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ABSTRACT
During elections in emerging democracies, communication behav-
ior can indicate the relative freedom of expression perceived by
individuals and organizations. Communication is critical for citi-
zens to stay informed and make sense of competing political visions,
platforms, and candidates. In Fall 2014, three years after the Arab
Spring uprising that originated in Tunisia and resulted in the over-
throw of long-time dictator Ben Ali, Tunisian citizens went to the
voting booth to elect members of parliament and the next presi-
dent. These were the first regular presidential elections since the
Tunisian Revolution of 2011 and the adoption of the Constitution in
January 2014, and the first free and fair presidential elections since
independence from French colonialism in 1956. To explore the level
of political tolerance and freedom of expression in this emerging
democracy, we examined the contents and metadata of tweets dur-
ing the election period. We used computational techniques (e.g.,
natural language processing, topic modeling, data visualization, and
social graphing) as well as manual inspection of tweets to identify
the main topics of political discussion and related social interaction.
Our findings show a lively and open expression of political opin-
ions, candidate positions, and policy issues appearing during the
period of the 2014 elections, suggesting an increasingly democratic
society in Tunisia.
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1 INTRODUCTION AND RELATEDWORK
Tunisia is the first country that initiated in December 2010 what
became known as the Arab Spring, a series of cascading popular
political movements that spread to Egypt, Libya, Bahrain, Yemen
and Syria [16, 23]. Protests and violent demonstrations originated
in the rural town of Sidi Bouzid on December 18, 2010, and spread
throughout Tunisia to its capital, Tunis, largely due to the partic-
ipation of young well-educated adults [22, 49], labor unions, and
satellite-distributed news and videos broadcast by the Qatar-based
Al-Jazeera Television Network [12, 18, 38].

For the most part, the Tunisian government-controlled media
did not cover the 2010-11 uprising. Under the authoritarianism
of the 23-year regime of President Ben-Ali, the mass media were
strictly censored, and political talk and discussion brutally repressed
[9, 40]. After 29 days of violent street protests, on January 14, 2011,
President Zine El Abidine Ben Ali resigned and went into exile in
Saudi Arabia, ending his 23-year regime. Following his departure,
press freedoms rose and the number and diversity of news outlets
for broadcast media, such as, television, radio and newspapers,
increased as did online news sources, as some previously blocked
or filtered websites opened up and new ones were created [21, 29].

Access to information and opportunities for political discussion
about political developments are critical, especially during times of
upheaval or crisis, such as revolution and post-revolutionary transi-
tions in government[1, 19, 43]. Political talk and discussion whether
formal or informal and online or offline are fundamental forms of
democratic participation [27, 39]. Discussion and interaction take
place not only face-to-face and over the telephone, but also online,
and increasingly via social media, such as Facebook, Twitter, blogs,
Instagram, YouTube and other user sharing applications.

Political talk depends on government tolerance, if not active
support, of a relatively free press (for reliable information) and
of freedom of expression among the populace (for discussion and
deliberation) [31]. Citizens’ free discussion of public issues is the
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defining criterion of a deliberative, democratic political system [27,
33]. The four interrelated components of deliberative democracy
are: news media use, political conversation, opinion formation and
political participation. Use of news media is associated with more
frequent political conversation; use of news media and political
conversation have positive effects on the quality of opinions (e.g.,
argument quality); news media use and political conversation affect
willingness to argue with opponents; and news media use and
political conversation are associated with participation, notably
with “campaigning” rather than “complaining” [27].

Political participation theory explains the various motivations
among different types of people and organizations to engage (or not)
in civic and political life [2, 13]. Keeping up with news, sharing in-
formation issues with others are all forms of political participation,
including online variations of these behaviors [10, 39]. For demo-
cratic participation, an informed citizenry is essential to opinion
formation and consensus building [33, 48].

