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ABSTRACT

Microfinance allows the integration of all sectors for the country’s
economic growth. Data duplicity, invalid data and the inability to
have reliable data for decision-making are generated without a
formal Governance. For this reason, Data Governance is the key
to enable an autonomous, productive and reliable work
environment for the use of these. Although Data Governance
models already exist, in most cases they don’t meet the
requirements of the sector, which has its own characteristics, such
as the volume exponential growth, data criticality, and regulatory
frameworks to which it is exposed. The purpose of this research is
to design a reference model for the microfinance organizations,
supported by an evaluation tool that provides a diagnosis with the
objective of implementing and improving the organization
processes regarding Data Governance. This model was
implemented based on the information of Peru’s microfinance
organizations, from which a 1.72 score was diagnosed, which is
encouraging for the organization, since it shows that it has defined
all its plans concerning Data Governance. Finally, after the
validation, it was concluded that the model serves as a medium to
identify the current status of these organizations to ensure the
success of the Data Governance initiatives.
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1. INTRODUCTION

Nowadays, microfinance are entities which provide financial
services to a population with limited resources, which have been
excluded from the traditional financial system. Organizations seek
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to obtain competitive advantages through the management of their
data, transforming them into clear and precise information [1], and
microfinance organizations are no exception. The more data
collected, the more likely organizations are to know the customer
and processes. For this reason, there is a need to implement a Data
governance model that meets the needs of the organization and
provides a clear data management in the business.

According to a Digital Universe study, only 1% of the global data
is analyzed and over 80% of the data is not protected [2]. In
addition, IBM studies show that one of the most affected sectors
by this gap of data governance is the financial sector, as the cost
of each record of lost or stolen data is USD 141, which translates
into a loss of USD 3.62 million per year [3]. Therefore,
organizations must be able to assess their data management and
have a clear management of data in business. However, only a few
of the companies perform an analysis prior to the implementation
of a Data Governance initiative. It is a problem, because the
company will not know what they should really do, but the big
question is how it is going to be done?, what methodology or
model is the most appropriate?, if it’s not implemented in a
correct way it will have consequences in a short time period [4].

The objective of this research is to demonstrate the advantages
and benefits of implementing Data Governance in an organization
of the microfinance sector, in order to guarantee the integrity,
availability and confidentiality of the data through a flexible
proposal. In this sense, the araised proposal is the development of
a Data Governance reference model for the microfinance
organizations, which serves as a tool to perform the
aforementioned evaluation. For this purpose, the proposal will be
designed based on the Lean methodology, which helps detect
activities that doesn’t generate value in an organization. Thereby
ensuring that all data in the organization meets the demands of the
business and ensures the initiatives of Data Governance.

This document is divided into five sections. Section 2 contains
information on the subject of research and review of the literature
related to the topic presented in this document. Section 3 covers
the developed proposal during the investigation period.
Alternatively, the result of the validation of a model applied in a
case study is found in Section 4. Finally, the conclusions of the
investigation and the conclusions of the application of the model
are presented in Section 5.

2. STATE OF THE ARTH

The Literature research was based on three approaches: models,
services and data governance policies. Although research were
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conducted in order to study the financial market environment. In
one of them, a CFO data governance structure practice was
performed in UniCredit Bank AG [5]. As a result of the case
study, the mission about data quality was incorporated into the
storage team as a key factor among processes and final users.

The 3 best-known Data Governance Models were analyzed, which
provide good practices for good control and use of the data. The
Data Governance Institute (DGI) [4] is the oldest and best known
source in the industry. Its use in companies has allowed data
strategists, business stakeholders and IT leaders to work together
to make decisions about how to manage data, obtain value,
minimize costs and complexity. However, the model is designed
to help large organizations that have more complex data or
compliance environments. Likewise, this model is developed by
several related items, such as programs, decision domain and
components, which require a significant effort to learn and use.
On the other hand, DAMA [6], which sees the Data Governance
as a continuous improvement, taking into account the distinctive
organizational and cultural problems. For this reason, this model
defines 11 knowledge areas in the DAMA-DMBOK2. In this
sense, this model requires the compliance of all its artifacts and is
designed for large companies. Finally, there is IBM [7] which
establishes 14 steps to implement Data Governance, of which ten
are mandatory and four optional, along with associated IBM
software tools and best practices to support an effective data
governance program. This Process needs to be measured, and the
results transmitted to the executive sponsors, on a regular basis.

