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Abstract

We consider the random Schriodinger equation as it arises in the paraxial regime for wave
propagation in random media. In the white noise limit it becomes the It6-Schrédinger stochastic
partial differential equation (SPDE) which we analyze here in the high frequency regime. We also
consider the large lateral diversity limit where the typical width of the propagating beam is large
compared to the correlation length of the random medium. We use the Wigner transform of the
wave field and show that it becomes deterministic in the large diversity limit when integrated
against test functions. This is the self-averaging property of the Wigner transform. It follows
easily when the support of the test functions is of the order of the beam width. We also show with
a more detailed analysis that the limit is deterministic when the support of the test functions
tends to zero but is large compared to the correlation length.
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1 Introduction

In the study of wave propagation in random media, the parabolic or paraxial approximation is used
often when waves propagate mostly in one direction and there is little backscattering [25]. The
scattering problem is reduced to an initial value problem in a random medium in which distance
along the direction of propagation plays the role of time. This is a very significant simplification
that has been adopted in many physical applications [25, 26, 27, 22]. The study of waves in the
parabolic approximation is also very useful in the analysis of time reversal and imaging in random
media [9, 5, 6, 10, 11]. Self-averaging is the property of some physical quantities to be statistically
stable, that is, independent of the random fluctuations in the medium properties. For this reason,
self-averaging functionals of the wave field play an important role in imaging and time reversal.
They were analyzed in the regime of the parabolic approximation in [5, 23, 2] and in the random
geometrical optics regime in [4]. In this paper we extend and simplify the analysis in [23]. We show
that in the parabolic approximation, in a variety of scaling regimes local averages of the wave field
in phase space are self-averaging when there is substantial lateral diversity. This means that the
correlation length of the inhomogeneities is small compared to the width of the propagating beam.

In the parabolic approximation the wave equation reduces to the Schrodinger equation in a
random medium. When the propagation distance is large compared to the correlation length, then
the random potential in the Schrodinger equation tends to white noise in the propagation direction
[12, 1, 15, 16]. We begin here with this white noise, It6-Schrodinger equation. In Section 2 we
formulate the problem and introduce the scaling. In Section 3 we introduce the Wigner transform of
the wave field and state the main results. They characterize the behavior of the Wigner transform
in the high frequency and large diversity limits. In Section 4 we prove the weak convergence of
the Wigner transforms in law, in the various asymptotic limits. This is done in a simple way
using infinitesimal generators, which is a general approach that identifies the limit problem in an
efficient way. In Section 5 we extend the analysis of weak convergence in law to test functions with
asymptotically diminishing support. Such results were also obtained in [2] using convergence of the
second moments but the rate of diminishing support is faster in the analysis of Section 5.
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2 The random Schrodinger equation

2.1 Characteristic scales

We consider wave propagation in a random medium in the regime when the paraxial approximation
is valid and waves propagate over distances that are much larger than both the typical wave length
and the correlation length of the random inhomogeneities. We introduce several characteristic scales
in order to identify the regimes for the asymptotic analysis that we want to carry out. They are

e [, the characteristic distance in the direction of propagation.

e L, the length scale in the directions transverse to the direction of propagation. This is
typically taken to be the width of the propagating beam.

e ko =271/, the central wavenumber corresponding to the central wavelength Ag.

e [, the correlation length of the random medium. It characterizes the dominant spatial scale of
the random fluctuations.

e 0y, the dimensionless standard deviation of the random fluctuations in the medium.
In the asymptotic regimes that we consider here L, and L, are large compared to [ and A\g, and o
is small.
2.2 The parabolic approximation
We consider the wave equation in a random medium

1 0%u

— 3 d+1

with d = 1,2 and the local wave speed
2 (2,%) = ¢y [1 + oop (;, ?)} .

Here z and x € R? are, respectively, the coordinates along and transverse to the direction of prop-
agation, and X = (z,x). The random function p models the fluctuations in the propagation speed.
Wave fields propagating mainly in the z direction can be written in the form

™

1 4
u(t,x,z) = o /e“"(z/cot)w(z,x;w/co)dw, (2.2)
where the complex amplitude ¥(z, x; k) satisfies the Helmholtz equation
2ikt), + Axtp + E*(n® — 1)) = =), (2.3)

Here k = w/cy is the wavenumber and n(x, z) = ¢yp/c(x, z) is the random index of refraction relative
to a reference speed cy. The fluctuations of the refraction index have the form

n2(x,2) — 1 = oo (; ?) . (2.4)

The fluctuations are modeled by a stationary random field with mean zero, variance o3 and corre-
lation length [. The normalized and dimensionless covariance is given by

R(z,x) = B{p(z + 2/, x + x)u(z',x") }. (2.5)



We obtain the dimensionless form of (2.3) by introducing dimensionless variables by x = LyX/,
z=L,7, k = kok/ and rewriting it as
o L,

sza— + — Fo L2 x?/}—{—k: koL, Jou<

zL, XL) _ 1 0% (2.6)
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after dropping the primes. We identify now the following three, usually small, dimensionless param-
eters in the problem:

l
° c= I the ratio of the correlation length to the propagation distance,
z
l
e )= o the ratio of the correlation length to the transverse length scale, which is usually the

beam );vidth,

L AL,
o= 2 =20 , the Fresnel number, the ratio of the diffraction focal spot of the beam to
koL2 27 L2
its width.

In terms of these parameters (2.6) has the form

k 0052 z x) fe?

w2

We will assume here that € is the smallest parameter in the problem. It then follows formally, but
it is quite difficult to prove, that the 1., term on the right in (2.7) is a lower order term and can be
neglected. The parabolic wave equation, or the random Schrédinger equation, is what results when
the right side of (2.7) is zero. The validity of this approximation for underwater sound propagation
is discussed in [25] and a more recent analysis is found in [1]. We will thus consider the initial value
problem for the random Schrodinger equation

2zsz+9AX¢+’;2? (Z X)w:o,wo (2.8)

with ¢ at z = 0 given and where
o 0'05

~ 23/2°
€
This scaled noise strength parameter will be assumed to be independent of € and § as these param-
eters tend to zero in the asymptotic analysis that follows.

