conflict resolution in the case when two
users edit the same part of the text simultaneously. In addi-
tion, the text editor promotes students’ authorship by col-
ored text highlighting (each group member has assigned his
or her unique color). We based the implementation of the
text editor on the open source online editor Etherpad
(http://etherpad.org).

The graphical editor provides the opportunity to collabo-
rate visually by draft drawing, especially by designing
UML diagrams. Its functionality covers drawing vector
shapes, importing raster images and adding text notes. As
well as the text editor, also the graphical editor was
designed to support content synchronization in real time. It
means that students can collaborate on the same drawing
without any restrictions. In the implementation of the
graphical editor, we proceeded from the drawing editor
SVG-edit (https://code.google.com/p/svg-edit).

Last but not least, the categorizer is a special tool devel-
oped for solving different types of tasks that result in one or
more lists (categories). The categorizer allows learners to
create categories or items, move items from one category to
another and reorder items in categories with a standard
drag–and-drop technique.

Other tools provided by PopCorm include user online
presence, students’ profiles, administration, and student or
class-wide statistics dedicated to teachers.

6 EXPERIMENTS

The collaborative platform PopCorm became the main
means to evaluate the proposed method. We evaluated
our method and the collaboration platform in two phases.
First, we performed a qualitative experiment with several
selected participants. Second, a quantitative experiment
was conducted to evaluate the performance of dynamic
groups on a wider audience of students.

6.1 Experimental Setup

During both experiments, PopCorm was integrated with an
educational system ALEF [42]. ALEF is dedicated primary
for individual learning and indirect collaboration. Indirect
collaboration in ALEF includes text annotations (i.e. text
highlighting, tagging, error reporting), supplementing
learning materials with external sources or collective evalu-
ation of test answers [43]. Therefore, students were able to
use ALEF as a valuable source of information while solving
collaborative tasks in PopCorm.

Characteristics. In the experiments, we used two catego-
ries of characteristics to illustrate the universal design of
our method: collaborative skills and personality traits.

Collaborative skills refer to collaborative learning conver-
sation skills defined in McManus and Aiken’s Collabora-
tion Skill Taxonomy. They can be automatically assigned
to students according to the most used messages in the
semi-structured discussion. The matrix of assignments of
these characteristics to students was unknown at the begin-
ning of the experiment and it was continuously learned.
Similarly, the matrix of collaborative skills’ compatibility

was continuously updated according to the overall evalua-
tion achieved in the created groups.

As personality traits we used assignments of students
into five domains of adult personality: extraversion, neu-
roticism, conscientiousness, openness to experience and
agreeableness. To obtain these assignments, students, who
participated at the experiments, filled out NEO Five Factor
Inventory (NEO-FFI) questionnaires which were evaluated
by a team of psychologists. Some studies (e.g. [44]) suggest
which combinations of NEO-FFI personality dimensions
lead to better study results. However, results of these stud-
ies are not very representative and thus we decided to
derive personality traits’ compatibility from feedback pro-
vided to the method similarly as in the case of collabora-
tive skills.

Collaborative tasks were defined in a way that enables
active participation of every group member. In our experi-
ments, the tasks were created by a teacher. Alternatively,
tasks can be created by students themselves. We used 70
collaborative tasks according to seven different types of
tasks which are suitable for the domain of software engi-
neering; nevertheless, they can be easily used also in a num-
ber of different domains:

1) Group discussions about any general problem, e.g.
discus under which circumstances it is suitable to
develop software with agile methods.

2) Explanations of domain relevant terms, e.g. explain
what a composition and an aggregation means in
data modeling.

3) Proposals to some well-defined problems, e.g. pro-
pose a state diagram of a bug report in issue tracking
systems.

4) Listings of particular items, e.g. list at least five most
important software attributes of an application for
electronic banking.

5) Comparisons of two entities, e.g. compare COTS and
MOTS applications.

6) Advantages/Disadvantages of an entity, e.g. give
advantages and disadvantages of use case points
technique.

7) Pros/Cons of two entities, e.g. compare two models
of software lifecycle. The first student defends a
waterfall model, the second one defends an iterative
model.