Political discussion network theory seeks to explain political con-
versation and social interaction about politics and issues of interest
[35, 50]. Some people never or rarely discuss politics with anyone.
Other people only discuss politics with strong social ties, that is,
trusted members of their social network, such as, close friends and
family; some people also discuss politics with their weaker social
ties, such as acquaintances and friends of friends. Measures of po-
litical discussion include 1) frequency (e.g., never/rarely to several
times a day), 2) number and type of discussion network members
(e.g., no one or only immediate family to many), 3) heterogeneity of
discussion network members (e.g., level of similarity in world view
to the respondent, similarity in agreement on issues, and similarity
in extent of knowledge about issues or candidates).

The most active discussants about politics (and many other top-
ics) are opinion leaders – the extroverted, innovative risk-takers
that exist at all social strata and influence members of their social
networks by sharing their ideas and advice online and in person
[26]. They are also the most avid users of social media, especially
Twitter [41].

People who engage in public expression via social media, largely
tend to see themselves as opinion leaders, at least within their social
networks and often more widely [44], and to engage with news
media more generally [3]. They have been found to affect narratives
about political issues and the strategies of political institutions [11].
The wide use of social media has made it easier for the people who
only speak about politics with close friends and family to engage
more frequently in political talk online, especially via social network
platforms, such as Facebook [31]. Studies in the US have shown that
political expression leads people to participate politically further in
other forms, both online and in person, such as, campaigning for
an issue or candidate [17, 36, 37].

Political conversation is riskier in heterogeneous discussion net-
works because disagreement is more likely among diverse members
who may respond with disapproval, criticism, or confrontation [31].
Under authoritarian regimes, such as pre-2011 Tunisia, where cen-
sorship and repression were routine, political expression was much
more constrained and circumspect, since criticism of the govern-
ment or Islam was typically met with reprisal, arrest, or worse.

Freedom of expression is not only a democratic ideal, it is a
legally formalized right (or not) stipulated in resolutions and con-
stitutions [33]. In the US Constitution’s First Amendment, freedom
of expression is comprised of freedom of speech, the press, assem-
bly and petition. When citizens sense their government has low
tolerance for political discussion, they are naturally more likely to
refrain from speaking their minds [31, 40] which extends to on-
line “talk" as well (e.g., blogging, microblogging or tweeting, and
Facebook posts). Conversely, frequent and active political exchange
online suggests that participants sense there is adequate freedom of
expression for them to share and interact online without threat of
arrest or imprisonment [28, 30, 43, 46, 47]. Thus, social media posts
represent a canary in the mine; they are a reasonable indicator –
among others – of the level of political tolerance and freedom of
expression perceived by participants in an emerging democracy.

During post-revolutionary government transitions, such as the
2014 elections in Tunisia, different actors seek to influence discus-
sion, collective sense-making and public participation. The per-
ceived freedom of expression among participants is a key factor in
evaluating whether the emerging social and political tendencies are
moving toward more democratic or more authoritarian processes
[33].

Our research question is the following: Is post-revolutionary
Tunisia tending toward more democratic or more authoritarian
communication processes? We answer this question by investi-
gating evidence for political expression during the 2014 Tunisian
elections as portrayed in tweets.

To explore the level of political tolerance and freedom of expres-
sion in Tunisia three years after the 2011 revolution, we examined
the tweet contents and some of themetadata of tweets posted during
the 2014 parliamentary and presidential campaigns and elections.
We analyzed a collection of tweets we had created as part of a larger
set of collections on Tunisia and terms related to elections. We used
computational techniques, including natural language processing,
topic modeling, data visualization, and social graphing, as well as
manual inspection of tweets, to identify the main topics of tweets
and social interactions among users during the period of the 2014
elections in Tunisia: October through December 2014.

Studies of Twitter communication [8] show that re-tweeting and
@mentioning others’ tweets and accounts can constitute a conver-
sation among users. Smith and colleagues [42] further identified
multiple patterns of Twitter networks representing different types
of conversations based on the size and connectivity of clusters;
these include: polarized crowds, tight crowd, community clusters,
and broadcast networks. We use social graphing in this study to
determine whether there appears to be conversations in our Twitter
data, as well as the type of Twitter networks in our data about the
2014 Tunisian elections.

