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Abstract

We consider a stochastic partial differential equation close to bifurcation of pitchfork type,
where a one-dimensional space changes its stability. For finite-time Lyapunov exponents we
characterize regions depending on the distance from bifurcation and the noise strength where
finite-time Lyapunov exponents are positive and thus detect changes in stability.

One technical tool is the reduction of the essential dynamics of the infinite dimensional
stochastic system to a simple ordinary stochastic differential equation, which is valid close
to the bifurcation.
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1 Introduction

The main goal of this work is to provide an analysis of the stability for general SPDEs of the
type

{du: [Au + vu + F(u)] dt + odW; (L.1)

u(0) = o,

where A is a linear operator with a one dimensional kernel, the parameter v € R shifts the
spectrum of A, F is a stable cubic nonlinearity and o > 0 denotes the intensity of the infinite-
dimensional noise, which is given by a Hilbert-space valued Wiener process (W (t)):cpo,77-

For the deterministic PDE, i.e. for ¢ = 0, we expect a classical pitchfork-type bifurcation at
v = 0, which is easy to verify in many examples. For the stochastic case our analysis relies
on finite-time Lyapunov exponents (FTLE), which turned out to be useful to detect bifurcation
points for stochastic (partial) differential equations [2I], 20]. Finite-time Lyaponov exponents
measure the pathwise local expansion rate of nearby solutions. This is not limited to statistically
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invariant solutions, but can be evaluated at any solution of the SPDE. If the FTLE are positive
for a given time and a given solution, then nearby solutions tend to separate on a finite time
horizon given by that time. In contrast to that negative finite-time Lyapunov exponents indicate
a pathwise local attraction on a given time-scale.

In our main results we study FTLE for various initial conditions and various values of v and o.
A key technical idea is to use the reduction via amplitude equations close to a change of stability.
This allows to reduce the infinite dimensional dynamics to a finite dimensional SDE, which is a
center like part, although this finite dimensional space is not invariant for the dynamics of the
SPDE. A particular example we will study is the solution of the SPDE starting in a suitably
chosen initial condition, so that the amplitude equation will evolve according to a statistically
invariant solution given by a random attractor.

Main Results. We show the following results for FTLE of (LI)) near v = 0, which is the
bifurcation point of the deterministic PDE. Below we refer to v = 0 as the bifurcation point.

I. Before the bifurcation, v < 0. The solutions of (II]) are stable for all ¢ with probability
one.

To be more precise, following well-known results we show in Theorem that FTLEs for
all solutions and all times are negative with probability one.

I1. After the bifurcation, moderate noise strength, 0 < v =~ o < 1. Here we have instability,
in the sense that there is at least one time T and one solution for which the finite-time
Lyapunov exponent Ay > 0 is positive with positive probability.

The proof of this statement (Theorem [G.1) relies on the approximation with the amplitude
equation given by the SDE evolving on a slow time scale T' given by db = (b — b?) dT +
2 dB(T'), where (B(T))r>0 is a Brownian motion, and we consider the SPDE starting in
the rescaled random attractor of the amplitude equation.

Due to the nature of the approximation result (Theorem [B.3]), our result is applicable
for times T of order 1/v but for technical reasons not up to 0. This means there is a v
dependent interval, where we can prove that the FTLE is positive and this interval contains
values of the type C'/v for some values of the constant C' > 0.

III. After the bifurcation, small noise strength, 1 > v > ¢ > 0. Similar to case II. we observe
instability for at least one solution and one time.

This relies on the approximation via the amplitude equation db = (b — b%) dT. We show
(Theorem [6.4]) that for the solution with initial condition zero, we have a positive FTLE
Ar > 0 for times T of order 1/v with positive probability. But this result should hold true
for any solution with a sufficiently small initial condition.

IV. At the bifurcation, 0 < v < o < 1. Here we have stability, meaning that Ar < 0 for all
solutions with positive probability. The proof of this statement (Theorem [G.7]) relies on
the approximation with the amplitude equation of the type db = —b3dT + dB(T'), where
(B(T))r>0 is a Brownian motion.



Let us remark that in II. the probability where the finite time Lyapunov exponent is positive
might be very small, as the proof relies on trajectories where the random attractor is initially
close to 0. In contrast to that in III. and IV. the probability is significantly larger and close to
one, but we do not quantify this in more detail.

Remark 1.1 We emphasize that based on the interplay between v (the bifurcation parameter)
and o (the intensity of the noise) as given above in the cases I1.-IV., we can estimate the FTLEs
of the SPDE (L)) under the Assumptions 2.1} and 2.3 on the coefficients and on a specified
time scale. To this aim we use the order of the approximation of the SPDE with the amplitude
equation (Theorem [5.3]) to control the error term between the linearization of the SPDE and the
linearization of the amplitude equation. In all cases we state bounds on the corresponding FTLEs
for the SDEs but do not directly estimate the difference between the FTLEs for the SPDEs and
the SDEs, as the FTLE of the SDE is in general not sufficient to control the linearization of the
SPDE.

1.1 Known results

Lyapunov exponents and amplitude equations are well known tools to study random dynamical
systems. We briefly summarize results related to our work.

Lyapunov exponents. The famous work of Crauel-Flandoli [23] establishes that the attractor
of the SDE

dz = (ax — %) dt + o dW; (1.2)

is a unique random fixed point independent of the bifurcation parameter e € R and of the noise
intensity ¢ > 0, inferring that additive noise destroys the deterministic pitchfork bifurcation.
This phenomenon is also referred to as synchronization by noise and can be read from the top
asymptotic Lyapunov-exponent, which is always negative. An analogous statement holds for
the Allen-Cahn SPDE [22], whereas further statements on synchronization by noise for order-
preserving dynamical systems can be looked up in [27]. A recent result which goes beyond
order-preservation is available in [28], where the invariant measure is used to determine the
Lyapunov exponent in a system of reaction diffusion equations.

However, Callaway et al. [22] (based on an earlier work of Rasmussen [32]) challenged this point
of view by measuring local stability for trajectories of the SDE (L2) on finite time scales, using
finite-time Lyapunov exponents. They proved that, whereas all FTLEs are negative for a < 0,
there is always a positive probability to observe positive FTLEs for a > 0, i.e. sensitivity of initial
conditions for finite time dynamics; this change of the FTLEs corresponds with a transition from
uniform to non-uniform attractivity of the attractor and a loss of (uniform) hyperbolicity, a main
paradigm of bifurcation theory. In order to prove such statements, a detailed analysis on the
location of the random attractor is required. These results have been extended to the stochastic
Allen-Cahn equation in [20] using a novel argument for cones invariance.

Our result in contrast to the previously stated result does not require the monotonicity of the
SPDE. We carry over properties of the SDE via amplitude equations to the SPDE.



Finally, we remark that it is a very challenging task to obtain sign information on asymptotic
Lyapunov exponents. In a series of remarkable papers J. Bedrossian, A. Blumenthal and
S. Punshon-Smith [6] [7] introduced methods based on the Fisher information for obtaining
strictly positive lower bounds on the top Lyapunov exponent of high-dimensional, stochastic dif-
ferential equations such as the weakly damped Lorenz-96 (L96) model or Galerkin truncations of
the 2D Navier-Stokes equations. The positivity of the top Lyapunov exponent has been also ob-
tained for Lagrangian flows in [5]. We emphasize that our analysis on the Lyapunov exponents is
made on a suitable finite-time scale, which is motivated by our applications to bifurcation theory.

An alternative but related problem is to fix the bifurcation parameter v and introduce a coefficient
€ in front of the noise and determine for € < 1 the extent to which the random motion resembles
that of the deterministic system, i.e. ¢ = 0. For the stochastic Allen-Cahn equation, these
situation has been for example investigated in [8, [4]. For the latter, the bulk of initial conditions
relax to one of two stable solutions, while when € > 0 these solutions are metastable, with typical
random trajectories transitioning from the vicinity of one to the other, reflecting the fact that
the system admits a unique stationary measure. Large deviations estimates provide a way of
estimating the typical timescale of these transitions, thereby giving another perspective on the
"persistence" of the bifurcation in the presence of noise.