In 2017, a research was initiated to demonstrate the advantages
and benefits of the ability to objectively measure and evaluate the
management performed in relation to the data of an organization
in the microfinance sector, so as to guarantee integrity, availability
and confidentiality of data through a flexible proposal [8]. In that
same year, another investigation was made, due to the need to
know the current technological and organizational situation that
the organizations handle in relation to Data Governance, which
will facilitate its implementation [9]. These investigations agree in
the needs of microfinance organizations regarding Data
Governance and highlight the importance of this topic, so they
require its implementation and a method to improve its use.
Especially in the microfinance sector to demonstrate and highlight
why it is necessary to implement Data Governance in this
scenario.

From 2012 onwards, some researchers reported about the
importance of implementing Data Governance, as well as a
research on this topic. The authors of these articles consider that
in order to encourage companies to implement Data Governance,
it is necessary to present successful stories in real companies [10]
[11]. Therefore, they show different cases in different areas, as
well as their benefits and drawbacks at the time of their
implementation, providing a series of conclusions and
recommendations about Data Governance in the studied sectors
[12]. On one side, a study that explores the current literature on
Data Governance and aims to offer a comprehensive analysis of
the activities involved in data management. On the other side,
they show the implementation of Data Governance Models under
different technologies and scenarios [13]. All the cases focus on
observing and highlighting, why the implementation of Data
Governance is necessary [14].
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Meanwhile, Data Governance policies in the financial sector
consist of good data management through the use of models or
good practices that contribute to better data management. In a
2009 research, a series of steps were defined, which will help the
financial organizations to achieve a good data governance
implementation [15]. With the purpose of showing that Data
Governance should be used in the financial organizations in order
to ensure definition, validity, consistency, quality, timeliness and
availability of data owned. This study shows that there are policies
that can affect the implementation of the Data Governance in the
regulators to which the sector is subject to.

3. CONTRIBUTION
3.1 Proposed model

Microfinance have peculiar characteristics that have a direct
impact on data management, based on the service provided to the
client, the regulatory requirements and the financial system to
which they are subject. There is a critical problem that
characterizes the data manipulated by these organizations, which
should be subject to what is indicated in the Law of Protection of
personal data and whose consideration is a domain "Standards and
compliance”. This domain is crucial given the context of the
DAMA model [10].

After the analysis, a model that allows the integration of the 5
domains is proposed, as shown in Figure 1, including the domain
of "Standards and compliance" that refers to the requirements and
norms to which companies in this sector are exposed. In this
sense, the proposed model offers the organization the possibility
of being evaluated in the microfinance sector in which it is
governed, which allows it to use it as a point of reference to know
its deficiencies with respect to the competition. In addition, this
model is flexible and is based on the Lean methodology.

3.1.1 Domains

3.1.1.1 Data governance scope

This domain focus on identifying norms, compliance
requirements, business rules related to data in the organization.
Meaning, to be clear about what you want to achieve with the
Data Governance program. As well as having the sponsorship of
the main IT and business representatives to implement Data
Governance, the way to obtain this sponsorship is to offer value in
business terms

3.1.1.2 Policies and responsibilities

This domain groups a gradual level of practices related to the
definition of policies and responsibilities for data governance in
the organization. For that matter, we start from a poor level of
practices which are characterized by the shortage of properly
established and documented functions, until reaching a structured
level of professionals forming a Data Governance Council in
charge of ensuring the data governance in the organization

3.1.1.3 Data governance organization structure

This domain consists of establishing a plan to govern an
organization’s operations in order to ensure the authority to act in
critical situations. Thus, the organizational structure is defined by
3 levels, strategic, tactical and operational level, as established by
IBM [7].
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Figure 1. Data Governance Reference Model under the Lean methodology

3.1.1.4 Data governance

This domain importance lies in the management of processes and
controls to guarantee data confidentiality, integrity and
availability. The data is active because it has a commercial,
tangible or intangible value.

3.1.1.5 Standars and compliance.

This domain highlights that every organization, regardless the
sector they are in, is exposed to regulatory requirements. Where,
some rules and guidelines indicate how the data should be
managed. Part of this domain role is to monitor and guarantee
regulatory compliance.

3.2 Assessment proccess

The proposed model offers the organization a possibility to be
evaluated, allowing them to use it as a reference point to know its
current status, through an Assessment as seen in Figure 2.