6.2 Qualitative Experiment

The purpose of the qualitative experiment was to evaluate
attributes of the proposed method; namely, how well the
proposed method is able to identify the clusters of com-
patible students and consider feedback from the created
groups to learn both input matrices. In addition, the
experiment was also an opportunity to get valuable com-
ments on the implementation of the collaboration plat-
form. Five participants in total took part in the qualitative
experiment and solved 12 tasks. The proposed method
was able to identify three clusters of students and collabo-
rative characteristics at the end of the experiment (see
Table 1). In addition, we received also important feedback
that helped us to improve PopCorm before the quantita-
tive experiment.
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6.3 Quantitative Experiment

The second phase of our evaluation consisted of the quanti-
tative experiment which was realized during the summer
term 2011/2012 as a part of the bachelor degree course Prin-
ciples of Software Engineering at the study programme
Informatics, Slovak University of Technology in Bratislava.

Detailed statistics of the quantitative experiment are pro-
vided in Table 3. The experiment lasted approximately two
months. During this time, 110 students in total voluntary
participated in 254 created groups and 3,763 activities were
recorded. We found out that students were able to solve the
prepared tasks in 11 min in average.

For both categories of characteristics, the performance of
groups created using our method was compared with a ref-
erence method and a traditional approach (randomly cre-
ated groups). As the reference method, we decided to use a
numerical method based on k-means clustering. For pur-
pose of the clustering, each student was represented by a
vector of his or her assignments of characteristics.

Particular groups were created from online students
either randomly or from the clusters that were derived
from collaborative skills or personality traits as well as cre-
ated by the proposed or reference method. A balanced
mechanism was used to employ all combinations of meth-
ods and categories of characteristics equally. The group
size was restricted to two or three members (triads were
preferred when the sufficient number of students from the
same cluster of compatible students were online at the
same time).

Consequently, the most suitable task was assigned to the
created group. Tasks that 1) have not been solved before by
any member of the group; and 2) practice just lectured
topics were preferred. As soon as students finished solving
a task in one group, they were asked whether they wanted
to continue in collaborative learning in another group (with
a different composition).

For each type of groups, we compared the automatic eval-
uation of collaboration quality (by 7 high-level indicators
described in Section 5.1), the teachers’ manual evaluation of
the created solution (the eighth high-level indicator) and the
overall evaluation. The experiment was double-blinded so

teachers as well as students were not informed about the
method used to create the particular group.

As the results show (see Table 4), groups created by our
method achieved more effective and successful collabora-
tion in comparison with other two approaches in all three
kinds of evaluation. In addition, the groups created by the
proposed method achieved better evaluation for both cate-
gories of characteristics that have been used as inputs for
the evaluated methods.

In general, the achieved evaluation of groups can be rated
as satisfying in spite of the fact that the groups did not achieve
the state of ideal collaboration (the overall evaluation and the
partial evaluations should theoretically reach values 1, how-
ever, this value represents collaboration which can be hardly
achieved in practice, e.g. all members would have to send
exactly the same number ofmessages in the discussion).

We evaluated also students’ subjective perception of col-
laboration. Students were asked to provide explicit feed-
back at a 5-point scale after finishing collaboration (1 means
poor collaboration and 5 means excellent collaboration).
When collaborative skills were considered, groups created
by the proposed method achieved a notably higher feed-
back evaluation in comparison with other types of groups.
For personality traits, higher feedback was achieved in the
groups created by the reference method. This result can be
explained by a fact that the groups created by the reference
method were homogenous and also the previous study [44]
confirmed that students tend to create homogenous groups
on the basis of their personality traits (e.g. an extrovert with
another extrovert).

A one-way ANOVA was employed to determine an
effect of the group formation method on the groups’ overall
evaluation. When collaborative skills were considered, we
got p-value 0.0028, Fð2; 251Þ ¼ 6:03, h2 ¼ 0:046. Similarly,
for personal traits we got p-value 0.0267, Fð2; 251Þ ¼ 3:677,

h2 ¼ 0:028. Thus, the achieved results reveal that the appli-
cation of the particular group formation method leads to
statistically significant difference in the overall evaluation
with the moderate effect size. A post-hoc Tukey-Kramer
test showed that the differences between the mean of overall
evaluation of groups created by the proposed method and

TABLE 3
Statistics of the Results Achieved in the Quantitative Experiment

Metric Value Additional notes

Number of students 110 Students attended the 2nd year of the bachelor study (the average age was 21 years).
Number of groups 254 Additional 35 groups were created but students were not able to start collaboration.
Number of activities 3 763 Each activity corresponds to one sent message in the semi-structured discussion.