Amplitude equations. These are a well-known tool to study stochastic dynamics for SPDEs
close to a bifurcation. There are numerous results on the approximation of SPDEs via amplitude
equations mostly treating results with Gaussian noise given by the derivative of a Wiener process,
but we comment only on a few of them. In [I5] the authors study large domains, where the
dominating pattern is slowly modulated in space and the amplitude equation is thus an SPDE
of Ginzburg-Landau type. See also [9] for an example of a fully unbounded domain. Degenerate
noise was studied in [I6] and several other publications. Here the noise is not acting directly
on the dominating pattern, but through interaction of nonlinearity and additive noise additional
terms appear in the amplitude equation that have the potential to stabilize the dynamics of the
dominant modes. While all these references treated the case of additive Wiener noise, other
types of noise were discussed in the literature. Multiplicative Wiener noise was studied by [17],
while for additive fractional noise with H > 1/2 certain results for Rayleigh-Bénard convection
are available in [12]. Recently, fractional noise for H € (0,1) was considered in [I§] and the case
of a-stable Lévy noise was treated in [19].

While most approximation results treat large but finite time-scales only, the result on multiscale
expansion of invariant measures from [I0] gives an approximation of the invariant measure of a
Swift-Hohenberg SPDE in terms of the invariant measure of the Amplitude Equation. This can
be used for a result characterizing a P-bifurcation. For the definition and further details on this
bifurcation see [2].

For SPDESs close to but still below the deterministic bifurcation one can observe pattern formation
below criticality. Here the trivial solution is stable without adding noise, but using amplitude
equations one can show for the perturbed model that patterns are visible for long times. See
Section 3.2 of [13]. This is an indication that noise shifts the deterministic bifurcation point.
But let us point out that this is not captured by the finite time Lyapunov exponents, as we see



in case I.

Possible Extensions. We plan to treat in a future work SPDEs with quadratic nonlinearities,
such as Burger’s equation. We expect to generalize the results obtained here for such SPDEs.
However the order of the approximation result via amplitude equations will be slightly worse [12].
Moreover, we expect that multiplicative noise can be handled in the SPDE if the diffusion
coefficient in front of the noise is non-zero, i.e. o(u) # 0 for all u # 0. Then similar results
should hold around the bifurcation as presented here. If the diffusion coefficient is zero, then
multiplicative noise will appear in the amplitude equation, and the problem is wide open in
that case even for an SDE. Adding higher order terms to the cubic nonlinearity does not change
the amplitude equation, so similar results are expected in that case. Also, considering other
stable nonlinearities like quintic instead of cubic should only change the technical details of the
proof. Challenging is the case when a two or higher dimensional space changes stability at the
bifurcation, as we crucially rely on the properties of the one-dimensional amplitude equation,
when we use the random attractor of the SDE or Birkhoff’s ergodic theorem. Even for two
dimensional SDEs there is no result for FTLE available yet.

Structure of the manuscript. This work is structured as follows. In Section [2] we specify
the setting of the problem, state the necessary assumptions and collect important properties of
finite-time Lyapunov exponents. Section Blis devoted to the most simple case that we consider,
ie. v < 0. Here we trivially have stability, meaning that the finite-time Lyapunov exponents
around the singleton attractor are always negative with probability one. Section Ml discusses
finite-time Lyapunov exponents for the two types of amplitude equations that we obtain. These
results will be used later in the main Section [6] where we approximate the Lyapunov-exponents
of the SPDE (1)) with the ones of the amplitude equations. In Section [6l we derive error bounds
for the linearization of the SPDE and of the amplitude equations in several situations regarding
the bifurcation parameter v and the intensity of the noise o. The necessary approximation
result of the SPDE via amplitude equations near a change of stability is derived in Section [l
Finally, we provide in Section [ possible applications of our theory. These include the stochastic
Allen-Cahn, Swift-Hohenberg and a surface growth model.

2 Setting and Assumptions

We work in the following setting. We let H stand for a separable Hilbert space and consider the
SPDE

{du = [Au+vu+ F(u)] dt + odW; (2.1)

u(0) = ug € H.
We make the following standard assumptions on the coefficients.

Assumptions 2.1 (Differential operator A) The linear operator A generates a compact analytic
semigroup (etA)tZO on H. Moreover, it is symmetric and non-positive and has a one-dimensional
kernel which we denote by N. We define the orthogonal projection P. onto N, set Py = Id — P,



and obtain that H = '@ S, where S stands for the range of P;. The semigroup is exponentially
stable on Py’H which means that there exists p > 0 such that

HetAPSHL(H) <e ™ forallt>0.

We further define the spaces H* = D((1 — A)%) for @ > 0 endowed with the norm || - || =
|(1—A)* | and scalar product (u,v), = ((1 — A)%u, (1 — A)*v) and set H~* = (H*)* the dual
of H*. It is well-known that (etA)tZO is an analytic semigroup on H® for every o € R. Finally,
we have that N' C H* for all a > 0 since (1 — A)*N = N.

Under our assumptions we have for some constant C' > 0 depending on o > 0 that ||A“Psul| >
C||Psul| for all w € H, which we use frequently.

Assumptions 2.2 (Nonlinearity) We assume that there exists a Banach space X such that
H*C X CH

for o € (0,1/2) with continuous and dense embeddings. Moreover, the mapping F : X — X* C
H~“ is a stable cubic (i.e. trilinear) nonlinearity with

(F(u) = F(v),u —v) < —c|ju—v|%, foruveX. (2.2)

Let us remark that we can allow terms like C|ju — v||? on the r.h.s. of [Z2), but we can always
modify the linear term to remove these terms.
In Section [ we give several examples that will fit in our abstract setting like Allen-Cahn,
Swift-Hohenberg, and a surface growth model.

Assumptions 2.3 (Stochastic convolution) We assume that the stochastic convolution
t
Z(t) = / A=) aw,
0

is well-defined and has continuous trajectories in X.

Let us remark that for a trace-class Wiener W process on H, this assumption is automatically
satisfied, since Z € C([0,T]; H*) for a < 1/2 by the factorization method [25].

Remark 2.4 For F we have the following sign condition. For any positive § > 0 there is a
constant C' > 0 depending on ¢ such that for all u,z € X

(Flu+2),u) < —cllu+ zl|x + Cllu+ 2% |2l < =dllullx + Csllzll%- (2.3)
As F is trilinear we have that F is Fréchet-differentiable with
DF(u)[h] = F(u,u, h) + F(u, h,u) + F(h,u,u).

Moreover, for u,h € X we obtain due to ([Z3)

1 1
(DF (u)h, by = lim —(F(u + th) — F(u), h) < —lim — |[th[|* = 0. (2.4)
t—0 t t—0 ¢
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Definition 2.5 For the O-notation here we use moments uniformly in time in the space X.
This means that a process M is O(f) for a term f on an interval I in the space X, if for all
p > 1 there is a constant C,, > 0 such that Esup,c; |M(t)||5 < Cpf. For time independent
quantities we use the similar notation without the supremum in time. If the process M and the
bound f depends on some small quantity € > 0 we assume that the constant C, is independent
of € € (0,e0] for some g9 > 0.

Assumptions 2.6 For the stochastic convolution, we have for every small K > 0
P.Z=0(T%) and P.Z=PW =0O(T"? (2.5)
on any interval [0, 7p] in the space X.

Remark 2.7 These bounds are natural and can be checked in applications. See for example [13],
where the bound on P; is obtained by the factorization method [25]. We also remark that the
bound by T is often not optimal, but sufficient for our applications. A sharp bound should have
a logarithmic term [31].