2.3 The white noise limit

We are interested in the behavior of the solution of (2.8) in the limit ¢ — 0 while § and 6 are fixed.
This means that e is the smallest of the three parameters ¢, 6, d in (2.8). We note that under suitable
conditions on the random field p the central limit theorem holds and

il_r)%f/ ds—B(z,x),

weakly in law, where B is a Brownian random field parameterized by x. This means that for any
test function h(x)

\2 /0 un(s/€)ds — Bu(2), 2 2 0,
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in law, where

un(z) = w(z,x)h(x)dx , Bp(z) = B(z,x)h(x)dx.
R4 R4

The Brownian random field B(z,x) is a Gaussian process with mean zero and covariance
E{B(z1,x1)B(z2,%2)} = Ro(|x1 — x2|) min{z1, z2}. (2.9)

Here Ry is the integrated in z transverse correlation function defined by

Ro(x) = /_ Z R(z,x)dz.

We assume that it is smooth, rapidly decaying and isotropic.
In the white noise limit ¢ — 0 the solution of the random partial differential equation (2.8)
converges in law to the process defined by the stochastic partial differential equation

k206

2ikd) + 0 Axpdz + —

bod.B <§z> —0 (2.10)
given here in the Stratonovich form. The It form of (2.10) is given by

ik30262 k206

2ikd:t) + 9 Axipdz + — o Ro(0)dz + ——

»d, B (% z) —0. (2.11)
When the fluctuation process pu(z,x) is Markovian in z with values in a suitable function space,
then the above white noise limit for the random Schrédinger equation can be analyzed with the
perturbed test function methods presented in [20]. More generally, white noise limits for random
ordinary differential equations are studied in [8] and for partial differential equations in [12]. A
recent study of white noise limits for Schrédinger and Wigner equations is given in [15, 16].

2.4 Scaling limits

There are two small parameters left in the 1t6-Schrodinger equation (2.11) after we have taken the
white-noise limit — the Fresnel number 6 and the non-dimensional correlation length §. The purpose
of this paper is to analyze the stochastic partial differential equation (2.10) or (2.11) in the following
scaling limits.

e The low frequency limit and large lateral diversity limit: § — 0 with 6 fixed,

e the high frequency or geometric asymptotics limit followed by the large lateral diversity limit:
0 < § < 1, that is, 8 — 0 followed by § — 0, and

e the combined scaling limit: 6 ~ § < 1 with # — 0 and § — 0 simultaneously.

We refer to the limit § — 0 in (2.11) as the high frequency limit and to the limit § — 0 as the
limit of large lateral diversity.



2.5 The low frequency limit

It follows immediately from (2.11) that if we pass to the limit 6 — 0 with a fixed # > 0 we arrive at
the homogeneous Schrédinger equation

ki), + 0 1p = 0. (2.12)

This is because we have an a priori bound |[¢(t)||z2 = ||¢o]| 2 and for any deterministic test function
1(z,x) we have by the Itd isometry

E {’“20"5 /Oz/n(s,x)d}(s,x)dzB (§s) dxr

Ko6\? | [* L
- < 90- > E/O /77(8,X)n(57xl)¢(37x)w(57xl)R0 <X 5X > dXdX/dS — 0 as ) — 0.

A similar bound holds for the third term on the left side of (2.11) — therefore, convergence in
probability of the solution to (2.11) to the solution of (2.12) follows.

The other regimes — when 6 < § and 6 ~ § are more involved. Their analysis is easier to perform
in phase space and not for the solution of the Ito-Schrédinger equation itself. For this purpose we
introduce the Wigner transform.

3 The Ito-Wigner equation

In the high frequency limit § — 0 (whether coupled with the limit 6 — 0, or not) solutions of the
Ito-Schrodinger equation become oscillatory in time and space. Therefore, rather than studying the
limit of the solution itself we consider the limits of its Wigner transform which resolves the wave
energy of oscillatory fields in the phase space and (unlike the spatial energy density) satisfies a closed
evolution equation.

We define the spatial Fourier transform by

fk) = / dxe~ % f(x)

so that the inverse transform is given by

dk ik-x f
pu— k
where d = 1 or 2 is the number of transverse spatial dimensions.

3.1 The Wigner transform

A convenient tool for the analysis of wave propagation in a random medium is the Wigner distribution
[24]. We define it here relative to the scale 6 by

1 » 0 0
Walexp) = oz [P o0x— i+ Fozjay. (3.)

where the bar denotes complex conjugate. The Wigner distribution is real, may be interpreted as
phase space wave energy and is particularly well suited for the high frequency asymptotics in random



media [24]. Using the It6 calculus we find from (2.11) that the scaled Wigner distribution satisfies
the stochastic transport equation

2 282 >
dW@('Z’Xa p) + % : vaG(’ZaXa p)dZ = 165025/ <W9 <27X>p+ 0(?) - WQ(Z,X, p)) R?g;lgddqdz

ikod dd  qx/s 0q fq R
+ 20 /(27T)d6 Wo | z,x,p 2 W z,x,p+25 dB(q, 2). (3.2)

We will consider the high frequency and large diversity limits with the It6-Wigner equation (3.2) as
our starting point.
We will use the fact that the L? norm of the Wigner distribution is conserved

[Wo ()l L2(m2ay = [[Wo(0) [l 2(r2y ,

which follows from the definition (3.1) and the invariance of the L*(R?) norm of (z,-). In the
asymptotic analysis we will assume that the initial Wigner transform is a square integrable function
independent of #. The way such initial data can arise from the corresponding ones for the Schrédinger
equation is by assuming that we have a suitable mixture of states [3].

3.2 The high frequency limit

We first discuss (2.11) in the high frequency limit § — 0 followed by the limit of large lateral diversity,
d — 0. When we take the high frequency limit in (3.2) we find that Wy converges weakly to W
satisfying the It6-Liouville equation

2.2

K202, k
P O Ws(z,x,p)dz + TURO(O)APW(gdz - —ngXB (% z) VeWs.  (3.3)

dW5(27X7 p) + L

We state this in the following theorem:

Theorem 3.1 The solution Wy of (3.2) converges in the limit 8 — 0 weakly in law to the process
Ws solving (3.3).

We remark that R”(0) < 0 so that (3.3) is well-posed. Existence and uniqueness of solutions of the
stochastic equation (3.3) follows from the general theory of stochastic flows [19].