2 POLITICAL AND ECONOMIC CONTEXT
Tunisia is a small, upper middle-income country in North Africa
with a population of 11.3 million at the time of the 2014 elections.
It is a former French colony whose languages are predominantly
French and Arabic. Tunisia’s economy is highly dependent on for-
eign tourism. During the period of the revolution (2010-11) accord-
ing to World Bank indicators [25] adult literacy was fairly high at
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79 percent, rising to 81 percent by 2015. GDP per capita in 2011 US
dollars was 4,305, and fell slightly to 3,872 by 2015.

Total unemployment just before the uprising was about 13 per-
cent and rose to 18 percent a year later, with the loss of some foreign
investment and tourism after the uprising. Youth unemployment
(ages 15-24) as a percentage of total labor force was high (29 per-
cent in 2011 rising to 31 percent by 2015) and was especially high
for educated youth [16, 25]. The high unemployment rate of edu-
cated youth has been identified as one of the motivations for youth
participation in the revolution [22].

Before turning to our Methods, we briefly summarize the results
of the 2014 elections and the larger context of communication
behavior (especially, Internet and social media use) in Tunisia.

2.1 Parliamentary and Presidential Elections
Young, educated Tunisians were credited with being an important
influence in the uprising in 2011, along with their use of social
media, especially Facebook (FB) [34]. The relatively independent
Arab regional satellite TV broadcasting network, Al Jazeera, was
also credited with carrying timely and reliable information and
video footage of protests and demonstrations that rocked North
Africa at the time (most notably, Egypt, Libya and Tunisia) [12, 24,
30, 46]. These groups together with the labor unions were major
players in the uprising in 2011 [20, 49].

The 2014 elections were the first regular presidential elections
since the Tunisian Revolution of 2011 and the adoption of the new
Constitution in January 2014. Both local and international monitors
described the elections as“free and fair” with the secular parties
winning and the Islamist parties conceding the election peacefully
[4, 32].

The Parliamentary elections were held October 26, 2014. Presi-
dential elections were held November 23, 2014, followed by a second
round on December 21, 2014. In the parliamentary elections, the big
tent Nida Tunis (Tunis Calls) party (also sometimes appearing as
Nidaa Tounes), running on an explicitly more secular, anti-Islamist
platform, won a plurality, 85 of the 217 seats. This plurality in par-
liament gives it the right to name a prime minister and to lead a
coalition government.

The moderate Islamist Ennahda party (also written as al-Nahda),
which had previously dominated the parliament, came in second
with 69 seats [4, 32]. The Free Patriotic Union was a distant third
with 16 seats; Slim Rihai, millionaire football club owner and politi-
cal newcomer, heads the party. In fourth place was the left wing
coalition of parties known as the Popular Front; extremists assassi-
nated two of its members in 2013. The liberal Afek Tounes came in
fifth place with 8 seats. The remaining 24 seats were split among a
dozen small parties.

The Presidential elections went to a second round on December
21, 2014, in a run off between incumbent Moncef Marzouki, the
Nidaa Tounes party’s founding leader, and candidate Beji Caid
Essebsi, who won with 55.68 percent of the final vote [5].

2.2 Internet and Social Media Use
The Tunisian revolution in 2011 gave birth to greater press free-
doms and news outlets for broadcast media, such as, television,
radio and newspapers, as well as new online news sources, and

opened up access to some blocked or filtered websites, such as,
www.nawaat.org, YouTube.com and dailymotion.com [21, 29]. In-
ternet penetration in Tunisia at the time of the uprising (end of 2010,
early 2011) was estimated at 36.8 percent, rising to 43.8 percent in
2013 [25, 28]. Around the time of the 2014 elections reported here,
Internet penetration had risen to almost half (48.5 percent) of the
population [25].