2.1 Existence of solutions

For SPDEs of our type the existence and uniqueness of solutions is in many examples well known.
To verify this there are several options.
Firstly, by fixed-point arguments one shows the local existence of unique solutions in the space
X. One only needs some results on the semigroup acting on the space X, which follows from
our assumptions. In a similar way one can use the fact that F : HY — H ™% and establish local
well-posedness in ‘H®, but only if the stochastic convolution is in that space, too.
Alternatively, we can rely on the Galerkin method and the standard transformation w = u — Z
that solves the random PDE

Ow = Aw +vw+ F(w+ Z)

and we can proceed with classical pathwise existence result. See for example [33] [34].

This is based on (Z3) giving regularity in L*(0, 7T, X), together with the compact embedding of
X into #? and Aubin-Lions Lemma.

For initial conditions in ‘H and Z being a continuous stochastic process with values in X this
shows global existence of solutions such that

uw—7Z e L*0,T,HY*) nC°([0,T],H) N L*0,T, X)

which also implies some regularity of d;(u — Z) as A(u — Z) € L*(0,T,1'/?) and F(u) €
L*3(0,T, X*).

The pathwise uniqueness of solutions follows immediately from (22)). For the difference d =
u1 — uy of two solutions u; and uy satisfying

Ord = Ad + vd + F(u1) — F(u2)
we only need the differentiability of the H-norm to conclude

Oulld|* = (Ad + vd + F(u1) — F(uz),d) < v||d].



The differentiability of the norm follows, as we have
d=(uy — 2Z) — (uy — Z) € L*(0, T, HY*) N L>®(0, T, H)

by standard parabolic regularity together with d € L*(0,T, X) and F(u;) € L*3(0,T, X*).
With the arguments sketched above one can prove the following theorem, which we state without
proof.

Theorem 2.8 Let Assumptions[21, [22, be satisfied. Then for all initial conditions ug € H
there is a unique (up to global null sets) stochastic process u with continuous paths in H, which
is a weak solution of ([21I) and satisfies for all T >0

u—27 e L*0,T,H"*)nC°((0,T),H) N L*(0, T, X).

Next, we recall some basic facts about random dynamical system (RDS) without giving too many
technical details. Under our assumptions, we know due to standard results [22] 27| that the
solution operator of (II]) generates a RDS, which is a family of linear maps ¢ : Ry x Qx H — H
satisfying the cocycle property, i.e.

ot + s,w,up) = o(t, Osw, p(s,w,up) for all s,t € R.

Here Oiw(s) := w(t + s) —w(s) for w € 2 and t, s € R denotes the Wiener shift, where (2, F,P)
stands for the canonical probability space associated to the two-sided Wiener process (W (t));e(o,7]
and wy = Wi(w). Furthermore the random dynamical system ¢ has a random attractor |27 [30]
which is a singleton, i.e. there exists a random variable a : 2 — H such that

o(t,w,a(w)) = a(bw).
In this framework we denote the two-sided filtration on (Q, F) by F! := o(Wy, —W,,s < u,v < t)
for all s <t with 071 F! = FIAT.
2.2 Finite-time Lyapunov-exponents

Consider the RDS generated by the solutions u of ([2.I)). The linearization D, )¢ (t,w, uo(w)) =
Dy (yu(t, w, up(w)) of ([LI) around a solution u(t,w,ug(w)) with initial condition ug is defined
as the solution of the linear PDE called also the first variation equation, see [20)]

{dv = [Av 4+ vv + DF(u)v] dt (2.6)

v(0) = vp.
Remark 2.9 The Fréchet differentiablity of the cocycle follows regarding that v € L?(0,T; H/?)
due to [26, Lemma 4.4].

For ¢t > 0 we denote the random solution operator Uy, (t) : H — H such that v(t) = Uy, (t)vo,
where v is a solution of (2.6]) given the initial condition vy € H.



Remark 2.10 Note that for any solution uw € L*(0,7,X) we have F(u) € L*3(0,T,X*) C
LY 3(0,T,1~%). We can now use pathwise deterministic theory for linear PDEs. For example
Galerkin methods show that for given vy € H there is an (up to global null sets) unique stochastic
process v with continuous paths in H and v € L?(0,T;H/?) for all T > 0 that solves (2.

We define the finite-time Lyapunov exponent as in [20].

Definition 2.11 (Finite-time Lyapunov exponent). Let t > 0 be fized. We call a finite-time
Lyapunov exponent for a solution u of the SPDE with (random) initial condition ug

Me(uo) 1= Alt0,uo()) = 7 1n (10 (1)lro) (27)

From the definition it is clear that finite-time Lyaponov exponents measure local expansion
rates of nearby solutions. Negative finite-time Lyapunov exponents indicate attraction whereas
positive ones indicate that nearby solutions tend to separate on a finite time horizon.

Remark 2.12 We can compute ||Uy,||z(7) as follows

10uo @Dy = sup{[o@)|[/[[0(0)]] : v solves @.8) with v(0) # 0}
= sup{|lv(t)|]| : v solves (ZL) with |[v(0)|| = 1}.

Definition 2.13 (Asymptotic Lyapunov-exponent) The asymptotic Lyapunov exponent around
ug € H is defined as

o1
Auo) = lim —1n(|Uhy (1) o)

Remark 2.14 In contrast to (2.7), due to the ergodic theorem the limit in Definition T3] exists
and is deterministic (independent of w) with probability one. Here we need to rely on the
ergodicity of a stationary solution, which for instance holds if the random attractor is a single
point. Estimating this quantity for SPDEs is a highly challenging task, compare [28], [5].

3 Stability for negative v

This is the trivial case, which is well known in many examples. See for example [30)].

Lemma 3.1 The SPDE (1) has a global attractor which is a unique random fized point.

Proof. We only sketch the standard arguments, see [30] for further details. We consider the
difference of two solutions d = u; —us € L*(0, T} 7—[1/2) NL>(0,T;H) which satisfies the equation

Od = Ad + vd + F(uy) — F(ug).
Using standard energy estimates we obtain using the assumptions on A and ([2.2))

1
SOuld]l* = (Ad,d) + vl|d||* + (F(ur) = F(ua), w1 — uz)

< v|ld|* - cldll,



which implies that ||d(¢)|| < ||d(0)|[e® for all + > 0. Since v < 0 this means that all solutions
converge towards each other yielding the existence of a singleton attractor. O

As a consequence of the previous result we have that all finite time Lyapunov exponents are
negative.

Theorem 3.2 Let Assumptions 222123 hold true and let v < 0. Furthermore let u be a
solution of [2.1) in the sense of Theorem [Z.8 with random initial condition ug € H. Then for
all T > 0 we have with probability one

P(Ar(up) <v) =1.

Proof. The proof is similar to [20, Proposition 3.1 a)|. We consider a solution v of the
linearized problem (28] around a solution u of (ZI)) with random #-valued initial condition
up. Recalling that v € H'(0,T,H~/?) N L?(0,T,H'/?) N C(0,T,H) we obtain using (Z4) the
standard energy estimate

1
SOIvl1* = (Av,v) + vl|]|* + (DF (w)v,v) < vl

This implies that |v(t)| < ||v(0)|[e® for all £ > 0. Due to Remark 212 we have for any time
T>0

1
Ar(uo) = 7 In([|Uno (T) |22y < v

which finishes the proof. O

Remark 3.3 Note that the result is still true for v > 0 but there it only gives a positive upper
bound for the Lyapunov exponents, which is not relevant.
4 Lyapunov Exponents for Amplitude Equations

Here we summarize properties of the one-dimensional SDE given by the amplitude equation. Let
us first start with an important technical lemma about the projected nonlinearity.

Lemma 4.1 The nonlinearity
Fe(b) := P.F(b) forbeN
is always a stable cubic as a map on N ~ R.

