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A Molecular Communication Perspective on
Airborne Pathogen Transmission and Reception via

Droplets Generated by Coughing and Sneezing
Fatih Gulec, Baris Atakan

Abstract—Infectious diseases spread via pathogens such as
viruses and bacteria. Airborne pathogen transmission via
droplets is an important mode for infectious diseases. In this
paper, the spreading mechanism of infectious diseases by airborne
pathogen transmission between two humans is modeled with
a molecular communication perspective. An end-to-end system
model which considers the pathogen-laden cough/sneeze droplets
as the input and the infection state of the human as the output
is proposed. This model uses the gravity, initial velocity and
buoyancy for the propagation of droplets and a receiver model
which considers the central part of the human face as the
reception interface is proposed. Furthermore, the probability
of infection for an uninfected human is derived by modeling
the number of propagating droplets as a random process. The
numerical results reveal that exposure time and sex of the human
affect the probability of infection. In addition, the social distance
for a horizontal cough should be at least 1.7 m and the safe
coughing angle of a coughing human to infect less people should
be less than -25◦.

Index Terms—Airborne pathogen transmission, molecular
communication, expiratory droplet reception, social distance.

I. INTRODUCTION

MOLECULAR communication (MC) is an emerging
research area which employs chemical signals for infor-

mation transfer. Originally, MC is proposed as the communi-
cation method of the nanomachines mimicking the biological
cells in microscale in a nanonetwork [1]. MC can also be
helpful for practical applications in macroscale [2].

The pioneering experimental study in macroscale MC is
about establishing a communication link using an electrical
sprayer, an alcohol sensor and alcohol molecules as the
transmitter (TX), receiver (RX) and messenger molecules,
respectively [3]. For this experimental setup, several channel
models are proposed in [4]–[6] and its data rate is improved
via multiple input multiple output (MIMO) technique in [7].
Furthermore, it is shown that MC can be used in macroscale
environments where there is significant attenuation for electro-
magnetic wave-based communication [8], [9]. In [10], an ex-
perimental platform consisting of pumps, pipes and a pH meter
is proposed. This platform encodes the information symbols
according to the pH level, as also used in a macroscale fluidic
platform explained in [11]. Magnetic nanoparticles which are
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sensed by a susceptometer (as a RX) are employed to encode
information symbols in [12]. In [13], a platform in which a
mass spectrometer (as a RX) and an odor generator (as a
TX) communicate is developed. [14] proposes a platform with
a chemical vapor transmitter and photoionization detectors.
Moreover, laser induced florescence technique is implemented
as an experimental platform for macroscale MC [15].

All of the aforementioned macroscale platforms are gener-
ally proposed to develop more efficient MC methods. How-
ever, macroscale MC can also be employed to solve practical
problems such as finding the distance to a source or the
location of the source. For the test-bed given in [3], statistical
distance estimation methods are proposed in [16] by using the
features extracted from molecular signals with the proposed
feature extraction algorithm. For a long range underwater
scenario it is theoretically shown that a molecular TX can
be localized with a mobile search robot [17]. The localization
of a passive molecular TX is proposed by using a clustered
localization algorithm for the proposed sensor network-based
platform [18]. In [19], the distance is estimated by considering
liquid droplets as information carriers. The experimental study
in [20] shows that encoding information in droplets is possible.

Hence, MC can be employed as a tool to model the
biological phenomena which consider droplets such as the
transmission and reception of pathogens (viruses, bacteria,
etc.) which cause contagious diseases via droplets. This con-
cept is first proposed in [21] which consider the infectious
human as a blind TX emitting pathogen-laden droplets and
sensors as the RX for outdoor environments. This study
is improved in [22] by taking silicon nanowire field effect
transistor-based biosensors into account to model pathogen
detection for airborne pathogen transmission.

Airborne transmission and self-inoculation (direct contact)
are two modes of infectious disease transmission via pathogens
[23]. Droplets can be classified as large droplets and droplet
nuclei (aerosols) which have sizes of larger and smaller than
10 µm, respectively [24]. All expiratory activities such as
coughing, sneezing, breathing and speaking can generate large
droplets and aerosols. While large droplets can be effective in
short-range, aerosols can spread pathogens to longer distances
due to their interactions with air. Airborne transmission via
droplets is a significant infection mechanism for pathogens
such as influenza virus [25], severe acute respiratory syndrome
(SARS) virus [26] and new SARS coronavirus-2 (SARS-CoV-
2) which causes coronavirus disease 2019 (COVID-19) [27].
By the time this paper is written, the global pandemic of
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COVID-19 still continues and there is no cure for COVID-19.
It is essential to emphasize that this study is related with the
COVID-19 outbreak, since one of the main mechanisms of this
disease is airborne transmission. In this paper, we investigate
airborne pathogen transmission and reception mechanisms be-
tween humans with a MC perspective for indoor environments.
This MC perspective leads us to use and adapt the well-known
communication engineering techniques to model the spread of
the infectious diseases between humans. The infectious human
which emit a cloud consisting of pathogen-laden droplets and
air by coughing/sneezing is considered as the TX and the
uninfected human is defined as the RX unlike the studies in
[21], [22] where the RX is a biosensor. Furthermore, the effect
of gravity and buoyancy is taken into account for the indoor
propagation of the cloud, which is not considered in [22].
The propagation of the cloud is modeled by modifying the
deterministic model in [23] in a probabilistic way. The cloud
travels under the influence of initial velocity, buoyancy and
gravity. The number of droplets in this cloud is modeled as a
random process. A receiver model which takes the central part
of human face as the interface with pathogens into account is
proposed. The propagation and reception models are employed
for the proposed end-to-end system model in order to give
the infection state of the RX as the system output. The
contributions of this paper can be summarized as follows:
• MC perspective is proposed to model the airborne

pathogen transmission and reception mechanisms by hu-
mans.