In general, in the Arabworld, during the period between 2010 and
2015, the percentage of Facebook (FB) users that were young people
(aged 15-29) had been much higher than the percentage of total FB
users over the age of 15[34, 38, 45]. That is, as in some other parts of
the world, young people were the predominant users of Facebook.
Moreover, there has been a long-time youth bulge in Tunisia, as
in many other countries in the Middle East [14]. Thus, in Tunisia,
young people (15-29 years old) in 2014 made up 37.5 percent of the
total population over 15 years old, and the majority (77.7 percent)
of FB users [38]. During the elections, citizens predominantly used
the Internet, including social media, and especially Facebook, to
find information and to share what they found online with their
trusted network of family and friends.

As for gender and language, there were more male than female
FB users as a percentage of total FB users (58 percent male) in
Tunisia. Facebook penetration rose to 85 percent by 2015 from 33.9
percent in 2013 and a mere 17.6 percent in early 2011 at the time of
the uprising [34, 38]. The primary language is Arabic, followed by
French, with English a distant third.

Twitter penetration, by contrast, was low and remained steady
in Tunisia between early 2011 and late 2014 (0.34 percent) when
there were an estimated 35,746 users. The small increase in the
number of Twitter users (estimated in 2014 at 37,100) is offset by the
small increase in population, thereby keeping Twitter penetration
(number of users per 100) roughly the same for four years [38, 45].
While very few Tunisians used Twitter, the low penetration is offset
by the expectation that many Twitter accounts are held by opinion
leaders and other influential individuals whose impact on members
of their social circles is well-established as substantial.

We collected Twitter data rather than Facebook (FB) data because
relevant FB data (that of individual citizens) is typically in personal
accounts protected by passwords and thus inaccessible.

3 METHODS
We created a data set of tweets extracted from several larger tweet
data collections that we had generated starting in early 2011 and
since. Based on the resulting relevant tweets, we leveraged an unsu-
pervised topic modeling method to generate topics. We used several
computational techniques, including natural language processing
and topic modeling and visualization, as well as social graphing
based on retweets and @mentions.

Most of the tweets in our extracted three-month collection are
in English. In this paper we focus on the small proportion (about
11% or about 31,000 tweets) that are in Arabic, because this set of
tweets reflects a more internal conversation among Arab speakers.
As such, communication in Arabic would be a better indicator of
freedom of expression locally and in the region.
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3.1 Twitter Data Collection and Processing
We have been collecting Twitter data related to Tunisia in real time
since 2011, as part of a larger project [omitted]. We have been using
both YourTwapperKeeper (YTK) and Social Feed Manager (SFM) to
create and store the collections as part of a 22-node Hadoop cluster
at [omitted] university.

For this paper, we created a new dataset from four collections
related to Tunisia in order to obtain data related to the 2014 elec-
tions, as described below.
1) From a larger collection using the term ‘tunisia’ we extracted all
tweets during the period of the elections (October 1, 2014 through
December 31, 2014). This produced 307,000 tweets. Not all the
tweets during this period were about the elections, of course.
2) We extracted tweets from a larger collection on the term ‘elec-
tion’ that contained the term ‘tunisia’ in the tweet for the period of
the 2014 Tunisian elections; this produced 8,888 tweets.
3) At the outset of the election period, in early October 2014 we
created a separate collection using the hashtag #tunisianelections
through December 2014. This produced 1,153 tweets.
4) We extracted tweets from a larger collection on the hashtag #elec-
tion2014 that had the term ‘tunisia’ in the tweet, obtaining only
121 tweets.

We removed tweets sent by advertisers and similar spam ac-
counts. After cleaning, there were 310,598 tweets in our collection
sent by 99,411 Twitter accounts.

3.2 Topic Modeling and Data Visualization
Topic models are algorithms for identifying the primary terms
or themes in a large dataset or collection of documents. Topic
modeling algorithms are statistical methods to analyze words in a
large dataset and to discover connections among words, including
how they change over time [6, 7]. In our analyses, we divided the
topicmodeling process into three parts: natural language processing
(NLP), latent dirichlet allocation (LDA), and front-end visualization
(FEV).

In the first stage, we used NLTK, a widely used symbolic and
statistical NLP software program, to tokenize each tweet into terms.
In order to get higher quality data, we eliminate the following terms
that are unhelpful for topic modeling: 1) ‘stop words’ in English
and Arabic (e.g., prepositions, articles, and conjunctions), 2) short
URLs, 3) account names mentioned (e.g., @twitter), and 4) terms
that are fewer than 4 characters in length.