Proof.  Obviously, since N is one-dimensional we get that AN/ = span{e} for a fixed e € N
with |le]| = 1. Note that e belongs to the kernel of A and thus e € H® for all @ > 0, meaning
that e € X, due to the embedding H* C X. Therefore, writing b = ¢ - e and using ([2.3) we get

(Fe(b),e) = € (Fele)se) -
——

<—cllel|5 <0
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Thus, if we identify A"~ R the cubic nonlinearity is always a stable cubic —C&3 for a positive
constant. Analogously we have for the derivative of F, using (2.3)

(DF.(be,e) = 362(DF.(e)e,e) <0

where equality only holds if b = 0. U

For the approximation via amplitude equations later, we assume that v > 0 and fix a small
quantity € > 0, where we always assume the upper bounds

v =0(?) and 0 = O(£?).

Using the nonlinearity F. and depending on the order of v and ¢ we obtain in Section [6lamplitude
equations of two different types. Mostly, we have

db = (b+ F.(b)) AT + (o /v) dﬁﬁ(T) (4.1)
and for v < o
db = F.(b) dT + dﬂ\/g(T), (4.2)

where 3. is an N-valued Brownian motion that is rescaled in time by v, i.e. 8,(T) = vB3(T/~¥%).
By standard theory [23], due to monotonicity, these SDEs have a random attractor {a(w)}weq
which is a single fixed point. Our aim is to analyze the finite-time Lyapunov exponents around
this random fixed point.

Remark 4.2 We know that El|a[/}, < oo for all p > 1, which means that a = O(1). More
precisely, using the Fokker-Planck equation one can show that the Markov semigroup associated
to (A1) has an invariant measure with density ( [2, p. 474])

1 2 1
ple) = e (5 (- 50)),

where N is a normalization constant. Analogously, the density for (£2) reads as

p(z) = %exp < - %x‘l).

Moreover using that {a(w)},eq is the random fixed point of (L)) respectively ([4.2]), we can infer
that a(frw) = O(1) for T € [0, Tp], see also the computations below.

We now provide results for the finite-time Lyapunov exponents of these SDEs around the random
attractor a(w).

Lemma 4.3 (Positive finite-time Lyapunov-exponent for ([@1l)) There exists a constant ¢ > 0
independent of the choice of the Brownian motion and a set Qg € FL_ with P(Qq) > ¢ > 0 such
that Ap(a(w)) > 1.

11



Proof. Recalling that a(w) is the random attractor of (1), we define
Ay ={weQ:aw) e (—nn)}eF,

where 1 := 2(%#%), with § > 0 to be chosen later and

n T
A i={weQ: sup B L,0)| <=} eF.
= wef: s B0l <3} e A

We know that P(A;) > 0 due to the fact that a(w) is distributed according to an invariant
measure which is supported on the real line. Furthermore, P(A3) > 0 since in our case € = /v,
so B (T) = efB(Te~2) is just a rescaled Brownian motion. We define Qg := A; N Ay € FI__.
Since Ay and As are independent, in order to give a uniform lower bound for the probability of
Qo, we can consider the set separately. First for Ay we apply Doob’s inequality for every p > 1,
which yields

(g, 01 2 )

for some constant Cj, > 0. For A; we can simply rely on the Fokker-Planck equation for the law
of a to get a uniform lower bound, recall Remark

Let us now turn to the lower bound on the Lyapunov exponent. Using the equation (€Il and
regarding that F. is a stable cubic, one can verify, similar to [21], that for w € €

la(frw)| < (1 + %)neT <6 for all T € [0, Tp).

This further implies that the finite-time Lyapunov exponent of (]l is positive with positive
probability, since for w € )y we have

1 T 1
Ar(a()) = 7 n ((exp (T + / DF,(a(0)) dt)) > 7.
0
choosing ¢ := % O
Now let us turn to the negative finite-time Lyapunov-exponent for ([£2)). Here we need a
quantitative result of Birkhoff type.

Lemma 4.4 For all probabilities p € (0,1) there exists a time T* > 0 and a set Q, with P(£,) >
1 —p, such that for all T > T* and w € €, it holds that

-3/T<0 1 ds > TEa(w)?
Toasw S_4aw.

We can apply this result in our setting since we will be interested in time scales of order between

1/y/v and 1/v.

Proof. We split the proof into the following steps.
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First step: Using Birkhoff’s ergodic theorem we obtain

T—o00

1T 2 2
lim — a(fsw)” ds = Ea(w)?,
0

which means that

1 [T
‘T/ a(Bsw)? ds — Ea(w)z‘ —0as T — oc.
0

This statement is not enough for our aims, since the quantity above can only be made arbitrarily
small for all 7' > T*(w), i.e. after a random time. But we need precise quantitative bounds on
the time scale and of course this shall not depend on w.

Second Step: We can show that for even integers k we have uniformly in T'
L, 2 K 2 211k
E‘T [a”(Osw) — Ea(w)?] ds| < El[a*(w) — Ea(w)?]|".
0

This follows using Holder’s inequality combined with the fact that the random attractor
{a(w)}weq is the unique stationary solution of ([Z). In particular this means that E|a(f.w)|?* =
E|a(w)|?* for all s € [0,T]. More precisely, Hoélder’s inequality gives us for £ € N

20

T T
2 2 2 2712¢ 201
E‘/O [a(fsw)” — Ea(w)?] ds| < /0 E|la(fsw)* — Ea(w)?]|** ds T

= T?E|[a(w)? — Ea(w)?]|%, s €[0,T7,
due to the stationarity of a. Dividing by 7% proves the statement.

Third Step: The convergence in Birkhoff’s ergodic theorem holds in LP for all p < k. The
previous moment bounds imply the uniform integrability of

1 T
Xr = —/ a(Bsw)? ds — Ba(w)?.
T Jo

We have thus for all C > 0
E|X7|P = Exqxp <o} XTI + Exq x>0y XTP-

The first term obviously converges to 0 by dominated convergence, the second term is bounded
by C*pEX%p using Cauchy-Schwarz and Chebychev’s inequality. Thus by the second step we
have a bound of order O(C~P) uniformly in 7. Hence, for all p > 1 we have E|X7|P — 0 for
T — o0.

13



Fourth step: In conclusion we obtain that for all 6 > 0 that
17T ) o =
P(‘? a(fsw)” ds — Ea(w) ‘ §5) —1 for T — oo.
0
For T > T*(p) and § := 3Ea(w)? we find a set Q, with measure larger than 1 — p, such that

—/ a(@ w) ds > —Ea(w)
T s = .
]

Lemma 4.5 (Negative finite-time Lyapunov-exponent for ([@2l)) The finite-time Lyapunov-
exponents around the attractor of ([A2) are negative with positive probability.

Proof. The linearization of (2] around the random atractor {a(w)}weq entails in this case
db = DF.(a) dt.
Due to (Z4) and Lemma (4] we obtain the existence of a time 7% > 0, of a set Qp« with

probability almost one and of a constant ¢ > 0 such that for all T > T™*

1 T
Ar(a(w)) = T In exp </0 DF.(a(6w) dt) <—c<0 forwe Qp-.

5 Approximation of the SPDE via Amplitude Equations

We recall here briefly the steps of the approximation of (LI via amplitude equations. Note that
we work in a slightly different setting than the results in the literature [10], 12} [13].
We consider ¥ > 0 and fix ¢ € (0, gg] for some g9 > 0 sufficiently small.

Assumptions 5.1 In our setting we make the following assumptions
v =0(e?) and 0 = O(?).
Recall that this does not exclude v or ¢ to be much smaller that 2.

Ansatz 5.2 The process b is an N-valued process and solves the amplitude equation
db = (ve2b + Fo(b)) AT + o 2dB.(T). (5.1)
Recall that B is a rescaled Brownian motion defined by 8.(T) = ¢B3(Te~?) where 8 = P.W.

In the following, given our £ > 0 we fix a time 7, = Tpe~2 and consider Tj as a constant.

Theorem 5.3 Let u be a solution of the SPDE [2.1) with initial condition ug = O(g) in H such
that Pyug = O(g%) in H. Further, let b be a solution of (B1)) with b(0) — e tug = O(e). Then

u—eb(e?) = O@E®™")  on[0,1.] in H for all small k> 0.