3.3 The large diversity limit

The limiting Wigner distribution in Theorem 3.1 solves a stochastic PDE (3.3), in which the coef-
ficient of the random term fluctuates on the small scale 6. When we subsequently take the limit
of large lateral diversity we find that the limiting Wigner distribution actually becomes determinis-
tic. We refer to this as the stabilization of the Wigner distribution. Define W as the deterministic
solution of
ow P k202

k

S, (Zxp)+ - VW (2 x,p) + TRS(O)APW =0. (3.4)

Then we have the following theorem.

Theorem 3.2 The solution Wy of (3.3) converges in the limit § — 0 weakly in S'(R??), in probability
to W solving (3.4).

We prove Theorems 3.1 and 3.2 in Section 4.



3.4 The combined high frequency and large diversity limit
3.4.1 Weak limit
Next, consider the case where the parameters 6§ and 0 are small and comparable, with the ratio

& =9/0 kept fixed, and 6 — 0. We introduce the solution W of the deterministic part of (3.2)

oW P —~
@(Z,X, p) + E ' VXW(Z7X7P) -

k20'§ dq
4 (2m)d

RO(Q) (W(Z,X,p—FQ) - W(Z,X, p)) ) (35)

with o¢ = 0. The limiting Wigner distribution is now w.

Theorem 3.3 The solution Wy of (3.2) converges in the limit § = €0 — 0 weakly (in S'(R?*?)) and
in probability to W solving (3.5).

We prove this theorem also in Section 4.

Note that when 6 is comparable to § the limit Wigner distribution is again deterministic. How-
ever, unlike the limit in Theorem 3.2, the full lateral correlation function affects the limiting Wigner
distribution, not only its form for small displacements.

3.4.2 Localized test functions

All of the above theorems deal with the weak limit of the Wigner distribution as a distribution in
S'(R??) with the test functions independent both of § and §. This introduces additional averaging
that makes the proof of the stabilization of the Wigner distribution in the limit fairly straightforward.
The next result shows that the averaging may be performed essentially on an arbitrary scale that
is larger than the non-dimensional correlation length & but still much smaller than the macroscopic
scale. That means that we have stabilization with much less averaging.

Let A € C°(R?9) be a given smooth test function of compact support, then we define a stretched

test function
A(x/0%, p/d?)
5((11 +az)d

)\5 (Xv p) = (36)

This is an approximate d-function on the spacial scale §** and wave vector scale 2.

Theorem 3.4 Let Wy be the (random) solution of (3.2) with & = §/6 and let W satisfy (3.5). Then
the difference process

25(2) = [ [Wslex.p) = W(zx.9)] Aslx, pixp

converges to zero in probability as § — 0, provided that ay + 2a2 < 1 if d =1 and a1 + az < 2/3 if
d=2.

We prove this theorem in Section 5. In the case d = 1 one possible choice is as = 0, a1 < 1 — which
means that in the case of one transverse direction we may actually average the Wigner transform
on any spatial scale larger than the correlation length provided we average over p. A result similar
to Theorem 3.4 with the weaker condition a; + as < 1/2 is proved in [2].



4 Generators and weak limits for the It6-Wigner process

4.1 A general convergence result

Theorems 3.1, 3.2 and 3.3 can be put in a unified framework which we now describe. Consider a
family of distributions W (¢, x, p) which satisfy a stochastic differential equation

dWh = ﬁhthZ + 4 Mh(q) [Wh]dB(Z7 q)dq7 Wh(07 X, p) - WO(X7 p)7 (41)
R

in the sense of the associated weak martingale problem. The Brownian fields B(z, q) are the Fourier
transforms of the corresponding ones B(z,x) with covariance (2.9). We will assume that the opera-
tors Mp(q) are anti-symmetric and the operators £, are non-positive: (LA, A) < 0 for any smooth
test function A(x,p). We also assume that the family W}, (z) is uniformly bounded in L?(R? x R?)
as is expected from the skew-symmetry of Mjp:

W (2)ll L2 maay < [[Wollp2(r2a)- (4.2)
In addition, we assume that for any such A(x, p) we have
LyX — Lo) in L2(R?) as h — 0. (4.3)
Regarding the operators M}, we ask that
[ Mn (@) Al p2(r2ay < C(X) (4.4)

with the constant C()) independent of h € (0,1) and q € R%, and we require that the following
quadratic forms converge:

(W, Mp(a)\) (W, Mp(—a)A) — (W, Mo(a)A\) (W, Mo(—a)A), (4.5)

weakly in S'(RY) (as functions of the variable q), uniformly in the ball {||W| 2 < C} for each
smooth test function A. Condition (4.5) is needed to ensure that the infinitesimal generators for the
process W}, converge.

Let us introduce the process W which is a solution of

AW = LoWdz + | Mo(q)[W]dB(z,q)dq, W(0,x,k) = Wy(x, k), (4.6)
R4
in the sense of the associated weak martingale problem. Let also A be the infinitesimal generator
for the process W (t). We assume that the functions of W of the form

where A1,...,Ay,... € S(R? x R?) form a convergence determining class for .[A. The suitability of
test functions of the form (4.7) is addressed in [14].
Theorems 3.1, 3.2 and 3.3 follow from the following result.

Theorem 4.1 Under the above assumptions W;, converges weakly in S'(R? x RY) to W, solution of
the martingale problem associated to (4.6).



The existence and uniqueness of the solution of the martingale problem for Wj and W depends in
an essential way on the particular form of the operators Ly, Lo, My and My. We address this issue
in the specific applications of this result in the following sections.

The method of the proof of Theorem 4.1 is quite standard [20]. Let us recall a general strategy for
the proof of weak convergence of a family of distributions W}, (z) € C([0, Z]; S'(R? x RY)). First, one
has to establish tightness for the family W}, (z). This shows that a weak limit along a subsequence
exists. The second step is to verify that the infinitesimal generators A" of the Markov processes
Wh(z) converge to the infinitesimal generator A for a process W (z). This identifies the limit as a
solution of the martingale problem for A. As we are dealing with infinite-dimensional processes,
convergence of generators is easier to check on special test functions which nevertheless should
determine the generator uniquely.

4.2 Tightness

We consider the processes Wj,(z) in the space C([0, Z]; S’ (R? x }Rd)) The sequence Wp,(z) induces
a sequence of probability measures P, on the space D([0, Z]; L2(R??)). We then have

Lemma 4.2 The family of measures Py, is tight.