Then we used an open source software called Gensim to auto-
matically detect topics in the LDA stage. It is designed for plain
text mining and can be easily applied to our tweet scenario. By
configuring the parameters in Gensim, we are able to modify the
total number of topics, and the number of topics or words in each
document. We tested the topic modeling with four topics and with
six topics to evaluate a useful topic limitation.

In the final stage, we use LDAvis, a data visualization library to
explore, interpret and visualize LDA topic results. LDAvis maps the
topic similarity by calculating a semantic distance between topics.
For this study, we created a Jupyter notebook for LDA vis. Jupyter
is a web application for running live code, embedding visualizations
and explanatory text in one place.

We ran the topic modeling separately on the English versus the
Arabic tweets since these are likely to be domestic and regional
users versus international users. We also wanted to test whether
the topics were similar in both languages. Given our interest in the
domestic and regional Twitter users during the 2014 elections, we
focus in this paper on the Arabic topic modeling.

3.3 Social Graphing
A graph is a set of points (nodes or vertices, such as, user accounts)
connected by lines (also referred to as edges). Graph degree is the
number of connections between graph nodes [15]. We used NodeXL
software to create social graphs of our all user accounts (whether
English, Arabic or French) that are connected to each other by
retweets and/or @mentions. For the social graph visualization,
in order to improve sense-making, we removed tweets sent by
accounts that published fewer than 5 tweets; this left a total of
103,383 tweets included in these analyses. In our graph we show
the names of the user accounts with higher measures of interactions
(i.e., graph degree greater than 30). Accounts with lower measures
of interactions (i.e., graph degree less than 30) are shown as nodes,
but not labelled with the name of the account.

In order to get a sense of how much interaction and “informal
discussion" was evident among all our Twitter users, we calculated
the number of interactions (based on retweets and @mentions)
for the top most frequently used hashtags. To simplify the counts,
we combined some hashtags that are very similar, such as Tunisia
and tunisia, or TnElec and tunisianelections. We did not combine
hashtag counts that used the English spelling of “Tunisia" with the
French spelling “Tunisie" since these users may be distinct types
of users (i.e., English or French speakers). Given that French is the
main language in Tunisia after Arabic, tweets in French could have
been generated locally (or across the French speaking region known
as the Maghreb in North Africa). We provide the count of a given
hashtag, the number of users who shared that hashtag, the number
of interactions (retweets and @mentions) related to the hashtag,
and the number of unique accounts engaged in the interactions.

4 RESULTS
4.1 Topic Modeling and Data Visualization
For the topic modeling of our Arabic Twitter dataset, we found
that a limit of four topics gave us more recognizable, distinct topic
clusters than six or more topics limitation. Of the four distinct
topics, three are clearly about the 2014 elections. A fourth topic is
focused on soccer matches for the Africa Cup, which was underway
at that time.

Topic 1 (Figure 1):Wordsmost commonly used:Media, Reporting,
Elections, Tunisia, Marzouki (candidate name). This topic seems
to be largely about media reporting, such as, updates on status of
competitions among candidates; for example:
- Initial Indicators that “Essebsi” will win;
- “Essebsi” is leading with a score of 90%;
- Tentative Results for who is the winner in different cities (e.g.
Sfax).

Topic 2 (Figure 2): Words Used most commonly used: Elections,
Authority, Essebsi, Beji, Caid, Marzouki: This topic seems to be
largely about the candidates for Presidential elections in Tunisia
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Figure 1: Topic One in Arabic (Election Reporting)

2014, for example: the individual words, as follows:
- Essebsi, Beji, Caid: refers to Beji Caid Essebsi which is the name
of one of the candidates, specifically, the winner of the election for
president.
- Marzouki: refers to Mohamed Moncef Marzouki, former Tunisian
President (2011-2014), one of the two top candidates, who lost in
the second round of the presidential election.