We split the proof into several steps in order to bound the error u—eb(e?.) = Psu+(P.u—eb(e?)).

14



1st step: If ug = O(g) in H, then we show that u = O(g) in H on [0,7;]. Using the standard
transformation @ := u — 0Z we obtain the partial differential equation with random coeflicients

ou=Au+v(a+oZ)+ Flu+oZ).

Note that 0Z = O(e) on [0,7;] due to ([23). Thus it is enough to bound 4. Due to ([23)) using
Young’s inequality we obtain the estimate

Sl < vt oZa) + (Fa+oZ).a)
< vlal? +volZ a) + Co(|Z||x — dllalx
< %(VH@HQ—5\\71\\%()+C(V02HZH2+U4HZH§()
< CO2+va?|Z|PP + ot Z]%) = O").

Here we used again that 0Z = O(e) on [0,7%], where T. = O(¢~2) and that v = O(g?). This
completes the proof of the first step. Additionally, we can also conclude that

1., . 1.
Soulal? = ~Zallallk + 0,

which gives the L*(0,7., X) bound on @
T 4 2
ol at = o), (5.2)

2nd step: If ug = O(¢) and Psug = O(e?) in H, then we show that Pyu = O(¢27%) in H on
[0,7.]. To this aim we use the splitting

u = P.u+ Psu:= u.+ us,

and define with Z; := P;Z. Again we use the standard transformation

Using that @ = u — ¢Z and taking the stable projection entails
Optis = Alig + V(s + 0Zs) + PsF(ue + 0Zs + ).

The Assumption 2] implies that the quadratic form of A on P,H is bounded from below by a
positive constant. Therefore we further obtain

[ _ _ _ -
SOl < —cllis | + vllas|® + v(is, 0 Zs) + (F(ue + 025 + 1), ).

Using ([23) together with the fact that eg is sufficiently small and thus v = O(g?) is small, we
derive the energy estimate

15



1,..,. c, - -

SOlasl? < =S llsll* + Cra? || Zs|* + Cllluell + o1 Zs %) = olls I (5.3)
for two universal constants ¢, C' > 0. Hence, via a Gronwall type estimate, for all ¢ < T,

T
H%®WSWM®W+CA e (w02 Z, 2 + ek + 01 Z61 ) ar.
We use that all norms are equivalent on N together with the bounds o = O(e?), v = O(?),
1 Zs||x = O(T*) and Psug = O(£?) to obtain
s> = O(") on [0, Tt].

Thus
lus|| < ||@s]| + o] Zs|| = O(€%) + O(€°~*) on [0, T¢]

which bounds the error on P.H.

3rd step: Bounds on Psu in X.
Note that from (B3] we also obtain

t t
5/0 s[5 dt < [las(0)]* + C/O W Zs|I* + lluellx + 11Zs]1%) dt

and thus .
Au@w&w:aﬁ
or

To
/ lis(e20) & dt = O(5).
0

4th step: The order of the amplitude equation is b = O(1) on [0,7y]. The proof is fairly
standard, compare [10, Lemma 4.3]. For completeness of presentation, we only sketch the main
ideas. Subtracting the scalar stochastic convolution

T
o(T) = o=~ / eI ap.(s),
0

we obtain the random ODE on the slow-time scale T" > 0

Orb=ve 2(b+42) + Fulb+ 2) + ve 2z,

where we set b := b— z. Now taking the inner product with b and using (Z4)) to bound the stable
cubic nonlinearity F., we obtain

SOTlBI? = (e (b4 2),8) + (Fulb + 2),B) + w22, B)
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< Kve 2||b|)? + Kve™?||z||> + (Fo(b + 2),b)
< Kve ?||b||* + Kve || 2||* + Cg]|2||* — o]b]|*
< Kve 2||b]|> + Kve *(1 + ||2]*)?,

for positive constants all denoted by K. Now, Gronwall’s inequality entails for 7" € [0, Tp]
7 2 “2KT\7, 2 2 g “2K(T 232
16(T)|I7 < e T p(0)]|” + Kve™ / /s KDL ||2(n)|?)? dr.
0
This proves the statement regarding that v = O(?).

5th step: We show that e ' P.u(e=2-) — b = O(¢?) on [0, Tp] for our fixed Ty. We recall that
due = (vue + F(ue + ug))dt + odW..

If we define the error
e:=b— 5_1uc(€_2-)

we obtain after a short calculation
Oue = Lo+ PF(b) = PF (e u(e2).
Taking the inner product with e we further get
SOl = 5 51l + (Fulb) = ol () ), (5.4
2 2 g2
We use with the short-hand notation u(¢) := ¢~1u(¢~2.) and expand the cubic (using that on N

all norms are equivalent) to derive

(Fe(b) — -7'—0(“(8)), e)
(Fe(b) = Fe(ul), ) + Cllell - (1wl 12w [ x + [0 [[1|ul]% + [[ul]%)
—dllell% + Cllell - (1l 12 ul |l x + [ [1ul]% + 11ul]%)

1
< —0llellx + Clu | + Ollul| k-

—

<
<

»

—

»

Thus from (&.4)
1 1v 1
Ollel® < S5 lell = Sdllelk + Cllul|1* + Cllui|%

and using a Gronwall type estimate we obtain for all 7' € [0, Tp] with constants depending on Tj
T
le(T)][* < Clle(0)[* + C/O ()1* + Cllu[I%) AT = O(e?).

Note that for u. due to the equivalence of norms, we can use the uniform bound in H, while for
us we needed the bound on the L*(0,7, X)-norm. This finishes the proof of the last step and
bounds the error on N. 0
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6 Proof of the main results for non-negative v

We split the result in three cases.

6.1 Casel>»>o~v>0

More precisely, we consider v € (0, 1] for some sufficiently small vy and that the quotient o /v
is bounded by positive constants from above and below.

In this case we observe with positive probability a finite-time Lyapunov exponent for the
SPDE (2I)). This means that we have instability shortly after the bifurcation. We recall that Qg
was defined in Lemma and depends explicitly on the choice of the Brownian motion and thus
on v. But the probability P(Qy) > ¢ > 0 is independent of the choice of the Brownian motion.

Theorem 6.1 Let {a(w)}y,eq be the random fized point of (A1) and Ap be the finite-time Lya-
punov exponent of the SPDE (2.1)) with initial data uy = ea(w). For all terminal times Ty > 0
and all probabilities p € (0,1) there is a set Q, with probability larger than p and a constant
Cp > 0 such that for w € Qp N2, we have that

A1 (ea(w)) > Y o

1 P for all T € (0,Tp).

Remark 6.2 This theorem gives a positive lower bound on the Lyapunov exponent with positive
probability for times between order 1/4/v and 1/v. We will see below that the lower bound on T
is mainly due to the uniform in time error estimate for the amplitude equation. We believe that
this is only a technical restriction that can be solved by improving the approximation result for
amplitude equations for smaller times, and we expect the finite time Lyapunov exponent to be
positive for all times up to order 1/v.

We split the proof of Theorem into several steps. The main ideas are the approximation
of the SPDE (Z1]) with the amplitude equation for €2 = v, Lemma and the control of the
approximation error. As we start the SPDE in the rescaled random attractor, we can apply these
results, as a = O(1) and thus ug = ca = O(e).

In this case the amplitude equation is given by

db = [b— F.(b)] AT + %dﬁﬁ(T).

Now we control the approximation error between the linearized SPDE and the linearized ODE.
To this aim we firstly introduce the slow scaling T' = te? and define U via

u(t) = U (te?).
Let v be the solution of the linearization of the SPDE around a solution «
0w = Av +vv + DF (u)v.
On the slow scale v(t) = eV (te?) we have (using that DF is quadratic)

orV = 2AV +V + DF(U)V.

18



Let ¢ be the solution of the linearization of the amplitude equation around the attractor

{a(w)}wen
ore = ¢+ DFc(a)p.