• The interaction of pathogen-laden droplets and the un-
infected human is examined by proposing a RX model.
Hence, an end-to-end system model is proposed which
combines the channel and receiver models.

• A probabilistic approach which enables the derivation of
the probability of infection for an uninfected human is
employed.

Furthermore, the proposed model is evaluated by numerical
results to understand the effects of physical parameters for
different indoor scenarios. Our key findings for a coughing
TX is given as follows:
• Increased exposure time to pathogens increases the prob-

ability of infection.
• For a horizontal cough, the social distance should be at

least 1.7 m.
• It is safer to cough with an initial angle less than -25◦ to

infect less people.
• Male humans are more susceptible to airborne infection

due to their larger faces for some situations.
The rest of the paper is organized as follows. In Section II,

the proposed end-to-end system model is presented. Section
III provides the derivation of the probability of infection.
Numerical results are given in Section IV and the paper is
concluded in Section V.

II. END-TO-END SYSTEM MODEL

This section provides a detailed explanation of the proposed
end-to-end system model for droplet-based MC between two
humans via sneezing/coughing in four steps. As given in Fig.

1, this model incorporates the airborne pathogen-laden droplet
transmission with the reception of these droplets by the human
that is considered as the RX. Fig. 1 also shows that the end-
to-end system impulse response is defined as the infection
state which is the output of the end-to-end system, since a
sneeze/cough can be considered as an impulsive input signal.
Transmitted droplets via sneezing/coughing are modeled as a
cloud which is a mixture of air and droplets. The propagation
of the cloud is defined as a two-phase flow where the first and
second phase represent the liquid phase of droplets and the gas
phase of the air, respectively [28]. As the first step of the end-
to-end system model, the trajectory of the cloud is derived. In
this study, the model given in [23] for the propagation of the
cloud is adopted and modified. In the second step, we derive an
end-to-end system model with a probabilistic approach instead
of the deterministic approach in [23]. The third step details the
RX model which includes signal reconstruction, integration,
quantization and detection parts. In the last step, the algorithm
for the implementation of the system model is given.

Channel Receiver
(Human)

End-to-End System Response

Infection state
of the human

Transmitted droplets
with pathogens via
sneezing/coughing

Fig. 1: Block diagram of the end-to-end system model.

A. Trajectory of the Transmitted Cloud

In our scenario, the TX emits the cloud with an initial
velocity on the x-axis by sneezing or coughing. Due to the
warmer air in the mouth (with density ρf at 34◦C) with respect
to ambient air (with density ρa at 23◦C), where ρf < ρa
[29], the emitted cloud is subject to buoyancy on y-axis. As
illustrated in Fig. 2, buoyancy, gravity and initial velocity of
the cloud affect the trajectory of the cloud. Therefore, the
trajectory is defined with the curvilinear s-axis and θ which
shows the angle between the s and x axes. In order to find the
position of the cloud in 3-D space, it is essential to derive the
time-dependent density of the cloud (ρc(t)). At the initial state
(t = 0), the initial cloud mass (mc(0)) can be represented by
the addition of the initial droplet mass (md(0)) and initial air
mass in the cloud (ma(0)) as given by [28]

mc(0) = md(0) +ma(0) (1)
ρc(0)V (0) = ρdVd(0) + ρf (V (0)− Vd(0)). (2)

where V (t) is the cloud volume, ρd is the droplet density,
ρf is the air density in the mouth. The volume of droplets
in the cloud (Vd(t)) consists of different sized droplets with
diameter dk and can be defined in terms of the volume fraction

of droplets (φk(t)) in the cloud as Vd(0) =
K∑
k=1

φk(0)V (0).

Here, K is the number of the different droplet sizes, φk(0) =
Nk(0)Vk/V (0), Nk(t) and Vk is the number and volume
of the spherical droplets of diameter dk, respectively. Nk(t)
changes during the propagation of the cloud due to the settling
of droplets to the ground as explained in Section II-B. By



3

x

z

Receiver

r

Transmitter

s

y

Cloud of 
pathogen-laden 

droplets

B (Buoyant
force)

G
(Gravity)

Fig. 2: Trajectory of the cloud between the TX and RX.

substituting Vd(0) into (2) and solving for ρc(0), the initial
density of the cloud is derived as

ρc(0) =

K∑
k=1

(ρd − ρf )φk(0) + ρf . (3)