TABLE 4
Comparison of the Results Achieved by Groups Created by the Examined Group Formation Methods

Characteristics
Used as input to method

Group Formation Method Overall evaluation
Interval h0; 1i

Collaboration
I1 � I7

Solution
I8

Feedback
Interval h1; 5i

Collaborative skills Proposed (Group Technology) 0.451 � 0.125 0.36 � 0.12 0.69 � 0.23 3.96 � 1.50
Reference (k-means) 0.380 � 0.114 0.29 � 0.12 0.61 � 0.20 3.40 � 1.65
Traditional (Random selection) 0.404 � 0.122 0.32 � 0.13 0.62 � 0.23 3.18 � 1.95

Personality traits Proposed (Group Technology) 0.456 � 0.125 0.36 � 0.13 0.72 � 0.21 3.63 � 1.58
Reference (k-means) 0.322 � 0.117 0.29 � 0.14 0.40 � 0.25 3.92 � 1.11
Traditional (Random selection) 0.408 � 0.122 0.32 � 0.13 0.64 � 0.22 3.42 � 1.83
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other two means are significantly different, while the differ-
ence between means of randomly and reference groups is
not significant.

Finally, we evaluated the iterative improvement of the
proposed method during the experiment. In other words,
we examined how well the proposed method was able to
learn input matrices (the assignments of collaborative char-
acteristics to students and mutual characteristics’ compati-
bility) and thus improve group formation by utilizing
provided feedback. A Pearson correlation between moving
average of the overall evaluation (interval ¼ 5 groups) and
the order of iteration (r ¼ 0:311, p ¼ 0:005) pointed out the
increasing performance of the proposed group formation
method (all experiment settings and circumstances
remained stable for the whole time of the experiment).

6.4 Additional Analyses to Quantitative Experiment

The quantitative experiment provided us also with a possi-
bility to gather valuable information about collaborative
learning in the purely real-time learning environment
which is still only very rare in the educational domain.

Students. First of all, we analyzed the degree of students’
involvement in the experiment. The number of tasks solved
during the experiment was generally diverse (�x ¼ 5,
SD ¼ 4:72). Students with worse study results tend to solve
more tasks than other students (r ¼ 0:29, p < 0:001). On the
other hand, their average evaluation is lower than average
evaluation of the groups with better students (r ¼ 0:25,
p ¼ 0:001). We can explain this result by the influence of
motivation. Students, who actively participated in the
experiment and achieved the most successful results, were
rewarded. Despite this undesired negative influence, it is
important to see that the better students achieved the better
average evaluation.

Groups. The collaborative platform created 208 groups
consisting of two members, and 46 groups consisting of
three members during the experiment. Triads achieved a
higher average overall evaluation (�x ¼ 0:442, SD ¼ 0:109) in
comparison with couples (�x ¼ 0:405, SD ¼ 0:125), however,
this difference is statistically insignificant, ANOVA:

Fð1;252Þ ¼ 3:411, p ¼ 0:0659, h2 ¼ 0:0134. The higher evalu-
ation rate was caused mainly by more intensive interaction
which influences the high-level indicators of collaboration
quality, such as argumentation and reaching consensus or
time and task management.

Additionally, we evaluated a correlation between
teachers’ manual evaluation and other automatically calcu-
lated indicators. The highest correlation was calculated for
fluidity of collaboration (r ¼ 0:35, p < 0:001), sustaining
mutual understanding (r ¼ 0:18, p ¼ 0:002), argumentation
and reaching consensus (r ¼ 0:18, p ¼ 0:002) and informa-
tion exchanges for problem solving (r ¼ 0:16, p ¼ 0:005).
We can derive several findings from these results. The more
successful groups are those in which students are able to
divide the assigned task into several partial problems and
afterwards participate on their solving with approximately
the same share. Furthermore, the quality of collaboration is
also positively influenced by the content that is created to
be clearly understandable by all group members. Especially,
we positively judge the influence of argumentation and
reaching consensus because students expressed their

agreement and disagreement with the proposal of other
group members. This fact is in the contrast with results of
similar researches where students tend to avoid critical
evaluation of other group members. However, creative con-
flict is considered as a very important aspect of successful
collaborative learning [45].