Proof. It follows from the results of Fouque in [17] and Mitoma in [21] that in order to verify the
tightness of the family of distributions Wj(z) it is sufficient to establish tightness of the processes

XN (2) = (Wi(2) / Wi (2, %, K)A(x, k) dxdk

for each test function A € S(R% x R%). We use the following tightness criterion:
E{|IXpN(2) = Xo NP | For } < Cz = 2) (4.8)

for all 0 < 2/ < z. While (4.8) establishes tightness of the process Xj[\](z) in the space D([0, Z])
of right continuous functions with left limits as the processes Xy[A](z) are themselves continuous,
tightness in C([0, Z]) also follows [7].

Using the stochastic equation (4.1) we compute that (dropping A in the notation for Xj[\](2))

Xu(2) = X0+ [ Wil £ids+ [ [ W) @M B, ada. (49)

0
It follows from (4.9) that the stochastic process

G(2) = Xi(2) = [ (o). ginvds = [ [(Wie) M@ dEs. a)da
is a martingale. In addition, it has a bounded quadratic variation:
E [(Gn(2) = Gr(z"))*| 7] (4.10)
~5|/[ / [ )M @A) (W) M ()A) B B e | 7
= [ [ £ [0 M@ (Wi(s). M () s, a)da] £] < OO0 - ).
The last inequality above follows from the fact that ||W},(z)|| 2 is uniformly bounded by a determin-

istic constant and (4.4). It follows from (4.10) and the uniform bounds (4.2) and (4.3) that we have
the moment bound

E[(Xn(2) = Xn())?| For] = E[(Gh(z) — Gu(2) + 1(2,2)*| Fo] SCA)(z—2).  (4.11)
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Here we have set

(22 = / T (Wia(s), LN ds.

/

The tightness of the family W},(z) is a consequence of (4.11).

4.3 Generators for a determining class of test functions

As the processes W} are infinite-dimensional Markov processes, the action of the corresponding
infinitesimal generators on an arbitrary function of W is somewhat difficult to write down explicitly.
However, it is sufficient to consider special continuous functions F' € C(S’;R) of the form (4.7). We
have to verify that for such test functions of the form (4.7) we have

AMF — AF, (4.12)

uniformly in the balls {||W]|;2 < C}. As we have explained above, (4.12) together with the unique-
ness of the Markov process W (¢) with the generator A would prove the weak convergence of W}, to
w.

Let A,...,Any € Cg° (R2) be a collection of smooth test functions of compact support and define
the corresponding stochastic processes

X3 (2) = (Wi, ) (2) = /Wh(z,x, P)An(x, p) dxdp. (4.13)
Let also f € C*°(R") and define the process

F(Xn(2)) = (X7 (), XN (2))- (4.14)

To keep the presentation simple we will consider in detail the action of the generator Ay only in the
special case N = 1 — the generalization to an arbitrary IV is immediate at the expense of a greater
number of indices. We drop the subscript n and use the It6 formula to obtain

A (X0) = F X)X+ 3 f" (XX = F1(X0) (Wi, L3N0z
0000 [ (Wi M QN Wi, MG (@) N) R@dads + () [ (Wi, My (@) N)dB (2, @)dat
Rd Rd
Therefore, the generator Aj, acts on f(X) as

1

Anf = WL () + 5 | [ OV M@ 04 ()X @dal 0. (419

Similarly, the analogous infinitesimal generator A in the case corresponding to the process W solving
(4.6) acts on f(X) as

Af = LN )+ 5 | [ VDI @OV M - Rea)da 130 (0

Therefore, A, f(X) converges to Af(X) as follows from the assumptions (4.3), (4.5) and (4.4). This
finishes the proof of Theorem 4.1.

11



4.4 The High Frequency Limit

We now prove Theorem 3.1. Equation (3.2) may be written in the form (4.1) as follows:

dWo = LoWdz + /[Me(q)W]df}(z,q)dq (4.17)
with
LoA(x,P) = =2 - V(2. )+W/A S—_ — Az, x,p) fo(a)dg
0 yP) = k xAMZ, X, P 402 Z,X,p 5 Z,X,p (27-[-)d
and

1 tkod . fq fq
_ iq-x/d _ 1
Mg(q))\—(%r)d 50 e <)\ <z,x,p 2(5) )\<z,x,p+26>>.

Using the Taylor formula for small 6 it is straightforward to verify that the operators Ly and My(q)
satisfy the assumptions of Theorem 4.1 with the limits (recall that we let § — 0 with § > 0 fixed)

k252

7 ’L'kO'eiq.x/a
Lor=-P v EEERO0)AD, Molaph = -7V
Therefore, Theorem 4.1 applies and the solution of (4.17) converges to the solution of
k202

X
0

Uniqueness of the solution of the martingale problem for (4.18) follows from the general theory of
stochastic flows [19]. The conclusion of Theorem 3.1 follows.

AW + 2 vWdz — (< RG(0) AW dz = —%UVXdB (%) Vo (4.18)

4.5 The Large Diversity Limit

In this section we take the It6-Liouville equation (4.18) as our starting point and derive the large
diversity limit 6 — 0 in Theorem 3.2. This is also an easy consequence of Theorem 4.1. Indeed,
(4.18) has the form (4.1) with

k?20'2 "
LA = =P Vad £ == (=R (0))ApA,
ikeiax/5
Ms(q)A = ——————q- VpA.