Figure 2. Assesment proccess

This assessment allows the interpretation and identification of the
results to establish a road map for the improvement of the

microfinance organization through the respective equations shown

in Figure 3.

Tk won
k

() Scorecriteria =

@) Scorepgmain =

ks

3)  Scoreppger = x
2

Ky
Ek1=1 ScoreCrireria

k2
E kz=1 Sco T€criteria

Legend:

w: Weight indicator of the impl. tati
n: Maturity level

k: Quantity of evaluators

k1: Quantity of domain criteria

k2: Quantity of model criteria

Figure 3. Score equation

Likewise, it was essential to consolidate these key areas,
components or ideas into a single concept called evaluation
criteria. As shown in Table 1.

Table 1. Evaluation Criteria Model

Domain

Criteria

Data Governance Scope

Data Strategy

Data Role and Responsibility

Policies and
Responsibilities

Policies, procedures and methodology

Data Governance
Organization Structure

Data committee Structure

Organization Culture

Data Governance

Data Definition

Data Inventory

Metadata

Data Acceptable Use & Property

Data Dictionary

Standards and
Compliance

Monitoring and Assessment

Internal & External Auditing
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3.3 Levels

The proposal regarding the model’s level is based on the Deming
Cycle, also known as the PDCA cycle. Each of these levels has
been adapted to the data governance context in microfinance
organizations. Table 2 shows the established levels of the model.

Table 2. Score Equivalences

Score Nivel
0> Score<=1 Plan
1> Score <=2 Do
2> Score <=3 Check
3> Score<=4 Act

4. VALIDATION

The validation process was implemented based on the following
steps.

4.1 Planning

While planning the validation process, we addressed some
fundamental aspects: validation scope, microfinance organizations
and the case study work team. Regarding the validation scope, 5
domains of the model were applied. On the other hand, according
to the case study, we worked with a microfinance company which
we named the XYZ Company, in order to protect their data. This
organization has 38 offices and is positioned as the fourth
institution with the highest participation in consumer loans with a
6.9% within the small-size companies and microenterprise
development entities, known as EDPYMESs in spanish. Finally, to
complete the planning stage, it was necessary to select
professionals with experience in the sector and data governance.

4.2 Model application and diagnosis

Once the planning stage is finished, the model application
involves that each member of the team performs a corresponding
evaluation in order to obtain the weighting of each criteria or
domain of the proposed model. The purpose is to have the five
perspectives and to be able to define an objective diagnosis for the
organization. The diagnosis definition stage arises from the
consolidation of the five evaluations in a single matrix allowing us
to distinguish on which level of the PDCA cycle it is found,
according to the domain. This consolidation is made based on the
corresponding formulas to detect scores, as shown in Figure 3,
that helped us notice that the level on which the organization is
currently on is 1.72, meaning it is in Level Do.
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E kz=1 s’:':'reCrirerm
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Scorepsder =

Scorepader =  1.72

Figure 4. Score Model Equation

4.3 Results analysis

In this stage we can identify the most relevant aspects, as well as
the domain with the best performance and what it represents (See
Figure 5). The biggest positive change compared to the general
score is the Policies and Responsibilities domain, reaching the
Level Check. On the other hand, the domain with the lowest score
is Standards and Compliance, this means that the organization
must focus on improving this aspect. Given these results, the
organization must establish an action plan to improve their Data
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Governance and the domains with a low level should have a high
priority in short-term management.

Data Govemnance Scope
4.00

Standars and Compliance

Data Govemance Organization
Structure

Data Govemance

Figure 5. Representation of the score per domain.

5. CONCLUSIONS

The model was applied in the XYZ microfinance organization,
where the 5 domains were evaluated. On that basis, a 1.72 score
was obtained, positioning it in a Level Do. This level is
encouraging for the organization, since it is considered that it has
already defined all its plans regarding Data Governance.
However, it is not considered a desired level because at this point
the continuous process performance improvement is not yet
sought, through incremental and innovative improvements in both
processes and data level which supports the organization.

In this paper, the existing models of Data Governance were
analyzed, identifying the best practices of each of them in order to
propose a Data Governance model for the microfinance
organizations, which includes 5 domains, 11 evaluation criterias,
and 4 levels of continuous improvement, which have been
addressed in the case study of the sector. Furthermore, the
application of the model allowed the microfinance organization to
evaluate its current status, in order to know its real management
state and, subsequently, being able to establish priorities to
manage an action plan regarding the diagnosis obtained.
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