Activities. Finally, we were interested in a correlation
between students’ activities (messages in the semi-
structured discussion) and the quality of achieved results.
We calculated the highest correlation between teachers’
manual evaluation and following activities: write a praise
(r ¼ 0:28, p < 0:001), propose an action (r ¼ 0:23, p < 0:001)
and warn of a mistake (r ¼ 0:20, p < 0:001). Based on the
calculation of how many students use the defined messages,
we can derive additional interesting findings. As the most
students used accept the proposed action (n ¼ 55), write a
praise (n ¼ 47) and propose an action (n ¼ 40), the collabo-
ration process and the achieved results are positively influ-
enced by students’ self-regulation. Students are able to
independently manage their collaboration, warn other
members about eventual imperfections of the created solu-
tion and thus improve the result of their collaboration. We
positively evaluate also the finding that students are able to
motivate themselves mutually by writing a praise for a well
created contribution to the overall solution.

7 DISCUSSION AND CONCLUSION

Nowadays, collaboration between learners is present in
many web-based educational applications. This trend
causes that we have to face new challenges. One of them is
a study group composition, which plays an important role
as it can significantly influence the process of collaborative
learning. In spite of many existing methods to group forma-
tion, there are a lot of unresearched possibilities how to
improve collaboration. We focused on one of them, namely
on how to create dynamic short-term groups iteratively and
automatically without student participation.

Our main contribution is the proposal of the novel
method for automatic formation of dynamic groups based
on GT approach. In contrast to the existing methods for
group formation based on GT approach, the proposed
method is applied iteratively. This allows us to take into
consideration already achieved students’ results and adjust
the input parameters to provide better support during fol-
lowing collaboration. It means that we can start the group
formation process with no or minimal information about
learners and related characteristics. Our method automati-
cally learns which collaborative characteristics are typical
for students and which characteristics should be combined
together to achieve more effective collaboration. Due to
this design, the proposed method can be characterized as a
theory-free bottom-up approach.

We have successfully applied the proposed method in the
collaborative platform PopCorm which provides students
with the appropriate environment for effective communica-
tion and collaboration. It was also used as a tool to evaluate the
proposed method during an experiment with 110 students.
The results of the experiment show that the study groups cre-
ated by the proposed method achieved the higher collabora-
tion quality in comparisonwith the reference groups.
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We identified many possibilities how to improve current
design of the proposed method and its application in collab-
orative learning. We have not focused on task assignments
to created groups in our work. It provides promising possi-
bility how to further improve learners’ collaboration
because each group has different characteristics and differ-
ent tasks are suitable in a particular moment of collabora-
tion. Personalization of task assignment based on task’s and
group’s attributes (e.g. knowledge of relevant domain terms
which are necessary to achieve correct task solution) repre-
sents an interesting potential. Group recommendation prin-
ciples can be employed here [46].

The design of our method is quite universal (especially
due to the independence on particular characteristics) and
thus the method has a potential to be applied in informal
learning settings (e.g. in workspace) and also outside of the
educational domain. We plan to study how dynamic groups
can support collaboration in knowledge sharing applica-
tions based on communities. More specifically, we are inter-
ested in Community Question Answering systems, such as
Yahoo! Answers or Stack Overflow.

ACKNOWLEDGMENTS

This work was supported under Grants VG1/0675/11,
VG1/0971/11 and KEGA 009STU-4/2014. The authors
would like to thank their colleagues from the Institute of
Informatics and Software Engineering, all the students (in
particular members of PeWe group, pewe.fiit.stuba.sk) for
their invaluable discussions on the work presented in this
paper, and the members of the ALEF team for their direct
contribution to tasks and educational materials used in our
experiments. In addition, the authors would also like to
thank Milica Schraggeov�a, Danka Babincov�a and Katar�ına
Babincov�a (Department of Psychology, Comenius Univer-
sity in Bratislava) for preparing and evaluation NEO-FFI
questionnaires for our bachelor students who participated
in the experiments.