We only consider initial conditions V(0) = ¢(0) € A of order 1 independent of e.
The first crucial step is the following approximation result.

Theorem 6.3 For any probability p € (0,1) there is a set Q, with probability larger than p such
that the error between the linearization of the SPDE (I1l) with initial data ug = ea(w) and of
the amplitude equation ([EI) is bounded by Ce.

Proof. We show in several steps that the following error bound holds on the set of large
probability 2,

IVAT) = o(D)lln < [[PV(T) + PV(T) = o(T)|n < Ce, T € [0, . (6.1)
To this aim we first prove
IPV(T)|l3 = O(e)  and [PV || 201, 301/2) = O(7). (6.2)

We first consider V' and use standard energy-type estimates to obtain
1 _
FOrVI? = e AV, V) + [VI* + (DF(O)V, V) < [V,

where we used the non-negativity of A and ([2.4). As V(0) = O(1) this yields a uniform O(1)-
bound on V and thus P.V in H on [0, 7] (with constants depending on Tj).
We have (using the short-hand notation Vi := PV and V. := P.V)

1
SOTVall* =e"*(AV,, Vi) + Vi + (P.DF(U)V, V)
< — e | Vall3 sz + VA2 + (P DF UV, Va), (6.3)

where we used the spectral properties of A (Assumption ) and the sign condition on DF from

@3).

The crucial step is to estimate the nonlinear term. This we can bound as follows
(PDF(U)Ve, Vi) < CIUIXIVellx Vsllme < CEUNX Vel + e 2IVilFies

where we used e-Young’s inequality in the last step. Further, as shown above V is O(1) in H.
Therefore we obtain that V, is bounded in X since all norms are equivalent on N'. Consequently,
we only need a bound on fOT |U(9)]|% dS, which can be derived from the first step of the
approximation result, Theorem Namely, using

T:
/0 lu@)l at = O(2)

we obtain
To Te Te
/ IU(S)[1% dS = 2 / WUtk dt = &2 / lu(®)k dt=0(1).  (6.4)
0 0 0
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Thus we can conclude from (63) for two different universal constants ¢ > 0 and C' > 0 using
that [| - Iz < - [lgg/2

1 -~ _
SOTIVall? < == Vil 2 + Valliie + CEXUNKNVellk + ce7*[[Valee
< —ce V52, + CEUN IVl R (6.5)

Consequently, recalling that Vs(0) = 0 via a Gronwall type estimate we obtain for all T" € [0, Tp]
the inequality (with constants depending on Tj)

To
V(D)2 < C<2 / IU(S)]1k dS = O(e2),
0

which means that ||[Vs|l% = O(e), as claimed.
For the second statement in (6.2) we get from (6.5 that

_ 1
e Vallzp e < =500 |IVall* + CEX UK Vel

therefore by integration (recall V(0) = 0) we derive
7 2 ce? 2 2 [T 4 2
; Vs ()32 45 < === [IVs(T)II" + Ce ; 1T X IVe(S)Ix dS.

As |[Villu = O(e) and [° |U(S)||% dS = O(1) we obtain

IVall 20,15 20172y = O(?)-

We now focus on the bound for ||V, — ¢l|, which requires more work. We observe that V. — ¢
satisfies the equation

8T(Vc - (P) - Vc -y + (DfC(U)V - ch(a)¢)7
so we have to estimate
1
50r(IVe = o|* = IVe = @l* + (DFe(U)V — DFe(a)p, Ve — ). (6.6)
Here the crucial term contains the nonlinearity

<D-Fc(a)()0 - PCD’F(U)‘/? w — Vc>./\f = _<P0Df(U)%a Y — Pcv>/\/
+(DFc(a)p — P.DF(a)Ve, o — PV )N
+<PC[D]:(Q) - D]:(U)]Vm Y — PCV>N?
where the bound on P,V is needed in the space X, but here the integral bounds turn out to be

sufficient. We also rely on our O(1)-bounds on ¢ and V..
We begin with the first term above which entails

(P.DF(U)Vs, 0 — Voo < CIUIXIVsllx Nl = Vellwr
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< CUIEVsllggrzlle = Vel
< ClVallgre + UK Nl = Vel

In the last step we used again Young’s inequality.
The second term gives

(DFe(a)( = Vo), = Vel < Cllalille — Vellr-

For the last one we use that P.DF and DF, are the same on N, which can be seen by explicitly
using the cubic.

(Pe[DF(a) = DF(U)[Ve, = Vel < Clla = Ullx [Vellx [l = Vel
< Clla = Uel}IVellxlle = Vel + CIUs X IVellvlle = Vel
< Clla = UeliIVellir + ClNUNXIVelRe + el = Vel

Regarding (68) and putting all the estimates together we infer that (with universal constants
C,C >0)

1

S0rllVe — ol? < Ve =l + ClVsl302 + 11U Nl = Vel ke + lallZrlle — Vel
+Clla = UelNlIVellzr + ClUs I Vel X + Clle = Vellr
< Ve = @lR (C + U5 + llall) + ClIVil3/2 + Clla = Ul IVell X + ClIUs |5 NI VellXe
<T-|[Ve—gli +C-J,

where we set
I:'=C+|Ulx + llal} and J:= Vi3 + lla — UlA I VelZr + 105 N Vell3-

Using Gronwall’s inequality we get for T' € [0, Tp]
T

T
VeT) = (D) < V) = ¢O)IF + [ 1(8) asexp ([ 1(5) as).
We now investigate the order of J. First of all, since we start the SPDE in up = ca(w) we obtain
due to Theorem [b.3]
la(T) = Ue(T) I3 = e [lea — ue(e ™)l = O(e).

Again we use the fact that all norms are equivalent on A/. Further, similar to (6.4]) by using the
third step in Theorem (5.3 we know that with ug(t) = eUs(te?)

To 4 2 Iz 4 2
/0 \ULD)IY dT = e /0 lus()llY dt = ().

Due to the above results, we have pathwise bounds for fOT J(S) dS < Ce? on a set of probability
going to 1 for C' = oco. Moreover,

o ([ 1691 a5) =ew ([ @+ 101 + )1} as) <
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on a set of probability going to 1 for C' — co. Together with the previous bound this gives
another condition for the set 2,,.
In summary, this entails the following error bound on (2,

|o(T) = ViT)|]? < C<> for T € [0, Ty).
Putting all these deliberations together, proves the statement (6.II) on €, i.e.
IV(T) = oDl < Vel + [Ve(T) = o(T)|w < Ce, T € [0, To].

Here we have to add another condition to €, as ||Vy||% < Ce? uniformly in 7 with probability
going to 1 if C' — oc. O

Using this result we can proceed with the proof of Theorem We first recall the definition of
the FTLE

Ary-i(ea(w)) = %hl(sup{\lv(T/V)ll (O =13)
13/2
=~ Wup{[V(D)]| = VO ="}

_ %ln(sup{HV(T)H VO] = 13}).

Using (6.1)) for the finite-time Lyapunov exponents of the SPDE we have on Qg N, recalling

Lemma E3]
VD)l [o(D)| = [V(T) = (D) = le(T)|| — Ce

>
> exp{(1—36*)T} - Ce >0,

which is positive if gg is sufficiently small. Here we can choose § = % as in Lemma
To proceed we use a simple estimate for the logarithm. It is known that there exists a positive
constant ¢ > 0 such that In(1 —z) > —cx for 0 <z < % Therefore as ¢ < el¢ we have that

In(e? —¢) =n(eT(1 —ece ™)) =T +In(1 —ee 1) > T — Cee™T > T — Ce.