As the cloud moves, it entrains the ambient air with density
ρa and its volume becomes V (t) = V (0)+Va(t) where Va(t)
is the acquired air volume. Since the initial volume fraction
of the air in the mouth with density ρf is relatively small in
the moving cloud (10−5) [29], it is assumed as V (t) ≈ Va(t).
After the emission of droplets, ρc(t) can be derived via the
conservation of mass [28]. Hence, the mass of droplets at the
time instance t (md(t)) is equal to the initial mass of droplets
(md(0)) and droplet mass can be expressed by the difference
of cloud mass and air mass according to (1) as given by

md(t) = md(0) (4)(
Cloud mass

at time t

)
−
(

Air mass
at time t

)
=

(
Initial

cloud mass

)
−
(

Initial
air mass

)
(5)

ρc(t)V (t)− ρaV (t) = ρc(0)V (0)− ρfV (0). (6)

Via the substitution of (3) into (6) and some algebraic manip-
ulation, the cloud density is derived as

ρc(t) =

K∑
k=1

(ρd − ρf )φk(t) + ρa. (7)

As illustrated in Fig. 2, there are two acting forces on the
cloud which stem from the gravity and buoyancy on y-axis.
Since ρf < ρa, the buoyant force (B(t)) affects the movement
of the cloud upwards. The net buoyant force acting on the
cloud (FB(t)) on y-axis is given by the difference of B(t)
and the gravitational force (G(t)) as given by [28]

FB(t) = B(t)−G(t) = V (t)ρag − V (t)ρc(t)g (8)
= V (t)(ρa − ρc(t))g (9)

where g is the gravitational acceleration.

On x-axis, the movement of the cloud is driven by the mo-
mentum (I) which is defined as the multiplication of the mass
and velocity [28]. The momentum is not effective on y-axis
and also there is not any acting force on the cloud for z−axis.
I is defined on s-axis and is decomposed into two components
on x (Ix = |I| cos(θ)) and y axes (Iy = |I| sin(θ)). Since the
force can be represented as the derivative of the momentum
[28] and there is not any acting force on the x-axis during the
propagation, the net force (Fx) on x-axis is given by

Fx =
dIx
dt

=
d|I| cos(θ)

dt
= 0. (11)

Furthermore, the net force on y-axis, i.e., FB(t) is given by

FB(t) =
dIy
dt

=
d|I| sin(θ)

dt
. (12)

Since the initial buoyancy is conserved [23], we have FB(t) =
F0 where F0 is the net initial buoyant force. With the initial
conditions which are |I(0)| = I0, θ(0) = θ0, Ix(0) =
I0 cos(θ0) and Iy(0) = I0 sin(θ0), Ix and Iy can be given
as the solutions of (11) and (12) as

Ix = I0 cos(θ0), Iy = F0t+ I0 sin(θ0). (13)

Since there is not any acting force on z-axis, the momentum
can be expressed as |I| =

√
I2
x + I2

y . Due to its definition, the
momentum can be written as [28]

|I| = mcvc(t) = ρc(t)V (t)vc(t), (14)

where we can express the cloud velocity (vc(t)) as the dis-
placement on s-axis (s(t)) in an infinitesimal time interval,
i.e., vc(t) = ds(t)/dt. The cloud volume is defined as
V (t) = ηr(t)3 where η = 4π/3 for a spherical cloud.
Furthermore, the radius of the cloud (r(t)) is linearly related
with the distance such that r(t) = αes(t) where αe is the
entrainment coefficient and is empirically determined [30].
Hence, (14) can be rewritten as

|I| = ρc(t)ηα
3
es(t)

3 ds(t)

dt
. (15)
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ηα3ρa
4

s(t)4 + Zs(t)−
(
F0t+ I0sin(θ0)

2F0

)√
F 2

0 t
2 + 2F0I0sin(θ0)t+ I2

0

−
(
I2
0 (sin(θ0)2 − 1)

2F0

)
ln

(
2F0

√
F 2

0 t
2 + 2F0I0sin(θ0)t+ I2

0 + 2F 2
0 t+ 2F0I0sin(θ0)

)
= 0. (10)

When |I| =
√
I2
x + I2

y is incorporated into (15), we have

ds(t)

dt
=

√
I2
x + I2

y

ρc(t)ηα3
es(t)

3
. (16)

Here, (7) and (13) are substituted into (16) as given by

ds(t)

dt
=

√
F 2

0 t
2 + 2F0I0sin(θ0)t+ I2

0(
K∑
k=1

(ρd − ρf )φk(t) + ρa

)
ηα3

es(t)
3

. (17)

Remembering that V (t) = ηα3
es(t)

3 and φk(t) = Nk(t)Vk
V (t) , the

denominator part of (17) is simplified as

ds

dt
=

√
F 2

0 t
2 + 2F0I0sin(θ0)t+ I2

0

Z + ρaηα3
es

3
, (18)

where Z =
K∑
k=1

(ρd − ρf )VkNk(t).

For convenience, θ0 is chosen as 0 in [23]. However, θ0 6= 0
is also considered in order to observe the effect of the initial
cough/sneeze angle in our study. In addition to this, the initial
conditions which are s(0) = 0 and t(0) = 0 are taken into
account in the integration of (18) to obtain the quartic equation
as given by (10). Since the discriminant of the quartic equation
(10) is less than zero for physically meaningful parameter
values, two of the roots are complex and one of the roots is a
real and negative number. Therefore, there is only one possible
positive real root which is used as the solution. However, this
solution is a very long expression to write in this paper and
(10) is solved numerically as detailed later in this section.