REFERENCES

[1] G. Stahl, T. Koschmann, and D. Suthers, “Computer-supported
collaborative learning: An historical perspective,” in Cambridge
Handbook of the Learning Sciences. Cambridge, United Kingdom:
Cambridge University Press, 2006, pp. 409–426.

[2] J. Vassileva, “Toward social learning environments,” IEEE Trans.
Learning Technol., vol. 1, no. 4, pp. 199–214, Oct.–Dec. 2008.

[3] C. Safran, D. Helic, and C. G€utl, “E-learning practices and web
2.0,” in Proc. Int. Conf. Interactive Comput. Aided Learning, 2007,
vol. 1, no. 1, pp. 1–9.

[4] T. Daradoumis, M. Guitert, F. Gimenez, J. M. Marques, and
T. Lloret, “Supporting the composition of effective virtual groups
for collaborative learning,” in Proc. Int. Conf. Comput. Edu., 2002,
vol. 1, pp. 332–336.

[5] B. W. Tuckman, “Developmental sequence in small groups,” Psy-
chological Bulletin, vol. 63, no. 6, pp. 384–399, 1965.

[6] B. Tuckman and M. Jensen, “Stages of small-group development
revisited,” Group Org. Manag., vol. 2, no. 4, pp. 419–427, 1977.

[7] D. L. Largent and C. L€uer, “‘You mean we have to work togeth-
er!?!’: A study of the formation and interaction of programming
teams in a college course setting,” in Proc. 6th Int. Workshop Com-
put. Edu. Res., 2010, pp. 41–50.

[8] F. Gimenez, M. Guitert, A. Daradoumis, J. M. Marques, and
T. Lloret, “Cooperative learning & working in a virtual environ-
ment: A case study,” in Proc. 2nd Eur. Distance Edu. Netw., Res. Pol-
icy Open Distance Learning, 2002, pp. 228–233.

[9] T. R. Henry, “Creating effective student groups: An introduction
to groupformation.org,” in Proc. 44th ACM Tech. Symp. Comput.
Sci. Edu.—SIGCSE, 2013, pp. 645–650.

[10] K. Deibel, “Team formation methods for increasing interaction
during in-class group work,” ACM SIGCSE Bulletin, vol. 37, no. 3,
p. 291, Sep. 2005.

[11] A. Ounnas, H. Davis, and D. Millard, “A framework for semantic
group formation,” in Proc. 8th IEEE Int. Conf. Adv.Learning Tech-
nol., 2008, pp. 34–38.

[12] A. Gogoulou, E. Gouli, and G. Boas, “Forming homogeneous, het-
erogeneous and mixed groups of learners,” in Proc. PING Work-
shop, 2007, pp. 33–40.

[13] D. Meyer, “OptAssign—A web-based tool for assigning students
to groups,” Comput. Edu., vol. 53, no. 4, pp. 1104–1119, Dec. 2009.

[14] M. Wessner and H.-R. Pfister, “Group formation in computer-sup-
ported collaborative learning,” in Proc. Int. ACM SIGGROUP Conf.
Supporting Group Work, 2001, pp. 24–31.

[15] N. Rubens, M. Vilenius, and T. Okamoto, “Automatic group
formation for informal collaborative learning,” in Proc. EEE/
WIC/ACM Int. Joint Conf. Web Intell. Intell. Agent Technol., 2009,
pp. 231–234.

[16] I. Magnisalis, S. Demetriadis, and A. Karakostas, “Adaptive and
intelligent systems for collaborative learning support: A review of
the field,” IEEE Trans. Learning Technol., vol. 4, no. 1, pp. 5–20, Jan.
2011.

[17] A. Dimitracopoulou, “Designing collaborative learning systems:
Current trends & future research agenda,” in Proc. Conf. Comput.
Support Collaborative Learning: Next 10 Years!, 2005, pp. 115–124.

[18] J. Tvarozek, “Bootstrapping a socially intelligent tutoring strat-
egy,” Inform. Sci. Technol. Bulletin ACM Slovakia, vol. 3, no. 1,
pp. 33–41, 2011.

[19] C. Gutwin and S. Greenberg, “A descriptive framework of work-
space awareness for real-time groupware,” Comput. Supported
Cooperative Work, vol. 11, no. 3, pp. 411–446, 2002.