2

In order to verify that Theorem 4.1 applies with My = 0 we only need to check condition (4.5): for
any test function ¢(q) we have

I= /R (W IMa(@) (W, [Ms(~a) ) ola)da

k2 iax/5—ia OAx,p OA(y,r
== | eax/? qy/6¢(Q)W(Xap)Qjé : ' (1) 4 28T gy ipdydrdq
]de Pj arm

B[ 0%y —x)/9) OA(x, p) OA(y,T)
~ 4 /R‘ld 0,0 W(x, p)TﬁW(y’ I')dedpdydr,

so that

27 - 2 2
Opj Orm

0%y, 0

) 1/2
nsewii | [ \

Hence, Theorem 4.1 applies and the conclusion of Theorem 3.2 indeed follows.
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4.6 The combined high frequency and large diversity limit

We now show that Theorem 3.3 is also a corollary of Theorem 4.1. We find from the transport
equation (3.2) that in the case £0 = ¢ the Wigner distribution Wj solves

k2 2 d
dW5(27X7 p) + % : va(;(Z,X,p)dZ = T RO( ) (W5(Z7X7p + q) - W(S(ZaX?p)) dz (27:1)d
ikdf iqx/é . q . dq
+2/e <W5 (z,x,p 5) Ws (z X,p+ 2)) dB(q, )(27r)d’ (4.19)

This equation is also of the form (4.1) with

k?
Lr=-Y g g 1%

k 1 Ro(a) (A(x,p+aq) — A(x,p)) (2d7fl)d

and

M@\ p) = g g ee 3 (xp - 3) A (xp+ 3]

In order to verify that (4.5) holds with My = 0 we take a smooth test function ¢(q) and compute
1= [ W MG@) @) (V. [M3(-a) da
k2 , q q ,
_ N iq-x/d A M —iqy/o
/W(X,p)e [A (z,x,p 2) A (z,x,p+ 2)} W(y,r)e
q
X [)\ (z y,r+ 2) - A (z,y,r — 5)} o(q)dqdxdpdydr
2
___1 k /)\(z x,MA(z,y, 7 )W (x, p)e'd™/® [ei(pr/Q)-n — ei(p+q/2)-n} W (y,r)e "av/o

(2m)id 4 A
{ i(r+a/2)yn _ jitr—a/2)7 ] q)dqdxdpdydrdndy’
A

1k 5 o x=y n=n'\_ . x-y ntn
— v zpn—i—zrn / o o o
Ok 4/6 <zxn>A<z,y,n>[¢< 1o ) ¢( 212
Yy

/

~ X — — ~ X — + !
+é <— > 17 ) y <— o )] W (x, p)W (y, r)dxdpdydrdndi

:Il+IQ+Ig—|—I4.

Let us look, for instance, at I7:

| < C/ ’X(z,x,n)ﬁ(z,y,n’)‘ ’éﬁ <_;y + >‘ ’W x, )W (y,n')| dxdydndy .

Here W is the Fourier transform of W (x,k) in the second variable only. We may assume without loss
of generality that \(z, x,n) is compactly supported in 7. Then, for almost every (x,7), (y,n’) € suppA

we have .
q@(x_ern_n)HOaséHO.

0 2

The Lebesgue dominated convergence theorem implies that Iy — 0. Similarly we may show that
I3 34 — 0 and thus the proof of Theorem 3.3 is complete.
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5 The Local Weak Convergence

We consider here the It6-Wigner equation (3.2) in the limit § ~ § — 0 and prove the local weak
convergence result stated in Theorem 3.4.

5.1 The Integral Formulation of the Ito-Wigner Equation

Let us recall the It6-Wigner equation (3.2) in the regime 6 = §: we will set o¢ = 1 without any loss
of generality

dq
7(27r)ddz

+ fos s (o-3) - o )] b0

aws + 2 vawsdz = [ @)W +a) - Wo(p)

x (5.1)

Our objective is to analyze the role of the Brownian term in (5.1), and show that in the limit 6 — 0
the rapid oscillatory phase in the q integral makes it small, so that Wy converges to the solution of
(3.5) in the “locally weak” sense of Theorem 3.4.

The proof is based on the integral formulation of the transport equation and the Picard iter-
ation. In order to develop this argument it is convenient to introduce the function u(z,x,p) =
Ws(z,x,p) exp (Xz) with the total scattering cross-section

k2 A dq

Y= Z RO(q) (27T)d.

Then equation (5.1) becomes

du + % -Vxudz = T/Rg(q)u(p +q) da dz + k [u (p - ﬂ) —u (p + 9)} eiq%dqdﬁ(z, q).

(2m)d 2 2 2 (2m)d
(5.2)
This, in turn, can be re-written as an integral equation that will be the starting point of our analysis
kK2 (% [ - dqd
u(z,x,p) = Wp (x — %,p) + 4/0 /Ro(q)u (s,x —(z— s)g,p—i—q) (QqT;l (5.3)

P [ a9 9) s B )] RS

The first result addresses the existence and uniqueness of solutions of (5.3). Let us fix Z > 0 and
define the space X = C([0, Z]; L*(R?*¢ x Q)) with the norm

1/2
1llx = wp(/Eﬂﬂamehk®> |
0<z<Z7

We have the following proposition.

Proposition 5.1 Assume that
R = max (HROHU(W), ||R0||Oo) < (5.4)

Then there exists a unique solution to (5.3) in the space X .
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We also introduce the function u that satisfies the deterministic part of (5.3), without the random
term

K2 (% [ . daqd
ﬂ(Z,X,p) :WO (X_%vI)) +4/0 /RO(C{)U (S,X—(Z—S)%,p—l—q) (2(:71'[')!2’ (55)
with the initial data u(0,x,p) = @(0,x,p) = Wy(x, p).
We will show that u converges to @ in a locally weak sense. More precisely, the following
proposition holds.

Proposition 5.2 Let A(x,p) € C(R??) be a smooth deterministic test function of compact support
and define the stretched test function as in (3.6)

A(x/5% p/0?2)
)\(5(Xa p) = 5(a1+a2)d

Then, under the assumption (5.4) there exists a constant C = C(k,R,\,Z) > 0 so that for z < Z

§l--202| 160 6|, d =1
(5273(a1+a2)7 d=2

(5.6)
E {[{u—a,\5)[*} (2) < Ok, R\, Z)|Wol 2 sy X { (5.7)

Theorem 3.4 follows immediately from Proposition 5.2.

5.2 Existence: proof of Proposition 5.1
The iterative series

The proof of Proposition 5.1 is by an iterative process expanding the solution into a series according
to the order of scattering. We introduce the operators 77,75 : X — X by

k> [ [ 4 P dqds
T = — R —(z—98)= 5.8
1f(Z,X,p) 4 /O / O(q)f <S,X (Z 8)k7p+q) (27_()(1 ( )
and
ik (7 [ it ospm P g P q\]dqdB(s,q)
Tof = — —(z—8)=,p—2) — —(z=8) =, p+ 1 )|
of 2/0/6 5 {f(s,x (z S)k’p 2) f(s,x (2 s)k,p+2>] (QW)L({59)
With this notation, equation (5.3) may be re-written as
z
u(z,%,p) = Wo (x = 22.p) + (T + To)u(z,x. p) (5.10)

We now represent the solution of (5.10) as a series. Let

z
uo(z,x,p) = to(z,x,p) = Wo (x — ?p,p)

be the solution of the homogeneous transport equation, and set the “up to n-th order” scattering
term as

z
un('z?va) = WO (X - ?p7p) + (Tl + TQ)’LLn_l(Z,X, p) (511)

for n > 1. We also define the pure n-th order scattering contribution as v, = u, — un—1, n > 1, the
solution of

vn(2,%,p) = (T1 + To)vn—1(2,%,p), vo(z,%,p) = uo(z,x,p). (5.12)
Proposition 5.1 follows from the following lemma.