Topic 3 (Figure 3): Words used: Al-Nahda, movement, elections,
presidential: This topic appears to be about the Islamic “Al-Nahda"
movement and political party; for example: Al-Nahda “Uprising"
referring to the Islamic party andmovement in Tunisia; “Movement”
referring to the Islamic “Al-Nahda” party and Islamic platform and
supporters in Tunisia.

Topic 4 (Figure 4): Words used: Football Matches, Following
(Matches), Watching (Matches), Qualifications for African Cup of
Nations. This topic is clearly distinct from the other three; it is
about the soccer matches, teams and countries in the African Cup
of Nations.

Our topic modeling of the English language tweets showed very
similar topics as those in Arabic. The main difference is in the fourth
topic. In Arabic tweets, the fourth topic is about the Africa Cup; in
English the fourth topic is about music and life generally.

4.2 Social Graphing
The social graph of retweets and @mentions (Figure 5) of all our
tweets for the three-month period of the elections shows two very

large clusters of interaction among accounts, with multiple smaller
clusters with fewer accounts. Most of the clusters show a lot of
connections across groups, as well. This is due to the retweet or
@mention of an account in a different cluster, albeit less often than
within each cluster.

In Figures 6 and 7 we focus on the two largest clusters, Group 1
and Group 2, respectively. The top accounts in these two groups,
ranked by degree, are further described in Table 1. The account
descriptions and interests are based on our manual inspection of top
ten accounts (by degree). For Group 1, the second column in Table
2 shows the description provided by the account owner (admittedly
abbreviated to fit the Table). The third column in Table 2 shows
the summary words we wrote to describe the typical topics of the
user’s tweets within our collection at the time of the 2014 elections.
The same sequence applies to the Group 2 portion of Table 1.

Many of the accounts in these two large groups are organiza-
tional and pertain to political information, themes or purposes. One
of the top Twitter accounts has been suspended (e.g., Khaffousa),
and another (mmc tunisia) is no longer available, although we do
not know why. A manual inspection of our archived tweets in the
Khaffousa account show many tweets related to politics and the
election; it is possible the account was suspended (possibly even
by Twitter) due to the use of some off-color words.

In Table 2 we show the top hashtags used during the election
period, and the number of interactions (based on retweets and
@mentions) around those hashtags. For example, the first hashtag
#Tunisia, was used 74,595 times during the three month period, by

449



dg.o 2019, June 18–20, 2019, Dubai, United Arab Emirates Andrea Kavanaugh, Ziqian Song, Liuqing Li, and Edward A. Fox

Figure 2: Topic two in Arabic (Candidates)

25,214 users. The number of retweets and @mentions with this
hashtag was 47,136 by 32,688 unique users.

5 DISCUSSION AND CONCLUSION
In this paper we show findings from our investigation of Twitter
content generated during the three-month period of the 2014 parlia-
mentary and presidential elections in Tunisia. We collected tweets
using several terms and hashtags related to Tunisia since the 2011
uprising and revolution. For the analyses reported in this paper,
we extracted all tweets from our larger collections on the term
“Tunisia" and “elections" within the time period October 1 through
December 31, 2014.

The main question of our study regards the presence or absence
of political expression during these elections in Tunisia, given the
competing political interests and sometimes violent conflict (e.g.,
political assassinations, street protest and clashes) in the aftermath
of the 2011 revolution that ended the 23-year dictatorial regime of
President Ben-Ali.

In this paper we focus on the proportion (about 11%) of our total
collection on the 2014 elections that are in Arabic, because this set of
tweets reflects a more internal conversation among Arab speakers.
The fact that there is active discussion not only in French or English,
but also in Arabic, further suggests that local participants perceived
it to be safe to express themselves within Tunisia and the region.
Prior studies [28] have argued that during the Arab Spring, tweets
in English suggested the author was seeking to communicate with
an international audience; many English language tweets were

observed early in the uprising period (2011-12) across multiple
countries. However, tweets in Arabic suggest more domestic and
regional audiences. The tweets we find in Arabic would therefore
indicate that these discussions were intended for fellow Tunisians
and regional neighbors.