Thus we can conclude that on Q¢ N €2, we can bound

Ary-1(ea(w)) = %IH(SHP{HV(T)H VO =13)

> %IH(SUP{W(T)H —IV(T) = (D) - V()] =1})
> %IH(SUP{W(T)H —IV(T) = ()] = [[v(0)] = 1,V(0) = ¢(0) € N'})
> %1D(SUP{||80(T)|| —e: [V(0)[ =1,V(0) = ¢(0) € N'})
y T
> T In(exp{(T —i—/o DF.(a(fsw)) ds} — Ce)
> %ln(exp{(l — 36T} — Ce)

> v(1—38%—Ce/T),
and we finished the proof, as § = 1/2. O
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6.2 Casel>»v>oc>0

In this case the amplitude equation is given by
db = [b+ F.(b)] dT.

Here we consider the solution b = 0 of the amplitude equation and let u be the solution of SPDE
with ©(0) = ug = 0. Let us remark that this is not precisely the setting of the approximation
result of section [5, where the amplitude equation would contain a small noise term (o/v)df.
Here we simplify the proof by neglecting the small noise in the approximation. Thus we cannot
use the full Theorem B3 here, but can still rely on all the bounds provided for u, see Remark [6.5]
below.

As before, let V' be the solution of the linearized SPDE

orV =e 2AV +V + DF(U)V
and thus
OrVe =Ve+ P.DF(U)V = Ve + DF(U) (Ve + V).
The linearization of the amplitude equation around 0 reduces to
Or¢ = ¢+ DF.(0)e,
which gives

Ore = .

The main result in this case reads as follows.

Theorem 6.4 Let Ay be the finite-time Lyapunov exponent of the SPDE (2.1)) with initial data
ug = 0. For all probabilities p € (0,1) there is a set S, with probability larger than p and a
constant Cp, > 0 such that for w € Q, we have that

)‘TV—I(O) >V — Cp%

Proof. Analogously to the previous case we have on a set ), that
v
Ay=1(0) = 7 n(sup[lo(T/v)]| + [lo(0)]] = 1})

L3/2
=~ W(sup{[V(D)] V) =<'}

= ZI(sup{|[V(D)]| ¢ IVO)] =1})

> Zinsup{lp(0)] — [V(T) = o(D)] : [V(O)] = 1})

> Zinsup{lle(@)] = IV(T) = o)+ [o(0)] = 1,V (0) = p(0) € A'})
> Zhnup{lle(@)] == [VO)] = 1,V(0) = p(0) € A

> %ln(eXpT—a)
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In the previous computation we use similar to the first case that the error between the lineariza-
tion of the SPDE (L)) with initial data up = 0 and of the amplitude equation is of order O(e).
This follows by similar computations as in [6.1] which we shortly sketch for the convenience of
the reader. In contrast to (6.1]), the linerization of the amplitude equation changes, since we are
now interested in the case a(w) = 0.

Therefore we get

Oor(Ve —¢) =Ve =@+ DF(U)(V. + V5),
which further leads to

S0rlIVe = @l = Ve = @l + (DFU) (Vi + Va), Ve — )
= ||Ve = ¢l* + (DFe(U)Ve, Ve — ) + (DF(U)Vs, Ve = )
< Ve — gl + U I IVellalIVe = ol + cllU B IVallx Ve = el
< Ve = l12 + el I IVellwlIVe = llae + el el Vallgr 2 Ve — ol
< cllVe = P + UL NVelRe + ellVaI 2 + NUI& Ve — ol
< U+ [UIRIVe = @l + eI Vel + el Vil o
< cllVe— gl + e

where I := 1+ |U||% and J := ||U|%||Veldr + HVSH?}'[I/2 and ¢ stands for a universal constant
which varies from line to line. Again, Gronwall’s inequality on [0, Ty] entails

T T
V() = o)IP < (110~ )P+ [ () dS) wexp (e [ 1(5) as).
0 0

This gives |V.(T)—¢(T')|| < Ce on a set of probability arbitrarily close to 1 with constant depend-
ing probability. In contrast to Case 6.1l we need pathwise bounds on J of order €2 which hold on a
set of arbitrarily large probability since [|U|| 40,7, x) = O(1) and that [[Vy[| 2o 1 1/2) = O(£?).
The exponent fOT I(S) dS can be bounded by a constant on a set of large probability.

In conclusion we obtain on [0, 7] and on a set of probability arbitrarily close to 1

IV(T) = (D)l < [IVs(T)l3 + IVe(T) = (T3 < Ce.

Remark 6.5 Note that we do not rely on the approximation of the SPDE with the amplitude
equation, which was not even established in this case. We only control the error term between
the two linearizations. This is enough for our aims, since we start the SPDE and the amplitude
equation in zero, in contrast to the previous case, and the L*(0,7; X) bound on U established in
Theorem suffices. In particular this follows from (5.2)) and is independent of the amplitude
equation.
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6.3 Case: v=0,1>0>0
At the bifurcation point, we consider € = y/o. Here the amplitude equation is

db = P.F(b) dT + dp:(T).
Therefore, we get

Orp = DF.(a)p. (6.7)
The linearization of the SPDE (2Z]) reads now as
0w = Av + DF(u)v,

which means that setting v(t) = eV (te?) we obtain

orV = e 2AV + DF(U)V. (6.8)
As in the previous cases we compute the error term between the two linearizations.

Theorem 6.6 The approzimation order between the linearization of the SPDE ([G8) and of
the amplitude equation ([G.T) with initial data ug = ca(w) is bounded by Cpe on a set Q, with
probability larger than p.

Proof. Since the linear term containing v drops out, we compute new energy estimates. To
get a O(1) bound on V' we rely on the energy-estimate

SOrlVIP < AV, V) + (DFOWV, V),

which gives now due to (23))
1
SOrlVIP <AV, v) <o,
due to the non-negativity of A. As V(0) = O(1) this yields a uniform O(1) bound on V in H on
[0, T5]. Due to the O(1) bound on V in H we can also bound V. in A in any norm.
For V; we obtain as before that [|Vi(T)|l% = O(g) and that |[Vi|l 120z 21/2) = O(g?). This

follows by the usual energy estimate regarding Assumption 21 and (23] combined with the
e-Young inequality. To be more precise, the estimate is based on

1

SOr|IVal? = e7(AVa, Vi) + (P.DF(U)V, Vi)

—Ce?|Vall32 + CIUNX N Vellx Vil e

—Ce ?|Vall3ps2 + CE2NUNXNVell3 + Ce™ || Vil lage
—Ce™?|Villapse + C2 U5 NIVell X -

IN NN

For V. and ¢ we have

V. =DF.(U)WV and drp = DF.(a)p,
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leading to
aT(Vc - gp) = (‘D]:C(U) - D]:c(a))v + D]:c(a)(v - gp).

For the difference, we estimate as follows. Here ¢ is a universal constant which varies from line
to line.

Sorllve — ol

(DF.(U) ~ DF(a))V, Ve ~ ¢) + (DFa)(V ~ ), Ve~ ¢)

(DF.(U) = DFa))V, Ve = ¢) + (DFla)(Ve — ), Ve — ) + (DF()Vs, Ve — )
el = all3 IV llx + Vel Ve = ol + ellallZIVe = olZe + ellalldll Vi les IV =
ellUe — alli(1Vallse + IVelln)IVe = ellae + U B (Vallae + ellVellar) IV — ol
HlalIVe = @l + cllall Vel + Ve — i3

Uz = allillVe = @l + ellVallZpso + ellte = alliIVellze + ellVe = ¢l

ell Ul IV = el + el Ul NVellie + ellalZrIVe = el + ellallill VolZ o

VANVAN

IN

Thus
Or|[Ve — o> < ellIVe = ¢lii + ¢,
where
I=1+Uc = a3y + IUs]% + llal%
and

J = Vill3e + 10 = allplIVellR + U5 Vel + Nallpc Vil 2

Using Gronwall’s inequality as before we obtain

V) — D17 < (170~ )+ [ 9(5) as) -oxp (e [ 165) as).

Now we use again the O(1) bounds on V. and a and the O(e?)-bounds for ||U| 40,7, x) and
1Vsll2(0,13,201/2) together with Theorem B3] that yields

la(T) = Ue(T) | = £ lea — ue(e™) 3 = O(e).