Lemma 5.3 Assume that (5.4) holds. Then there exists a constant C = C(k,R,Z) so that for
n>1
(C(k, R, 2))"

n!

lonll% < IWoll72rea) (5.13)
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Convergence of the iteration process

We now prove Lemma 5.3. This lemma follows from the Cauchy-Schwarz inequality and the Ito-
isometry for stochastic flows. Observe that we have

{/ / / 51,q1) 82,CI2)dB(Sl,ql)dE(Sza%)dQ1dQ2}

Z1722

= [ [E0G.aMs -} n) Rl dsda, (5.14)
0

with the correlation function Ry defined in (2.9) and [21, 22| = min(z1, z2). We then find that the
following bounds hold for the operators 71 and T, respectively:

E {Ti0n () (g |

1 , )
<CE{///|R0 Ro {/’vnsxP),dXdp/‘UnSXp{dxd }QW}
<C=z <||R0||L1(]Rd ) {/ /\vn 8,X, p)| dXdpds} ,

E{HTQUn(Z)H%Q(RQd)} = C/Oz/|R0(q)| </E{

p q\ |2 - ‘
v, (s,x —(z=9) TP+ 5)‘ } dxdp) dads < C|Rol[ 11 x) /0 /E {|vn (5,%, p)‘z} dxdpds.

and

Un (s,x— (z—s)%,p— g)

Hence we have

E{ (T3 + To)on(2) 22z | < C(h, R, 2) /0 E {Jlon (5) 12200 } ds- (5.15)

Using (5.12) and iterating (5.15) we obtain for n > 1

C(k, R, Z)2)"
E{ lon(agan } < CELD iz,

and the conclusion of Lemma 5.3 follows. [J

The proof of Proposition 5.1 is also complete.
5.3 Convergence to the non-random process: proof of Proposition 5.2
The iterative series for the error

In order to prove Proposition 5.2 we construct an iterative approximation @, to the function u and
estimate the n-th order error u,, — 4,. Recall that

u(z,x,p) = Wp (X p) + Tha(z,x,p). (5.16)

_ZP
k )
Accordingly, we define

un(z,x,p) = Wp (X — p> + Tian—1(2,%x,p). (5.17)

Zp
k?
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Similarly to Lemma 5.3 we have the same estimate for v,, = u,, — U,_1 as for v,:

(C(k, R, Z))"

n!

1onll% < 1Woll72rea) (5.18)

Proposition 5.2 follows from the following Lemma.

Lemma 5.4 Let \s be a stretched test function as in (5.6). Then, under the assumption (5.4) there
exists a constant C = C(k,R,\,Z) > 0 so that for z < Z

i §lm01=20 160§, d =1
E {|(tn — in, As)[2} (2) < C(k, R, ), Z)[|Wol 2 gae) ¥ { 6273(%‘%2;8 |d: L (5.19)

Proof of Proposition 5.2. Lemma 5.3 and (5.18) imply that V§ > 0 3 N(J) > 0 so that
E{|{u— un,)\5)|2} () <% forall n> N(6)

and
E {[(@ — @y, As)|*} (2) < 6 for all n > N(9).

The estimate (5.7) now follows by writing u — @ = (u — uy,) + (up — Uyn) + (4, — @) and using
Lemma 5.4. OJ

The proof of Lemma 5.4
The difference u,, — 4,, satisfies
Up — Uy =T (unfl - an71> + TQ'UJnfla

which can be written as .
n—

n — i = ST T
§=0
In order to prove Lemma 5.4 we observe from the above that
n—1
[t — T, As) = | > (T Toug, As)(T7 Ty, As). (5.20)
41=0

The individual terms in (5.20) are estimated with the help of the following lemma.

Lemma 5.5 Let 0; € X, z; < Z, the stretched test function \s be defined as in (5.6) and R < oo
be defined as in (5.4). Then there exist two constants Ci(k, R, Z) and Ca(k, R, Z,\), the second of
which depends in addition on the test function A, such that

B (T30 (1) A (T{T02](22), M) }| (5:21)

j l (1—a1—2a2) —_
(Cl(k737 Z)Zl) (Cl<k7Ra Z)ZQ) CQ(k,R,Z,)\) sup HHWLH%( % {6 ! 2 |10g5|7 d 1

< ]! N o 52—3a1—3a2’ d=2.

It follows from Lemma 5.5 that

E Q> ([T7 I T005)(21), M) ([T7 1 T261] (22), As) (5.22)
75l

21+2 6(1—(11—2(12) logé N d=1
< eC&(kz,R,Z)( 1+22) 02(k7 R, A, Z) ~_sup HQJH?X X { 5273a17!3a2g ‘d -9 .
jel, -1 ;
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Using Lemma 5.3 and expression (5.20) we therefore find that

- sl-a1—2a2)| 100 §| d =1
B {[(un — 0 )P} 2) £ Calhe R 2) Wiy X s

Thus, the conclusion of Lemma 5.4 follows. [

5.4 The Born expansion: the proof of Lemma 5.5

It remains only to prove Lemma 5.5 in order to finish the proof of Theorem 3.4. First, we obtain
the bound (5.21) in the case j = [ = 0. In this case we start by rewriting the expression in (5.20)
using the Fourier transform and It6 isometry. In the second step the z-integral in T5 is decomposed
into two intervals. In the final boundary layer interval we simply use the Cauchy-Schwarz inequality
as well as the smallness of the boundary layer. Outside the final time boundary layer we use the
line integration in (5.9) to produce additional averaging, as is typical in the transport theory. The
price is in the factors of (21 — s) and (22 — s) appearing in the denominator which produce large
contributions if the final boundary layer is taken too small. In the last step we optimize with respect
to the width of the boundary layer to obtain a bound for the j =1 = 0 term.