In order to determine the trajectory of the cloud, θ needs to
be derived. Via the substitution of Ix = |I| cos(θ) and Iy =
|I| sin(θ) into (13), two expressions are obtained. Then, by
solving these two expressions for |I| and equating them gives
the equation below

|I| = I0 cos(θ0)

cos(θ)
=
F0t+ I0 sin(θ0)

sin(θ)
. (19)

which can be solved for θ as given by

θ = tan−1

(
F0t

I0 cos(θ0)
+ tan(θ0)

)
. (20)

B. Number of Propagating Droplets in the Cloud

After the emission of droplets, some of the droplets settle to
the ground due to gravity and their interaction with the air [16],
[31]. Therefore, the number of droplets decreases during the
propagation due to the settling of droplets. In addition, since
the movement of each droplet in the cloud is independent of
each other at each time instance, the number of droplets in

the cloud (N(t) =
K∑
k=1

Nk(t)) can be modeled as a Poisson

process with an intensity function λ(t). Due to the large
number of emitted droplets, N(t) can be approximated as a
Gaussian random process with the same mean and variance,
i.e., N(t) ∼ N (λ(t), λ(t)) [32]. Here, λ(t) which is the mean
number of droplets in the cloud can be derived by using the
flow rate of the droplets [23]. Moreover, it is assumed that the
droplets are homogeneously distributed within the cloud. The
flow rate of the droplets (J), which is the derivative of the
number of droplets and gives the number of droplets flowing
through a surface in unit time (number of droplets/s), is defined
as [28]

J =
dλ(t)

dt
= vcAρ̄c(t) (21)

where ρ̄c(t) = λ(t)/V (t) and A is the cross-sectional area that
droplets are flowing through. Since droplets settle through the
lower half of the cloud due to the observations in [23], A in
(21) is substituted with A(t)/2 where A(t) is the surface area
of the cloud. Hence, (21) becomes

dλ(t)

dt
= −vs

A(t)

2

λ(t)

V (t)
, (22)

where vs is the settling velocity of droplets and (−) sign
represents the decrease in the number of droplets due to
the settling. For a spherical cloud, when the substitutions
A(t) = 4πr(t)2, V (t) = 4πr(t)3/3 and r(t) = αes(t) are
made into (22), the rate of change of the mean number of
droplets in the cloud is given by

dλ(t)

dt
=
−3vsλ(t)

2r(t)
=
−3vsλ(t)

2αes(t)
. (23)

Since the solution of (10) is very long and makes the
solution of (23) very complicated, the trajectory and number
of droplets can be found numerically for each time instance.
Furthermore, the number of droplets can be different for each
droplet size. Thus, (23) is manipulated to derive the change
of the mean number of droplets at each time instance (∆λ) as
given by

∆λ =
−3vsk,iλk,i∆t

2αsk,i
, (24)

where ∆t is the time step, the subscripts i and k show the
corresponding variables at t = ti for the droplets of diameter
dk. At each time step, ti is increased by ∆t and the mean
number of droplets of diameter dk in the cloud is increased
via λk,i+1 = λk,i+∆λ. For each time step and droplet size, the
number of droplets in the cloud becomes a Gaussian random
variable as a sample of the Gaussian random process N(t),
i.e., Nk,i ∼ N (λk,i, λk,i).

Settling velocities of droplets during the propagation are
defined according to the flow regimes which are Newton’s
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(turbulent) flow, intermediate flow and Stokes (laminar) flow
regimes [33]. These regimes are determined according to
Reynolds number (Re) which is a dimensionless coefficient
showing the flow type of the fluid as defined by [28]

Rek,i =
dk,iρavck,i

µa
. (25)

(25) shows that Rek,i depends on the changing cloud velocity
and droplet diameter at each time step. The settling velocities
according to the aforementioned flow regimes are derived in
the Appendix. The result of these derivations are given by [33]

vsk,i =



gd2
k,i(ρd − ρa)

18µa
, Re < 2 (26)
(Stokes flow)

gd
8/5
k,i (ρd − ρa)

13.875ρ
2/5
d µ

3/5
a

, 2 ≤ Re ≤ 500 (27)
(Intermediate flow)

3.03gdk,i(ρd − ρa)

ρd
, 500 < Re ≤ 2× 105.(28)
(Newton’s flow)

C. Receiver Model

Airborne pathogen transmission via droplets is infectious,
since emitted pathogen-laden droplets can be sensed by nose,
mouth and eyes [24], [26]. Hence, the human face is where
the sensing of the infectious pathogens mostly occurs. Even if
the pathogens are not directly received via the facial sensory
organs, it is possible to become infected by directly touching
the face and sensory organs consecutively. With this motiva-
tion, the cross-sectional area of the central part of the human
face is considered as the RX cross-section as shown in Fig. 3.
Moreover, a receiver model is proposed for the reception of
droplets as shown in Fig. 4.

Receiver 
cross-section

Biocular breadth

Sellion-Stomion
 length

Fig. 3: Receiver cross-section in the human face.