Our topic modeling shows that three out out of four of the main
topics in Arabic in our data set pertain to the elections, indicating
interest in and freedom of expression about politics in Tunisia.
This suggests that there is a basic sense among users that they
can express their political opinions relatively freely and safely. It is
noteworthy that the topic modeling for the English language tweets
are similar to the Arabic (that is, they pertain to the elections).

Our social graph of accounts connected by retweets and @men-
tions produces two large clusters and multiple smaller clusters.
The two large clusters (Groups 1 and 2) are highly connected with
retweets and @mentions across the two groups, which suggests
that this is not a highly polarized pattern of conversation. Both
large groups are tweeting about politics at least occasionally and
retweeting and @mentioning others in their group and others
across groups. This suggests a lot of interaction and informal dis-
cussion or conversation on mainly political themes among users.
The number of interactions around most of the hashtags is fairly
high, and suggests that users were actively engaged in exchanges
on these political themes.

Our findings from the topic analysis and social graphs indicate
a relatively high level of free speech around the Tunisian elections
in 2014. Our results strengthen the argument that tweet data can
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Figure 3: Topic three in Arabic (Politics)

Table 1: Top 10 Accounts in Group1 and Group2 ranked by Graph Degree1

Group1 Account Description Interests Group2 Account Description Interests

EnnahdhaParty Official account of En-
nahdha Party

Politics FRANCE24 International News General News

mmc_tunisia Account Not Available General Life,
Occasional
Politics

HF_Tunisia Mining and Transport Co General News

Tunisia_Live Tunisian News Website Tunisia Elec-
tion, Politics

wheelertweets Libya, Tunisia, MENA, EU, USA,
World

Terrorism, Mili-
tary, Politics

Khaffousa Account Suspended Tunisia Politics,
Terrorism

TheEconomist News and analysis with a global per-
spective

Tunisia Politics

walidsa3d Technologist Tunisia News TEDxEuston Afican Ideas Sharing Tunisia News
NaveenaKottoor Redakteurin,

Chefredaktion, dpa
Tunisia Politics AlArabiya_Eng Al Arabiya network Tunisia Elec-

tion
ZiZiRiDeR69 Sex and Politics Tunisia Daily

Life
nytimes news, special reports, RTs of our

journalists
Concerns for
Tunisia

ImadMesdoua Political Analyst Tunisia Politics Annoula64 Peace, equity, justice for all Tunisia, Human
Rights, Extrem-
ists, Terrorists

yasmineryan NZ journalist Tunisia Elec-
tion

AodiFoad Founder, Association of Doctors of
Foreign Origin (AMSI)

Some Political
Commentary

tunisia_decrypt N/A Terrorism BBCWorld World News, features and analysis Tunisia News
1 The graph degree is calculated by the number of edges associated with the vertex
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Figure 4: Topic four in Arabic (Soccer)

Table 2: Top Hashtags and Interactions

Hashtag Frequency UserCount Interaction UserInteract

Tunisia1 74595 25214 47136 32688
TnElec2 13339 4490 7429 5747
Tunisie3 12534 2726 4856 3580
³Ø�Ù ÙªØ 12259 2425 3218 2746
TnPrez 4009 798 1644 1069
Tunis4 1980 930 889 1211

Ennahdha 1443 633 1167 711
AFCON2015 1191 871 930 984

Essebsi 1019 629 690 760
ArabSpring 635 494 487 644
democracy 598 507 512 658
Marzouki 566 384 416 493
Note: 1. Counts include #Tunisia, #tunisia and #TUNISIA; 2.

Counts include hashtags related to Tunisia elections: #TnElec,
#TunisiaVotes, #TnElec2014, #Tnelec, #tnelec and

#tunisianelections; 3. Counts include #Tunisie and #tunisie; 4.
Counts includde #Tunis and #tunis;

indicate relative freedom of expression in emerging democracies.
They also contribute to studies of communication behavior (i.e.,
social media use for informal political discussion and information
sharing) by citizens and organizations following revolution and
political crisis.
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