Then we present the induction step that gives the bound in Lemma 5.5 for general j and [. The
general term can be written in terms of the corresponding expressions with smaller 7 and [ and
bounded using an induction argument. A complicating aspect of the induction is the shift of the
arguments in the integrals in (5.8), which we handle by introducing a shift operator in the induction.

Bound on Born Term for the Random Scattering

We begin by proving (5.21 ) in the special case j =1 = 0. Let 6; € X, then we need to show that

{5<1—a1—2a2>| logd|, d=1

|E{<[T201](21)a)‘5><[T292K22)7)‘5>}‘ < C(kaRv)‘>Z) sup ||9mH§( X 5273(11730@7 d=2.

m=1,2
(5.23)
The left side in (5.23) is given explicitly by
100_\E{<[T291 (20), As){([To5] (22), As) Y| (5.24)
{/ / / iq1-(x1—(z1—s1)p1/k)/d+iq2-(x2—(z2—s1)p2/k) /0
27r A(9-\2d

[91 (51,X1 (=1 —81) 7 Lopi - %) — 01 (817X1 (21 — 31)12 P15 )}

P2 q2 P2 q2
X [92 (827X2 (22 — s2)=—~ ;P2 7) 02 (S,X2 (292 — s2) = 2 P2 + > )}
X /\5(X1,Pl)/\é(X2,P2)d]§(317Q1)d]§(82,QQ)dQ1dquX1dX2dp1dP2}’ .

Using the It6 isometry (5.14) and writing As in terms of the Fourier transform we find that the above
expression for Iy becomes

I = C(k)|E

{/[ZI’ZQ] /eiq~(x1—(21—S)pl/k’)/5—iq(X2—(22—8)p2/k)/5+i[x1'rl+x2'r2]+i[p1~11+p2~12]

o0 2) (2B )]
oo o ) )
K A(6%ry, 5(1211)5\(5(“1'2,5a212)R0(q)dquﬂ?zldxjdpjdrjdlj}‘ (5.25)
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with C(k) = k?/(4(27)*?). Making a change of variables x; = xj — (zj — s)p;/k and taking the
Fourier transform in x} and x), we obtain

Ino = C(k)

E{/ - / oil((21=5)p1/k) T1+((22—5)p2/k) r2]+ilp1 11 +p2 1o] (5.26)

(m=Gp =) = (sm—Gome )
q

<o
oo L s rr - 3]
X\

(6% 11, 8%11) A (% 1s, 5@212)R0(q)dqungzldpjdrjdlj}‘ .

Expression (5.26) contains four terms that come from the products of #;. We consider one of them,
take the Fourier transform in p; and py and make a change of variables q/é — q to find

] < wowe{ |

X 92 (S —ro+q,—1y — 1‘2( 29 — S)/k’) ((5a11‘1 5“211)5\(5“11'2,6“212)R0(5q) qu?ZldI‘jdlj ds} .

[#1,22]

(s,—r1 —q,—1l; —ri(z; —s)/k) (5.27)

We now decompose the interval (0, [21, 22]) in the above integral as

A1 = {s|min(|s — z1],|s — 2z2]) < 6}, (5.28)
Az = (0, [z1,2]) \ A,

for p some positive constant, then ‘Ié(l))‘ < I + I, where I; is the integral (5.27) over the time
interval A;.

Making use of the Cauchy-Schwarz inequality in the integration over the random variable and q
we find

L< 6dC(k)HR0HOO/Al/ [/E{]él T s)/k>)2}dq

R 2 1z, .
X /]E { ’02 (s, 1y — ra(zy — s)/k)( }dq’] (A(éalrl, 5“211))\(5‘”1'2,5“212)‘ 1M2_, dr;dl; ds.

It then follows after applying the Cauchy-Schwarz inequality with respect to the 1; and ls variables
that

2 N Y a 2 N a 2 %
sup E{He (s )|L2(R2d)}ds/ [/‘)\(5 v, 21)‘ dl/‘)\(é 19, § 21)‘ dl] dr1drs

j=1

hgwahm/
Aq

< §A0-2a1-a)+Pcy(k R\ sup 0 5.29
X

J—

Next, we derive a bound for I, the integral (5.27) over the interval z € As. Using the Cauchy-
Schwarz inequality as above, with respect to the random variable and the variable q first, and then
with respect to r; and ro, we obtain

I, < 5°C(k, R) /,42/ [/E{‘él (s,q —L — 11 (21 —3)/k:)‘2}dqdr1
X/E{ )

1
2 N 2
2 (5, —lp — ra(zp — 5) /k)) } dq drs / ‘)\(5“11"1, 5“211 drl/ ’/\ g, 5@212)‘ er} dlydl ds.
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After a change of variables the above integral becomes

I < 5dC(k’7R)/ sup E{H@ ()72 de)} <( e )>d/2 ds

Ay j=1,2 Z1—S ZQ—S

1/2
/[/‘)\ (6%, 5“211 dr/‘)\ (61, §921) } dlydl (5.30)
d d
) ( ) ]ds.
zZ9 — S

< gd—a~ 2a2)0(k R, )) SUP 10, 1% [(

7j=1,2
We derive from this the following bound for I5:
|logd?|, d=1

I < §4-a=2a2)C (k. X\ R) up, 16;1% < { . (5.31)
j=1 4=
Using (5.29) and (5.31) we then arrive at the following bound for I(()(l]) in (5.27):
(1) 9 5(1—2al—a2)+p + 5(1—a1—2a2)| 10g 6}7‘7 d=1
|I | < C(/{? R, >\) jS:ulI,)Q HGJHX X { 52(1—2a1—a2)+p + 52(1—a1—2a2)—p7 d=?2
We choose now p = a1 — as to obtain at estimate

g-a1-2a2) 1965 d =1

1) < e 2) sl < {0 o LB T (5.32)
j=1 ;

The other terms contributing to Ino in (5.26) can be bounded analogously and we can conclude that
(5.23) holds. This proves the bound (5.5) when j =1 = 0.