[20] N. M. Webb, “Task related verbal interaction and mathematics
learning in small groups,” J. Res. Math. Educ., vol. 22, no. 5,
pp. 366–389, 1991.

[21] A. S. Wu, R. Farrell, and M. K. Singley, “Scaffolding group learn-
ing in a collaborative networked environment,” in Proc. Conf.
Comput. Support Collaborative Learning: Found CSCL Community,
2002, pp. 245–254.

[22] J. Zumbach, J. Sch€onemann, and P. Reimann, “Analyzing and
supporting collaboration in cooperative computer-mediated
communication,” in Proc. Conf. Comput. Support Collaborative
Learning: Next 10 Years!, 2005, pp. 758–767.

[23] P. Dillenbourg, “Over-scripting CSCL: The risks of blending col-
laborative learning with instructional design,” in Three Worlds of
CSCL. Can we Support CSCL?, P. A. Kirschner, Ed. Heerlen, The
Netherlands: Open Universiteit, 2002, pp. 61–91.

[24] P. Dillenbourg and F. Hong, “The mechanics of CSCL macro
scripts,” Int. J. Comput.-Supported Collaborative Learning, vol. 3,
no. 1, pp. 5–23, Jan. 2008.

[25] S. Demetriadis and A. Karakostas, “Introduction to adaptive col-
laboration scripting pedagogical and technical issues,” in Intelli-
gent Collaborative e-Learning Systems and Applications,
T. Daradoumis, S. Caball�e, J. M. Marqu�es, and F. Xhafa, Eds. Ber-
lin, Germany: Springer, 2009, pp. 1–18.

[26] A. Soller, A. Mart�ınez, P. Jermann, and M. Muehlenbrock, “From
mirroring to guiding: A review of state of the art technology for
supporting collaborative learning,” Int. J. Artif. Intell. Educ.,
vol. 15, no. 4, pp. 261–290, Dec. 2005.

[27] N. Rummel, H. Spada, and S. Hauser, “Learning to collaborate in
a computer-mediated setting: Observing a model beats learning
from being scripted,” in Proc. 7th Int. Conf. Learning Sci., 2006,
pp. 634–640.

[28] I. Srba and M. Bielikova, “Encouragement of collaborative learn-
ing based on dynamic groups,” in Proc. 7th Eur. Conf. Technol.
Enhanced Learning, EC-TEL, Lecture Notes Comput. Sci., 2012,
vol. 7563, pp. 432–437.

[29] J. Moreno, D. A. Ovalle, and R. M. Vicari, “A genetic algorithm
approach for group formation in collaborative learning consider-
ing multiple student characteristics,” Comput. Educ., vol. 58, no. 1,
pp. 560–569, Jan. 2012.

[30] Y. Lin, Y. Huang, and S. Cheng, “An automatic group composi-
tion system for composing collaborative learning groups using
enhanced particle swarm optimization,” Comput. Educ., vol. 55,
no. 4, pp. 1483–1493, 2010.

SRBA AND BIELIKOVA: DYNAMIC GROUP FORMATION AS AN APPROACH TO COLLABORATIVE LEARNING SUPPORT 185



[31] H. M. Selim, R. G. Askin, and A. J. Vakharia, “Cell formation in
group technology: Review, evaluation and directions for future
research,” Comput. Ind. Eng., vol. 34, no. 1, pp. 3–20, Jan. 1998.

[32] M. Cocea and G. Magoulas, “Group formation for collaboration in
exploratory learning using group technology techniques,” in Proc.
14th Int. Conf. Knowledge-Based Intell. Inform. Eng. Syst., 2010,
vol. 6277, pp. 103–113.

[33] Y. A. Pollalis and G. Mavrommatis, “Using similarity measures
for collaborating groups formation: A model for distance learn-
ing environments,” Eur. J. Oper. Res., vol. 193, no. 2, pp. 626–636,
Mar. 2009.

[34] M. Cocea and G. D. Magoulas, “User behaviour-driven group for-
mation through case-based reasoning and clustering,” Expert Syst.
Appl., vol. 39, no. 10, pp. 8756–8768, Aug. 2012.