In contrast to case we only need pathwise bounds on J and a of order one, which hold on a
set of probability arbitrarily close to 1. There is no need for a being small.

Moreover, a bound by a constant of the exponent fOT I(S) dS holds as before only on some set
of probability arbitrarily close to 1.

Thus we finally conclude ||V(T)—¢(T)||x < € for all T' € [0, Tp] on a set of probability arbitrarily
close to 1. O

Theorem 6.7 Let {a(w)}y,eq be the random fized point of ([L2) and Ap be the finite-time Lya-
punov exponent of the SPDE ([2Z1l) with initial data uwy = ea(w). For all probabilities p € (0,1)
there exists sets ), and Qp with probability larger than p and a constant C, > 0 such that for
we,n Qp we have that

cT

Ape-1(ca(w)) < —Cpe + &2 eT <—-¢<0.
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Proof. Similar to we infer
€
Are-i(ea(w)) = 7 (up{[[V(T)]| = VO =1})

< %lnsup({Hw(T)H HVT) =D = [IVO)l = 1})

IN

T
%ln(exp{/o DF.(a(fsw)) ds} + ¢).

The upper bound is clear as long as the attractor does not spend too much time in zero. To
exclude this possibility, we need a lower bound on the probability of a set 2, where

T
/ DF.(a(8sw)) ds > —cT.
0

This is provided in Lemma 4 Regarding this we easily derive on a set of large probability
2, N €, that

In(e ™" +¢) =In(e T (1 +eeT)) = —cT +In(1 + eeT) < —cT 4 e

This further leads to
ecT

T )
which proves the statement. ]

Ape-1(ga(w)) < —ce + €

6.4 Case: 1>o0c>v>0

This situation can be dealt with similar to Case using the amplitude equation
~ U~ ~
db = [;b + P.F(b)] AT + dp.(T), (6.9)

and its linearization y
orp = ;gb + DF.(a)p.

Since the difference between (6.9) and {2) is of order O(%), the following statement can be
obtained analogously to Case

Theorem 6.8 Let {a(w)}weq be the random fized point of (69) and Ar be the finite-time Lya-
punov exponent of the SPDE ([2Z1l) with initial data uy = ea(w). For all probabilities p € (0,1)
there exists sets ), and Qp with probability larger than p and a constant C, > 0 such that for
we N Qp we have that

Ape—1(ea(w)) < ( - Cp+ S)E + 5(5)266;5 < —¢<0.

g

Remark 6.9 For a fixed T the bound on the FTLE is negative with since o > v. Ase = /o
we obtain negative FTLE for times ¢ with (v/0)? < t < Ty/\/o.

27



Proof. We only give a sketch of the proof, since this is similar to Case Regarding the
computations in Case we infer on a set of probability almost 1 that

- v
IV(T) = 2D < Cy((e + 2)7).
This follows from the bound on J, which is now determined by
~ V2

a(T) = (D)l = 0( (e +5)?),

where a is the attractor of (€9). Note that in Case the order of J was in lowest order
determined by |[Vsl| 2(g 7:1/2) = O(€) and the other terms were higher order.

Therefore the lower bound for the FTLE for w € Q, N Q, (as in Case B3) results in

Are-1(ea(w)) = %hl(sup{llV(T)H IV = 1})

< %lnsup({Hw(T)H +IVAT) = (D) = [IVO)] = 1})

s (on {41+ [ DFaow) ash+o(2)).

IN

Utilizing our Birkhoff-Lemma [i.4] this entails for w € Q, N Qp that

v

2607;
T )

14

Mei(ea(w)) e —e+ =) +¢(2)

g

as claimed. 0

7 Examples

In this section we list a few well known examples of SPDEs that satisfy the assumptions made
in Section 2l The approximation via amplitude equations has been discussed for example in [10]
12| 13|, but either in a slightly different setting or with a different statement of the main error
estimate.

Combing this approach with finite-time Lyapunov exponents, our main results (Section[@]) provide
a partial bifurcation analysis for these SPDEs.

7.1 Allen-Cahn

This case is well studied including the properties of FTLE. See for example [22], 20].
To be more precise, we consider the stochastic Allen-Cahn equation with Dirichlet boundary
conditions on [0, 7] given by

(7.1)

{du = (A +Du+vu—u?) dt +o dW;
u(0) = up € H, u(0) = u(n) =0.
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The solution operator is an order-preserving random dynamical system on H := L?([0, ]) which
has a singleton attractor [22) 27]. However in [20] it was justified that a bifurcation can be de-
tected using finite-time Lyapunov exponents and the monotonicity induced by order preservation
was crucial in all these results. The statements obtained in Section [6] recover these results using
only the approximation via the amplitude equations (£1]) and ([.2]).

For the assumptions, it is well known that A = A + 1 generates an analytic semigroup in
H = L%([0,7]) that satisfies Assumption 2] with a one-dimensional kernel N spanned by the
sine. For the cubic nonlinearity F(u) = —u? we can directly check (ZZ) and thus Assumtion
using X = L*([0,7]). Moreover the regularity of the stochastic convolution Z is easy to establish
if W is sufficiently regular. For example, for space-time white noise one has that Z is jointly
continuous in ¢ and x.

7.2 Swift-Hohenberg

We consider the SPDE with Neumann boundary conditions on the interval [0, k7] for some integer

k > 1 given by

du = [—(1+ A)?u+ vu —u?®] dt + o dW; (72)
u(0) = up € H, u'(0) =/ (km). '

This equation is a toy model for the first convective instability in Rayleigh-Benard convection
and a well studied in pattern formation. See [24].

The differential operator A = —(1 + A)? as in the previous example generates an analytic
semigroup in H = L2([0,kx]) that satisfies Assumption 2] with a one-dimensional kernel N
spanned by the sine. The nonlinearity F is the same as in the previous example with X =
L*([0, kr]). Furthermore, the regularity of Z works in a similar way, and we can allow even noise
less regular than space-time white noise, as the differential operator is fourth order instead of
second.

For previous results on the approximation via amplitude equations for Swift-Hohenberg see [10]
or [II]. However, since this random dynamical system is not order-preserving, to our knowledge
there are no previous results on Lyapunov exponents, while we obtain a qualitative change in
the behaviour of FTLEs at v = 0.

7.3 Surface growth model

Our final example is a model from surface growth, which was originally proposed by [29],
dh = [~A%h — pAh + V - (VA|VA?)]|dt + cdW

subject to Neumann boundary conditions on [0, ] and in a moving frame fOL h(tx) dxz = 0. Here
the fluctuations are space-time white noise given by fluctuations in the deposited material, but
as the equation is posed in a moving frame, we need to remove the first Fourier mode from the
noise.

These type of equations are often studied with additional quadratic terms and periodic boundary
conditions. See [I] or for a general survey [3].
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Again, the linear operator generates an analytic semigroup in H = L%([0, L]) satisfying Assump-
tion 211 The nonlinearity F(h) = V- (Vh|Vh|?) satisfies Assumption 22 with X = WH4(]0, L]).
This follows by similar computations than for the plain cubic taking into account the derivatives.
For the regularity of Z it is well known that for space-time white noise the spatial derivative 9,72
is continuous in space and time.

This equation fits into the setting of amplitude equations with cubic nonlinearities and it was
briefly mentioned in [I6] where degenerate noise was studied.

Remark 7.1 Let us remark that this equation does not fit directly to our results. The change
of stability appears here at jg = 72/L? and we could fix 1 = pig+ v in order to apply our results.
But then we need a small modification of the approximation result, as we have vAh instead of
vu. The estimate via amplitude equations should hold with the same order of error in a similar
way. Nevertheless, some of the methods in the technical bounds in Step 2 do change, but we do
not give details here. The limiting SDE does not change and the final bounds on the FTLEs
remain the same.

Acknowledgements. The authors thank the two referees for the valuable comments.
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