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3. OPTIMIZING COGNITIVE RADIO 
NETWORKS BY A CENTRALIZED 
ALGORITHM 

L

3.1 A Rigorous Algorithm to Solve Exactly 
Optimum State of Cognitive Radio Networks 
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3.2 Computational Complexity 
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4. OPTIMIZING COGNITIVE RADIO 
NETWORKS BY A NEURAL NETWORK 
BASED DECENTRALIZED ALGORITHM 
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5. CONCLUSION 
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