As the first step of the reception, the droplets in the vicinity
of the RX is sensed by the human, which is defined as the
signal reconstruction. Different signal reconstruction models
for a sensor in macroscale and a nanomachine in microscale

are proposed in [6] and [34], respectively. As given in Fig.
3, the RX is assumed to be the cross-section of the human
face. In order to determine a circular cross-section area (AR)
for the RX by encompassing the eyes, mouth and nose, a
right-angled triangle whose sides are biocular (biectocanthus)
breadth (βbb), Sellion-Stomion length (βss) and the diameter
of the receiver cross-section (2rR) as the hypotenuse side is
formed as depicted in Fig. 3. Here, βbb is the length of the
line connecting the outer end points of the left and right eyes
(eyelid junctions) and βss is the vertical distance between the
eye and mouth [35]. Hence, the radius of the cross-sectional
area of the RX (rR) is given as rR = (

√
β2
bb + β2

ss)/2.
When the cloud is transmitted via sneezing/coughing, there

are three cases for the interaction of the RX and the cloud of
droplets with diameter dk whose centers are at the positions for
the ith time step (xR,yR,zR) and (xk,i,yk,i,zk,i), respectively.
The relation between the 3-D Cartesian coordinates and curvi-
linear s-axis is detailed in the next subsection. In the first case,
the cloud and RX do not coincide and there is no reception.
The other two cases include the reception of droplets. As
illustrated in Fig. 5, when the cloud and RX coincide, the
reception of droplets is related with the cross-sectional area
of the cloud at xk,i = xR (ACSk,i ), AR and their intersection
area (ARCk,i ). The second case occurs when the intersection
area is less than or equal to the cross-sectional area of the RX,
i.e., ARCk,i < AR. In the last case, the cloud encompasses the
RX, i.e., ACSk,i ≥ AR = ARCk,i .

For the case shown in Fig. 5, ARCk,i can be derived by
calculating the intersection area of two circles as given by
(29) [36] where the distance between the centers of ARCk,i
and AR (dRCk,i ) is defined as given below.

dRCk,i =
√

(yR − yk,i)2 + (zR − zk,i)2. (30)

The received number of droplets can be derived by multi-
plying the time step (∆t) with the flow rate of the droplets (J
in number of droplets/s) at each time step. Since the RX senses
the droplets proportional to ARCk,i , the received signal after
the signal reconstruction step for the aforementioned cases at
each time step by recalling (21) is expressed as

ÑRi =



K∑
k=1

vck,iARCk,i
Nk,i
ηr3
k,i

∆t , ARCk,i < AR (31)

K∑
k=1

vck,iAR
Nk,i
ηr3
k,i

∆t , ARCk,i = AR (32)

0 , otherwise, (33)

where ARCk,i = πr2
RCk,i

, AR = πr2
R, η = 4π/3 and the

volume is ηr3
k,i for the spherical cloud.

Cumulative Sum
(Integration)  Quantization Detection

Cloud with the
pathogen-laden
droplets in the

vicinity of the RX

Infection state
(Received symbol)

Receiver

Signal Reconstruction
(Sensing)

Fig. 4: Block diagram of the receiver model.
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ARCk,i = r2
Rcos

−1

(
d2
RCk,i

+ r2
R − r2

k,i

2dRCk,irR

)
+ r2

k,icos
−1

(
d2
RCk,i

+ r2
k,i − r2

R

2dRCk,irk,i

)
− 1

2

√
(−dRCk,i + rR + rk,i)(dRCk,i + rR − rk,i)(dRCk,i − rR + rk,i)(dRCk,i + rR − rk,i). (29)

As the time elapses, the cumulative exposure to the
pathogen-laden droplets at the RX can be modeled by the
cumulative sum (integration) of droplets with respect to time
subsequent to the signal reconstruction step as given in Fig.
4. Afterwards, the signal is quantized, since the rate of the
change in the mean number of droplets may not be an integer.
The number of droplets after the cumulative sum is rounded
to the nearest integer in the quantization step. The received
signal after the quantization step is given by

NRi=



K∑
k=1

N̄Rk,i , ARCk,i<AR (34)

K∑
k=1

N̄Rk,i , ARCk,i=AR (35)

0 , otherwise. (36)

Here, the mean received number of droplets after the quanti-
zation step for the kth droplet diameter at the ith time step
(N̄Rk,i ) is defined as

N̄Rk,i=



⌊
vck,iARCk,i∆t

ηr3
k,i

i∑
m=0

Nk,i−m +
1

2

⌋
, ARCk,i<AR (37)⌊

vck,iAR∆t

ηr3
k,i

i∑
m=0

Nk,i−m +
1

2

⌋
, ARCk,i=AR (38)

where b.c shows the floor function which maps a variable to
the integer less than or equal to this variable. The addition
with 1

2 within the floor function in (37)-(38) provides the

y

z

Cross-sectional area of the
cloud at 

Cross-sectional area 
of the RX

Intersection 
area

Fig. 5: Intersection of the RX and the cloud cross-section.

quantization by rounding the number of received droplets to
the nearest integer.