The estimate of Iyg in (5.30) is not optimal when z; # 29 as far s-integration is concerned. While
this leads to sub-optimal estimates in the higher order terms with j,{ > 0, this step does not seem
to over-estimate the term Iyy with z; = 29, which does have a contribution to the overall error in
Proposition 5.2. A more careful analysis would reveal the relative size of the error produced by
various orders of scattering — we do not pursue this avenue here.

Bound on Higher Order Scattering Terms

In this section we treat the general case 5 > 0,7 > 0 in Lemma 5.5 by induction. In order to account
for the shifts of the arguments in various integrals we introduce the shift operator T, : X — X
defined by

[T.0] (z,%,p) = 0(2,x + (c1 + c22)p + (€3 + €42),p + C5) , (5.33)
where ¢1,cs € R and c3, ¢4, c5 € RE. We will establish inductively the following generalized version
of Lemma 5.5:

BT 100 () A ([T TIT262) (22), 09) | (5.34)

< (Cl(ka R7 Z)zl)] (Cl(k7R7 Z)ZQ)Z { 6(1_(11_2“2)‘ 10g5|, d=1

>~ CQ(]C,R,)\,Z) sup HemH%( X 5273a173a2 d=?2

J! I m=1,2

The constants in (5.34) are independent of the shift c. We first assume that (5.34) holds for 0 < j < 7
and 0 <[ <. Note that

B { (e Tob) (1), ) (T T Ta02] (22). Aa) |

)

2 z1 ~ R
~[e{ g | Rola) (e g TIT06) ) s (1T ). 0 |
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with the vector € which has the components

c(z1,9)1 =c1 + (c2 — 1/k)z1, ¢(z1,9)2 = 1/k,
c(z1,q)3 = c3+caz1 — z1¢5/k, €(z1,q)a =c5/k, ¢€(21,9)5 =c¢5 +q.

Therefore, it follows from the induction hypothesis that

-~ R 2 zr Y
’E {([Tchj‘HTQQﬂ(zl), /\5><[TC/T1IT292}(22), /\5)}‘ < 4(;{;7.(-)51 /(; ’Ro(q)‘(cl(k’;’z)) dqds

{5<1—a1—2a2>| logé|, d=1

1]
X (Cl(k’]?’z)zg) Co(k, R, A, Z) sup [|0mll5 X
2

m=l1,

_ (Cu(k,R, 2)z20)0+D (Cy(k, R, Z)2)}

62—3(11—3(12 d=?2

Co(k, R, X\, Z) sup |||k ¥

{ s(1ma1=202) | 1og 5|, d=1

(] + 1) Z' m=1,2 52_3&1_3(12’ d=2 ;
if we take ) f
k? [ |Ro(q)| dq
Ci(k,R,Z —
1( ) Ly ) 4(271')

We conclude that (5.34) holds for 0 < j < 3—1— land 0 <1 <.

To complete the induction argument we must finally show that (5.34) is valid for j = [ = 0. This
can be accomplished by a generalization of the argument leading to the bound (5.23) derived in the
case without shift and we summarize this step below. We need to estimate

Iy = \E{<[TT201 21), As) ([T Tab2](22), As) }|

{/ / / iq1-(X1—(21—s1)P1/k)/0+iqz- (X2 —(22—51)P2/k)/d

x 01 ( s1,%1 — (21 — 81)—, P1 — 4 g, 81,>~<1—(21—81)E,f>1+$
2 k 2

X |62 82,5(2—(22—82) , P2 _ & ) S,i2—(z2—32)&,f>2+%
2 k 2

X As(x1, P1)\s (X2, p2)dB

s1,q1)dB(s2, QQ)dQIdQQdXIdXQdPIdPQ}

27T 4(27)2d

py‘)cl ;,TA"'UI

—~

Y

where

X1 =x1 + (c1 +c221)p1 + (€3 + c421), P1=p1+C5, (5.35)
Xo = Xg + (¢} + ¢h22)p2 + (c§ + €jz2), P2 = p2 + c5.

Using the same transformations as in the passage from (5.24) to (5.26) we obtain the following
generalization of (5.26)

Ioo=C(k) |E

{ / e / (l((:1=8)B1/K) 1+ ((22—9)2/K) w2l +ilpr L1 +p2 ] (5.36)
0

% e~ il(eiteaz1)pit(esteazi)| ri—i[(c) +cy22)pa+(cs+c)22)] T2

BTAER P A )
x [92 (8, —ry + %,f)z + %) — 0y (s, —ro + %,ﬁz — g)}
x A6, 5@211)X(5a1r2,5“212)Ro(q)dqungzldpjdrjdlj}‘ .
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Considering the term similar to that in (5.27) and taking Fourier transform in p; and py we obtain

{/[21722]/ ila-((z1—s)r1/k+11—(22—s)r2/k—12)/2]

xe —i[(c1+c221)q/2+(c3+cqaz1)] r1+i[(c)+chz2)q/2— (c3+c4zz)] ra+ics-((c14c221)r1—11)+ich-((c)+chza)ra—1l2)
X él <S, —Ir — %, —11 — rlhl(s)/k) 92 (S, —I9 + g, —12 — I‘th(S)/k)

X A(0%r1,59711) A(67 19, 6%13) Ro (a)dalT2_ dr;dl, ds} ,

)| < ok

with
hl (S) = (21 — S) — k‘(Cl + CQZl), hQ(S) = (ZQ — S) — ]{}(Cll + CIQZQ). (537)

After the change of variable q/d — q we find

)1&?‘ < 5dC(k)IE{
0

x 02 (s, —12 + q, —lp — T2ho(s)/k) A" 11, 0711 )A (0" 12, 67212) Ro(8q) | dqIT2_ dr;dl; ds}.

[#1,22]

Al (57 —Ir; —q, _11 - rlhl(s)/k)

In the above integral we decompose the interval (0, [z1, 22]) as
Ar = {s | min(|ha(s)], [h2(s)]) < 67}, Az = (0, [z1, 22]) \ Ay, (5.38)

for p some positive constant, which is a slight modification of the final boundary layer defined in
(5.28). The argument following (5.27) can now be repeated verbatim with these slightly modified
integration subintervals to give the generalized version of (5.32):

o §(-a1-2a2) 1o 6|, d = 1
1 00 rx2) e {47

Jj=

The other terms contributing to Ioo in (5.36) can again be bounded analogously. This concludes the
inductive proof of (5.34) and hence also that of Lemma 5.5. O
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