[35] L. E. Agust�ın-Blas, S. Salcedo-Sanz, E. G. Ortiz-Garc�ıa, A. Portilla-
Figueras, �A. M. P�erez-Bellido, and S. Jim�enez-Fern�andez, “Team
formation based on group technology: A hybrid grouping genetic
algorithm approach,” Comput. Oper. Res., vol. 38, no. 2, pp. 484–
495, Feb. 2011.

[36] A. Soller, “Supporting social interaction in an intelligent collabo-
rative learning system,” Int. J. Artif. Intell. Educ., vol. 12, pp. 40–62,
2001.

[37] P. Jermann and D. Schneider, “Semi-structured interface in collab-
orative problem-solving,” in Proc. 1st Swiss Workshop Distrib.
Parallel Syst., 1997, http://tecfa.unige.ch/tecfa/publicat/jermann-
papers/lsnne97/lsne97.ps

[38] M. M. McManus and R. M. Aiken, “Monitoring computer-based
collaborative problem solving,” J. Artif. Intell. Educ., vol. 6, no. 4,
pp. 307–336, 1995.

[39] J.-M. Burkhardt, F. D�etienne, A.-M. H�ebert, L. Perron, S. Safin, and
P. Leclercq, “An approach to assess the quality of collaboration in
technology-mediated design situations,” in Proc. Eur. Conf. Cogni-
tive Ergonom.: Designing Beyond Product, article 30, 2009, http://dl.
acm.org/citation.cfm?id=1690551

[40] H. Spada, A. Meier, N. Rummel, and S. Hauser, “A new method
to assess the quality of collaborative process in CSCL,” in Proc.
Conf.Comput. Support Collaborative Learning: Next 10 Years!, 2005,
pp. 622–631.

[41] I. Srba and M. Bielikova, “Designing learning environments based
on collaborative content creation,” in Proc. Workshop Collaborative
Technol. Working Learning, 2013, pp. 49–53.

[42] M. Simko, M. Barla, and M. Bielikova, “ALEF: A framework for
adaptive web-based learning 2.0,” Key Competencies Knowl. Soc.,
vol. 324, pp. 367–378, 2010.

[43] M. Bielikova, M. Simko, M. Barla, J. Tvarozek, M. Labaj, R. Moro,
I. Srba, and J. Sevcech, “ALEF: From application to platform for
adaptive collaborative learning,” in Recommender Systems for Tech-
nology Enhanced Learning: Research Trends and Applications, Berlin,
Germany: Springer, 2014, pp. 195–225.

[44] V. H�orreo and R. Carro, “Studying the impact of personality and
group formation on learner performance,” in Groupware: Design,
Implementation Use, 2007, pp. 287–294.

[45] T. Daradoumis, J. M. Marqu�es, M. Guitert, F. Gim�enez, and
R. Segret, “Enabling novel methodologies to promote virtual col-
laborative study and learning in distance education,” in Proc. 20th
World Conf. Open Learning Distance Educ., 2001, http://www.uoc.
edu/in3/grupsrecerca/03_ICDE2001.doc

[46] M. Kompan and M. Bielikova, “Context-based satisfaction
modelling for personalized recommendations,” in Proc. the 8th
Int. Workshop Semantic Social Media Adaptation Personalization,
2013, pp. 33–38.

Ivan Srba received the Master’s degree (magna
cum laude) from Slovak University of Technol-
ogy, Bratislava, Slovakia, in 2012, where he is
currently working toward the doctoral degree at
the Institute of Informatics and Software Engi-
neering. His research interests are in the area of
web-based systems which utilize concepts of col-
laboration and collective intelligence, in particular
he focuses on adaptive learning and knowledge
sharing systems.

Maria Bielikova received the Master’s degree
(summa cum laude) and the PhD degree, both
from the Slovak University of Technology, Brati-
slava, Slovakia, in 1989 and 1995, respectively.
Since 2005, she has been a Full Professor, pres-
ently at the Institute of Informatics and Software
Engineering at the same university. Her research
interests are in the areas of web-based informa-
tion systems, especially personalized context-
aware web-based systems including user model-
ing, recommendation and collaboration support

with special emphasis for the educational domain. She is a senior mem-
ber of the IEEE, a member of its Computer Society, senior member of
the ACM and member of the International Society for Web Engineering.

186 IEEE TRANSACTIONS ON LEARNING TECHNOLOGIES, VOL. 8, NO. 2, APRIL-JUNE 2015



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