Subsequent to quantization, the infection state of the human
needs to be determined as the output of the system as shown
by Figs. 1 and 4. Therefore, the detection is essential according
to a threshold value (γ) as the last step of the reception.
Physically, γ corresponds to the quantity of pathogen-laden
droplets that suffice to make a human infected. Furthermore,
γ depends on the immune system of a human. Thus, detection
via the threshold γ enables to quantify the strength of the
human immune system and to handle the determination of the
infection state as a detection problem. Hence, the infection
state (or the received symbol) can be expressed by binary
hypothesis testing which is given as

NRi
H1

≷
H0

γ, (39)

where the hypotheses H0 and H1 are defined as the situations
of no infection as the received symbol 0 and infection as the
received symbol 1, respectively. Here, the received symbol se-
quence with M samples is represented as h = [h0, h1, ..., hM ]
which also gives the end-to-end system response.

D. Algorithm of the End-to-End System Model

In this part, the way to obtain the output of the end-to-end
system model by employing the derivations made up to here
is clarified in the proposed Algorithm 1. Before the procedure
starts, the initial parameters such as the number of droplet sizes
(K), total simulation time (ts), initial number of droplets for
each droplet size (N(1,..K),0), initial momentum (I0), initial
net buoyant force (F0), initial velocity of the cloud (vc0 ),
RX dimensions (βbb, βss) and initial positions of the TX and
RX are taken as the input. In the algorithm, the propagation,
changing number of droplets in the cloud and their interaction
with the RX are handled separately at each time step for each
droplet size dk. As the first step of the algorithm, the trajectory
of the spherical cloud is calculated for each time step, i.e., the
distance on the s-axis and θ values for t = ti are calculated
by (10) and (20). Then, the updated position of the cloud on
the s-axis is utilized to find its step length (∆s). As shown in
Fig. 2, ∆s can be employed to express the step lengths on x
(∆x) and y axes (∆y) as given by

∆x = ∆s cos(θk,i), ∆y = ∆s sin(θk,i), (40)

where ∆x and ∆y values are used to update the cloud position
on the corresponding axis. Since there is not any acting force
on z-axis, the center of the cloud maintains its position on this
axis. However, the cloud expands on x, y and z axes linearly
due to the relation rk,i = αesk,i as given in Section II-A.
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Algorithm 1 Algorithm of the End-to-End System Model

1: Input: K, ts, ∆t, vc0 , I0, F0, ρa, ρd, ρf , µa, αe, g,
d(1,...,K), N(1,...,K),0, θ0, βbb, βss, initial positions of the
TX and RX,

2: t = 0 : ∆t : ts
3: for k = 1 : 1 : K do
4: for i = 1 : 1 : length(t) do
5: . Step 1: Trajectory
6: Calculate sk,i by the real positive root of (10)
7: rk,i = αesk,i
8: Calculate θk,i by (20)
9: ∆s = sk,i − sk,i−1

10: ∆x = ∆s cos(θk,i); ∆y = ∆s sin(θk,i)
11: xk,i = xk,i−1 + ∆x; yk,i = yk,i−1 + ∆y
12: . Step 2: Number of Droplets in the Cloud
13: vck,i = ∆s/∆t
14: Rek,i = dk,ivck,iρa/µa
15: Calculate vsk,i according to Rek,i by (26)-(28)
16: Calculate ∆λ by (24)
17: λk,i = λk,i−1 + ∆λ
18: Generate Nk,i ∼ N (λk,i, λk,i)
19: . Step 3: Reception
20: if (xR − rk,i) < xk,i < (xR + rk,i)) then
21: rCSk,i =

√
r2
k,i − (xR − xk,i)2;

22: ACSk,i = πr2
CSk,i

23: Calculate dRCk,i by (30)
24: if (rCSk,i−rR) < dRCk,i < (rCSk,i+rR) then
25: Calculate N̄Rk,i by (37)
26: else if dRCk,i < (rCSk,i − rR) then
27: Calculate N̄Rk,i by (38)
28: else
29: N̄Rk,i = 0
30: end if
31: Nk,i = Nk,i − N̄Rk,i
32: end if
33: end for
34: end for
35: Calculate NRi by (34)-(36)
36: Determine the infection state (h) by applying (39)

In the second step of Algorithm 1, the mean number of
droplets in the propagating cloud is calculated. To this end,
the cloud velocity (vck,i ) at the corresponding time step is cal-
culated by the displacement on s-axis. Then, settling velocity
(vsk,i ) is determined by (26)-(28) according to Rek,i which is
calculated by using vck,i and droplet size. vsk,i is exploited to
calculate the change in the mean number of droplets (∆λ) and
thus, the mean number of droplets is updated according to this
change. Here, the flow type of the cloud found by employing
the velocity of droplets affects the number of droplets in the
cloud.

The third step of Algorithm 1 describes the reception via the
interaction of the cloud with the RX. When the cloud comes
to a sufficient distance to interact with the RX, the radius of
the cloud’s circular cross-section (rCSk,i ) is determined by the
geometrical relation with the the radius of the cloud and the

positions of the TX and RX on the x-axis as given by

rCSk,i =
√
r2
k,i − (xR − xk,i)2, (41)

which allows us to calculate the circular area of the cloud’s
cross-section (ACSk,i ). During the reception, the case that
ACSk,i ≤ AR can also be represented in terms of radii
of the circles and the distance between them such that
(rCSk,i − rR) < dRCk,i < (rCSk,i + rR). In addition, the case
for the cloud encompassing the RX (ACSk,i > AR = ARCk,i )
can be expressed as dRCk,i < (rCSk,i − rR). Using these
conditions, the mean number of droplets given in (34)-(36)
is calculated. Then, the detection is made according to the
threshold γ in order to determine the infection state. Next,
the probability of infection is derived by using the end-to-end
system model.

III. PROBABILITY OF INFECTION

The probabilistic approach which is considered in the sys-
tem model enables the derivation of the probability of infection
of a human exposed to a sneeze or cough. To this end, it is
essential to derive the probability density function (pdf) of the
received number of droplets before the detection. As given in
Section II-B, the number of droplets in the cloud is a Gaussian
random variable for the droplet diameter of dk and ith time
step, i.e., Nk,i ∼ N (λk,i, λk,i). Hence, its pdf (fN (Nk,i)) is
given by

fN (Nk,i) =
1√

2πλk,i
e
−

(Nk,i−λk,i)
2

2λk,i . (45)

Since the received number of droplets before the detection
(NRi ) is a function of Nk,i as given in (34)-(38), its pdf
(fNR(NRi)) is given in (42)-(44). The probability of infection
corresponds to the situation where NRi > γ as given by

P (NRi > γ) =

∫ ∞
γ

fNR(u)du. (46)

The solution for (46) can be derived for the pdf given in (42)-
(44) in terms of Q-function (Q(x) = 1√

2π

∫∞
x

exp
(
−u2

2

)
du)

as given by

P (NRi > γ)=


Q

(
γ

Ω1
− Ω1

)
, ARCk,i<AR (47)

Q

(
γ

Ω2
− Ω2

)
, ARCk,i=AR (48)

0 , otherwise, (49)

where Ω1 and Ω2 are defined as

Ω1 =

K∑
k=1

i∑
m=0

⌊
vck,iARCk,i∆t

ηr3
k,i

λk,i−m +
1

2

⌋
(50)

Ω2 =

K∑
k=1

i∑
m=0

⌊
vck,iAR∆t

ηr3
k,i

λk,i−m +
1

2

⌋
. (51)

The derived probability of infection and the system model
given in the previous section can be employed to analyze
the dynamics of the pathogen transmission as given with the
numerical results in the next section.
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fNR(NRi)=



1√
2π

K∑
k=1

i∑
m=0

⌊(
vck,iARCk,i∆t

ηr3k,i

)2

λk,i−m+1
2

⌋exp

−
(
NRi−

K∑
k=1

i∑
m=0

⌊
vck,iARCk,i∆t

ηr3k,i
λk,i−m+1

2

⌋)2

2
K∑
k=1

i∑
m=0

⌊(
vck,iARCk,i∆t

ηr3k,i

)2

λk,i−m+1
2

⌋
,ACSk,i<AR (42)

1√
2π

K∑
k=1

i∑
m=0

⌊(
AR

ACSk,i

)2

λk,i−m + 1
2

⌋exp

−
(
NRi −

K∑
k=1

i∑
m=0

⌊
AR

ACSk,i
λk,i−m + 1

2

⌋)2

2
K∑
k=1

i∑
m=0

⌊(
AR

ACSk,i

)2

λk,i−m + 1
2

⌋
 ,ARCk,i=AR(43)

0 , otherwise. (44)
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Fig. 6: The trajectory of the cloud and its interaction with the RX in (a) 3-D (b) 2-D. (c) The number of droplets.

IV. NUMERICAL RESULTS

In this section, numerical results using the algorithmic end-
to-end system model and derived probability of infection are
given. The values of the experimental parameters are given
in Table I. Except the simulation parameters such as ∆t,
ts and the positions of the TX and RX, this table includes
measured values which are obtained by empirical studies [23],
[35], [37]–[40]. Furthermore, the initial number of droplets
according to their diameters for a cough is given in Table
II. For sneezing, there are not sufficient empirical data in
the literature to obtain the parameter values given in Table
I such as αe and initial velocity [24]. Therefore, although our
proposed model is applicable to a sneezing scenario, we only
consider a coughing scenario for two static humans where one
of them is the TX and the other is RX. For the results in Figs.
6-7, the dimensions of the RX are applied by using the average
values of male and female humans. Namely, βbb and βss are
obtained by calculating the average of the female and male
values given in Table I.

For xR = 1.5 m and θ0 = 0◦, Figs. 6 (a) and (b) depict

TABLE I: Experimental parameters

Parameter Value Parameter Value
∆t 0.1 s ts 10 s
TX’s position (0,1.7,0) m (x,y,z) vc(1,..K),0

11.2 m/s (cough) [37]
RX’s position (1.7,0) m (y,z) g 9.81 m/s2
I0 0.0131 kg m/s [23] αe 0.2116 [40]
F0 0.0023 kg m/s2 [23] βbb (female) 8.853 cm [35]
ρd 993 kg/m3 [38] βbb (male) 9.131 cm [35]
ρf (at 34◦C) 0.98 kg/m3 [39] βss (female) 6.901 cm [35]
ρa (at 23◦C) 1.172 kg/m3 [23] βss (male) 7.57 cm [35]
µa 19×10−6 kg/(m s) [23]

the trajectories of the cloud with respect to RX in 3-D and
2-D, respectively. Due to initial momentum of coughing and
net buoyant force, the cloud propagates in the horizontal and
vertical directions, respectively. As also observed in these
trajectories, the 3-D cloud can encompass (or intersect with)
the RX and the RX is exposed to droplets during the passage
of the cloud. Fig. 6 (c) shows the interaction of a human who
can be infected with a disease-spreading human by quantifying
the number of droplets received from the cloud. The number of
droplets are given by their mean and their variations (vertical
bars) due to the Gaussian distribution. These variations are
calculated as three times the standard deviation (99.73%
confidence interval) for each sample. As observed in Fig. 6 (c),
the number of droplets in cloud decreases, since large-sized
droplets settle due to the gravity. As mentioned in Section II,
the RX gets infected, when the received number of droplets
is above γ as plotted in Fig. 6 (c). This figure shows the
importance of the exposure time which is the interval of the
changing zone in the received signal. If the RX is exposed
to the cloud less, it is possible not to be infected, since the
received number of droplets can be below the threshold. This
interaction is also clarified in Fig. 7 by showing the relation of

TABLE II: Initial number of droplets [29]

d
(µm)

Quantity
(cough)

d
(µm)

Quantity
(cough)

d
(µm)

Quantity
(cough)

2 50 40 240 200 35
4 290 50 110 250 29
8 970 75 140 500 34
16 1600 100 85 1000 12
24 870 125 48 2000 2
32 420 150 38 Total 4973



9

0.5 1 1.5 2

Distance from the TX on x-axis - x
R

 (m)

0

0.1

0.2

0.3

0.4

0.5

0.6

0.7

0.8

0.9

1

P
ro

ba
bi

lit
y 

of
 In

fe
ct

io
n

 = 100, 0 = 0°

t = 2 s
t = 3 s
t = 3.7 s

Fig. 7: Probability of infection according to distance for
different time values.
the infection probability with the distance of the RX to the TX
for different propagation time instances. Actually, this figure
reveals that if the RX is exposed to the cloud for a longer
period, the RX is more likely to be infected.

Different scenarios can be analyzed by employing the
infection state, which is the output of the end-to-end system
model, for various xR, γ, θ0 values and male/female receivers.
In Fig. 8 (a), the threshold is set to zero to determine the safe
zone where there is no possibility of infection. This safe zone
starts at xR = 1.7 m which also shows the minimum social
distance. Fig. 8 (c) shows that initial coughing angle affects
the infection state severely. For θ0 values between 0 and −25
degrees, it is more likely to infect someone due to the buoyant
forces affecting the propagation of the cough cloud. Therefore,
it is safer to cough with an initial angle θ0 ≤ −25◦ which is
depicted as safe coughing angle in Fig. 8 (c). Coughing with
θ0 ≥ 0◦ may not be safe, since small droplets (aerosols) can
suspend in the air and settle eventually due to gravity or drift
due to the indoor air currents in the long term. In Figs. 8 (a)
and (c), the results are indistinguishable for male and female
receivers. However, Fig. 8 (b) shows that the infection states
of female and male humans can be affected differently for
the same γ values. Actually, this figure reveals that female
humans are less likely to get infected, even if their immune
system’s strength are the same with male humans due to the
slight difference in the face dimensions.

V. CONCLUSION

In this paper, an algorithmic end-to-end system model
is proposed for droplet-based communication via cough-
ing/sneezing between two static humans for an indoor sce-

nario. The TX emits a cloud which is a mixture of droplets
and air and it propagates under the influence of the initial
momentum, gravity and buoyancy. A receiver model which
defines the central part of the human face as the RX cross-
section is proposed for the reception of droplets to give an
output of infection state of the RX. The transmitted and
received number of droplets are modeled as random processes
which lead us to derive the probability of infection. Numerical
results show that the safe zone for the RX starts at 1.7
m for a horizontally coughing TX. It is also revealed that
the initial coughing angle of the TX, the distance between
the TX and RX and the detection threshold which actually
corresponds to the strength of the human immune system
are significant parameters to model the airborne pathogen
transmission. Furthermore, the reception of pathogens can be
affected by the sex of the human. As the future work, we
plan to extend our study for channel parameter estimation and
modeling end-to-end communication for mobile TXs and RXs.

APPENDIX

For a settling droplet, the downwards net force for a
spherical droplet at the ith time step with the diameter dk
is given as

Fdowni = Gi−Bi = Vdρdg−Vdρag =
πd3

k,i

6
(ρd−ρa)g (52)

Furthermore, an upward drag force acts in the opposite direc-
tion of gravity due to the interaction of the droplet with the
air. This upward drag force is given as [28]

Fupi =
1

2
ρdv

2
sπ
d2
k,i

4
CD (53)

where CD is the drag coefficient. For the settling condition,
these upward and downward forces are in equilibrium. Hence,
we can obtain the settling velocity by equating these two forces
and pulling out vs as given by

vsk,i =

√
4dk,ig(ρd − ρa)

3ρdCD
. (54)

Here, CD changes according to Re as given by [33]

CD =


24

Re
,Re < 2 (Stokes flow) (55)

18.5

Re3/5
, 2 ≤ Re ≤ 500 (Intermediate flow) (56)

0.44 , 500 < Re ≤ 2× 105(Newton’s flow) (57)
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When the drag coefficients in (55)-(57) and Re in (25) are
substituted into (54), the settling velocities in (26)-(28) can be
obtained.
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